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Preface

In the 1940s, two different views of the brain and the computer were equally important.
One was the analog technology and theory that had emerged before the war. The other was
the digital technology and theory that was to become the main paradigm of computation.!
The outcome of the contest between these two competing views derived from technological
and epistemological arguments. While digital technology was improving dramatically, the
technology of analog machines had already reached a significant level of development. In
particular, digital technology offered a more effective way to control the precision of cal-
culations. But the epistemological discussion was, at the time, equally relevant. For the
supporters of the analog computer, the digital model — which can only process informa-
tion transformed and coded in binary — wouldn’t be suitable to represent certain kinds
of continuous variation that help determine brain functions. With analog machines, on
the contrary, there would be few or no layers between natural objects and the work and
structure of computation (cf. [4, 1]). The 1942-52 Macy Conferences in cybernetics helped
to validate digital theory and logic as legitimate ways to think about the brain and the
machine [4]. In particular, those conferences helped made McCulloch-Pitts’ digital model
of the brain [3] a very influential paradigm. The descriptive strength of McCulloch-Pitts
model led von Neumann, among others, to seek identities between the brain and specific
kinds of electrical circuitry [1].

This was perhaps the first big event that brought together physicists and the (fathers
of) computation theory.

Physics and computation theory have interacted from the early days of computing.
After a joint start we witnessed the famous late 1950s divorce (fuelled by the hope of doing
machine-independent computation) only to realise in the 1980s that, ultimately, physics
laws permit computation. As a consequence the first important group of questions have
gravitated around the constraints (known) physical laws put on (realisable) computers and
computations. As a typical example we cite Lloyd’s paper [2].

Quantum computing, relativistic computing, and, more recently, wireless sensor net-
works (sensornets) are three examples of different types of computations which differ from
classical computation because of physical constraints. While the first two paradigms don’t
deserve any special introduction the third one does. Sensornets is a computing platform
that blends computation, sensing and communication with a physics environment (see [5]).
While classical complexity theory deals with time and space resources and their generalisa-
tions, sensornets have pointed to a new computational resource: energy. These ideas lead
to the urgent need of a theory of computational energy complexity, a subject some people
are already thinking about.

'For example, students at MIT could at that time learn about differential analysers and electronic
circuits for binary arithmetic [4].



Secondly, but not less important, is the flow of ideas coming from computability the-
ory to physics. Looking at physics with a guided computation/information eye we can
ask: What, if anything, do the theories of computation and information can say about
physics, what physical laws can be deduced using Wheeler’s dictum “it from bit”? Com-
putational physics has emerged, along with experiment and theory, as the third, new and
complementary, approach to discovery in physics.

There is a long tradition of workshops on “Physics and Computation” inaugurated by
the famous 1982 meeting whose proceedings have been published in a special issue of the
Int. J. Theor. Phys. Volume 21, Numbers 3-4, April (1982) which starts with Toffoli’s
programatic article “Physics and computation” (pp. 165-175).

In a first organisational act of re-inaugurating the series of workshops on “Physics and
Computation”, we decided to invite twenty eight reputable researchers from the border-
lines between computation theory and physics, but also from those sciences that interact
strongly with physics, such like chemistry (reaction-diffusion model of computation), biol-
ogy (physical-chemical driven organisms), and economic theory (macro-economic models),
covering as much as possible all active fields on the subject. Nineteen researchers answer
yes to our call and the pre-proceedings of this workshop is the product of their work. Our
second act will be to organise next year a second workshop with invited lectures and con-
tributed talks, now moving towards a more standard workshop or even a small conference.

The main fields covered by this event are (a) analog computation, (b) experimental
computation, (c¢) Church-Turing thesis, (d) general dynamical systems computation, (e)
general relativistic computation, (f) optical computation, (g) physarum computation, (h)
quantum computation, (i) reaction-diffusion computation, (j) undecidability results for
physics and economic theory.
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The organisers of this event are grateful for the highly appreciated work done by
the reviewers of the papers submitted to the workshop. These experts were: Samson
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Manuel Lameiras Campagnolo, S. Barry Cooper, Ben De Lacy Costello, Jean-Charles Del-
venne, Francisco Déria, Fernando Ferreira, Jérome Durand-Lose, Luis M. Gomes, Jerzy
Goérecki, Daniel Graca, Emmanuel Hainry, Andrew Hodges, Mark Hogarth, Bruno Loff,
Aono Masashi, Cris Moore, Jerzy Mycka, Istvan Németi, James M. Nyce, Kerry Ojakian,
Oron Shagrir, Andrea Sorbi, Mike Stannett, Karl Svozil, Cristof Teuscher, John V. Tucker,
Kumaraswamy Velupillai, Philip Welch, Damien Woods, Martin Ziegler, Jeffery Zucker.

We extend our thanks to all members of the local Conference Committee of the Confer-
ence UC’2008, particularly to Aneta Binder, Rudolf Freund (Chair of UC’2008), Franziska
Gusel, and Marion Oswald of the Vienna University of Technology for their invaluable
organisational work.



The venue for the conference was the Parkhotel Schonbrunn in immediate vicinity of
Schonbrunn Palace, which, together with its ancillary buildings and extensive park, is by
virtue of its long and colourful history one of the most important cultural monuments in
Austria. Vienna, located in the heart of central Europe, is an old city whose historical
role as the capital of a great empire and the residence of the Habsburgs is reflected in
its architectural monuments, its famous art collections and its rich cultural life, in which
music has always played an important part.

The workshop was partially supported by the Institute of Computer Languages of the
Vienna University of Technology, the Centre for Discrete Mathematics and Theoretical
Computer Science of the University of Auckland, the Kurt Gédel Society, and the OCG
(Austrian Computer Society); we extend to all our gratitude.

C. S. Calude, J. F. Costa
Auckland, NZ, Swansea, UK
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From reaction-diffusion to Physarum
computing

Andrew Adamatzky

University of the West of England Bristol BS16 1QY United Kingdom
andrew. adamatzkyQuuwe. ac.uk

Abstract

We experimentally demonstrate that computation of spanning trees and implemen-
tation of general purpose storage-modification machines can be executed by a veg-
etative state of the slime mold Physarum polycephalum. We advance theory and
practice of reaction-diffusion computing by studying a biological model of reaction-
diffusion encapsulated in a membrane.

Key words: reaction-diffusion computing, biological computing, spanning trees,
computational universality
PACS: 87.17.Ee, 87.18.Hf, 87.18.Pj, 89.20.Ff, 89.75.-k, 05.45.-a,

1 Introduction: deficiencies of reaction-diffusion computers

In reaction-diffusion computers [2,6], data is presented by an initial concen-
tration profile or a configuration of disturbance (e.g., sites of stimulation of
excitable media). The information is transfered by spreading wave patterns,
computation is implemented in collisions of wave-fronts, and final concen-
tration profile represents results of the computation. Reaction-diffusion com-
puters have been proved theoretically and experimentally capable for quite
sophisticated computational tasks, including image processing and computa-
tional geometry, logics and arithmetics, and robot control (see [6] for detailed
references, and overview of theoretical and experimental results). There is a
particular feature of reaction-diffusion chemical computers: their classical, and
so far commonly accepted form, the media are ‘fully conductive’ for chemi-
cal or excitation waves. Every point of a two- or three-dimensional medium
can be involved in the propagation of chemical waves and reactions between
diffusing chemical species. Once a reaction is initiated in a point, it spreads
all over the computing space by target and spiral waves. Such phenomena
of wave-propagation, analogues to one-to-all broadcasting in massive-parallel

Preprint submitted to Elsevier 9 July 2008



systems, are employed to solve problems ranging from the Voronoi diagram
construction to robot navigation [2,6]. We could not, however, quantize infor-
mation (e.g., assign logical values to certain waves) or implement one-to-one
transmission in fully reactive media.

The field of reaction-diffusion computing was started by Kuhnert, Agladze
and Krinsky [40,41], who, over twenty years ago, published their pioneering re-
sults on memory implementation and basic image processing in light-sensitive
excitable chemical systems. Their ideas were further developed by Rambidi
and colleagues [57,58]; and in Showalter and Yoshikawa’s laboratories, who
designed a range of chemical logical gates [71,42]. The computation of the
shortest path, one of the classical optimization problems, has also been im-
plemented in these laboratories using Belousov-Zhabotinsky media [66,12,6].
Untill quite recently, the only way to direct and quantize information in a
chemical medium was to geometrically constrain the medium. Thus, only re-
active or excitable channels are made, along which waves can travel. The waves
collide with other waves at the junctions between the channels and implement
certain logical gates in result of the collision (see an overview in Chapter 1
of [6]). Designs based on the geometrical constraining of the reaction-diffusion
media are somewhat restricted by the conventionality of their architectures.
This is because they simply re-enact standard computing architectures in non-
standard ‘conductive’ materials.

Using sub-excitable media may be a successful way to quantize information.
In sub-excitable media a local disturbance leads to the generation of mobile lo-
calization, where wave-fragments travel for a reasonably long distance without
changing its shape [61]. The presence of a wave-fragment in a given domain
of space signifies logical truth, the absence of the fragment logical falsity [5].
Despite being really promising candidates for collision-based computers [5],
sub-excitable media are highly sensitive to experimental conditions and com-
pact traveling wave-fragments are unstable and difficult to control.

In terms of well-established computing architectures, the following character-
istics can be attributed to reaction-diffusion computers:

e massive-parallelism: there are thousands of elementary processing units, or
microvolumes, in a standard Petri dish [6];

e local connections: microvolumes of a non-stirred chemical medium change
their states (due to diffusion and reaction) depending on states of (concen-
tration of reactants in) their closest neighbours;

e parallel input and output: in chemical reactions with indicators concen-
tration profiles of the reagents, one can allow for parallel optical output.
There is also a range of light-sensitive chemical reactions where data can be
inputted via local disturbances of illumination [6].

e fault-tolerance: being in liquid phase, chemical reaction-diffusion computers
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do restore their architecture even after substantial part of the medium is
removed, however, the topology and the dynamics of diffusive and, particu-
larly, phase waves (e.g., excitation waves in Belousov-Zhabotinsky system)
may be affected.

Reaction-diffusion computers — when implemented in chemical medium — are
much slower than silicon-based massively-parallel processors. When nano-scale
materials are employed, e.g., networks of single-electron circuits [6], reaction-
diffusion computers can however outperform even the most advanced silicon
analogues.

There still remains a range of problems where chemical reaction-diffusion pro-
cessors could not cope with without the external support from conventional
silicon-based computing devices. The shortest path computation is one of such
problems.

One can use excitable media to outline a set of all collision-free paths in a space
with obstacles [4], but to select and visualize the shortest path amongst all
possible paths, one needs to use an external cellular-automaton processor, or
conceptually supply the excitable chemical media with some kind of field of the
local pointers [4]. Experimental setups [66,12], which claim to directly compute
a shortest path in chemical media, are indeed employing external computing
resources to store time-lapsed snapshots of propagating wave-fronts and to
anylise the dynamics of the wave-front propagation. Such usage of external
resources dramatically reduces the fundamental values of the computing with
propagating patterns.

Graph-theoretical computations pose even more difficulties for spatially-extended
non-linear computers. For example, one can compute the Voronoi diagram of
a planar set, but can not invert this diagram [6]. Let us consider a spanning
tree, most graph famous of classical proximity graphs. Given a set of planar
points one wants to connect the points with edges, such that the resultant
graph has no cycles and there is a path between any two points of the set.
So far, no algorithms of spanning tree construction were experimentally im-
plemented in spatially extended non-linear systems. This is caused mainly by
uniformity of spreading wave-fronts, their inability to sharply select directions
toward locations of data points, and also because excitable systems usually do
not form stationary structures.

Essentially, to compute a spanning tree over a given planar set, a system
must first explore the date space, then cover the data points and physically
representing edges of the tree by the system’s structure. This is not possible
in excitable chemical systems because they are essentially memoryless, and no
stationary structure can be formed. Precipitating reaction-diffusion systems
are also uncapable of constructing the trees because not only they operate
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with uniformly expanding diffusive fronts, but the systems are incapable of
altering concentration profile of the precipitate once precipitation occurred.

To overcome these difficulties, we should allow reaction-diffusion computers
to be geometrically self-constrained while still capable to operate in geometri-
cally unconstrained (architectureless or ‘free’) space. Encapsulating reaction-
diffusion processes in membranes would a possible solution. The idea is ex-
plored in the present paper. Based on our previous results [7-9], we speculate
that vegetative state, or plasmodium, of Physarum polycephalum is a reaction-
diffusion system constrained by a membrane that capable for solving graph-
theoretical problems (not solvable by ‘classical’ reaction-diffusion computers)
and which is also computationally universal.

A brief introduction to computing with Physarum polycephalum is presented
in Sect. 2. Section 3 introduces our experimental findings on constructing
spanning trees of finite planar sets by plasmodium of Physarum polycephalum.
In Sect. 4 we demonstrate that plasmodium of Physarum polycephalum is
an ideal biological substrate for the implementation of Kolmogorov-Uspensky
machines [9]. Directions of further studies are outlined in Sect. 5.

2 Physarum computing

There is a real-world system which strongly resembles encapsulated reaction-
diffusion system. Physarum polycephalum is a single cell with many nuclei
which behave like amoeba. In its vegetative phase, called plasmodium, slime
mold actively searches for nutrients. When another source of food is located,
plasmodium forms a vein of protoplasm between previous and current food-
sources.

Why the plasmodium of Physarum is an analog of an excitable reaction-
diffusion system enclosed in a membrane? Growing and feeding plasmodium
exhibits characteristic rhytmic contractions with articulated sources. The con-
traction waves are associated with waves of potential change, and the waves
observed in plasmodium [43,44,77] are similar to the waves found in excitable
chemical systems, like Belousov-Zhabotinsky medium. The following wave
phenomena were discovered experimentally [77]: undisturbed propagation of
contraction wave inside the cell body, collision and annihilation of contraction
waves, splitting of the waves by inhomogeneity, and the formation of spiral
waves of contraction (see Fig. 6¢—f in [77]). These are closely matching dynam-
ics of pattern propagation in excitable reaction-diffusion chemical systems.

Yamada and colleagues [77] indicate a possibility for interaction between the
contraction force generating system with oscillating chemical reactions of cal-
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cium, ATP and associated pH [56,51,53]. Chemical oscillations can be seen as
primary oscillations — contraction waves are guided by chemical oscillation

waves — because chemical oscillations can be recorded in absence of contrac-
tions [46,52,54].

Nakagaki, Aono, Tsuda [15,16,73,49,50,74] and others have been exploring a
power of Physarum computing from 2000 [48]. They proved experimentally
that the plasmodium is a unique fruitful object to design various schemes
of non-classical computation [15,16,73], including Voronoi diagram [63] and
shortest path [49,50,63], and even design of robot controllers [74]. In present
we paper we focus on one specialized instance of Physarum computing —
approximation of spanning trees, and also implementation of a general purpose
storage-modification machine.

The scoping experiments were designed as follows. We either covered con-
tainer’s bottom with a piece of wet filter paper and placed a piece of living
plasmodium ! on it, or we just planted plasmodium on a bottom of a bare con-
tainer and fixed wet paper on the container’s cover to keep the humidity high.
Oat flakes were distributed in the container to supply nutrients and represent
set of nodes to be spanned by a tree (Sect. 3) or to represent data-nodes of
Physarum machine (Sect. 4). The containers were stored in the dark except
during periods of observation. To color oat flakes, where required, we used
SuperCook Food Colorings: ? blue (colors E133, E122), yellow (E102, E110,
E124), red (E110, E122), and green (E102, E142). The flakes were saturated
with the colorings, then dried.

3 Approximation of spanning trees

The spanning tree of a finite planar set is a connected, undirected, acyclic
planar graph, which vertices are points of the planar set; every point of the
given planar set is connected to the tree (but no cycles or loops are formed).
The tree is a minimal spanning tree where the sum of edges’ lengths is minimal.
Original algorithms for computing minimum spanning trees are described in
[39,55,26]. Hundreds if not thousands of papers were published in last 50 years,
mostly improving the original algorithms, or adapting them to multi-processor
computing systems [28,13,32].

Non-classical and nature-inspired computing models brought their own solu-

tions to the spanning tree problem. Spanning tree can be approximated by
random walks, electrical fields, and even social insects [72,23,2 3]. However

I Thanks to Dr. Soichiro Tsuda for providing me with P. polycephalum culture.
2 WWW.supercook.co.uk
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(a) (b)

Fig. 1. Approximating spanning tree by plasmodium: (a) photograph of living plas-
modium in a container, where oat flakes represent the nodes of the tree, (b) scheme
of the tree computed by plasmodium.

neither of these non-classical algorithms offer an experimental realization.

In 1991 we proposed an algorithm of computing the spanning tree of a finite
planar set based on the formation of a neurite tree in a development of a single
neuron [1]. Our idea was to place a neuroblast somewhere on the plane amongst
drops of chemical attractants, positions of which represent points of a given
planar set. Then, the neurite tree starts to grow and spans the given planar set
of chemo-attractants with acyclic graph of axonal and dendritic branches. Due
to lateral circumstances experimental implementation of the algorithm was not
possible at the time of its theoretical investigation [1]. Recent experimental
developments in foraging behaviour of P. Polycephalum [49,50,74,15,16,73]
convinced us that our original algorithm for morphological growing of spanning
trees can be implemented by living plasmodium.

When computing the spanning tree, the plasmodium acts as follows: once
placed in the container, where oat flakes represent given planar set to be
spanned by a tree, and recovered, the plasmodium starts to explore the sur-
rounding space. Numerous pseudopodia emerge, frequently branch and pro-
ceed. The plasmodium grows from its initial position by protoplasmic pseu-
dopodia detecting, by chemotaxis, relative locations of closest sources of nu-
trients. When another source of nutrients, element of the given planar set,
is reached, the relevant part of the plasmodium reshapes and shrinks to a
protoplasmic strand, or a tube. This tube connects the initial and the newly
acquired sites. This protoplasmic strand represents an edge of the computed
spanning tree. Planar points distributed in a Petri dish are usually spanned
by a protoplasmic vein tree in 1-3 days, depending on the diameter of the
planar set, substrate and other conditions. An example of a spanning tree
approximated by plasmodium is shown in Fig. 1.

The tree computed by plasmodium in our experiments [8] satisfactory match
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(b)
(c)
(@)

Fig. 2. Two scenarios of computing the spanning tree from the same planar data—
points: (a) and (b) show photographs of the living plasmodium spanning oat flakes,
which represent data nodes; (c¢) and (d) are schemes of the trees approximated. At
the beginning of both experiments, plasmodium was placed at the Southmost oat
flake.

trees computed by classical techniques, e.g., by Jaromezyk-Supowit method [33,67],
see [8]. Even when represented in simulation, the algorithm works pretty well
on large data sets [8].

We would like to refer those eager for details to our previous papers [8,7],
where the advantages of computing the spanning tree by pladmodium are
discussed. In the present paper we will mention two speculative points of the

approximation.

Plasmodium almost never computes the same (including exact location of
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(a)
(b)

Fig. 3. Particular results of spanning planar data points by plasmodium (from the
left to the right): first incomplete spanning tree is formed, then planar graph with
cycles, then complete spanning tree; plasmodium continues its development after the
tree is computed by transforming the tree again to a cyclic planar graph; (a) pho-
tographs of living plasmodium; (b) schemes of the graphs constructed.

protoplasmic edges) trees from the same data planar points. Not only the lo-
cations and configurations of the edges can be different, but also the topologies
of the trees. An example is provided in Fig. 2. In one experiment plasmodium
spans eastern and western data points while spreading North (Fig. 2ac), while
in another experiment plasmodium relocates to the northern part of the data
set and then spreads back South (Fig. 2bd).

Experimental results shown in Fig. 3 demonstrate that (1) tree can be con-
structed via other kinds of proximity graphs, or k-skeletons, and (2) plas-
modium never stops ‘computing’, at some stage a tree is built, but then it is
transformed to a planar graph with cycles. This experimental finding amaz-
ingly similar to how are spanning trees constructed on conventional comput-
ers — first a relative neighbourhood graph is computed, then some edges are
deleted, and thus the graph is transformed to a minimum spanning tree [33,67].

4 Universal Physarum machines

In the late 1940s and early 1950s, while developing his ideas on recursive func-
tions and recursively enumerable sets (which are fundamentals of algorithm
theory) [76], Kolmogorov [37,38] established a formalism for algorithmic pro-
cess realizable in physical time and space. He proposed that each state of an
algorithm process is comprised of a finite number of elements and connections
amongst them. Elements and connections belong to some types, and total
number of types are bounded. Each connection has a fixed number of ele-
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Kolmogorov machines (1953)

Knuths linking automata (1968)
Schénhage storage modification machines (1970th)

Tarjans reference machines (1977)
Random access machines

Fig. 4. Development of storage modification machines.

ments, and every element has a restricted number of connections. A restricted
number of connections means locality in a sense that graphs connectivity is
several orders less then the size of the graph. The state has a local active
zone (i.e., specified elements) and connections amongst the elements can be
updated dynamically. In computer science, Kolmogorov machine is treated
as a computational device whose storage can change its topology. Later Kol-
mogorov’s formalism was enriched by Uspensky, thus the name of the final
abstract computational device.

A Kolmogorov-Uspensky machine (KUM) [37,38] is defined on a colored /labeled
undirected graph with bounded degrees of nodes and bounded number of col-
ors/labels. As Uspenski poetically said an algorithmic process “...can be re-
garded as a finite first-order structure of a finite signature, the signature being
fixed for every particular algorithm”[76].

KUM operates, and modifies its storage as following: select an active node in
the storage graph. Specify local active zone, the node’s neighborhood. Modify
the active zone, i.e. add a new node with the pair of edges, then connect the
new node with the active node; delete a node with the pair of incident edges;
add or delete edges between the nodes.

A program for KUM specifies how to replace the neighborhood of an ac-
tive node with new neighborhood, depending on labels of edges connected
to the active node and labels of the nodes in the proximity of the active
node [19]. All previous and modern models of real-world computation are heirs
of KUM: Knuth’s linking automata [36], Tarjan’s Reference Machines [68],
Schonhage’s storage modification machines [59,60] (Fig. 4. When the restric-
tions on bounded in- and out-degrees of the machine’s storage graph are lifted,
the machine becomes Random Access Machine.

Functions computable on Turing machines (TM) are also computed on KUM,
and any sequential device are simulated by KUM [31]. KUM can simulate TM
in real time, but not vice versa [30]. KUM’s topology is much more flexible
than that of TM, and KUM is also stronger than any ‘tree-machine’ [65].
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In 1988 Gurevich [31], suggested that an edge of KUM is not only an in-
formational but also a physical entity and reflects the physical proximity of
the nodes (thus e.g. even in three-dimensional space number of neighbors of
each node is polynomially bounded). A TM formalizes computation as per-
formed by humans[75], whereas KUM formalizes computation as performed
by physical process [19].

What would be the best natural implementation of KUM? A potential can-
didate should be capable for growing, unfolding, graph-like storage structure,
dynamically manipulating nodes and edges, and should have a wide range of
functioning parameters. Vegetative stage, i.e., plasmodium, of a true slime
mold Physarum polycephalum satisfies all these requirements.

Physarum machine has two types of nodes: stationary nodes, presented by
sources of nutrients (oat flakes), and dynamic nodes, sites where two or more
protoplasmic veins originate. At the beginning of the computation, the sta-
tionary nodes are distributed in the computational space, and the plasmodium
is placed at one point of the space. Starting in the initial conditions, the plas-
modium exhibits foraging behavior, and occupies stationary nodes.

An edge of Physarum machine is a strand, or vein, of a protoplasm connecting
stationary and/or dynamic nodes. KUM machine is an undirected graph, i.e.,
if nodes = and y are connected, then they are connected by two edges (xy)
and (yx). In Physarum machine this is implemented by a single edge but with
periodically reversing flow of protoplasm [34,47].

Program and data are represented by a spatial configuration of stationary
nodes. Result of the computation over stationary data-node is presented by a
configuration of dynamical nodes and edges. The initial state of a Physarum
machine, includes part of input string (the part which represents position of
plasmodium relatively to stationary nodes), an empty output string, a current
instruction in the program, and a storage structure consists of one isolated
node. That is, the whole graph structure developed by plasmodium is the result
of its computation, “if S is a terminal state, then the connected component of
the initial vertex is considered to be the ‘solution”’ [38]. Physarum machine
halts when all data-nodes are utilized.

In KUM, a storage graph must have at least one active node. This is an in-
herent feature of Physarum machines. When the plasmodium resides on a
substrate with poor or no nutrients, then just one or few nodes generate ac-
tively spreading protoplasmic waves. In these cases, the protoplasm spreads
as mobile localizations similar to wave-fragments in sub-excitable Belousov-
Zhabotinsky media [61]. An example of a single active node, which has just
started to develop its active zone, is shown in Fig. 5. At every step of compu-
tation there is an active node and an active zone, usually nodes neighboring to
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() (d)

Fig. 5. Basic operations of Physarum machine: (a) a single active node generates
an active zone at the beginning of computation, (b) addressing of a green-coloured
data-node, (c¢) and (d) implementation of ADD NODE (nodes 3), ADD EDGE (edge
(5,4)), REMOVE EDGE (edge (route,4)) operations.

active node. The active zone has limited complexity, in a sense that all elements
of the zone are connected by some chain of edges to the initial node. In general,
the size of an active zone may vary depending on the computational task. In
Physarum machine an active node is a trigger of contraction/excitation waves,
which spread all over the plasmodium tree and cause pseudopodia to propa-
gate, change their shape, and even protoplasmic veins to annihilate. An active
zone is comprised of stationary or dynamic nodes connected to an active node
with veins of protoplasm.

KUM, in its original form, have a single control device [31,19]. Plasmodium
acts as a unit in a long-term, i.e., it can change position, or retract some
processes in one place to form new ones in another place. However, periodic
contractions of the protoplasm are usually initiated from a single source of
contraction waves [47,69]. The source of the waves can be interpreted as a
single control unit. In some cases we experimentally observed (Fig. 6) presence
of a single active zone in the growing plasmodium. However, during foraging
behavior, several branches or processes of plasmodium can act independently
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(b)

Fig. 6. Serial approximation of spanning tree by plasmodium: (a) snapshots of the
living plasmodium, from the left to the right, made with 6 hours intervals; (b) scheme
of the graph. The active zone at each step of computation is encircled.

and almost autonomously.

In contrast to Schonhage machine, KUM has bounded in- and out-degree of
the storage graph. Graphs developed by Physarum are predominantly planar
graphs. Moreover, if we put a piece of vein of protoplasm on top of another vein
of protoplasm, the veins fuse [62]. Usually, not more than three protoplasmic
strands join each other in one given point of space. Therefore we can assume
that the average degree of the storage graph in Physarum machines is slightly
higher then the degree of a spanning tree (average degree of 1.9 as reported
in [22]) but smaller than the average degree of a random planar graph (degree
4 [14)).

Every node of KUM must be uniquely addressable and nodes and edges
must be labeled [38]. There is no direct implementation of such addressing
in Physarum machine. With stationary nodes this can be implemented, for
example, by coloring the oat flakes. An example of such experimental imple-
mentation of a unique node addressing is shown in Fig. 5b.

A possible set of instructions for Physarum machine could be as follows: com-
mon instructions would include INPUT, OUTPUT, GO, HALT, and internal in-
structions: NEW, SET, IF [25]. At the present state of the experimental im-
plementation, we assume that INPUT is done via distribution of sources of
nutrients, while OUTPUT is recorded optically. The instruction SET causes
pointers redirection, and can be realized by a placing a fresh source of nutri-
ents in the experimental container, preferably on top of one of the old sources

20



of nutrients. When a new node is created, all pointers can be redirected from
the old node to the new node. Let us look at the experimental implementation
of the core instructions.

To add a stationary node b to node a’s neighborhood, the plasmodium must
propagate from a to b, and form a protoplasmic vein representing the edge (ab).
To form a dynamic node, propagating the pseudopodia must branch into two
or more pseudopodia, and the site of branching will represent the newly formed
node. We have also obtained experimental evidence that dynamic nodes can be
formed when a tip of growing pseudopodia collides with existing protoplasmic
strande. In some cases merging of protoplasmic veins occur.

To remove the stationary node from Physarum machine, the plasmodium
leaves the node. Annihilating protoplasmic strands, which form a dynamic
node at their intersection, remove the dynamic node from the storage struc-
ture of Physarum machine.

To add an edge to a neighborhood, an active node generates propagating
processes, which establish a protoplasm vein with one or more neighboring
nodes.

When a protoplasmic vein annihilates, e.g., depending on the global state
or when source of nutrients exhausted, the edge represented by the vein is
removed from Physarum machine (Fig. 5cd). The following sequence of opera-
tions is demonstrated in Fig. 5cd: node 3 is added to the structure by removing
edge (12) and forming two new edges (13) and (23).

Let us consider an example of a task solvable by Physarum machine. Given
nodes labeled RED, GREEN, BLUE, YELLOW, connect only GREEN, BLUE
and YELLOW nodes in a single chain. Physarum machine solves the task by
first exploring the whole data space, then connecting required nodes (Fig. 7).

A possible compromise between the original theoretical framework and the
partly parallel execution in experiments could be reached by proposing two
levels of ‘biological’ commands executed by Physarum machine’s elements.
There would have to be high-level commands, e.g. SEARCH FOR NUTRIENTS,
ESCAPE LIGHT, FORM SCLEROTIUM, FRUCTIFY, and low-level commands, e.g.,
FORM PROCESS, PROPAGATE IN DIRECTION OF, OCCUPY SOURCE OF NUTRI-
ENTS, RETRACT PROCESS, BRANCH. Global commands are executed by plas-
modium as a whole at once, i.e., in a given time step the plasmodium executes
only one high-level command. Local commands are executed by local parts of
the plasmodium. Two spatially distant sites can execute different low-level
commands at the same time.

One of the referees questioned what would be the implementation of the HALT
command. So far we do not have any. The plasmodium continues its developed
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Fig. 7. Implementation of a simple task of connecting coloured nodes by Physarum
machine: (a)—(g) shows a sequence of photographs of plasmodium (magnification
x10) placed in a small container in the centre of a rectangle, which corners repre-
sented by oat flakes that are coloured in yellow, green, red, and blue; the scheme of
the computation is shown in (h)—(n).

and colonizes spaces even when e.g. a spanning tree is completed. We can
however ’froze’ the computation by depriving plasmodium from water. In a low
humidity conditions the plasmodiums stops its foraging behaviour and forms a
sclerotium, a compact mass of hardened protoplasmic mass, see Fig. 8. Results
of the computation are not destroyed and remain detectable as ’empty/dead’
protoplasmic tubes. In the state of sclerotium the Physarum machine is ready
for further deployment.

22



Fig. 8. Computation in Physarum is canceled by lowering humidity. Dark-brown
coloured sclerotium is formed. You can also see empty and dead protoplasmic tubes,
which formed previously active proximity graph spanning food sources.

5 Discussions

Up to date, there were three types of reaction-diffusion computers with respect
to the geometry of reactor space and reaction wave propagation.

First, unconstrained reaction-diffusion computers: once locally perturbed tar-
get and spiral waves initiated, and they propagate everywhere. Computation
can be performed at any point of the space, where travelling waves interact
with each other. Such systems are massive parallel and successfully solve NP-
complete problems of computational geometry, e.g., plane tessellation (Voronoi
diagram), as well as robot guidance and navigation. The designs were also
implemented in large-scale integrated circuits and possible nano-scale imple-
mentation in networks of single-electron oscillators were studied, see overview
in [6]. The drawback of unconstrained reaction-diffusion computers is that
they can not complete graph optimization tasks, such as spanning tree or
shortest path, without help of external computing devices.

Second, geometrically constrained reaction-diffusion computers: the chemical
medium resides only in channels and logical circuits are made of the chan-
nels, where computation happens at junctions between two or more channels,
see e.g. [71,64,29,45]. The geometrically constrained systems can implement
Boolean and multiple-valued logical operations, as well as count and process
sequences of signals. There are two deficiencies: (1) geometrically constrained
reaction-diffusion computers are essentially only implementations of conven-
tional computing architectures with wires and logical switches in novel chem-
ical materials; and, (2) the intrinsic parallelism of the medium is not utilized

properly.
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Third, reaction constrained reaction-diffusion computers: travelling waves can
be initiated and then propagate anywhere in the reaction space. However due
to low reactivity of the system, no classical (e.g., target) waves are formed. This
is typical for sub-excitable Belousov-Zhabotinsky systems. Local perturbation
leads to formation of compact wave-fragments which can travel for reasonable
distance preserving its shape, see e.g. [61]. The system is an ideal implemen-
tation of collision-based computing schemes [5]. The deficiency of the system
is that travelling compact wave-fragment are very sensitive to conditions of
the medium, and therefore are cumbersome to control.

To overcome all these deficiencies of reaction-diffusion computers, we sug-
gested to encapsulate the reaction-diffusion systems in a membrane because
this seems to be a good combination of unconstrained physical space and
membrane-constrained geometry of propagating patterns?®. Also, a system
encapsulated in an elastic or contractable membrane would be capable of
reversible shape changing, a feature unavailable in reaction-diffusion chemi-
cal systems. We demonstrated that the vegetative state, the plasmodium, of
slime mold Physarum polycephalum, is an ideal biological medium for sug-
gested implementation. We have provided first experimental evidences that
plasmodium can compute spanning trees of finite planar sets and implement
Kolmogorov-Uspensky machines. Thus, Physarum computers can solve graph-
theoretic problems and are capable for universal computation.

Physarum computers will be particularly efficient in solving large-scale graph
and network (including telecommunication and road traffic networks) opti-
mization tasks, and can also be used as embedded controllers for non-silicon
(e.g., gel-based) reconfigurable robots and manipulators. They are reasonably
robust (they live on almost any non-aggressive substrate including plastic,
glass and metal foil, in a wide range of temperatures, they do not require
special substrates or sophisticated equipment for maintenance) and are pro-
grammable (plasmodium exhibits negative phototaxis, and can follow gradi-
ents of humidity and some chemo-attractants) spatially extended and, dis-
tributed, computing devices.

In contrast to ‘classical’ chemical reaction-diffusion computers [6], Physarym
machines can function on virtually any biologically non-agressive substrate,
include metal and glass. Moreover, the substrate does not have to be static.
For example, to implement Physarum machines with mobile data nodes, one
can use a container with water, place the plasmodium of Physarum on one
floating object, and the oat flakes (data) on several other floating objects.

3 Recently we have demonstrated in chemical and biological laboratory experi-
ments that plasmodoium of Physarun polycephalum behaves almost exactly the
same, apart of leaving a ’trace’, as excitation patterns in sub-excitable Belousov-
Zhabotinsky medium, see details in [10]. Thus plasmodium is also proved to be
capable for collision-based universal computation [5].
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(a) (b)

Fig. 9. A floating Physarum machine: (a) an active zone of Physarum machine
travelling on water surface, (b) a connection is formed between the active zone and
one of the data points.

Plasmodium will then explore the physical space, travelling on the surface of
the water, and eventually set up connections between data points (Fig. 9).
First steps towards Physarum robots are reported at [11].

Future research will concentrate on expanding the domain of graph-theoretic
tasks solvable by Physarum computers, developing programming language for
Physarum machines, design and experimental implementation of plasmodium-
based intelligent manipulators, and general purpose logical and arithmetical
circuits.

Acknowledgment

Many thanks to Dr. Christof Teuscher (Los Alamos Labs, US) for editing the
manuscript. I am grateful to Dr. Soichiro Tsuda (Southmapton Univ, UK)
for providing me with the culture of Physarum polycephalum and subsequent
fruitful discussions.

References

[1] Adamatzky A., Neural algorithm for constructing minimal spanning tree.
Neural Network World, 6 (1991) 335-339.

[2] Adamatzky A., Computing in non-linear media and automata collectives, IoP
Publishing, 2001, 401 pp.

25



[3] Adamatzky A. and Holland O. Reaction-diffusion and ant-based load balancing
of communication networks. Kybernetes 31 (2002) 667-681.

[4] Adamatzky A. and De Lacy Costello B.P.J., Collision-free path planning
in the Belousov-Zhabotinsky medium assisted by a cellular automaton.
Naturwissenschaften 89 (2002) 474-478.

[5] Adamatzky A. (Ed.) Collision-Based Computing, Springer, London, 2003.

[6] Adamatzky A., De Lacy Costello B., Asai T. Reaction-Diffusion Computers,
Elsevier, Amsterdam, 2005.

[7] Adamatzky A. Physarum machines: encapsulating reaction-diffusion to
compute spanning tree. Naturwisseschaften 94 (2007) 975-980.

[8] Adamatzky A. Growing spanning trees in plasmodium machines, Kybernetes:
The International Journal of Systems & Cybernetics 37 (2008) 258-264.

[9] Adamatzky A. Physarum machine: implementation of a Kolmogorov-Uspensky
machine on a biological substrate. Parallel Processing Letters 17 (2007) 455-467.

[10] Adamatzky A., De Lacy Costello B., Shirakawa T. Universal computation
with limited resources: Belousov-Zhabotinsky and Physarum computers. Int.
J. Bifurcation & Chaos (2008), in press.

} : . . .
[11] Adamatzky A., Towards Physarum robots: computing and manipulating on
water surface. arXiv:0804.2036v1 [cs.RO]

[12] Agladze K., Magome N., Aliev R., Yamaguchi T. and Yoshikawa K. Finding
the optimal path with the aid of chemical wave. Physica D 106 (1997) 247-254.

[13] Ahuja M. and Zhu Y. A distributed algorithm for minimum weight spanning
tree based on echo algorithms In: Proc. Int. Conf. Distr. Computing Syst., 1989,
2-8.

[14] Alber J., Dorn F., Niedermeier R., Experiments on Optimally Solving NP-
complete Problems on Planar Graphs, Manuscript (2001), http://www.ii.
uib.no/~frederic/ADNO1.ps

[15] Aono, M., and Gunji, Y.-P., Resolution of infinite-loop in hyperincursive and
nonlocal cellular automata: Introduction to slime mold computing. Computing
Anticiaptory Systems, AIP Conference Proceedings, 718 (2001) 177—187.

[16] Aono, M., and Gunji, Y.-P., Material implementation of hyper-incursive field
on slime mold computer. Computing Anticipatory Systems, AIP Conference
Proceedings, 718 (2004) 188-203.

[17] Bardzin’s J. M. On universality problems in theory of growing automata,
Doklady Akademii Nauk SSSR 157 (1964) 542-545.

[18] Barzdin’ J.M. and Kalnins J. A universal automaton with variable structure,
Automatic Control and Computing Sciences 8 (1974) 6-12.

26



[19] Blass A. and Gurevich Y. Algorithms: a quest for absolute definitions, Bull.
Europ. Assoc. TCS 81 (2003) 195-225.

[20] van Emde Boas, P. Space measures for storage modification machines.
Information Process. Lett. 30 (1989) 103-110.

[21] Calude C.S., Dinneen M.J., Paun G., Rozenberg G., Stepney S. Unconventional
Computation: 5th International Conference, Springer, 2006.

[22] Cartigny J., Ingelrest F., Simplot-Ryl D., Stojmenovic 1., Localized LMST and
RNG based minimum-energy broadcast protocols in ad hoc networks. Ad Hoc
Networks 3 (2005) 1-16.

[23] Chong F. Analog techniques for adaptive routing on interconnection networks
M.LT. Transit Note No. 14, 1993.

[24] Cloteaux B. and Rajan D. Some separation results between classes of pointer
algorithms, In DCF'S ’06: Proceedings of the Eighth Workshop on Descriptional
Complexity of Formal Systems. 2006, 232—-240.

[25] Dexter S., Doyle P. and Gurevich Yu. Gurevich abstract state machines and
Schonhage storage modification machines, J Universal Computer Science 3
(1997) 279-303.

[26] Dijkstra E.A. A note on two problems in connection with graphs Numer. Math.
1 (1959) 269-271.

[27] Gacs P. and Leving L. A. Casual nets or what is a deterministic computation,
STAN-CS-80-768, 1980.

[28] Gallager R.G., Humblet P.A. and Spira P.M. A distributed algorithm for
minimum-weight spanning tree ACM Tranbs. Programming Languages and
Systems 5 (1983) 66-77.

[29] Gérecki J., Yoshikawa K. and Igarashi Y., On chemical reactors that can count,
J. Phys. Chem., A 107 (2003) 1664-1669.

[30] Grigoriev D. Kolmogorov algorithms are stronger than Turing machines. Notes
of Scientific Seminars of LOMI 60 (1976) 29-37, in Russian. English translation
in J. Soviet Math. 14 (1980) 1445-1450.

[31] Gurevich Y., On Kolmogorov machines and related issues, in Bull. EATCS 35
(1988) 71-82.

[32] Huang S.—T. A fully pipelined minimum spanning tree constructor. J. Parall.
Distr. Computing 9 (1990) 55-62.

[33] Jaromczyk J.W. and Kowaluk M. A note on relative neighborhood graphs Proc.
3rd Ann. Symp. Computational Geometry, 1987, 233-241.

[34] Kamiya N. The protoplasmic flow in the myxomycete plasmodium as revealed
by a volumetric analysis, Protoplasma 39 (1950) 3.

27



[35] Kirkpatrick D.G. and Radke J.D. A framework for computational morphology.
In: Toussaint G. T., Ed., Computational Geometry (North-Holland, 1985) 217-
248.

[36] Knuth D. E. The Art of Computer Programming, Vol. 1: Fundamental
Algorithms, Addison-Wesley, Reading, Mass. 1968.

[37] Kolmogorov A. N., On the concept of algorithm, Uspekhi Mat. Nauk 8 (1953)
175-176.

[38] Kolmogorov A. N., Uspensky V. A. On the definition of an algorithm. Uspekhi
Mat. Nauk, 13 (1958) 3-28, in Russian. English translation: ASM Translations
21 (1963) 217-245.

[39] Kruskal J.B. On the shortest subtree of a graph and the traveling problem.
Proc. Amer. Math. Sec. 7 (1956) 48-50.

[40] Kuhnert L. A new photochemical memory device in a light sensitive active
medium. Nature 319 (1986) 393.

[41] Kuhnert L., Agladze K. L., Krinsky V. I. Image processing using light-sensitive
chemical waves. Nature 337 (1989) 244-247.

[42] Kusumi T., Yamaguchi T., Aliev R., Amemiya T., Ohmori T., Hashimoto H.
Yoshikawa K. Numerical study on time delay for chemical wave transmission
via an inactive gap. Chem. Phys. Lett. 271 (1997) 355-360.

[43] Matsumoto K., Ueda T., and Kobatake Y. Propagation of phase wave in relation
to tactic responses by the plasmodium of Physarum polycephalum. J. of Theor.
Biology 122 (1986) 339-345.

[44] Matsumoto K., Ueda T. and Kobatake Y. Reversal of thermotaxis with
oscillatory stimulation in the plasmodium of Physarum polycephalum, J. Theor.
Biology 131 (1988) 175-182.

[45] Motoike I., Adamatzky A. Three-valued logic gates in reaction-diffusion
excitable media. Chaos, Solitons & Fractals 24 (2005) 107-114.

[46] Nakagaki T., Yamada H., Ito M., Reaction-diffusion advection model for pattern
formation of rhythmic contraction in a giant amoeboid cell of the Physarum
plasmodium. J. Theor. Biol. 197 (1999) 497-506.

akagakia 1., Yamada H., Ueda 'I. Interaction between cell shape an

47| Nakagakia T., Yamada H., Ueda T. I ion b 11 sh d
contraction pattern in the Physarum plasmodium, Biophysical Chemistry 84
(2000) 195-204.

[48] Nakagaki T., Yamada H., and Toth A., Maze-solving by an amoeboid organism.
Nature 407 (2000) 470-470.

[49] Nakagaki T., Smart behavior of true slime mold in a labyrinth. Research in
Microbiology 152 (2001) 767-770.

[50] Nakagaki T., Yamada H., and Toth A., Path finding by tube morphogenesis in
an amoeboid organism. Biophysical Chemistry 92 (2001) 47-52.

28



[61] Nakamura S., Yoshimoto Y., Kamiya N. Oscillation in surface pH of the
Physarum plasmodium. Proc. Jpn. Acad. 58 (1982) 270-273.

[52] Nakamura S. and Kamiya N. Regional difference in oscillatory characteristics of
Physarum plasmodium as revealed by surface pH. Cell Struct. Funct. 10 (1985)
173-176.

[53] Ogihara S. Calcium and ATP regulation of the oscillatory torsional movement
in a triton model of Physarum plasmodial strands. Exp. Cell Res. 138 (1982)
377-384.

[54] Oster G. F. and Odel G. M. Mechanics of cytogels I: oscillations in Physarum.
Cell Motil. 4 (1984) 469-503.

[55] Prim R.C. Shortest connection networks and some generalizations Bell Syst.
Tech. J. 36 (1957) 1389-1401.

[56] Ridgway E. B., Durham A.C.H. Oscillations of calcium ion concentration in
Physarum plasmodia, Protoplasma 100 (1976) 167-177.

[57] Rambidi N. G. Neural network devices based on reaction-duffusion media: an
approach to artificial retina. Supramolecular Science 5 (1998) 765-767.

[58] Rambidi N.G., Shamayaev K. R., Peshkov G. Yu. Image processing using light-
sensitive chemical waves. Phys. Lett. A 298 (2002) 375-382.

[59] Schonhage A. Real-time simulation of multi-dimensional Turing machines by
storage modification machines, Project MAC Technical Memorandum 37, MIT
(1973).

[60] Schonhage, A. Storage modification machines. STAM J. Comp. 9 (1980) 490
508.

[61] Sedina-Nadal I, Mihaliuk E, Wang J, Perez-Munuzuri V, Showalter K. Wave
propagation in subexcitable media with periodically modulated excitability.
Phys Rev Lett 86 (2001) 1646-9.

[62] Shirakawa T. Private communication, Feb 2007.

[63] Shirakawa T. And Gunji Y. -P. Computation of Voronoi diagram and
collision-free path using the Plasmodium of Physarum polycephalum. Int. J.
Unconventional Computing (2008), in press.

[64] Sielewiesiuk J. and Goérecki J., Logical Functions of a Cross Junction of
Excitable Chemical Media, J. Phys. Chem., A105, 8189 (2001).

[65] Shvachko K.V. Different modifications of pointer machines and their
computational power. In: Proc. Symp. Mathematical Foundations of Computer
Science MFCS. Lect. Notec Comput. Sci. 520 (1991) 426-435.

[66] Steinbock O., Toth A., Showalter K. Navigating complex labyrinths: optimal
paths from chemical waves. Science 267 (1995) 868-871.

29



[67] Supowit K.J. The relative neighbourhood graph, with application to minimum
spanning tree. J. ACM 3 (1988) 428-448.

[68] Tarjan R. E. Reference machines require non-linear time to maintain disjoint
sets, STAN-CS-77-603, March 1977.

[69] Tero A., Kobayashi R., Nakagaki T. A coupled-oscillator model with a
conservation law for the rhythmic amoeboid movements of plasmodial slime
molds. Physica D 205 (2005) 125-135.

[70] Tirosh R., Oplatka A., Chet I. Motility in a “cell sap” of the slime mold
Physarum Polycephalum, FEBS Letters 34 (1973) 40-42.

[71] T6th A., Showalter K. Logic gates in excitable media. J. Chem. Phys. 103 (1995)
2058-2066.

[72] Lyons R. and Peres Y. Probability on Trees and Networks, 1997. http://
mypage.iu.edu/~rdlyons/prbtree/prbtree.html

[73] Tsuda, S., Aono, M., and Gunji, Y.-P., Robust and emergent Physarum-
computing. BioSystems 73 (2004) 45-55.

[74] Tsuda, S., Zauner, K. P. and Gunji, Y. P., Robot control: From silicon circuitry
to cells, In: Ijspeert, A. J., Masuzawa, T. and Kusumoto, S., Eds. Biologically
Inspired Approaches to Advanced Information Technology, Springer, 2006, 20—
32.

[75] Turing A., On computable numbers, with an application to the
Entscheidungsproblem, Proc. London Mathematical Society, 42 (1936) 230-265.

[76] Uspensky V.A. Kolmogorov and mathematical logic, The Journal of Symbolic
Logic 57 (1992) 385-412.

[77] Yamada H., Nakagaki T., Baker R.E., Maini P.K. Dispersion relation in
oscillatory reaction-diffusion systems with self-consistent flow in true slime
mold. J. Math. Biol. 54 (2007) 745-760.

30



Computations via Newtonian and relativistic
kinematic systems

E.J. Beggs' and J.V. Tucker?

Swansea University,
Singleton Park,
Swansea, SA2 8PP,
United Kingdom

Abstract

We are developing a rigorous methodology to analyse experimental computation,
by which we mean the idea of computing a set or function by experimenting with
some physical equipment. Here we consider experimental computation by kinematic
systems under both Newtonian and relativisitic kinematics. An experimental pro-
cedure, expressed in a language similar to imperative programming languages, is
applied to equipment having a common form, that of a bagatelle, and is interpreted
using the two theories. We prove that for any set A of natural numbers there ex-
ists a 2-dimensional kinematic system B4 with a single particle P whose observable
behaviour decides n € A for all n € N. The procedure can operate under (a) Newto-
nian mechanics or (b) relativistic mechanics. The proofs show how any information
(coded by some A) can be embedded in the structure of a simple kinematic system
and retrieved by simple observations of its behaviour. We reflect on the methodol-
ogy, which seeks a formal theory for performing experiments that can put physical
restrictions on the construction of systems. We conclude with some open problems.

Keywords: foundations of computation; computable functions and sets;
Newtonian kinematic systems; Relativistic kinematic systems; foundations of
mechanics; theory of Gedanken experiments; non-computable physical systems.

1 Introduction

Consider the idea of computing functions by means of physical systems. Suppose each
computation by a physical system is based on running an erperiment with three stages:

(i) input data x are used to determine initial conditions of the physical system;

(ii) the system operates or evolves for a finite or infinite time; and

(iii) output data y are obtained by measuring the observable behaviour of a system.
The function f computed by a series of such experiments is simply the relation y =
f(x). The function may be partial or multivalued, and the data may be continuous or
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discrete. We call the idea of using experiments with physical systems to define functions
experimental computation. This concept of experimental computation is both old and
general. It can be found in ideas about (a) technologies for making calculating instruments
and machines and (b) modelling physical and biological systems. The concept is also
complicated and in need of systematic theoretical investigation.

In contrast, the concept of algorithmic computation is well understood. Computability
theory, founded by Church, Turing and Kleene in 1936, is a deep theory for the functions
computable by algorithms on discrete and continuous data. The obvious questions arise:

What are the functions computable by experiments with a class of physical systems?

How do they compare with the functions computable by algorithms?

Related questions arise, about novel technologies for computing and about the computabil-
ity of physical systems.

There is no shortage of results, discussion and debate on particular types of experi-
mental computation. Many examples of non-computable systems are difficult to interpret
physically [26, 27, 28, 18, 38]. Some are technically incomplete, and, strictly speaking,
have the status of conjectures (e.g., [20]). Some theorems encode non-computability in
general classes of mathematical systems (e.g., ODEs in [25]) rather than models of specific
physical systems (e.g., wave machines, bagatelles, pendula). Different approaches have
led to a diverse literature but the questions are, we believe, open for essentially all classes
of system.

We are developing a methodology that aims to answer such basic questions in a defini-
tive way [3, 4, 6]. Based on five general principles (summarised later in Section 2), a
particular feature of our methodology is the detailed analysis of particular examples,
in which we seek the precise physical concepts and laws that permit or prevent non-
computable functions and behaviours. To do this we choose a precisely defined fragment
T of a physical theory to specify, rather formally, the experimental procedure, equipment
and reason about its behaviour.

We have illustrated and refined our methodology largely by analysing examples of
experimental computations with idealised kinematic systems. Here we will show that
there exist simple kinematic procedures and equipment, whose computational behaviour,
according to both Newtonian and Relativistic mechanics, can decide the membership of
any subset A of the set N = {0,1,2,...} of natural numbers. The systems are infinite
bagatelles that are based on simple energy and momentum conservation principles. They
each require unbounded space, time and energy to decide n € N for all n. The Newtonian
case is simple. The relativistic case might be considered to be more realistic and it also has
a useful theoretical property, a mazimum propagation speed for objects or information, the
speed of light ¢. Instead of unbounded velocity in the Newtonian case, in the relativistic
case we exploit the fact that the mass of a particle is unbounded as its speed approaches
c.

Theorem 1.1. Let A C N. There exists a 2-dimensional kinematic system with a single
particle P whose observable behaviour decides A. More specifically, the system is an
infinite bagatelle for which the following are equivalent: given any n € N

(i) n € A.

(i) In an experiment, given initial velocity V,, the particle P leaves and returns to the
ortgin within a known time T,.
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The system can be set up to operate under a class of kinematic theories, including
(a) Newtonian kinematics or
(b) Relativistic kinematics.

The velocity V,, and the time 7, are calculated from n and so by simply projecting
the particle and watching the clock while waiting for its return, we can decide A. The
fact that any conceivable discrete information can be represented in the discrete observ-
able behaviour of a ball rolling along a line suggests that these elementary theories of
kinematics are undesirably strong. What should be done with these examples?

The bagatelle uncovers an interesting uniformity or generality. The experimental pro-
cedure is essentially the same for any bagatelle and is physically sound. The observation
and operation of the bagatelles require rather general assumptions that hold of several
kinematic theories. However, it is through the specification or description of the system
that the computation of any A is possible. If the analysis of the experiment concerned not
just the observation of an existing system but the process of assembly or construction of
the bagatelle then further conditions on the system would be needed that would restrict
the subsets of N. Thus, the bagatelles also reveal that something is missing: they show
that a formal account of experimentation must include the specification and construction
of mechanical equipment to answer the questions above. A critique of the examples is the
subject of Section 6.

In the case of the bagatelle there are certain natural assumptions on experiments that
would allow them to compute only the semicomputable and computable subsets of N.
Indeed, by choosing A C N to be a complete semicomputable set then the construction
yields a new universal computer:

Corollary 1.2. There exists a 2-dimensional kinematic system with a single particle P
that is a universal machine for the computable partial functions on N, i.e. the bagatelle
computes by experiment all and only the computable partial functions on N.

The structure of the paper is this. In Section 2 we summarise our methodology. In
Section 3 we describe the construction of a general type of infinite bagatelle. In Section 4
we apply the description to make a bagatelle that decides the membership relation for A
under Newtonian mechanics, and in Section 5 we apply it to make a bagatelle to decide
the membership relation for A under Relativistic mechanics. In Section 6 we reflect on
the examples and argue for formal theory of experimentation to answer the questions.
Finally, in Section 7 some open problems are discussed.

The reader should be familiar with theory for the functions computable by algo-
rithms on discrete data (Rogers [29], Odifreddi [22], Griffor [16], Stoltenberg-Hansen and
Tucker [32]) and continuous data (Pour-El and Richards [28], Tucker and Zucker [35, 36],
Weihrauch [37]).

2 Methodological principles

With the idea of experimental computation, we can unify a disparate set of physical models
of computation and seek properties they have in common. In particular, we can attempt
to analyse physical models of computation independently of the theory of algorithms.
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Physical theories play a fundamental role in understanding experimental computation;
this we have discussed at length elsewhere [3, 4]. To seek conceptual clarity, and math-
ematical precision and detail, we have proposed, in [3, 4, 6], the following five principles
for an investigation of any class of experimental computations:

Principle 1. Defining a physical subtheory: Define precisely a subtheory T of
a physical theory and examine experimental computation by the systems that are valid
models of the subtheory T.

Principle 2. Classifying computers in a physical theory: Find systems that are
models of T that can through experimental computation implement specific algorithms,
calculators, computers, universal computers and hyper-computers.

Principle 3. Mapping the border between computer and hyper-computer in
physical theory: Analyse what properties of the subtheory T are the source of computable
and non-computable behaviour and seck necessary and sufficient conditions for the systems
to implement precisely the algorithmically computable functions.

Principle 4. Reviewing and refining the physical theory: Determine the physical
relevance of the systems of interest by reviewing the truth or valid scope of the subtheory.
Criticism of the system might require strengthening the subtheory T in different ways,
leading to a portfolio of theories and examples.

Principle 5. Combining experiments and algorithms: Use a physical system as
an oracle i a model of algorithmic computation, such as Turing machines. Determine
whether the subtheory T', the experimental computation, and the protocol extends the power
and efficiency of the algorithmic model.

Principles 1-4 were introduced in [3] and Principle 5 was introduced in [6].

To study experimental computation and seek answers to basic questions, the key idea
is to lay bare all the concepts and technicalities of examples by putting them under a
mathematical microscope using the theory T and, furthermore, to look at the computa-
tional behaviour of classes of systems that obey the laws of T. Our methodology requires
a careful formulation of a physical theory 7', which can best be done by axiomatisations
a fragment of the physical theory.

3 Experiments with an infinite bagatelle

We describe the structure of our bagatelle, and the steps involved in using the bagatelle
to compute. An important point is that the structural form of the bagatelle, and the
experimental procedure to operate it, is common to both the Newtonian and relativistic
machines.

34



3.1 Experiment procedure for the bagatelle

We consider a bagatelle game. A ball is fired into the bagatelle machine with a specified
velocity, and the ball may or may not return in a given time period. Nothing else about
the bagatelle is externally observable.

Each bagatelle machine is designed to define a subset A of the natural numbers N as
follows:

“Given some number n € N the operator of B4 chooses a point particle P, positions
it at an origin 0 and projects the particle with a velocity V,,. Then the operator waits
for a time T,, and if the particle returns before this time then declares that n € A and
otherwise that n ¢ A.”

We can express the experimental procedure in the following experimental pseudocode:

exp-pseudocode Bagatelle;

place particle P mass 7 radius 0 at point 0;

start clock ¢;

project particle at 0 with velocity V/,;

wait 7), units and do nothing;

if particle in tray at 0 then return “n € A" else return “n ¢ A"
end Bagatelle.

In the pseudocode, the particle P is a point particle, with radius 0, but may be of any
mass.

Procedures of this kind are an example of “design pattern” called project and wait.
They can be applied to a number of kinematic systems, since the equipment is not speci-
fied; see the bagatelle machines, marble runs, etc. in Beggs and Tucker [2, 3, 4, 5].

To analyse such a procedure further, we can

(a) express the experimental procedure precisely, turning the pseudocode into code;

(b) calculate parameters for the mass and size of particles, and velocities and times;

(c) determine the accuracy of measurements.

Methods for performing (a) are given in [8], where project and wait programs can be
found.

The instructions for operating the bagatelle are independent of the mass and size of the
particles but are base upon velocities and times. We must calculate a table of velocities

-Vi7 -‘/27 -‘/37 ot
and a table of times
Tla T27 T37 s

We will see that these tables of numbers are precisely the same for all the Newtonian
bagatelle machines B,4. Similarly, the lists of velocities and times are the same for all
relativistic machines.

The gap between T,, and T,, + 1 ensures that we only have to ensure measurement of
time to a certain accuracy.
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To prove that the experimental procedure works we have to show that each machine
can define a subset A of the natural numbers N as follows: Given n € N, if a ball is fired
into the machine at initial velocity V,,, and the ball returns in a time Return(V},). Then

n € A if and only if Return(V,) <7, ,
n¢ A if and only if Return(V,) >T, +1. (1)

Note that the result can be determined in a finite time 7;, + 1, even though the ball might
never return.

We will do this in a rather generic way that enables us to prove theorems for a class
of kinematic theories. Later we apply our analysis to calculating the lists of numbers for
the Newtonian and relativistic models.

3.2 Equipment

Structure of the bagatelle If we were to lift the lid on the bagatelle, we would see
something like this:

initial velocity vg Fig. 1

T A I height 3 /\ height 4 height 5
[ )
Zo 2 T 2 ) 2 T3 2 Ty 2 7
#0  #1 #2 #3 #4

The machine continues indefinitely off the right hand side. At time ¢ = 0 the ball starts
from position x = 0 with initial velocity vy. It then crosses, or fails to cross, potential
barriers placed in the way along the z-axis. For integer n > 0 the barrier #n has
height n 4+ 1 and width 2. For simplicity we assume that it is has the shape of an isoceles
triangle. The reader who is anxious about the sharp corners should compute the arbitarily
small corrections in the formulae given by introducing arbitrarily small smoothings of the
corners. There is a flat gap (at height 0) between #n and #n + 1 of length z,,. We will
give the value of the numbers x,, later.

To specify the internal workings of a bagatelle we need a subset A of N. The bagatelle
has a potential barrier of height n 4+ 1 at position #n if n € A, and a flat track if n ¢ A.
For example, the subset of even natural numbers would correspond to a machine looking
like figure 2:

initial velocity vg Fig. 2

T /\ I height 3 height 5
e -

T 2 x 2 T 2 x3 2 x4 2

#0 1 72 73 74

The reader should note that we suppose that there is no friction or external force
acting on the ball. We also assume that the ball is not spinning (or at least that, if it is
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spinning, that its moment of inertia is zero).

Operation of the bagatelle When a ball hits a potential barrier of height H at velocity
Vg, there are three possibilities:

1) It has sufficient energy to cross the barrier, and crosses it in time C(vg, H) from
one base to the other. We assume that C'(vo, H) > 2/vy, i.e. that it takes the ball at least
as much time to cross the barrier as to travel on a flat track if there is no barrier.

2) It has insufficient energy to cross the barrier, and rolls up and back down in time
B(vg, H) from base to base.

3) It has exactly the right amount of energy to reach the top. We shall take care to
avoid this case, as it gives rise to discontinuities in the return time, and the behaviour is
critically dependent on the shape of the top of the barrier.

Take V,, to be an initial velocity which ensures that the ball has enough energy to
cross all barriers #j for 7 < n, but that the ball will not cross, but roll back down from
#n. Suppose the ball is fired at this velocity on the bagatelle specified by the subset A.

If n € A, then the time of return to the initial point would be

Return(V,, A) = %(ij+ 3 2) +2 Y CMaj+1) + B(Vun+1). (2)

j<n j<n, j¢A j<n, jeA

The first term is given by the ball traversing the flat track at height zero, and the second
by the ball crossing over the barriers of height less than n. Remember that both these
are done twice, once in either direction. The last term is the time taken for the ball to be
reflected from the barrier #n.

However if n ¢ A, the time of return would be

Return(Vn,A)2%<ij+ 3 2)+2 3 C(Vn,j+1)+2“"v—’;“. (3)

j<n j<n, j¢A j<n, jeA

This time is based on the fact that if the ball did return, it would have to travel twice
over a flat track of length x,,,1. Of course the ball might never return, as there might be
no more barriers for it to cross, but this case is included in the inequality.

Choice of the displacements r, We want an experiment to determine if n € A,
and do not want the result confused by other elements of A. However our results (2) and
(3) depend on elements in A which are less than n. We deal with this by considering the
values taken as we vary A, and choose x,, and T}, to be independent of A: First we choose
the sequence x,, > 0 satisfying the inequalities

Va(B(Vasn+1) +1)

tna 2 3 (VaCVaj+1) = 2) + (4)

, 2
<n
Definition of the time bounds 7,, Then we set T}, by
2 .
To= > 5 +2) CVaj+1) + B(Van+1). (5)

" oi<n j<n
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If n € A, remembering that C'(vy, H) > 2/vy we have from (2):
2 .
Return(V,,, A) < vﬂz:c] + 220(%,] +1) 4+ B(Voy,n+1) = T,. (6)

j<n j<n

Correspondingly for n ¢ A, from (3) we have

Return(V,,, A) > %(ij—i-ZQ) + 2%7:1 >T,+1. (7)

j<n j<n

Let us summarise these general calculations.

Theorem 3.1. For any set A of numbers, let B be a bagatelle machine specified above.
Let P the experimental procedure for its operation. Let T be a kinematic theory in which

1. particles follow deterministic paths, traversing, or else being reflected by, the barriers
of the bagatelle;

2. conservation of energy ensures the velocity before and after meeting each barrier is
the same;

3. formulae can be given for the time of crossing and rolling back barriers, and for
initial velocities

C(Uo,H) Z 2/’00, B("Uo,H) and Vn

Then one can prove in the kinematic theory T that the procedure P decides membership
of the set A.

Condition 1 is not true of quantum kinematics where particles may tunnel through
the barrier. the effects of friction are forbidden by Condition 2; the calculations would
need to be altered to allow for friction.

It remains to find formulae for C'; B and V,, in the Newtonian and relativistic theories,
which satisfy the conditions.

3.3 Corollaries

Corollary 3.2. Any function f: N — N can be computed by a Newtonian or Relativistic
bagatelle

Proof. Let Gy be the graph of f. Choose an injective function ¢: N*> — N such as
(x,y) — 27.3Y and code the graph G as the set ¢(G). A bagatelle B4 based on A = ¢(Gy)
would enable f to be computed experimentally by the mechanical system. O

Corollary 3.3. There exist Newtonian and Relativistic bagatelles that are universal ma-
chines for the computable partial functions on N, i.e. the bagatelles compute by experiment
all and only the computable partial functions on N.

Proof. Choose a bagatelle B4 based on A = ¢(Gy), the coded graph of a universal par-
tial recursive function U. This would enable U to be computed experimentally by the
mechanical system. O]
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4 Newtonian kinematics with constant gravitational
field

The initial kinetic energy of the ball of mass m with any initial velocity vy is %mvg. The

potential energy of the ball at height h above the initial point is mgh, where g is the
acceleration due to gravity (on the Earth’s surface, this is about 9-8 meters/second?).
The principle of conservation of energy then gives the velocity v of the ball at a height A
using %mvg = %va —|— mgh. It follows that the maximum height H that the ball can
attain is given by 1 2mvo mgH, i.e. H = UO 2/g. We set V,, to be the initial velocity for

which the maximum attainable height is n + = i.e.
Vo = Vg(@2n+1). (8)

Proposition 4.1. The time taken for a ball with initial velocity vy to climb a slope of
gradient n to a height h (less than the mazimum height 3v3/g) is

2
_\/UO—Qgh\/1+i2 .
g n
Proof. We start the slope at the point (x,y) = (0,0), so the equation of the slope is
y = nz. On rearranging the conservation of energy equation, we see that at height y
the particle has velocity v = /v — 2gy. The length of slope from height y to y + dy
is given by Pythagoras’ theorem as +/(dz)? + (dy)?, or using the equation y = nx, as
dyv/1+n?/n. The time taken to move from height y to y + dy is the distance divided
by the velocity, or dy v/1 + n?/(nv). This gives the total time to climb to height h as the

integral
Modyvi4n? vo—\/vg—Qgh\/1+ 1
y=0 N \/V3 — 29y Y

Corollary 4.2. The time taken for a ball with initial velocity vy to climb a slope of
gradient n to its mazimum attainable height is

O

n2

1
D=
g n

Corollary 4.3. Using the definition of V,, in (8), we have, for j <n,

2n+1—+/2n—29+1 1
5V \/ J \/1+.2,

C(Vnaj) =

2
B(Vy,n+1) = ”+ 1/ RS

Proof. We use the formulae given in 4.1 and 4.2, remembering that it takes the same time
to roll down as to climb up. U

Remark 4.4. Here we calculate asymptotic bounds on the time taken by the Newtonian
bagatelle to decide if n € A or not. From (8) and 4.3 we see that V,, C(V,,j) and
B(Vy,n+ 1) are all O(y/n). From (4) we can choose z,, to be O(n?), and from (5) we
have Ty, to be O(n’/?).
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5 Relativistic kinematics with constant gravitational
field

The relativistic mass of a ball of rest mass m travelling at velocity vis M = m/+/1 — v?/c?,
where c is the speed of light. The momentum of the ball is Mv, and we use the usual
formula that force is the rate of change of momentum. On a slope inclined at an angle

« to the horizontal, \;ve have 4(Mv) = —Mgsin(«). On rearranging and differentiating

this yields 2 = —g(c* — v?) sin()/c*. On integrating we get
v = c tanh(g(b —t)sin(a)/c) , 9)
where b is a constant. The initial velocity is
vy = ¢ tanh(gbsin(a)/c) , (10)

which, using a hyperbolic trig identity, becomes the useful formula
cosh(gbsin(a)/c) = 1/4/1 —v2/c? . (11)

The distance travelled along the slope as a function of time is given by integrating (9)

2

d =

( cosh(bg sin(a)/c) )
g sin(«) cosh((b —t)gsin(a)/c)/ "’
so the height as a function of time is

2

c cosh(bgsin(a)/c)
h=—1 : 12
g ©8 (COSh((b —t)g Siﬂ(@)/c)) (12)
The maximum height achieveable occurs when t = b, and is
2
Rmaz = % log (cosh(bgsin(a)/c)) . (13)

If the maximum height is set to n + 3, then using (11) and (13) the corresponding initial
velocity V,, is given by

V, = c\/1 — e-Cnilg/e? (14)

Proposition 5.1. The time taken for a ball with initial velocity vy to climb a slope of
gradient sin« to a height h (less than the maximum height) is

c v e—gh/c?
i (b () —eosh ™t () )
Proof. If we rearrange (12) we get
cosh((b — t)gsin(a)/c) = cosh(bgsin(a)/c) e 9"
so we get t as

t=0b-—

cosh™* <cosh(bg sin(a) /c) e‘gh/CQ) . O

g sin«
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Corollary 5.2. The time taken for a ball with initial velocity vy to climb a slope of
gradient sin « to its mazimum attainable height is

tanh ™! (E) .

C

g sin«

Corollary 5.3. Using the definition of V,, in (14), we have, for j <n,
C(Vaj) = 2VIET V1t (cosh™ (e tD9/2)) _ cogh~! (€<2n+1—2j>g/(2c2))> 7
g
2
BVyn+1) = 2eVitmt D (eCr o/
g(n+1)

Proof. We use 5.1 and 5.2, with (11) and (14) supplying the formula
cosh(bgsin(a)/c) = o2nt)e/2%) [

Remark 5.4. Here we calculate asymptotic bounds on the time taken by the relativistic
bagatelle to decide if n € A or not. From 5.3 we see that C(V,,,j) and B(V,,n + 1) are
both O(n). Forn large, V,, = c. From (/) we can choose x,, to be O(n?), and from (5) we
have T, to be O(n?).

6 Commentary on the Bagatelle

6.1 Genericity and extensions

Operationally, the experiments on a bagatelle B4, needed to decide n € A, can be carried
out using the following primitive experimental actions:

(i) project a particle with arbitrary large energy (for arbitrary large natural numbers);

(ii) observe a fixed point in space;

(iii) measure arbitrarily large times on a clock; and

(iv) calculate with simple algebraic formulae.
Indeed, these actions are the starting point of almost any kinematic theory. In specifying
the forms of both the experimental procedure and the equipment, we find we do not have
to choose a particular kinematic theory. Indeed, the computation can be wverified in a
generic form for a class of theories, as in Theorem 3.1. Later, we choose Newtonian and
relativistic theories.

From the point of view of formal languages to express experimental procedures, as in
[8], one may liken the situation to formulating classes and reasoning about possible late
bindings of semantics to syntax at runtime.

Technically, the experimental computations by bagatelles can be extended to further
theories:

Friction. To include friction, we would have to have a particular equation for the force

due to friction (probably as a function of velocity). Then we would have to alter the
formulae given, possibly including the height of the barriers, increasing the the initial
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energy to compensate for the energy lost due to friction. The procedure would remain
the same though we would need different tables of velocities and times.

Gravitational field. Varying the gravitational field as a function of height would alter
the potential energy, and again would require altering the formulae. Also the poten-
tial should not decrease with height, otherwise the inequality C'(vo, H) > 2/vy might be
compromised.

6.2 Constructible equipment

The computations by the bagatelles are valid in several kinematic theories. Clearly, the
structure of the bagatelle B4 is based on the set A but there is nothing in mechanics that
prevents, or even cautions, us from defining and reasoning about such systems for any set
A: according to the theories, the bagatelle B, is a legal kinematic system, a model of the
theories.

However, suppose the account of the experiment is required to explain how the me-
chanical system is constructed, as well as what primitive experimental actions are needed
to set initial states and observe behaviour. Then we find we have an interesting question:

What precise assumptions underly our idea of equipment?

Obviously, the sequence of primitive steps in the construction of the system B4 will
involve knowledge of the set A. This knowledge is (probably) precisely the knowledge the
system B, is being designed to reveal, making the purpose of the experiment redundant.
But since we are interested in the nature experimental computation, this point about
redundancy is not relevant; the important point is:

What conditions will be required on A to allow experiments on Ba that are valid in a
kinematic theory containing principles of constructible equipment?

Suppose we re-consider running the experiment, seeking to restrict A and narrow the
class of models.

Suppose A is given by some increasing enumeration Ag, Aj, Ao, ... of finite subsets
with for each i € N, A; C A;y1 and A = (J,.y Ai- Suppose that A; has i elements of A.
Then to make an experiment to decide if n € A then we need an experimental procedure
with a process to construct a finite part of the bagatelle. This finite part will have the
form By, for some Ay, C A. It will have k potential barriers located by the k elements of
Ag.

An independent laboratory clock will schedule the construction of the approximating
bagatelle B4, and the experimental procedure to decide n € Aj. If the experiment
confirms that n € A; then we know that n € A.

However, if the experiment confirms that n ¢ Ay then we do not know that n ¢ A.
This result can change as k increases and more and more elements of A appear and the
bagatelle grows. Each negative result must be repeated and so the experiment becomes
a search for a positive result, secure in the knowledge that if n € A then an experiment
with some part By, of the bagatelle B4 will find it.

Thus, when we include the construction of the bagatelle in the primitive steps we have
an outline proof that
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A is decidable by experiment with constructible equipment if, and only if, the finite subsets
of the enumeration of A can be generated by experiment.

How close are we to a proof that A is decidable by experiment with constructible equip-
ment if, and only if, A is recursively enumerable subset of N7

Allowing computability theory to be added to the physical theory would resolve
the matter. Experimental computation by the bagatelles in kinetic theories with con-
structible equipment, where the equipment is specified by algorithms, does not lead to
non-computable sets and functions.

6.3 General principles

The bagatelle, and several of our earlier examples [3, 4], show that the notion of equipment
needs to be analysed. We have proposed

Ezxperimental computation = Ezxperimental procedure + FEquipment.

A formal theory is needed that constrains the architecture and construction of mechan-
ical systems and formally defines notions of constructible equipment. We have outlined
in [4] the problems of designing formal languages for the specification of constructible
equipment, and of combining them with languages for experimental procedures to make
complete languages for experimental computation. In [8], we have proposed a set of
constructs for a programming language for experimental procedures for Newtonian kine-
matics. The bagatelle adds gives us further insight into this approach using languages.

First, consider the role of languages in digital computation. We need the equation:

Digital computation language = Programming language + Hardware description
language.

This is unfamiliar in programming language theory because the primary aim of pro-
gramming is to formulate algorithms that are independent of machines and devices. Both
languages have a syntax and a semantics. Theories of syntax are very general, and are
widely understood and used. Semantic methods for programming languages are also well
developed, though the semantics of hardware description languages is less so. This view
of digital computation is complemented by this equation:

Experimental computation language = Experimental procedure language + Equipment
description language.

Consider the distinction between syntax and semantics for experimental computation.
The syntax of the languages can be handled by general methods. The bagatelle example
shows how semantics is more complicated. Somewhat abstractly, we have a Gedanken
experiment, in which we imagine an operator following the procedure in working with
the equipment. What happens and, in particular, what is computed? To answer this we
make some meta-assumptions and only later choose a theory - Newton’s or Einstein’s.
The physical theories are used to define the semantics of the experimental procedure and
equipment in order to reason about, predict etc., the behaviour of the system for the
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benefit of the operator. The bagatelle shows that various semantics are possible for the
class of experimental procedures. Indeed, one is reminded of late binding and runtimes.

The importance of the theory cannot be underestimated. If the theories used for
semantics can be axiomatically specified then we have sounder and sharper reasoning.
We also have the phenomenon of unexpected models. It is just as important that we can
reason about the bagatelle as we can satisfy ourselves that we can plausibly implement
it. Clearly, both kinematic theories apply to experimental computations that we suspect
are impossible. It is a problem to prove they are impossible.

One thinks of the first order theory of Peano arithmetic. It is a truly fundamental
and useful theory for reasoning about natural numbers. It has infinitely many different
(=non-isomorphic) models but only those isomorhic to the standard model (N|0,n+1,n+
m,n.m,=) are algorithmically computable (Tennenbaum’s Theorem).

We expect that research on languages for experimental computation will lead to new
ideas and techniques in programming language theory.

7 Concluding remarks on kinematic systems

Experimental computation is not well understood and many basic questions are open.
There is a paucity of examples that can be formulated and studied in complete detail,
though plenty of informal ideas and speculations have been aired. The purpose of our
methodology is explore experimental computation systematically and precisely. We are in
no rush to make physically plausible pronouncements or critiques, rather we propose to
study examples in forensic detail. Examples based on kinematics, possibly the simplest
physical theory, offer insights into experimental computation, and pose interesting and
difficult theoretical problems.

Our bagatelles are systems that each require unbounded space, time and energy to
decide n € A for all n € N. Consider energy. In each of our Newtonian bagatelles mass
is bounded (indeed, it can be an arbitrary constant) and velocity is unbounded. In each
of our relativistic bagatelles velocity is bounded and mass is unbounded. One can ask if
there are examples of kinematic systems that are bounded in space, time and energy?

In Newtonian mechanics we are allowed to shrink space and accelerate time. For
example, the natural numbers n = 0,1, 2,... that mark points in space or steps in time
can be embedded into the interval [0, 1] by n +— 1/2". Shrinking space leads to mechanical
systems that use arbitrarily small components. Of course, a mechanical system that
exploits the infinite divisibility of space, with no lower bounds on units of space and
time, violates any form of atomic theory. But such examples can be precision tools to
investigate the theoretical foundations of computability and mechanics. For instance, it
is possible to prove that for each set A C N there exists a valid Newtonian kinematic
system S4, which is embedded within a bounded 3-dimensional box, operates entirely
within a fixed finite time interval using a fixed finite amount of energy, and can decide
the membership of the subset A ([4]). The fact that any subset of the natural numbers
can be recognised by a simple kinematic system raises an alarm because the theory of the
subsets of natural numbers is so vastly complicated it depends on the foundations of set
theory for its exploration.
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An open problem is this:

Problem 7.1. For all reasonable kinematic theories T', and all T-valid kinematic systems
that possess both lower and upper bounds on space, time, mass, velocity and enerqgy, are
the sets and functions computable by experiment also computable by algorithms?

We conjecture that the answer is “Yes”. To attempt to prove this, one needs formal
descriptions of equipment as mentioned in Section 6. Our bagatelle examples show that
the notion of mechanical system - i.e., what qualifies as a valid or legal system in theoretical
mechanics - must be sharpened. To the standard parameters of mass, velocity, distance,
time we need to add formal theory that constrains the structure and construction of the
equipment and explains how experiments are performed.

Theoretical intuitions about making experiments turn out to be strikingly similar to
intuitions about algorithms and computers, although the primitive actions are different
and are implicit in the physical theory. Indeed, we conjecture that a theory of Gedanken
experiments for mechanics, if formalised, could be capable of underpinning the theory of
the computable as follows:

Problem 7.2. Extend theoretical kinematics by a mathematical theory of construction and
the operation of mechanical equipment, and show that the sets and functions computable
by experiment are precisely those computable by algorithms.

This is a difficult problem which we have discussed in detail in [4]. More recent work,
in [5], shows that a kinematic device called a scatter machine can compute any real
number. The construction of the device is bounded in all respects however the theorem
demonstrates that the existence of sharp corners in objects is fatal to computablity!
One goal of this direction of research, from physical theory to computablity, is, roughly
speaking, To derive forms of Church-Turing Thesis as physical laws. However, we can
still ask the question:

Problem 7.3. Does experimental computation in theories with constructible equipment,
where the equipment is specified algorithmically, lead to algorithmically computable sets
and functions?

We conjecture yes. Finally, we should raise the special case of efficient computation
by mechanical systems. New theory is needed to pose and answer a question such as:

Problem 7.4. Are there sets that can be decided in polynomially bounded space and time
by experimental computation with kinematic systems but cannot be decided by algorithms
in polynomial space and time?

We thank Brendan Larvor, David Miller, and J I Zucker for discussions on some of
the areas mentioned in this paper.
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Abstract

Computational models are usually defined over specific domains. For example, Turing machines are defined over
strings, and the recursive functions over the natural numbers. Nevertheless, one often uses one computational model
to compute functions over another domain, in which case, one is obliged to employ a representation, mapping elements
of one domain into the other. For instance, Turing machines (or modern computers) are understood as computing
numerical functions, by interpreting strings as numbers, via a binary or decimal representation, say.

We ask: Is the choice of the domain interpretation important? Clearly, complexity is influenced, but does the
representation also affect computability? Can it be that the same model computes strictly more functions via one
representation than another? We show that the answer is “yes”, and further analyze the influence of domain inter-
pretation on the extensionality of computational models (that is, on the set of functions computed by the model).

We introduce the notion of interpretation-completeness for computational models that are basically unaffected by
the choice of domain interpretation, and prove that Turing machines and the recursive functions are interpretation-
complete, while two-counter machines are incomplete. We continue by examining issues based on model extensionality
that are influenced by the domain interpretation. We suggest a notion for comparing computational power of models
operating over arbitrary domains, as well as an interpretation of the Church-Turing Thesis over arbitrary domains.

Key words: domain interpretation, domain representation, hypercomputation, Turing machine, computability, computational
power, computational models, computational comparison

1. Introduction

We explore the problem of the sensitivity of models to domain interpretation, and the way we propose to
handle it. This introductory section parallels the structure of the paper, as illustrated in Figure 1.

Sensitivity to domain interpretation. A computational model is defined over a specific domain. However,
we may often use it to compute functions over a different domain. For example, using Turing machines (or
modern computers) to compute functions over natural numbers requires a string representation by numbers.
Another example becomes apparent when comparing the computational power of two models that operate
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- Investigating the variety of interpretations
- Seeking maximal interpretations

- Identifying “immune” models Section 3
Power comparison notion Effective computation
Section 4 Section 5

Fig. 1. Structure of this paper

over different domains — we are obliged to represent the domain of one model by the domain of the other.
Accordingly, the elements of the original domain are interpreted as elements of the target domain (see
illustration in Figure 3). A “representation” is usually allowed to be any mapping from one domain into
another, as long as it is injective. That is, every original domain element is mapped to a unique element of
the second domain. !

It turns out that interpreting the domain allows for the possibility that a model be identified with one
of its (strict) supermodels. The interpretation might allow one to “enlarge” the extensionality of a model,
adding some “new” functions to it. A study of the sensitivity of models to interpretations via injective
representations is undertaken in Section 2.1.

A reasonable response might be to restrict representations to bijections between domains. However, it turns
out that there are models that can be identified with a supermodel even with bijective representations. That
is, their extensionality is isomorphic to the extensionality of some of their strict supermodels. The case of
bijective representations is explored in Section 2.2.

If bijective representations are not stringent enough, which representations are guaranteed not to influence
the extensionality of computational models? It turns out that only very limited representations are, namely,
“narrow permutations” (Definition 7). A sufficient and necessary criterion for these “harmless representa-
tions” is given in Section 2.3. Not only are narrow permutations a very limited family of representations,

1A representation may also be a relation (rather than a function), as long as two entities representing the same element behave

the same in the relevant context (see, for example, [26]). The generalization of representations to relations does not eliminate
the sensitivity of models to the domain interpretation.
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Injections (Section 2.1)
Bijections (Section 2.2)

Narrow Permutations (Section 2.93)

Almost Identity (Section 2.3.1)

Fig. 2. The hierarchy of mappings involved in seeking harmless representations.

they are also not closed under composition. Thus, seeking harmless representations for comparative pur-
poses would lead to an even more limited family of permutations that are almost the identity (Definition 10).
Hence, sticking to harmless representations is not a viable option, as it almost completely evaporates the
concept of interpretations. A scheme of the families of representations involved is given in Figure 2.

Another direction for avoiding the influence of representations could be narrowing down the definition
of a computational model, insisting — for example — that the set of computed functions is closed under
functional composition. It turns out that these standard computational properties are insufficient, as shown
in Section 2.4.

The implications. This sensitivity to the domain interpretation places a question mark on some of the
main issues that concern model extensionality: How can we compare models over different domains? How
should one define effective computation over arbitrary domains? How should one properly represent the
natural numbers? Is there always an optimal representation? Are some models immune to the influence of
the domain interpretation? These problems are briefly answered below, and more comprehensively addressed
in Sections 3, 4 and 5.

Organizing model interpretations. Generally, the various interpretations of a model may be highly varied:
they may be larger or smaller than the original; for some models there are maximal interpretations, while
for others there are none; and there are models that are already maximal. This variety of possibilities is
explored in Section 3.1.

The last property, that a model is already maximally interpreted, is the one that interests us most. We call
such a model “interpretation-complete”. We also define a weaker property, denoted “interpretation-stable”,
saying that a model is maximal with respect to bijective representations. When allowing only bijective repre-
sentations, there are exactly two ways in which the interpretation may influence the model’s extensionality:
stable models are totally immune, in the sense that they have no better or worse interpretations via bijec-
tive representations, while unstable models have no maximum, nor minimum, interpretation via bijective
representations (see the illustration in Figure 7). When allowing non-bijective representations, the picture
is different — there might be a complete model with interpretations that are strictly contained in its original
extensionality (see Figure 8). Interpretation-completeness and interpretation-stability, as well as some means
for getting maximal interpretations, are investigated in Section 3.2.

In Section 3.3, we check for the completeness of some standard models. Turing machines and the recursive
functions are shown to be complete, while two-counter machines and the untyped lambda calculus (over all
lambda terms) are incomplete. As for hypercomputational models, they might be incomplete, though those
preserving the closure properties of the recursive functions are ensured to be interpretation-complete.

Comparing computational power. It is common practice to compare the computational power of different
models of computation. For example, the recursive functions are considered to be strictly more powerful
than the primitive recursive functions, because the latter are a proper subset of the former, which includes
Ackermann’s function (see, for example, [22, p. 92]). Side-by-side with this “containment” method of mea-
suring power, it is also standard to base comparisons on interpretations over different domains [7,18,21].
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For example, one says that the (untyped) lambda calculus is as powerful—computationally speaking—as
the partial recursive functions, because the lambda calculus can compute all partial recursive functions by
encoding the natural numbers as Church numerals.

The problem is that unbridled use of these two distinct ways of comparing power allows one to show that
some computational models are strictly stronger than themselves!

We define a comparison notion over arbitrary domains based on model interpretations. With this notion,
model B is strictly stronger than A if B has an interpretation that contains A, whereas A cannot contain B
under any interpretation. We provide, in Section 4.1, three variants of the comparison notion, depending on
the allowed interpretations. In Sections 4.1.1 we extend the notion to non-deterministic models. We continue,
in Section 4.2, with some results on the relations between power comparison, isomorphism and completeness.
In Section 4.3, we use the notion to compare some standard models.

We deal here only with the mathematical aspects of power comparison. Some conceptual discussions and
justifications can be found in [2,4].

Effective computation. Let f be some decision function (a Boolean-valued function) over an arbitrary
countable domain D. What does one mean by saying that “f is computable”? One most likely means that
there is a Turing machine M, such that M computes f, using some string representation of the domain D. But
what are the allowed string representations? Obviously, allowing an arbitrary representation (any injection
from D to X*) is problematic — it will make any decision function “computable”. For example, by permuting
the domain of machine codes, the halting function can morph into the simple parity function, which returns
true when the input number is even, representing a halting machine, and false otherwise. Thus, under a
“strange” representation the function becomes eminently “computable” (see Section 5.1). Another approach
is to allow only “natural” or “effective” representations. However, in the context of defining computability,
one is obliged to resort to a vague and undefined notion of “naturalness” or of “effectiveness”, thereby
defeating the very purpose of characterizing computability.

Our approach to overcoming the representation problem is to ask about effectiveness of a set of functions
over the domain of interest, rather than of a single function (Section 5.1). As Myhill observed [15], undecid-
ability is a property of classes of problems, not of individual problems. In this sense, the halting function
is undecidable in conjunction with an interpreter (universal machine) for Turing machine programs that
uses the same representation. The Church-Turing Thesis, interpreted accordingly, asserts that there is no
effective computational model that is more inclusive than Turing machines.

Nonetheless, there might have been a serious problem due the sensitivity of models to the domain inter-
pretation (see Section 2). Fortunately, this cannot be the case with Turing machines (nor with the recursive
functions), as they are interpretation-complete (Theorem 24). Hence, the Church-Turing Thesis is well-
defined for arbitrary computational models.

Due to this completeness of Turing machines, we can also sensibly define what it means for a string
representation of a constructible domain to be “effective” (Section 5.2). Such a representation p is effective
when the domain’s constructing functions are Turing computable via p (Definition 48). Hence, one may
ask about the effectiveness of a single function over a constructible domain, provided that the means of
construction of the domain are defined and are computable.

Equipped with a plausible interpretation of the Church-Turing Thesis over arbitrary domains, one may
investigate the general class of “effective computational models”. This is done in [5].

Previous work. Usually, the handling of multiple domains in the literature is done by choosing specific
representations, like Gédel numbering, Church numerals, unary representation of numbers, etc. This is also
true of the usual handling of representations in the context of the Church-Turing Thesis.

A more general approach for comparing the power of different computational models is to allow any
representation based on an injective mapping between their domains. This is done, for example, by Rogers
[18, p. 27], Sommerhalder [21, p. 30], and Cutland [7, p. 24]. A similar approach is used for defining the
effectiveness of an algebraic structure by Froehlich and Shepherdson [8], Rabin [16], and Mal’cev [11]. Our
notion of comparing computational power is very similar to this.
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Richard Montague [13] raises the problem of representation when applying Turing’s notion of computabil-
ity to other domains, as well as the circularity in choosing a “computable representation”.

Stewart Shapiro [20] raises the very same problem of representation when applying computability to
number-theoretic functions. He suggests a definition of an “acceptable notation” (string representation of
natural numbers), based on some intuitive concepts. We discuss his notion in Section 5.1 and 5.2.

Klaus Weihrauch [25,26] deals heavily with the representation of arbitrary domains by numbers and strings.
He defines computability with respect to a representation, and provides justifications for the effectiveness of
the standard representations. We elaborate on his justifications in Section 5.2.

Our definition of an “effective representation” resembles Shapiro’s notion of “acceptable notation” and
goes along the lines of Weihrauch’s justifications for the effectiveness of the standard representations.

To the best of our knowledge, our work in [2-4] was the first to point out and handle the possible influence
of the representation on the extensionality of computational models. Sections 2, 3, and 4 organize the main
results of these papers, while adding some new ones, particularly Proposition 14, Proposition 17, Theorem 21,
Theorem 25, Theorem 27, and Theorem 46. Section 5 summarizes the first part of our paper [5].

Terminology. We refer to the natural numbers, denoted IN, as including zero, and denote by INT the
natural numbers excluding zero. When we speak of the recursive functions, denoted REC, we mean the
partial recursive functions. Similarly, the set of Turing machines, denoted TM, includes both halting and
non-halting machines. We use the term “domain” of a computational model and of a (partial) function to
denote the set of elements over which it operates, not only those for which it is defined. By “image”, we
mean the values that a function actually takes: Im f := {f(x) | z € dom f}.

Proofs are omitted for conciseness reasons.

2. The Sensitivity of Models to the Domain Interpretation

Computational models. Our research concerns computational models. Obviously, a computational model
should perform some computation; however demarcating a clear border between what is a computational
model and what is not is problematic. Accordingly, for achieving maximum generality, we do not want to
limit computational models to any specific mechanism; hence, we allow a model to be any object, as long
as it is associated with a set of functions that it computes.

As models may have non-terminating computations, we deal with sets of partial functions. For convenience,
we assume that the domain and range (co-domain) of functions are identical. For simplicity, we mainly deal
with deterministic computational models. Most of our definitions and theorems can be directly extended to
non-determinism, while the more involved ones are handled in Section 4.1.1.

Definition 1 (Computational Model)
— A domain D is any set of atomic elements.
— A computational model A over domain D is any object associated with a set of partial functions f : D' —

D, i € N*. This set of functions is called the extensionality of the computational model, denoted [A].

— We write dom A for the domain over which model A operates.

In what follows, we often speak of a “submodel” or a “supermodel” of a model, referring to the containment
relation between their extensionalities. That is, model A is a submodel of B, and B is a supermodel of A, if
[A] C [B]. By a “strict submodel” we mean that the containment is proper.

In the following subsections, we explore the sensitivity of models to domain interpretations, ending up
with a sufficient and necessary condition for a “harmless representation” (see Figure 2).

2.1. Injective representations

Injective representations are the most frequently used ones. The standard decimal and binary notations
of the natural numbers are injective (they are not bijective since leading zeros are ignored). Comparisons
between computational models are usually done by injective encodings; for example: Church numerals and
Godel numbering are used for comparing the recursive functions and A-calculus.
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p(5) 24410177
5 is represented by “101” via p

[€1017], =5

“101” is interpreted as 5 via p

“0011” ¢ Im p

“0011” has no interpretation via p

° 44001 1”

Fig. 3. Domain interpretation. Strings are interpreted as natural numbers via the representation p.

We begin by defining “representation” to be an injective mapping.

Definition 2 (Representation)

Domain. Let Dy and Dp be two domains (arbitrary sets of atomic elements). A representation of D over
Dg is an injection p: Da — Dp (i.e. p is total and one-one).

Function and Relation. Representations p naturally extend to functions and relations f, which are sets

of tuples of domain elements: p(f) := {{p(x1),...,p(zn)) | (x1,...,2n) € f}.
Model. Representations also naturally extend to (the extensionalities of) computational models, which are

sets of functions: p([B]) :={p(f) | f € [B]}.
An almost dual concept to representation is “interpretation” (see Figures 3 and 4):
Definition 3 (Interpretation) Assume a representation p: Do — Dp. Then:

(i) The interpretation of a domain element b € Dp via the representation p, denoted [b],, is the element
p~t(b) of Da. If b & Im p then its interpretation via p is undefined.

(ii) The interpretation of a function g over Dp wvia the representation p, denoted [g],, is the function
p~1(g) over Da, which is p~togop. If gop(a) € Im p for some element a € D4 then [g], is a partial
function, where [g],(a) is undefined.

(1ii) The interpretation of a computational model B via the representation p, denoted [B],, is the set of
functions p~1([B]), which is {[g], | g € [B]}

(iv) When considering only total functions, the interpretation of a total computational model B wvia the
representation p, denoted [B],, is the set of functions {[g], | g € [B] and [g], is total}.

“Interpretation via p” is the reverse of “representation via p”, up to the image of p. When the represen-
tation p is bijective we have that “interpretation via p” is exactly as “representation via p='.”

Interpretation and extensionality share the same notation. Indeed, the interpretation of some model B via

arepresentation p : D4 — Dp is its extensionality over the domain D 4, which results from the representation
p. Note that the extensionality [A] of a model A is its interpretation [A], via the identity representation ¢.

Sensitivity. Injective representations, however, are prone to hide some computational power. Below is a
simple example of such a case.

Example 4 The set of “even” recursive functions (R2) can be interpreted as the set of all the recursive
functions (REC), by mapping the original natural numbers into the even numbers

2f(n/2) n is even
Ry := < An. | f € REC p = An.2n
n otherwise

We have that [Rs], = REC 2 Rs.
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The function g

is interpreted as [g],

lgl, = p~togop
[[9]]p(5) =6

The behavior of g outside of Im p
does not influence

its interpretation via p

T —— e e ——— 7

440177. g .LLOO??
~°
Fig. 4. Function interpretation. The string functions are interpreted as numeral functions via the representation p.

The above anomaly does not appear only with “synthetic” models, but also with some standard ones. An
example of such a model is the standard two-counter machines model (see Section 3.3.3).

2.2. Bijective representations

The previous subsection demonstrated the sensitivity of models to injective representations. One may ask
whether the restriction of representations to bijective mappings might solve the problem. We show that the
answer is “no”, obtaining that a model might be isomorphic to some of its strict supermodels.

Definition 5 (Isomorphism) Models A and B (or their extensionalities) are isomorphic, denoted A = B
(or [A] =2 [B]), if there is a bijection 7 such that [A]. = [B].

Theorem 6 ([3]) There are models isomorphic to a strict supermodel of themselves. That is, there are
models A and B, such that A= B and [A] ¢ [B].

A concrete example of such models is given in Example 11 and in [3].

It will be shown, in Section 3, that this process is infinite and symmetric (Theorem 12) — once the model
is sensitive to bijective representations, we can always choose a different representation via which we get
more, or fewer, functions.

2.3. Harmless representations

Are there “harmless representations”, via which all models are “protected” from having better and worse
interpretations? The answer is “yes”, however this family of representations is too limited for being really
useful. It is exactly the family of what we call “narrow” permutations:

Definition 7 (Narrow Permutation) A permutation w : D — D is narrow if all its orbits (cycles) are
bounded in length by some constant. More precisely, if 3k € N. Vo € D. [{n"(z) : n € N}| < k.
Proposition 8 A permutation m : D — D is narrow iff there is a positive constant k € INT, such that for
all x € D we have 7% (x) = x. In other words, if TF = ..

Theorem 9 ([3]) For every representation p : D — D, there are models A and B such that [A], = [B] 2
[A], if and only if p is not a narrow permutation.

The family of narrow permutations is very limited and cannot be used as the only mean of interpreting
models over different domains. Moreover, this family is not closed under composition. That is, there are
narrow permutations 7 and 7 such that mon is not narrow! This situation is very problematic, since interpre-
tations are often used in the context of order relations, for example when saying that two models have the
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Fig. 5. The permutation 7 of Example 11.

same extensionality up to the domain interpretation. Any equivalence or order relation should be transitive,
which is not the case if representations are limited to narrow permutations.

2.3.1. Purely harmless representations

Proceeding in the above direction of seeking a family of representations that would be harmless and closed
under functional composition leads us to look for some strict subset of the narrow permutations. However,
considering that there are many such (maximal) subsets, which is a reasonable choice?

It turns out that there is a clear distinction between two types of narrow permutations — the “problematic”
and the “non-problematic” ones. For every problematic narrow permutation p there is a narrow permutation
7, such that pon is not narrow. On the other hand, a non-problematic narrow permutation 7 guarantees that
for every narrow permutation £ we have that o and wof are narrow.

The family of non-problematic narrow permutations is the “almost identity” permutations (defined bel-
low), while the rest are problematic.

Definition 10 (Almost Identity) A permutation m: D — D is almost identity if [{x € D | w(x) # x}| <
0.

The above results suggest that sticking to harmless representations is not a viable direction, as the concept

of interpreting models of different domains almost completely evaporates.

2.4. Models with standard computational properties

It was shown above that restricting the family of applicable representations cannot solve the sensitivity
problem. A different approach is to restrict the definition of a computational model. Nonetheless, in order to
allow a variety of internal mechanisms, we seek a restriction on the model’s extensionality. We consider four
restrictions: (i) closure under functional composition; (ii) inclusion of the identity function; (iii) inclusion of
all constant functions; and (iv) the successor function for models operating over IN.

In this section we show that the sensitivity problem remains, even when considering only models with all
the above properties and allowing only bijective representations.

Closure under functional composition. Denote by cl(F) the set F of functions closed under functional
composition. Considering only models closed under functional composition does not change the sufficient
and necessary condition for a harmless representation (Theorem 9), as all models involved in the proof are
closed under functional composition.

The identity and constant functions. Adding, or removing, the identity function ¢ from a model has no
influence on its sensitivity to any representation, as p~to(for)op = p~to(tof)op = p~tofop, for every injection
p and function f.

Let K be the set of all constant functions over a domain D. Adding, or removing, K from a model A over
D, such that AN K € {K,0}, has no influence on the sensitivity of A, as [AcK], = [KoA], = K, with
respect to total functions, for every injection p and model A.

The successor function. It turns out that a model including the successor function and closed under
functional composition can still be isomorphic to a strict supermodel of itself:
Example 11 Define the permutation m over N (illustrated in Figure 5):
m(n):=14n=0; n+2ifnisodd; and n—2if n is even

Let s be the successor function over N, and let A be a computational model with the extensionality [A] :=
{m(s) | i € N}. Let B be the computational model obtained from A by closure under functional composition.
That is, [B] := cl([A]). It can be shown that B is isomorphic to a strict supermodel of itself.
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3. Organizing Model Interpretations

For examining the influence of the domain interpretation on a model we should compare its different
interpretations. Accordingly, we are interested only in the model’s interpretations over its original domain.
Its interpretations over other domains are isomorphic to those over its original domain, as long as it is not a
domain of a lower cardinality. For example, a model has two interpretations with strict containment between
them if and only if it has such two interpretations over its original domain.

We are interested in the containment relation between interpretations. That is, examining when some in-
terpretations are better than others in the sense of strictly containing them. Accordingly, the interpretations
of a model A form a partially ordered set with respect to containment (illustrated in Figure 6).

Viewing interpretations as a partially ordered set, raises a few natural questions:

— How varied can these partially ordered sets be?

— Are there always maximal interpretations?

— Are there models already in their maximal interpretation (termed “interpretation-complete”)?
— How does one choose a proper interpretation?

In what follows we shall shed some light on the subject, considering the above questions and others.
In Section 3.1 we answer the first two questions, showing how varied the set of interpretations can be. In
Section 3.2 we answer the second pair of questions, dealing with the interpretation-completeness of models.

3.1. The variety of interpretations

In general, the set of interpretations may be very varied:

— Some interpretations may be better than the original extensionality while others are worse.

— There might be infinitely many interpretations each contained in the next.

— There might be models with no maximal interpretation!

— Non-bijective interpretations might sometimes add to bijective ones, while in other cases only spoil.

— There are models already having their maximal interpretation (“interpretation-complete”) or at least so
with respect to bijective representations (“interpretation-stable”).

A simple example of how different interpretations may enlarge or decrease the original extensionality is
given in Example 4. Interpreting the model via the representation An.2n enlarges the original extensionality,
providing all the recursive functions. On the other hand, interpreting the model via the representation
An.2n + 1 decreases the original extensionality, leaving only the identity function.

We saw, in Section 2.2, that a model can be isomorphic to a strict supermodel of itself. In such a case,
there are infinitely many interpretations enlarging the original extensionality, as well as infinitely many
decreasing it, while each is contained in the next. Note that this is true for bijective representations, but
not necessarily for injective representations.
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Theorem 12 If A is a model and 7 a bijection such that [A] C [A]x, then for every i € N we have that
[[A]]WL g [[A]]Tri+1 (md IIA]]W—i 2 IIA]]W—(H—l).

Corollary 13 If A is a model for which there is no bijection ® such that [A] C [A]r, then there is also no
bijection 1 such that [A] 2 [A],.

We see that once a model has a better interpretation via a bijective representation it cannot have a
maximal interpretation via a bijective representation. Nevertheless, it might have a maximal interpretation
via an injective representation. There are, however, models with no maximal interpretation at all.
Proposition 14 There are computational models with no maximal interpretation that extends their original
extensionality. That is, there is a computational model A, such that for every representation p for which
[A]l, 2 [A] there is a representation n such that [A], 2 [A],.

We can show that model A of Example 11 is such a model. We also get that interpretations via non-
bijective representations might sometimes only decrease the model’s extensionality, while we saw that in
other cases they can further enlarge it on top of bijective ones.

3.2. Interpretation-completeness and interpretation-stability

We saw that the extensionality of computational models is sensitive to the domain interpretation. There
are, however, models that are already in their maximal interpretation (called “interpretation-complete” or
in short “complete”), or at least so with respect to bijective representations (called “interpretation-stable”
or in short “stable”).

Definition 15 A model A is interpretation-complete if there is no representation p : dom A — dom A
such that [A], 2 [A].

Note that when considering only total functions, the interpretation of a model is also defined to contain
only total functions. In such a case a model is considered complete even if some interpretations can extend
it with partial functions.

Though we generally consider all injective representations, there are also good justifications to stick to
bijective representations, as briefly seen in Section 2, and elaborated on in Section 5 and in [2,4]. Accordingly,
we also define completeness with respect to bijective representations, called “interpretation-stability”:
Definition 16 A model A is interpretation-stable if there is no bijective representation m : dom A — dom A
such that [A]r 2 [4].

Sticking to bijective representations, there are exactly two options for the representation influence:

— Stable model — totally immune to the influence of bijective representations. No better or worse interpre-
tations are possible via bijective representations.

— Unstable model — there is no maximum, nor minimum, interpretation via bijective representations.

The above is illustrated in Figure 7, and proved in Theorem 12 and Corollary 13.
The general case, allowing non-bijective representations, is much more varied (see Figure 8):

— There are stable models that are incomplete.

— There might be a complete model with worse interpretations.

— Bijective representations preserve completeness.

Completeness obviously implies stability, but the opposite is not true. A simple example is the set of all
constant functions except for a single one. A model having this extensionality is stable but incomplete.
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Completeness assures us that the model cannot have an interpretation better than its original extension-
ality. However, it might have an interpretation that decreases its original extensionality.
Proposition 17 An interpretation-complete model might have an interpretation decreasing its extension-
ality. That is, there is an interpretation-complete model A and a representation p such that [A], < [A].
Using only bijective representations, we cannot harm the extensionality of a complete model. This follows
directly from Corollary 13, as a complete model is also stable.
Corollary 18 Let A be a model and p a representation such that [A], is complete and [A], 2 [A]. Then
there is no bijective representation m such that [A]r = [A],.
Corollary 19 Isomorphism preserves stability and completeness. That is, let A and B be isomorphic models,
then A is interpretation-stable iff B is, and A is interpretation-complete iff B is.
Proposition 20 A model with a finite extensionality (implementing finitely many functions) is complete.
Complete models have interesting properties and are generally more convenient to work with. We elaborate
on some of the properties concerning power comparison and isomorphism in Section 4.

3.2.1. Getting mazximal interpretations
A natural question is how to choose a proper representation for getting a maximal interpretation. We
should consider two cases, depending on whether the relevant model is complete or not.
For an interpretation-complete model A, we can get a maximal interpretation by one of the following
means:
— Its original extensionality.
— Via any bijective representation.
— If A is closed under functional composition: via a representation p for which there exists a total injective
function f € [A], such that Im f =TIm p and f~! € [A].
For an incomplete model:
— There is no general known criterion.
— A bijective representation cannot help.
— If one finds a representation via which there is a maximal interpretation, then he can get additional
maximal interpretations with the above techniques for complete models.
The special case of proper representations with respect to effectiveness is considered in Section 5.2.
The claims above follow directly from results of previous sections and the following theorem:
Theorem 21 Let A be a model closed under functional composition, and let p : D — dom A be some
representation. Then [A], is isomorphic to [A] if there is a total injective function h € [A] such that
Imh=1Imp and h ™ rm 1 € [A]ltm &

3.3. Specific models

We turn now to investigate the influence of the domain interpretation on some well known computational
models, as well as on hypercomputational models.
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3.3.1. The recursive functions

The recursive functions (both total and partial) are interpretation-complete! Their completeness is of
special importance due to their réle in the notion of effectiveness. This is elaborated on in Section 5. The
completeness is of both the unary recursive functions and of the functions of any arity.

In Section 3.3.2, it will be shown that the recursive functions are isomorphic to the functions computed
by Turing machines. They are also isomorphic to 3-counter machines, while being a maximal interpretation
of the incomplete 2-counter machines model.

Theorem 22 ([3]) The unary recursive functions are interpretation-complete.
Theorem 23 The partial recursive functions and the total recursive functions are interpretation-complete.

3.3.2. Turing machines

Turing machines are interpretation-complete. As with the recursive functions, this completeness is of
special importance due to the réle of Turing machines in the notion of effectiveness (see Section 5).
Theorem 24 ([3]) Turing machines are interpretation-complete.

When seeking a maximal interpretation for Turing machines or for the recursive functions, the criteria of
Section 3.2.1 may be extended:
Theorem 25 An interpretation [TM], of Turing machines via some injection p is mazimal if [Im p| is
infinite and there is a function h € [TM] such that Im h = Im p.
Note that the function h above needs not be total nor injective.

3.3.3. Counter machines

The model of two counter machines is very interesting. It was shown independently by Janis Barzdins
[1], Rich Schroeppel [19], and Frances Yao that two-counter machines cannot compute the function Az.27.
On the other hand, since two-counter machines can compute all the recursive functions via an injective
representation (viz. n — 2™; see, for example, [12]), it follows that two-counter machines are interpretation-
incomplete.

It turns out that the models of one-counter machines as well as of three-or-more counter machines are
interpretation-complete.

3.3.4. Hypercomputational models

A computational model is generally said to be “hypercomputational” if it computes more than Turing
machines or more than the recursive functions (see Definition 47 in Section 5). Due to the completeness of
Turing machines and the recursive functions, such a model may indeed be regarded as more powerful. Power
comparison is treated in detail in Section 4, and the issue of effective computation over arbitrary domains
is treated in detail in Section 5.

Can we conclude from the interpretation-completeness of the recursive functions that every hypercomputa-
tional model is interpretation-complete? The answer is, in general, “no”. However, if the hypercomputational
model preserves the basic closure properties of the recursive functions, then the answer is “yes”.

The following example is an incomplete hypercomputational model:

Example 26 Let h be the (incomputable) halting function. Define:

2ih(n/2Y)  2° divides n
h; == An. p = An.2n
0 otherwise

Let A be a computational model with the extensionality [A] := RECU{h; | i € NT}. That is, [A] includes
all the recursive functions and all functions h; for i > 1. We have that [A], = RECU {h; | i € N} D [A].

Yet, the completeness proof of the recursive functions (Theorem 23) may be extended to hypercompu-
tational models, as long as they have the relevant closure properties. It also means that their domain is
denumerable, as with higher cardinalities there is no meaning to primitive recursion or minimalization:
Theorem 27 Let A be a computational model over IN computing all the recursive function and closed under
functional composition, primitive recursion and minimalization. Then A is interpretation-complete.
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A special case of such an interpretation-complete hypercomputational model is an oracle Turing machine.
Corollary 28 An oracle Turing machine is interpretation-complete.

4. Comparing Computational Power

It is standard in the literature to compare the power of computational models. However, neglecting the
possibility of interpretation-incomplete models, it is common to say that model B is strictly stronger than
model A when it computes strictly more functions. This might allow one to show that some computational
models are strictly stronger than themselves (see Section 2).

We define a comparison notion over arbitrary domains based on model interpretations. With this notion,
model B is strictly stronger than A if B has an interpretation that contains A, whereas A cannot contain
B under any interpretation.

We start, in Section 4.1, by providing the mathematical definition of the comparison notion. We give a
basic definition, allowing all interpretations, and two additional definitions with some restrictions on the
allowed interpretations. In Section 4.1.1 we extend the notion no non-deterministic models.

In Section 4.2 we provide several results with respect to power comparison, isomorphism and completeness.
In Section 4.3, we compare between some standard models, as Turing machines, stack machines, etc..

4.1. The comparison notions

Since we are only interested here in the extensional quality of a computational model (the set of functions
or relations that it computes), not complexity-based comparison or step-by-step simulation, we use model
interpretations as the basis for comparison.

We generally say that model B is at least as powerful as model A if it can compute whatever A can. When
both models operate over the same domain it simply means containment: B is at least as powerful as A if
[B] 2 [A]. However, when the models operate over different domains we ought to interpret one model over
the domain of the other. Hence, the general comparison notion would say that B is at least as powerful as
A if it has an interpretation that contains A.

As one textbook states [21, p. 30]:

Computability relative to a coding is the basic concept in comparing the power of computation models.. . .

The computational power of the model is represented by the extension of the set of all functions computable

according to the model. Thus, we can compare the power of computation models using the concept

‘incorporation relative to some suitable coding’.

We provide three notions of comparison, depending on the allowed representations. The basic, most per-
missive, comparison notion allows any injection, while the firmest notion allows only bijections. In between,
we define a notion that allows injections for which the “as-powerful” model can fix their image.
Definition 29 (Power Comparison)

— Model B is at least as powerful as model A, denoted B = A, if it has an interpretation that contains the
extensionality of A. That is, B 2 A iff exists an injection p : dom A — dom B, such that [B], 2 [A].

— Model B is decently at least as powerful as model A, denoted B - A, if it has an interpretation that
contains the extensionality of A via a representation for which it can fix its image. That is, B = A iff
exists an injection p : dom A — dom B, such that [B], 2 [A] and there is a total function g € [B] for
which Im g = Im p and such that for every y € Im p we have that g(y) = y.

~ Model B is bijectively at least as powerful as model A, denoted B Z A, if it has a bijective interpretation
that contains the extensionality of A. That is, B Z A iff exists a bijection m : dom A — dom B, such that
Bl 2 [A]

Proposition 30 The computational power relations 2,7, %, are quasi-orders.

Obviously, the two latter comparison notions imply the former one. For the third notion to imply the
second one, it is sufficient that the as-powerful model has some surjective function, even the identity function.
Additionally, when assuming a little more about the representation and the model, the second notion also
implies the third one (see Theorem 21).
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Note 31 When comparing the computational power of models, it should be noted that one function cannot
be “better” than another; only a model can be better than another. There is only an equivalence relation
between functions, where two partial functions, f and g, over the same domain D are deemed equal, denoted
f =g, if they are defined for exactly the same elements of the domain and have the same value whenever
they are defined. For example, a total function f is not better than nor equal to a partial function g that has
the same values as f when it converges. This is clearly demonstrated by taking g to be a ‘halting function’,
which returns 1 when the input encodes a halting machine and diverges otherwise.

Our comparison notions go along with some standard approaches, for instance in [7, p. 24|, [18, p. 27] and
[21, p. 30]. Our decent-comparison notion follows Rabin’s definition of a computable group [16, p. 343]:¢
DEFINITION 3. An indezing of a set S is a one to one mapping i : S — I such that i(S) is a recursive
subset of 1.”

Example 32 Turing machines are at least as powerful as the recursive functions via a unary representation
of the natural numbers. See, for example, [9, p. 147]. Indeed, it is so by all three notions (see Theorem 45).

One may wonder why we do not require the representation to be Turing-computable. A detailed answer
to that is given in Section 5. The main points are:

— When comparing models in the scope of defining effectiveness, the requirement of a Turing-computable
representation leads to a circular definition.

— One may wish to compare sub-recursive models or hypercomputational models, for which Turing-
computability is not necessarily the proper constraint.

Power equivalence. The power equivalence relation between models follows directly from the power com-
parison notion. Models A and B are of equivalent power if A > B and B 2 A.

Definition 33 (Power Equivalence)

— Models A and B are power equivalent, denoted A~ B, if A2 B and B 2 A.

— Models A and B are decently power equivalent, denoted A ~ B, if A > B and B 77, A.

~ Models A and B are bijectively power equivalent, denoted A~ B, if AZ B and B g A.

Example 34 The (untyped) A-calculus is power equivalent to the recursive functions, via Church numer-
als, on the one hand, and via Gddelization, on the other. However, it is not interpretation-complete, as it
cannot even compute the identity function over an arbitrary lambda-term. Hence, it is not bijectively-power
equivalent to the recursive functions (otherwise contradicting the completeness of the recursive functions).

Strictly stronger. We generally think of model B as stronger than model A if it can compute more.
However, because of the sensitivity to the domain interpretation (Section 2), proper containment does not
imply more computational power. That is, [B] 2 [A] # B 2 A. This is so for all three comparison notions.

The proper definition of model B being strictly stronger than model A is that B 2> A while A 2 B.
Definition 35 (Stronger)
~ Model B is stronger than model A, denoted B 2, A, if B 2 A while A Z B.
~ Model B is decently stronger than model A, denoted B 7 A, if B 7 A while A Z B.
~ Model B is bijectively stronger than model A, denoted B z A, if B Z A while A Z B.

Note that for model B to be stronger than model A there should be no injection p via which A 2, B.

In contradistinction to the “as powerful” case, some model B may be bijectively stronger than a model A,
but not stronger than A. However, if A is interpretation-complete, we do have that B Z A implies B 2 A
(Theorem 42).
Example 36 Real recursive functions [1/], operating over R?, are decently stronger than Turing machines.
The comparison is done via an injective representation ¢ : {0,1}* — R?, defined by ], = (0, [z],), where
[z], is the standard binary interpretation over the natural numbers [14, p. 849]. Since the model computes
the floor function (\x.|x|) [14, p. 843], it follows that it also has a function which fizes the representation
image. On the other hand, the real recursive functions are obviously not bijectively stronger than the recursive
functions, as their domain is of a higher cardinality.
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Universal machines. Computation is often performed via universal machines, also referred to as “inter-
preters”. That is, a single machine (or computer program) gets as input both the machine to interpret and
the latter’s input. One may wonder how to compare the computational power of universal machines. From
our point of view, computational power is extensionality, meaning the set of computed functions. Hence,
when comparing universal machines we compare the sets of functions that they interpret. Accordingly, it is
exactly like comparing computational models.

4.1.1. Non-deterministic models

The extension of most of the definitions and theorems given so far (in this section and the previous ones)
to non-deterministic models is quite straightforward. There are, however, some specific issues concerning the
power comparison of non-deterministic models, which will be discussed below.

We begin by defining what we mean by a non-deterministic computational model and its extensionality:
Definition 37 (Non-deterministic Computational Model) A  non-deterministic =~ computational
model A over domain D is any object associated with a set of (non-unary) relations over DU L. This set
of relations is called the extensionality of the non-deterministic computational model, denoted [A].

Note that we use the special symbol L in the above definition for denoting a non-halting computation,
while we did not need it in the definition of a deterministic model (Definition 1). The reason is that a
non-deterministic computation might sometimes diverge on a domain element e and sometimes converge to
some value v. In such a case, the value of the computation will be both L and v, denoted by (e, L), (e, v) in
the (multivalued) function’s description. On the other hand, the divergence of a deterministic function on a
domain element e, may be simply denoted by not having a tuple with e in the function’s description.

As a result of using | to denote divergence, we may assume that all functions have at least one value for
every domain element.

When investigating the influence of the domain interpretation, we are concerned with the containment
relation between the different interpretations of a computational model. Hence, the definitions given in this
section and the previous ones apply to both deterministic and non-deterministic models, as in both types of
models the interpretations are sets of relations.

When we compare the power of computational models, two functions are considered equal if and only
if they are described by the same relation, while a model is as powerful as another if it contains all the
functions of the former (see Note 31). This is also the case when we compare between non-deterministic
models. There might be cases in which a different approach is required, assuming a different equality notion
between functions. For example, two non-deterministic functions might be considered equal if they may
always produce the same value. That is, a function that sometimes diverges and sometimes converges with
the value v is considered equal to a function that always converges with the value v. In such cases, the
comparison notions should be adjusted to take into account the special equality notion between functions.

By this comparison approach, a non-deterministic model B may be as powerful as a deterministic model
A (if it deterministically computes all the functions of A, in addition to its non-deterministic computations),
while the opposite is impossible (when B actually has some non-deterministic computations).

4.2. Power comparison, isomorphism, and interpretation-completeness

The general approach for showing that model B is stronger than model A is tedious — we should negate
the possibility that A 2, B for all injections p. The situation is much simpler with interpretation-complete
models, for which proper containment does imply more power:

Theorem 38 ([3]) For an interpretation-complete model A and some model B, we have that B 2, A iff
there exists an injection p such that [B], 2 [A].

Isomorphism and bijective power equivalence are very similar notions, though not the same. However,
when sticking to interpretation-stable models they do coincide:
Theorem 39

(i) Isomorphism implies bijective power equivalence.

(i1) Bijective power equivalence does not imply isomorphism.
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(iii) For stable models, bijective power equivalence implies isomorphism. That is, if model A is stable, then
for every model B, B is isomorphic to A if and only if it is bijectively power equivalent to A.
Isomorphism preserves stability and completeness (Corollary 19). This is also the case, by the above
theorem, with bijective power equivalence.
Corollary 40 Bijective power equivalence preserves stability and completeness. That is, let A and B be
bijectively power equivalent models, then A is stable iff B is, and A is complete iff B is.
The formulation of the previous theorem can be strengthened for complete models:
Lemma 41 ([3]) If model A is complete and A 2 B Z A for some model B, then A and B are isomorphic.
Interpretation-completeness also helps with showing that some model is stronger than another.
Theorem 42 If model A is complete, then B A implies B 2, A
Theorem 43 ([3]) If model A is complete, A~ B and [B] C [C], for models B and C, then C 2 A.

4.3. Comparison of some Standard Models

As discussed in the beginning of this section, the proper containment between the recursive functions
and the primitive recursive functions does not imply that the former are strictly more powerful than the
latter. Nonetheless, the recursive functions are indeed strictly more powerful, even by the general comparison
notion, allowing all possible interpretations of the primitive recursive functions.

Theorem 44 ([3]) The primitive recursive functions are strictly weaker than the recursive functions.

We do not know if the primitive recursive functions are interpretation-complete, Theorem 44 notwith-
standing.

It is common to show that Turing machines and the recursive functions are of equivalent computational
power. Actually, they are isomorphic. We base the proof on known results, given in [10].

Theorem 45 ([3]) Turing machines, over a binary alphabet, and the recursive functions are isomorphic.

From [10,3] we also have that random access machines and counter machines with unlimited number of
counters have exactly the same extensionality as the recursive functions.

This is not the case with two-counter machines. They are of equivalent power to the recursive functions,
however not isomorphic to them. Indeed, they are bijectively-weaker than them (otherwise contradicting the
stability of the recursive functions).

By known results, two-stack machines have the same extensionality as Turing machines.

Due to the closure properties of Turing machines and the recursive functions, they are bijectively at least
as powerful as some model A if and only if they are decently at least as powerful as A.

Theorem 46 Let A be a computational model operating over a denumerable domain. Then Turing machines
and the recursive functions are decently at least as powerful as A if and only if they are bijectively at least
as powerful as A. That is, TM 7 A iff TM Z A iff REC Z A iff REC g A.

5. Effective Computation

In 1936, Alonzo Church and Alan Turing each formulated a claim that a particular model of computa-
tion completely captures the conceptual notion of “effective” computability. Church [6, p. 356] proposed
that effective computability of numeric functions be identified with Gédel and Herbrand’s general recursive
functions, or — equivalently, as it turned out [6] — with Church and Kleene’s lambda-definable functions of
positive integers.

Turing, on the other hand, explicitly extends the notion of “effective” beyond the natural numbers [23,
fn. p. 166] (emphasis added):

We shall use the expression “computable function” to mean a function calculable by a machine, and we

let “effectively calculable” refer to the intuitive idea without particular identification with one of these

definitions. We do not restrict the values taken by a computable function to be natural numbers; we may
for instance have computable propositional functions.

Our purpose, in Section 5.1, is to formalize and analyze the Church-Turing Thesis, referring to functions
over arbitrary domains.
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Equipped with this definition, and due to the interpretation-completeness of Turing machines, we define,
in Section 5.2, effective representations of constructible domains.

5.1. The Church-Turing Thesis over arbitrary domains

Simply put, the Church-Turing Thesis is not well defined for arbitrary domains: the choice of domain
interpretation might have a significant influence on the outcome. We explore below the importance of the
domain interpretation and suggest how to overcome this problem.

Computational model versus single function. A single function over an arbitrary domain cannot be clas-
sified as computable or not. Its computability depends on the representation of the domain.? For example,
the (uncomputable) halting function over the natural numbers (sans the standard order) is isomorphic to
the simple parity function, under a permutation of the natural numbers that maps the usual codes of halting
Turing machines to strings ending in “0”, and the rest of the numbers to strings ending with “1”. The result
is a computable standalone “halting” function.

An analysis of the classes of number-theoretic functions that are computable relative to different notations
(representations) is provided by Shapiro [20, p. 15]:

It is shown, in particular, that the class of number-theoretic functions which are computable relative

to every notation is too narrow, containing only rather trivial functions, and that the class of number-

theoretic functions which are computable relative to some notation is too broad containing, for example,
every characteristic function.

An intuitive approach is to restrict the representation only to “natural” mappings between the domains.
However, when doing so in the scope of defining “effectiveness”, one must use a vague and undefined notion.

This problem was already pointed out by Richard Montague on 1960 [13, pp. 430-431]:

Now Turing’s notion of computability applies directly only to functions on and to the set of natural

numbers. Even its extension to functions defined on (and with values in) another denumerable set S

cannot be accomplished in a completely unobjectionable way. One would be inclined to choose a one-to-

one correspondence between S and the set of natural numbers, and to call a function f on S computable if
the function of natural numbers induced by f under this correspondence is computable in Turing’s sense.

But the notion so obtained depends on what correspondence between S and the set of natural numbers

is chosen; the sets of computable functions on S correlated with two such correspondences will in general

differ. The natural procedure is to restrict consideration to those correspondences which are in some sense

‘effective’, and hence to characterize a computable function on S as a function f such that, for some

effective correspondence between S and the set of natural numbers, the function induced by f under this

correspondence is computable in Turing’s sense. But the notion of effectiveness remains to be analyzed,
and would indeed seem to coincide with computability.

Stewart Shapiro suggests a definition of “acceptable notation”, based on intuitive concepts [20, p. 18]:

This suggests two informal criteria on notations employed by algorithms:

(1) The computist should be able to write numbers in the notation. If he has a particular number in
mind, he should (in principle) be able to write and identify tokens for the corresponding numeral.

(2) The computist should be able to read the notation. If he is given a token for a numeral, he should
(in principle) be able to determine what number it denotes.

It is admitted that these conditions are, at best, vague and perhaps obscure.

Michael Rescorla argues that the circularity is inherent in the Church-Turing Thesis [17].

A possible solution is to allow any representation (injection between domains), while checking for the
effectiveness of an entire computational model. That is, to check for the computability of a function together
with the other functions that are computable by that computational model. The purpose lying behind
this idea is to view the domain elements as arbitrary objects, deriving all their meaning from the model’s

2 There are functions that are inherently uncomputable, via all domain representations. For example, a permutation of some
countable domain, in which the lengths of the orbits are exactly the standard encodings of the non-halting Turing machines.

65



functions. For example, it is obvious that the halting function has a meaning only if one knows the order of
the elements of its domain. In that case, the successor function provides the meaning for the elements.

Two variants of this solution, corresponding to the variants of our comparison notion (Definition 29),
are to either allow only bijective representations, or else allow injections provided that their images are
computable.

Adopting the above approach of checking for computability of an entire computational model, we interpret
the Church-Turing Thesis as follows:

Thesis A. All “effective” computational models are of equivalent power to, or weaker than, Turing ma-

chines.

By “effective”, in quotes, we mean effective in its intuitive sense.

By a “computational model” we refer to any object that is associated with a set of partial functions
(Definition 1). By “equivalent to, or weaker than” we refer to the comparison notions of Definition 29.

A strict supermodel of the recursive functions (or Turing machines) is a “hypercomputational” model.
Definition 47 (Hypercomputational Model) A computational model H is hypercomputational if it is
stronger than Turing machines. That is, if H Z TM. (The corresponding variations, using bijective power
comparison or decent power comparison, are H s>e T™M or H 7, TM.)

Our interpretation of the Church-Turing Thesis (Thesis A) agrees with Rabin’s definition of a computable
group [16, p. 343], as well as with its generalization, by Lambert [24, p. 594], to any algebraic structure.
Similar notions were also presented by Froehlich and Shepherdson [8] and Mal’cev [11].

Influence of representations. The Church-Turing Thesis, as stated above (Thesis A), matches the intuitive
understanding only due to the interpretation-completeness of Turing machines (Theorem 24). Were the thesis
defined in terms of two-counter machines (2CM), for example, it would make no sense: a computational model
is not necessarily stronger than 2CM even if it computes strictly more functions.

5.2. Effective representations

What is an effective representation? We argued above that a “natural representation” must be a vague
notion when used in the context of defining effectiveness. We avoided the need of restricting the representation
by checking the effectiveness of entire computational models. But what if we adopt the Church-Turing Thesis;
can we then define what is an effective string representation?

Simply put, there is a problem here. Turing machines operate only over strings. Thus a string represen-
tation, which is an injection from some domain D to 3*, is not itself computable by a Turing machine. All
the same, when we consider, for example, string representations of natural numbers, we can obviously say
regarding some of them that they are effective. How is that possible? The point is that we look at the nat-
ural numbers as having some structure, usually assuming their standard order. A function over the natural
numbers without their order is not really well-defined. As we saw, the halting function and the simple parity
function are exactly the same (isomorphic) function when numbers are unordered.

Hence, even when adopting the Church-Turing Thesis, a domain without any structure cannot have an
effective representation. It is just a set of arbitrary elements. However, if the domain comes with a generating
mechanism (as the natural numbers come with the successor) we can consider effective representations.

Due to the interpretation-completeness of the recursive functions and Turing machines, we can define
what is an effective string representation of the natural numbers (with their standard structure). A similar
definition can be given for other domains, provided that they come with some finite means of generating
them all, akin to successor for the naturals.

Definition 48 An effective representation of the natural numbers by strings is an injection p : N — X*,
such that p(s) is Turing-computable (p(s) € [TM]), where s is the successor function over IN.

That is, a representation of the natural numbers is effective if the successor function is Turing-computable
via this representation.
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Note 49 One may also require that the image of the representation p is Turing computable, along the decent
power comparison notion. In such a case, there would also be a corresponding bijective representation (see
Theorem 21 and 25).

We justify the above definition of an effective representation by showing that: (a) every recursive func-
tion is Turing-computable via any effective representation; (b) every non-recursive function is not Turing-
computable via any effective representation; and (c) for every non-effective representation there is a recursive
function that is not Turing-computable via it.

Theorem 50 ([5])

(a) Let f be a recursive function and p : IN — X* an effective representation. Then p(f) € [TM].

(b) Let g be a non-recursive function and p : N — X* an effective representation. Then p(g) ¢ [TM].

(¢) Let n : N — X* be a non-effective representation. Then there is a recursive function f, such that

n(f) ¢ [TM].

To see the importance of the interpretation-completeness for the definition of an effective representation,
one can check that an analogous definition cannot be provided with two-counter machines as the yardstick.

Our definition of an effective representation resembles Shapiro’s notion of an “acceptable notation” [20,
p. 19] and goes along with Weihrauch’s justifications for the effectiveness of the “standard numberings”
(representations by natural numbers) [25, p. 80-81]. A description of the correlation between our notion and
Shapiro’s and Weihrauch’s notions can be found in [5].

6. Discussion

Key points. In this paper, we have explored various aspects of the influence of domain interpretations on
the extensionality of computational models, and suggested how we believe they should be handled. Some of
the key points are:

— The extensionality of computational models is a very interesting set (of functions) — it varies from “fluid”

sets for which containment does not mean more power, as with ordinary sets, to explicit, complete, sets

for which nothing can be added without additional power.

Get to know your model: Is it interpretation-stable or interpretation-complete?

— Compare computational power properly.

— Turing machines and the recursive functions are shown to be robust, this time from the representa-
tion/interpretation point of view.

— Effectiveness does not apply to a single function; it is a set of functions, or a function together with its
domain constructors, that may be deemed effective.

Domain Representation. One might think that our study is a part of the “domain representation” research

area. This is not the case. Indeed, the basic concept of “representation” is the same: one set of elements is
represented by a subset of another set. Nevertheless, the issues studied are very different. Domain repre-
sentation concerns mapping of some (possibly topological/metric) sets into domains (partially ordered sets
with some properties), and studies the (topological/metric) properties preserved via the mappings.

Further research. A central issue, yet to be understood, is the relation between the internal mechanism
of a computational model and its extensional properties of interpretation-completeness and interpretation-
stability. With the recursive functions, this relation is apparent, shown in the proof of their interpretation-
completeness. However, we do not know how to relate, in general, the completeness or stability of a compu-
tational model to its internal mechanism. A more specific open question is whether there is some standard,
well known, computational model that is unstable.
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Abstract

Population protocols have been introduced as a model of sensor networks consisting
of very limited mobile agents with no control over their own movement. A popu-
lation protocol corresponds to a collection of anonymous agents, modeled by finite
automata, that interact with one another to carry out computations, by updating
their states, using some rules.

Their computational power has been investigated under several hypotheses but
always when restricted to finite size populations. In particular, predicates stably
computable in the original model have been characterized as those definable in
Presburger arithmetic.

In this paper, we study mathematically a particular population protocol that we
show to compute in some natural sense some algebraic irrational number, whenever
the population goes to infinity. Hence we show that these protocols seem to have a
rather different computational power when considered as computing functions, and
when a huge population hypothesis is considered.

1 Motivation

The computational power of networks of finitely many anonymous resource-
limited mobile agents has been investigated in several recent papers. In partic-
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ular, the population protocol model, introduced in [1], consists of a population
of finite-state agents that interact in pairs, where each interaction updates the
state of both participants according to a transition based on the previous
states of the participants. When all agents converge after some finite time to
a common value, this value represents the result of the computation.

Several variants of the original model have been considered but with com-
mon features. Following survey [3]: anonymous finite-state agents (the system
consists of a large population of indistinguishable finite-state agents), compu-
tation by direct interaction (an interaction between two agents updates their
states according to a joint transition table), unpredictable interaction patterns
(the choice of interactions is made by an adversary, possibly limited to pairing
only agents in an interaction graph), distributed input and outputs (the input
to a population protocol is distributed across the initial state of the entire pop-
ulation, similarly the output is distributed to all agents), convergence rather
than termination (the agents’ output are required to converge after some time
to a common correct value).

Typically, in the spirit of [1] and following papers (see again [3] for a survey),
population protocols are assumed to (stably) compute predicates: a population
protocols stably computes a predicate ¢, if for any possible input x of ¢,
whenever ¢(x) is true all agents of the population eventually stabilize to a state
corresponding to 1, and whenever ¢(x) is false, all agents of the population
eventually stabilize to a state corresponding to 0.

Predicates stably computable by population protocols in this sense have been
characterized as being precisely the semi-linear predicates, that is to say those
predicates on counts of input agents definable in first-order Presburger arith-
metic [9]. Semilinearity was shown to be sufficient in [1] and necessary in [2].

In this paper, we want to study a new variant: we assume a population close
to infinity (we call this a huge population hypothesis), and we don’t want to
focus on protocols as predicate recognizers, but as computing functions. We
assume outputs to correspond to proportions, which are clearly the analog of
counts whenever the population is infinite or close to infinity.

Indeed, we consider a particular population protocol, that we prove to con-
verge, whatever its initial state is, to a fraction of ? agents in a given state.
We hence show that some algebraic irrational values can be computed in this
sense. We also give an asymptotic development of the convergence.

Our motivation is to show that protocols, considered with these two hypothe-
ses (huge population, computing functions and not only predicates), have a
rather different power.

We consider this paper as a first step towards understanding which numbers
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can be computed by such protocols. Whereas we prove in this paper that g
can be computed, and whereas this is easy to see that computable numbers
in this sense must be algebraic numbers of [0, 1], we didn’t succeed yet to
characterize precisely computable numbers.

In this more long term objective, the aim of this current paper is first to
discuss in which sense one can say that these protocols compute an irrational
algebraic value such as ¥2 and second to study mathematically formally the

2
convergence.

Our discussion is organized as follows. In Section 2, we present classical finite-
size population protocols and related work. In Section 3, we present the con-
sidered system. In Section 4, as a preliminary discussion, we discuss what
can be said when population is assumed to be finite. The rest of the paper
is devoted to consider the case of an infinite population. To do so, we first
do some mathematical computations in Section 5, in order to use a general
theorem presented in Section 6 from [10] about approximation of diffusions.
This theorem yields the proof of convergence in Section 7. We prove in Sec-
tion 8 that this is even possible to use the same theorem to go further and
get an asymptotic development of the convergence. Section 9 is devoted to a
conclusion and a discussion.

2 Related Work

Population protocols have been introduced in [1]. In the paper, the authors
proved that all semi-linear predicates can be computed but left open the ques-
tion of their exact power. This was solved in [2], where it has been proved that
no-more predicates can be computed.

The population protocol model was inspired in part by the work by Diamadi
and Fischer on trust propagation in social networks [5]. The model proposed
in [1] was motivated by the study of sensor networks in which passive agents
were carried along by other entities. The canonical example given in this latter
paper was sensors attached to a flock of birds.

Much of the work so far on population protocols has concentrated on charac-
terizing what predicates on the input configurations can be stably computed
in different variants of the models and under various assumptions, such as
bounded-degree interaction graphs and random scheduling [3].

Variants considered includes restriction to one-way communications, restric-
tion to particular interaction graphs, random interactions, self-stabilizing so-
lutions through population protocols to classical problems in distributed algo-
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rithmic, the taking into account of various kind of failures of agents, etc. See
survey [3]. As far as we know, a huge population hypothesis in the sense of
this paper, has not been considered yet.

Notice that we assume that interactions happen in probabilistic way, according
to some uniform law. In the original population protocol model, only specific
fairness hypotheses were assumed on possible adversaries [1]. Somehow our no-
tion of adversary is stronger: for finite state systems, this satisfies the fairness
hypotheses of the original model, but for infinite state systems, we think that
this becomes more natural to expect such a notion, since fairness hypotheses
in the sense [1] become problematic to generalize. Notice that this notion of
adversary has already be considered for finite state systems [3], in order to
study speed of convergence of specific algorithms.

The result proved in this paper can be considered as a macroscopic abstraction
of a system given by microscopic rules of evolutions. See survey [7] for general
discussions about extraction of macroscopic dynamics.

Whereas the ordinary differential equation (9) can be immediately abstracted
in a physicist approach from the dynamic (1), the formal mathematical equiv-
alence of the two is not so immediate, and is somehow a strong motivation of
this paper.

Actually, these problems seem to arise in many macroscopic justification of
models from their microscopic description in experimental science: See for
example the very instructive discussion in [8] about assumptions required for
the justification of the Lotka-Volterra (predator-prey) model of population
dynamics. In particular, observe that the fact that microscopic correlations
must be neglected (i.e. E[XY] = E[X|E[Y] is needed, where E is expectation).
With a rather similar hypothesis (here assuming E[p?] = E[p]?), dynamic (9)
is clear from rules (1). Somehow, we prove here that this hypothesis is not
necessary for our system.

The techniques used in this paper are based on weak convergence techniques,
introduced in [10], relating a stochastic differential equation (whose solutions
are called diffusions) to approximations by a family of Markov processes. Refer
also to [6] for an introduction to these techniques. The theorem used here is
actually based on the presentation of [4] of a theorem from [10].

3 The Considered System

We now present our system, in a self-contained manner, to avoid to rede-
fine formally population protocols. However, the reader can check that this is
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indeed a (non-stably-converging in the sense of [1]) population protocol.

We consider a set of n anonymous agents. Each agent can be in state + or
in state —. A configuration hence corresponds to an element of S = {+, —}".
There are 2" such configurations.

Suppose that time is discrete.

At each discrete round, two agents are paired. These two agents are chosen
according to a uniform law (without choosing twice the same). The effect of
a pairing is given by the following rules:

++ = +—
+— > 4+
—+ = ++

___>+_

These rules must be interpreted as follows: if an agent in state + is paired with
an agent in state +, then the second becomes —. If an agent in state + is paired
with an agent in state —, then the second becomes +, and symmetrically. If
an agent in state — is paired with an agent in state —, then the first becomes
in state +.

We want to discuss the limit of the proportion p(k) of agents in state + in the
population at discrete time k. If ny (k) denotes the number of agents in state
+, and n_(k) = n — ny (k) the number of agents in state —,

V2

The object of the rest of this paper is to show the convergence of p to 5

whenever k goes to infinity, and n goes to infinity.

4 A Preliminary Discussion: The Case of Finite Size Populations

Let us first restate what we are considering by discussing the case of a fixed n.
Clearly, the previous rules of interactions can be considered as a description of
a discrete time homogeneous Markov chain. This Markov chain has 2" states
corresponding to all configurations. Special configuration s~ = (—, —, -+, —)
where all agents are in state — is immediately left with probability 1 to a
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configuration of S* = S — {s~}. Now, any configuration s’ € S* is clearly
reachable from any configuration s € S* with positive probability.

Hence, the sequence p(k)x>; is an irreducible Markov chain on S*.

Let us discuss the basic transition probabilities of this irreducible Markov
chain.

At any time step, when selecting an agent in the soup uniformly, it will be in
state + with probability p(k), and in state — with probability 1 — p(k).

The other agent with whom it will be paired is selected in the rest of the
population:

e if the first agent was in state —I— then the other will be in state 4+ with
probability =+ k) L = p(k)-"5 with probability = k)
(k)2

Hence the probability that two agents in state + are paired, and that an
agent in state + is paired to an agent in state — are given respectively by

n 1

—p(k)

Ty = p(k)’

n—1 n—1

and
n n

— n(k)?

— —P(k)
e Otherwise, the first agent is in state —. In this case, the other will be in
state + with probability = k) = p(k)-"5, and in state — with probability

ne=l ) p(k)-2o

n—1 n—1"

Hence the probability that an agent in state — is paired with an agent in
state 4+, and that an agent in state — is paired with an agent in state — are

given respectively by

T = p(k) n—1

and
1—-2n

n
7T__:1+p(k)n_1

n—1

+ p(k)?

To any state s € S* of the Markov chain is associated some proportion p(k) =

"+ of agents in state +, that takes value in V' = TIL, i, %, .-+, 1}. Clearly,
from above discussions, the Markov chain on S* can be abstracted on an
irreducible Markov chain on this latter set V. As it evolves on finite set V, it

is positive recurrent.

The number of agents in state + is increased by one by the second, third and
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fourth rule, hence with probability
Ty =T+ +7m_=1—mpy,
and is decreased by one by the first rule, hence with probability

T = T44.

By ergodic theorem whatever the initial distribution of probability on states
is, the sequence p(k) will ultimately converge in law to the unique stationary

distribution 7 of the Markov chain on V. Distribution 7 is given by the unique
solution with 7', 7(%) = 1 to the global balance equations

w0y = n( " Dy

)7T—17
for i =1,2,--- ,n (interpreting 7(0) and m(*) as 0).

As the unique solution to a rational system of equations is rational, the prob-
abilities (%) are rational, and hence expectation E[p] on the stationary dis-

tribution, that can be computed from this stationary distribution by

is rational.

Hence, when the population is finite, this is clear that the proportion of agents
in state + converges in law to some rational value, that can be computed as
above.

The purpose of the rest of the discussion, is to see that when n goes to infinity,
v

the mean value of p(k) converges to some irrational algebraic value, i.e. to 72
Notice also that it follows from the fact that the chain restricted to S* is
irreducible that all configurations of S* are visited with some positive proba-
bility. Hence, in the classical model of [1] this protocol cannot stably compute
any non-trivial predicate. Our notion of convergence is different, and based
on convergence towards limit distributions on proportions, which is a natural
notion when considering huge populations.

5 Computing Expectation and Variance of Increments

As all rules increase or decrease by 1 the number of agents in state 4, given
n. (k), one knows that the increment A, = n,(k + 1) — n, (k) takes its value
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in {—1,1}.

From previous discussions, we have:

n 1
Ty =1 —p(k)Qm +P(k)ﬁ

and
n 1

— p(k)

71 = p(k)? —

n—1
We get

E[A,ng(kB)] =1xm — 1 X7y,
from which we get the fundamental equation at the source of the following
discussion:

Bl (b +1) = ny (B)ns ()] = 1 — 2p(k)*—— 4 p(k)——  (2)

n—1 n—1
Remark 1 When n goes to infinity, this converges to 1 — 2p(k)?.

Assuming that limit commutes, and that the limit p* of p(k) when k goes to
infinity exists, it must cancel this quantity. Indeed, the system must converge
to configuration(s) when one doesn’t create nor destroy + in mean.

V2

We get clearly that the limit can only be p* = %=.

The remaining problem is hence to justify and discuss mathematically the con-
vergence.

We will first compute

EA2In (k)] =1xm+1 X7
=1

It follows, from Equations (2) and (3), that we have

Elp(k + 1) —p®lp(h)] = (1 - 2p(kY " 4 p(k) ), ()
which yields the equivalent
nE[p(k + 1) — p(k)|p(k)] ~ 1 - 2p(k)? ()
when n goes to infinity, and
Bl(p(k +1)  p(k)Plp(k)] = 5. (6
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which yields the equivalent

nE[(p(k + 1) — p(k))*|p(k)] ~

S|

when n goes to infinity.

6 A General Theorem about Approximation of Diffusions

We will use the following theorem from [10]. We use here the formulation of
it in [4] (Theorem 5.8 page 96).

Suppose that we have for all integer n > 1, an homogeneous Markov chain
(V™) in RY of transition (" (x, dy), that is to say so that the law of "'} con-

ditioned by YU"), e ,Yk(") depends only on Y,ﬁ(") and is given, for all Borelian
B, by
P(Y1 € BIYy") = =" (v, B).

almost surely.
Define for z € R,
b (@) = n [ (y = 2)r (. dy),
@) =n [(y = 2)y - 2)'7 (@, dy),
KO (@) =n [(y = 2)7 (2, dy)

A () = na™(z, B(x, €)%,

€

where B(z,€)¢ is the complement of the ball centered in z of radius e.
Define
X0ty =y + (e — [ty = v ).

The coefficients b™ and ™ can be interpreted as the instantaneous drift and
variance (or matrix of covariance) of X ™.

Theorem 1 (Theorem 5.8, page 96 of [4]) Suppose that there exist some
continuous functions a,b, such that for all R < 400,

lim supjy<g|a™ (z) —a(x)| =0

Tim_ supiy<r|b™ () — b(z)| = 0

Tbh—»Holo sup|$|§RA§”) =0,Ve >0
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sup K™ (z) < oo,
lz|<R

With o a matriz such that o(x)o*(z) = a(z), v € R?, we suppose that the
stochastic differential equation

dX (1) = b(X())dt + o(X(£)dB(t), X(0) =z, 8)

has a unique weak solution for all x. This is in particular the case, if it admits
a unique strong solution.

Then for all sequence of initial conditions YO(") — x, the sequence of random
processes X™) converges in law to the diffusion given by (8).

In other words, for all function F : C(RT,R) — R bounded and continuous,
one has

lim E[F(X™)] = E[F(X)].

n—oo

7 Proving Convergence

Consider Yi(n) as the homogeneous Markov chain corresponding to p(k), when
n is fixed. From previous discussions, 7™ (z,.) is a weighted sum of two Dirac
that weight x—% and x+%, with respective probabilities 7_; and 7,1, whenever
x is of type ﬁ for some 1.

Set a(x) = 1 — 222, and b(x) = 0. From the equivalent (5) and (7), we have
clearly

lim supji<rla™ (z) — a(z)| = 0
Jim sup|ai<r|d™ (z) — b(x)| = 0

for all R < +o0.

Since the jumps of Y™ are bounded in absolute value by %, A™ is null, as
soon as % is smaller than €, and so

7111}010 sup|x|§RA£”) =0,Ve >0

sup K™ (z) < oo
|z|<R
is easy to establish.

Now, (ordinary and deterministic) differential equation

dX(t) = (1 —2X?%)dt (9)
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has an unique solution for any initial condition.

It follows from above theorem that the sequence of random processes X ™
defined by
n n) (n n)
X8 = Y + (nt = [nt (Y = V()
converges in law to the unique solution of differential equation (9).

Clearly, all solutions of ordinary differential equation (9) converge to ? Doing

the change of variable Z(t) = X(t) — g, we get

dZ(t) = (=22° + 2v/27)dt, (10)
that converges to 0.
Coming back to p(k) using definition of X (™ (t), we hence get

Theorem 2 We have for all t,

\V)

o)) =2+ 2,0),

where Z,(t) converges in law when n goes to infinity to the (deterministic)
solution of ordinary differential (10). Solutions of this ordinary differential
equation go to 0 at infinity.

This implies that p(k) must converge to ? when k and n go to infinity.

8 An Asymptotic Development of the Dynamic

This is actually possible to go further and prove the equivalent of a central limit
theorem, or if one prefers, to do an asymptotic development of the convergence,
in terms of stochastic processes.

As p(k) is expected to converge to g, consider the following change of variable:

The subtraction of g is here to get something centered, and the /n factor is
here in analogy with classical central limit theorem.

Clearly, Y™ (.), that we will also note Y'(.) in what follows when n is fixed, is
still an homogeneous Markov Chain.
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We have
EY(k+1) =Y(k)Y (k)] = Vn(E[pk + 1) — p(k)|p(k)]),

hence, from (4),

EY (k+1) =Y(&)Y(F)] =

(1= 2k 4 plh) ).

-1 n—1

ik

Using p(k) = %2 + %, we get

IS

E[Y (k+1) = Y(R)Y(k)] = 2225 +Y(k) (=23

+ﬁ) +Y (k) (- \/5(721—1))

which yields the equivalent
nEY (k+1) = Y ()Y (k)] ~ —2v/2Y (k)
when n goes to infinity.

We have

E[(Y(k+1) = Y(k)*[Y (k)] = n(E[(p(k + 1) — p(k))*[p(k)]),
hence, from equation (6),

nE[(Y(k+1) =Y (k)?|Y(k)] =1.

Set a(x) = —2v/2z, b(z) = 1.
From the above calculations we have clearly

Tim_supjyi<rlat™ (z) — a(z)] = 0

lim sup|ei<r|b™ (z) — b(x)| = 0
for all R < +o0.

Since the jumps of Y™ are bounded in absolute value by ﬁ, A™ is null, as
soon as ﬁ is smaller than €, and so

nh—>r20 sup|x|§RA£”) =0,Ve >0

sup K™ (z) < oo
lz|<R

80



is still easy to establish.
Now stochastic differential equation
dX (t) = —2V2X (t)dt + dB(t) (11)

is of a well-known type. This is an Orstein-Uhlenbeck process, i.e. a stochastic
differential equation of type

dX (1) = —bX ()dt + odB(t).

Such an equation is known to have a unique solution for all initial condition
X (0) = 2. This solution is given by (see e.g. [4])

¢
X(t) =e "X (0)+ [ e ¥gdB(s).
0

It is known for these processes, that for all initial condition X (0), X (¢) con-
verges in law when ¢ goes to infinity to the Gaussian N (0, ‘;—Z) This latter
Gaussian is invariant. See for e.g. [4].

We have all the ingredients to apply Theorem 1 again, and get:

Theorem 3 We have for all t,

plint)) = 22+ J=A,00),

where A, (t) converges in law to the unique solution of stochastic differential

equation (11), and hence to the Gaussian N (0, %) when t goes to infinity.

9 Conclusion

In this paper we considered a particular system of rules. This system describes
a particular population protocol. These protocols have been introduced in [1]
as a sensor network model. Whereas for original definitions of the latter paper
it is not considered as (stably) convergent, we proved that it actually computes
in some natural sense some irrational algebraic value: indeed, the proportion
of agents in state + converges to g, whatever the initial state of the system
is.

One aim of this paper was to formalize the proof of convergence. We did it
using a diffusion approximation technique, using a theorem due to [10]. We
detailed fully the proof in order to convince our reader that our reasoning can
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be easily generalized to other kinds of rules of the same type. In particular,
this is easy to derive from the protocol considered here another protocol that

would compute ,/\g , by working with an alphabet made of pairs of states.

Clearly, the arguments here would prove its convergence.

We consider this paper as a first step towards understanding which numbers
can be computed by such protocols. Whereas we prove in this paper that g
can be computed, and whereas this is easy to see that computable numbers
in this sense must be algebraic numbers of [0, 1], we didn’t succeed yet to
characterize precisely computable numbers.
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Emergence as a Computability-Theoretic
Phenomenon

S. Barry Cooper
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Abstract

In dealing with emergent phenomena, a common task is to identify useful descrip-
tions of them in terms of the underlying atomic processes, and to extract enough
computational content from these descriptions to enable predictions to be made.
Generally, the underlying atomic processes are quite well understood, and (with
important exceptions) captured by mathematics from which it is relatively easy to
extract algorithmic content.

A widespread view is that the difficulty in describing transitions from algorithmic
activity to the emergence associated with chaotic situations is a simple case of com-
plexity outstripping computational resources and human ingenuity. Or, on the other
hand, that phenomena transcending the standard Turing model of computation, if
they exist, must necessarily lie outside the domain of classical computability theory.

In this article we suggest that much of the current confusion arises from con-
ceptual gaps and the lack of a suitably fundamental model within which to situate
emergence. We examine the potential for placing emergent relations in a familiar
context based on Turing’s 1939 model for interactive computation over structures
described in terms of reals. The explanatory power of this model is explored, for-
malising informal descriptions in terms of mathematical definability and invariance,
and relating a range of basic scientific puzzles to results and intractable problems
in computability theory.

Key words: Computability, emergence, definability, Turing invariance.

1 Computability and Emergence

Since the time of Turing, computability as a concept has hardened, become
hedged around by its impressive technical development and its history, until
its role from almost any viewpoint has become tangential to the very real
mysteries of how one models the real universe. This turn of events has had

Preprint submitted to Elsevier 9 July 2008



an air of inevitability, in that even Turing, with his remarkable ability for
clarifying concepts and basic questions, was unable to fully import his concerns
about the nature of computability into the burgeoning formal framework of
recursion theory. And many of those who took up the technical development
of the subject not only lacked Turing’s vision, but became diverted by the
pure excitement and mathematical beauty of the new academic field. Thomas
Kuhn’s ‘normal science’ contains its own excitements and its minor paradigm
shifts, as well as delivering safe research careers.

From the point of view of the logician, recursion theory concerns on the
one hand a computable universe whose theory derives its significance from
computer-scientific concerns, with a technical content owing only a very basic
and vestigial debt to its logical origins. And on the other hand, exhibits an
arcane preoccupation with the development of a theory of incomputability, for
which its practitioners have no explanation or evidence for its existence in
the material world. One may be uneasy about the public criticisms by Mar-
tin Davis, Stephen Simpson, and others (see [12]), but their views are widely
respected.

This leaves many, with eyes wide enough open to see the accumulated evidence
of real-world misbehaviour, looking elsewhere for models. Presented with phe-
nomena with seemingly no hope of ever being reduced to a simple classi-
cal computational model, the natural alternative has been to develop models
with direct links to quite particular instances of apparent incomputability in
a physical setting. Much of this work, giving rise to a wide range of so-called
‘new computational paradigms’, has taken on a distinctly ad hoc aspect. Even
though the theoretical underpinnings of this newness are absent — even the
standard model of quantum computation is not free from continued scrutiny —
the delivery of computational outcomes sufficiently separated from the model’s
real-world template is taken as a pointer to useful applications.

One can highlight three key challenges to a reductionist view of the compu-
tational content of the universe, and to the explanational potentialities of the
computability framework. All three are familiar to the informed non-specialist,
are strikingly hard for the specialist to deal with, and are associated with con-
troversies, speculations, and a missing clarity which suggests a corresponding
missing conceptual ingredient. Quantum phenomena, and the human brain,
present the two most unavoidable challenges to the reductionist agenda. There
are other relatively specific examples, such as the puzzle of the origins of life.
But these are less dramatic, and less in the public domain. The third challenge
— emergence — is at first sight less obviously disturbing, but is more preva-
lent, more protean in its manifestations, more theoretically deconstructable,
and — ultimately — more likely to give rise to a basic theoretical model of
wide application. And potentially of wide enough relevance to throw light on
the two first and more immediate challenges to our understanding of the world.

84



Emergence lies at the core of a number of controversies in science, often used
in a descriptive and speculative way to challenge more mechanistic and re-
ductive attempts to interpret the universe. Out of this dichotomy arises a
less-than-illuminating polarisation into a relative faithfulness to the simpler
Laplacian constructs of the scientific age, and a contemporary counter-culture
insistent on the essential mystery and predominance of emergent phenomena.
The purpose of this article is to point to some sort of reconciliation, mediated
by classical computability concepts going back to Turing — the unifying per-
sonality both in his overall concerns with computability, and in his breadth of
interests, taking in his seminal work on emergence, in the form of his work on
morphogenesis, and specifically phyllotaxis.

2 What is Emergence?

The term emergence is increasingly used in all sorts of contexts, often to
describe any situation in which there appears to be a breakdown in reductionist
explanation, or where there appears to be a global rather than purely local
causal dynamic at work. This is how Stuart Kauffman [26] argues in his recent
book on Reinventing the Sacred: A New View of Science, Reason and Religion
(p.281):

We are beyond reductionism: life, agency, meaning, value, and even con-
sciousness and morality almost certainly arose naturally, and the evolution
of the biosphere, economy, and human culture are stunningly creative often
in ways that cannot be foretold, indeed in ways that appear to be partially
lawless. The latter challenge to current science is radical. It runs starkly
counter to almost four hundred years of belief that natural laws will be
sufficient to explain what is real anywhere in the universe, a view I have
called the Galilean spell. The new view of emergence and ceaseless creativ-
ity partially beyond natural law is a truly new scientific worldview in which
science itself has limits. [My emphasis.]

If one is going to give emergence such a key role in restructuring the Laplacian
model of science, and to come up with a suitably basic explanatory model,
one needs to be more clear about what are the defining characteristics of
emergent phenomena. Ronald, Sipper and Capcarrere [37] draw a parallel with
the development of the Turing Test for intelligent machines, and use Turing’s
observer-based approach to formulate an emergence test. They comment that
“overly facile use of the term emergence has made it controversial”, and quote
Arkin [2, p.105]:

Emergence is often invoked in an almost mystical sense regarding the ca-
pabilities of behavior-based systems. Emergent behavior implies a holistic
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capability where the sum is considerably greater than its parts. It is true
that what occurs in a behavior-based system is often a surprise to the sys-
tem’s designer, but does the surprise come because of a shortcoming of the
analysis of the constituent behavioral building blocks and their coordina-
tion, or because of something else?

Ronald, Sipper and Capcarrere’s emergence test “centers on an observer’s
avowed incapacity (amazement) to reconcile his perception of an experiment
in terms of a global world view with his awareness of the atomic nature of the
elementary interactions”. As well as an observer, there is a ‘designer’ in the
picture, whose existence is used to assist the description of certain qualifying
features of the atomic interactions of the system to be tested. The test is
comprised of three criteria:

(1) Design: The system has been constructed by the designer, by describing
local elementary interactions between components (e.g., artificial crea-
tures and elements of the environment) in a language L.

(2) Observation: The observer is fully aware of the design, but describes global
behaviors and properties of the running system, over a period of time,
using a language L.

(3) Surprise: The language of design £; and the language of observation
Ly are distinct, and the causal link between the elementary interactions
programmed in £; and the behaviors observed in L5 is non-obvious to the
observer — who therefore experiences surprise. In other words, there is a
cognitive dissonance between the observer’s mental image of the system’s
design stated in £; and his contemporaneous observation of the system’s
behavior stated in L.

Ronald, Sipper and Capcarrere elaborate on this third condition to eliminate
evanescent instances of surprise. Notice that one can apply versions of these
criteria to a wide range of situations in which one is effectively capable of
‘looking over the shoulder’ of a putative designer — say one in which the local
science is handed down to us by Nature, and is though to be well-understood,
e.g., self-contained systems implementing Newtonian laws. The early history
of chaos theory is replete with examples exhibiting the right quality of sur-
prisingness, nicely communicated by the term ‘strange attractor’ coined [38]
by David Ruelle and Floris Takens in 1971.

Of course, there is now quite a long history (see for example [1]) aimed at
describing and improving our understanding of emergence, and as time goes
on the observer ‘surprise’ criterion may not be as robust as the corresponding
element of the Turing test. Turing himself played an innovative role in develop-
ing demystifying mathematics related to morphogenesis, and more particularly
phyllotaxis, both in his seminal published paper [44] on the mathematical the-
ory of biological pattern formation, and in his more opaque and incomplete
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writings contained in the posthumous collected works [45].

What is important though is not just the demystifying role of descriptions of
emergent phenomena, but the representational functionality they point to. It
is this latter aspect that takes us beyond emergence to a view of complexity in
Nature in which emergence plays a key inductive role. And it is the first two of
Ronald, Sipper and Capcarrere’s conditions which make us look for something
else within particular highly complex situations in which emergence clearly
plays a role, though not a definitive one. These first two conditions also point
to the a route to isolating the computational content of aspects of the physical
universe which appear on the one hand to transcend standard computability-
theoretic frameworks, and on the other entice reductionist explanations of
increasing implausibility.

3 Representations, Recursions, Memetic Transmission

In [9] we considered the computational content of features of the real world,
and more particularly, of developing computational practice. We looked at in-
stances in which there appeared to be a fairly basic transgression of the ‘Turing
barrier’ (defined by the limit of what is computable by an ideal computer as
captured theoretically by a universal Turing machine), and more complex ex-
amples such as human intelligence and quantum uncertainty. In the former
case one finds the emergence test broadly applicable, and in so doing can get
a more informative theoretical grasp of what emergence is as a computational
process.

For instance, going back to the influential 1988 paper of Paul Smolensky in
Behavioral and Brain Sciences, we find [39, p.3] him examining a model quali-
fying under criteria one and two of the emergence test, along with an indication
of an outcome which is surprising, judged according to computability-theoretic
expectations:

There is a reasonable chance that connectionist models will lead to the
development of new somewhat-general-purpose self-programming, massively
parallel analog computers, and a new theory of analog parallel computation:
they may possibly even challenge the strong construal of Church’s Thesis as
the claim that the class of well-defined computations is exhausted by those
of Turing machines.

Computational parallelism is an obviously important aspect of connectionist
models and many others, but one needs to be careful about claiming that
this is not simulated by a Turing machine. As is well-known (see, for example,
David Deutsch [19, p.210]), the parallelism delivered by the standard model of
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quantum computation can be explained within the classical sequential model.
A key ingredient, the addition of which does seem to stretch the classical
Turing model, is that of internal connectivity. Goldin and Wegner [23] quote
from Robin Milner’s 1991 Turing Award lecture [30, p.80]:

Through the seventies, I became convinced that a theory of concurrency
and interaction requires a new conceptual framework, not just a refinement
of what we find natural for sequential computing.

At the same time, parallelism and interactivity do seem to be basic features
of situations exhibiting emergence.

Another idea which runs through a number of hypercomputational proposals,
including Copeland’s [15] rediscovery of oracle Turing machines, is that of
adding contertual interactions. But as Davis has argued effectively, there is
plenty of scope to widen the definition of what is ‘internal’ to a given system to
bring a proposed new computational paradigm based on inadequately sourced
oracles back into the classical fold.

But in [24], for instance, Goldin and Wegner are not just talking about paral-
lelism and internal interactivity. And the inherent vagueness of examples they
quote both stretch the mathematical analysis, and the reductionist agenda
which feeds on that, to its limits:

One example of a problem that is not algorithmic is the following instruction
from a recipe [31]: ‘toss lightly until the mixture is crumbly.” This problem
is not algorithmic because it is impossible for a computer to know how long
to mix: this may depend on conditions such as humidity that cannot be
predicted with certainty ahead of time. In the function-based mathematical
worldview, all inputs must be specified at the start of the computation,
preventing the kind of feedback that would be necessary to determine when
it’s time to stop mixing.

But such interactions, such as those involving physical oracles as in [3], appear
to take us beyond an analysis directly relevant to the computational ingredi-
ents of emergence as a basic computational phenomenon, and towards the
more hybrid computational environments presaged at the end of the previous
section.

A computational context which is both widely suspected of transcending the
standard Turing model, and of whose inner workings we have a high level of
detailed knowledge, is the human brain. And although we do know a great
deal about the way the human brain works, it clearly fails to satisfy the first
two conditions of the emergence test.

Part of the brain’s potential for enrichment of our modelling of the compu-
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tationally complex lies in the way it seems to successfully deal with the sort
of imaging of the real world we would dearly like our computing machines
to perform. More important, the brain shows the capacity to perform re-
presentations of mental imaging to enable recursive development of complex
conceptual structures. At the same time, new techniques for relating structural
and functional features of the brain, for example, using positron emission scan
(PET) or a functional magnetic resonance imaging scan (fMRI), bring us much
closer to obtaining useful models.

As we noted in [9], connectionist models of computation based on the workings
of the human brain have developed in sophistication since Turing’s [43] dis-
cussion of ‘unorganised machines’ (cf. Jack Copeland and Diane Proudfoot’s
article [16] On Alan Turing’s Anticipation of Connectionism), and McCul-
loch and Pitts’ initial paper [32] on neural nets. But despite the growth of
computational neuroscience as an active research area, putting together in-
gredients from both artificial neural networks and neurophysiology, something
does seem to be missing. As Rodney Brooks [5] says “neither Al nor Alife has
produced artifacts that could be confused with a living organism for more than
an instant.” Or as Steven Pinker puts it: “...neural networks alone cannot do
the job”, going on to describe [34, p.124] “a kind of mental fecundity called
recursion”:

We humans can take an entire proposition and give it a role in some larger
proposition. Then we can take the larger proposition and embed it in a
still-larger one. Not only did the baby eat the slug, but the father saw the
baby eat the slug, and I wonder whether the father saw the baby eat the
slug, the father knows that I wonder whether he saw the baby eat the slug,
and I can guess that the father knows that I wonder whether he saw the
baby eat the slug, and so on.

We are good at devising computational models capable of imaging, and of
going some way to emulate how the brain comes up with neural patterns
representing quite complex formations. But the mechanisms the brain uses to
represent such patterns and relate them in complex ways is more elusive. What
makes the sort of recursion Stephen Pinker has in mind so difficult to get to
grips with at the structural level, is that it seems wound up with the puzzle of
consciousness and its relationship to emotions and feelings. Antonio Damasio
[17, p.169] describes the hierarchical development of a particular instance of
consciousness within the brain (or, rather, ‘organism’), interacting with some
external object:

... both organism and object are mapped as neural patterns, in first-order
maps; all of these neural patterns can become images. ... The sensorimotor
maps pertaining to the object cause changes in the maps pertaining to the
organism. ...[These| changes ...can be re-represented in yet other maps
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(second-order maps) which thus represent the relationship of object and
organism. ... The neural patterns transiently formed in second-order maps
can become mental images, no less so than the neural patterns in first-order
maps.

What is important here is the re-representation of neural patterns formed
across some region of the brain, in such a way that they can have a computa-
tional relevance in forming new patterns. This is where the clear demarcation
between computation and computational effect becomes blurred. The key con-
ception is of computational loops incorporating these ‘second-order’ aspects of
the computation itself. Building on this one can derive a plausible schematic
picture of of the global workings of the brain.

Considering how complex a structure the human brain is, it is surprising one
does not find more features needing reflecting in any basic computational
model based on it. However, a thorough trawl through the literature, and
one’s own experiences, fails to bring to light anything that might be held up
as computational principle transcending in a fundamental way what we have
already identified. The key ingredients we expect in a model are imaging,
parallelism, interconnectivity, and a counterpart to the second-order recursions
pointed to above.

Mathematically, the imaging appears to be dependent on the parallelism and
interconnectivity. This is what connectionist models are strong on. The re-
cursions are not so easy to model, though. Looked at logically, one has rep-
resentations of complex patternings of neural events underlying which there
is no clear local mechanism, but for which one would expect a description
in terms of the structures pertaining. Looked at physically, such descriptions
appear to emerge, and be associated with (but not exclusively) the sort of
non-linear mathematics governing the emergence of new relations from chaotic
environments. This leads us to turn the picture of re-representations of men-
tal imaging as a describable mapping on its head, and think (see [8]) in terms
of descriptions in terms of a structure defining, and hence determining, the
mental re-representations.

Looking at this more closely, what seems to be happening is that the brain
stores away not just the image, but a route to accessing that image as a whole.
This is what people who specialise in memorising very long numbers seem to
display — rather than attempting to go directly into the detailed memory
of a given number, they use simple representational tricks to call the entire
number up. Here is how Damasio summarises the process (and the quotation
from [17, p.170] is worth giving in full):

As the brain forms images of an object — such as a face, a melody, a
toothache, the memory of an event — and as the images of the object af-
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fect the state of the organism, yet another level of brain structure creates
a swift nonverbal account of the events that are taking place in the varied
brain regions activated as a consequence of the object-organism interaction.
The mapping of the object-related consequences occurs in first-order neural
maps representing the proto-self and object; the account of the causal rela-
tionship between object and organism can only be captured in second-order
neural maps. ...one might say that the swift, second-order nonverbal ac-
count narrates a story: that of the organism caught in the act of representing
its own changing state as it goes about representing something else.

So what is going on here, and how can one make sense of this in a fundamental
enough way to apply to it computability-theoretic analysis? Let us describe
what seems to be the key idea in abstract terms, and then reinforce this
powerful conceptual lever via something more familiar, but with new eyes.

What we first looked at, in a fairly schematic way, is a particular physical sys-
tem whose constituents are governed by perfectly well-understood basic rules.
These rules are usually algorithmic, in that they can be described in terms
of functions simulatable on a computer, and their simplest consequences are
mathematically predictable. But although the global behaviour of the system
is determined by this algorithmic content, it may not itself be recognisably
algorithmic. We certainly encounter this in the mathematics, which may be
nonlinear and not yield the exact solutions needed to retain predictive control
of the system. We may be able to come up with a perfectly precise descrip-
tion of the system’s development which does not have the predictive — or
algorithmic — ramifications the atomic rules would lead us to expect.

If one is just looking for a broad understanding of the system, or for a predic-
tion of selected characteristics, the description may be sufficient. Otherwise,
one is faced with the practical problem of extracting some hidden algorithmic
content, perhaps via useful approximations, special cases, or computer simu-
lations. Geroch and Hartle [22] discuss this problem in their 1986 paper, in
which they suggest that “quantum gravity does seem to be a serious candidate
for a physical theory for whose application there is no algorithm.”

For the logician, this is a familiar scenario, for whom something describable in
a structure is said to be definable. The difference between computability and
definability is well-known. For example, if you go to any basic computabil-
ity text (e.g., Cooper [7]) you will find in the arithmetical hierarchy a usable
metaphor for what is happening here. What the arithmetical hierarchy encap-
sulates is the smallness of the computable world in relation to what we can
describe. And Post’s Theorem [35] shows us how language can be used to pro-
gressively describe increasingly incomputable objects and phenomena within
computable structures. An analysis of lower levels of the hierarchy even gives
us a clue to the formal role of computable approximations in constraining
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objects computably beyond our reach.

Now, the important thing to notice is that a description in some language can
be viewed as being essentially a code for an algorithm for reconstruction mean-
ing from the real world within the human brain. More precisely, a description
conveys an epistemological algorithm which enables us to emulate emergent
aspects, non-algorithmic, aspects of the world within the architecture of the
brain. Key to this is the logical structure of the relevant word, sentence, or
more extensive module of language. This, of course, is why certain ideas or
human creations have memetic content. They come with a representation of, a
recipe for, their mental recreation and simulation. The simulated phenomenon
may be far from being algorithmic in its full manifestation, but the brain may
be able to by-pass the computational barriers via an algorithmic device for
activating and directing the brain’s capacity for reproducing its own emergent
features.

Of course, this process depends on humanly constructed language. But the uni-
verse has the capacity to handle descriptions, memetic content, and codings
for algorithms which perform hugely sophisticated tasks, in a wide spectrum of
situations, even though this may be via ad hoc emergent language of its own.
Probably the most familiar example of this is the reproduction of various life
forms via chromosomes and other genetic materials. A chromosome is a struc-
tured package of DNA and DNA-bound protein, involving genes, regulatory
elements and other nucleotide sequences. Its coding functionality has algorith-
mic content, enabling the reproduction of complex aspects of the world — but
this only within a context which is not obviously algorithmic, and which seems
to ride upon undeniably emergent processes. Another example, involving the
human brain, but not a particular language, is the process whereby experts
in such tasks remember long seemingly random numbers. This is commonly
achieved by algorithmically coding the details of the numbers into images sim-
ulable in the brain, the simulation itself being dependent upon higher order
mental processes.

In order to associate a sufficiently basic model with such situations, which
replaces the simple Laplacian determinism captured via Turing computability,
one needs to look more closely at how science describes the world, and at the
scientist’s historic agenda. In particular, we will need to look at Turing’s 1939
extension of his basic machine model of computation. The aim will be to go
beyond an analysis of the computability-theoretic content of emergence, to
that leading to a better understanding of the computational role of emergence
in the wider context.
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4 The Turing Model

Turing’s extended [42] 1939 model, able to capture the algorithmic content of
those structures which are presented in terms of real numbers can be seen in
implicit form in Newton’s Principia, published some 272 years earlier. New-
ton’s work established a more intimate relationship between mathematics and
science, and one which held the attention of Turing, in various guises, through-
out his short life (see Hodges [25]). Just as the history of arithmetically-based
algorithms, underlying many human activities, eventually gave rise to mod-
els of computation such as the Turing machine, so the oracle Turing machine
schematically addresses the scientific focus on the extraction of predictions
governing the form of computable relations over the reals. Whereas the in-
putting of data presents only time problems for the first model, the second
model is designed to deal with possibly incomputable inputs, or at least inputs
for which we do not have available an algorithmic presentation. One might rea-
sonably assume that data originating from observation of the real world carries
with it some level of computability, but we are yet to agree a mathematical
model of physical computation which dispenses with the relativism of the
oracle Turing machine. In fact, even as the derivation of recognisable incom-
putability in mathematics arises from quantification over algorithmic objects,
so definability may play an essential role in fragmenting and structuring the
computational content of the real world. The Turing model of computability
over the natural numbers appears to many people to be a poor indicator of
what to expect in science.

Typically, specialist computability theorists are loath to speculate about real-
world significance for their work. Since the time of Turing, the theory of com-
putability has taken on a Laputa-like! aspect in the eyes of many people, an
arcane world disconnected from naturally arising information. Below, we look
at Post’s legacy of relating computability-theoretic concepts to intuitively im-
mediate information content, and examine how that can be further extended
to an informative relationship with the mathematics of contemporary science.

The oracle Turing machine, which made its first appearance in Turing [42],
should be familiar enough. The details are not important, but can be found
in most reasonable introductions to computability (see for instance [7]). One
just needs to add to the usual picture of a Turing machine the capacity for
questioning an oracle set about the membership status of individual natural
numbers.

The basic form of the questioning permitted is modelled on that of everyday
scientific practice. This is seen most clearly in today’s digital data gathering,

! Swift even has a Laputan professor introduce Gulliver to The Engine, an (appro-
priately useless) early anticipation of today’s computing machines, and more.
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whereby one is limited to receiving data which can be expressed, and trans-
mitted to others, as information essentially finite in form. But with the model
comes the capacity to collate data in such a way as enable us to deal with
arbitrarily close approximations to infinitary inputs and hence outputs, giving
us an exact counterpart to the computing scientist working with real-world
observations. If the different number inputs to the oracle machine result in
0-1 outputs from the corresponding Turing computations, one can collate the
outputs to get a binary real computed from the oracle real, the latter now
viewed as an input. This gives a partial computable functional ®, say, from
reals to reals, which may sometimes be described as a Turing reduction.

As usual, one cannot computably know when the machine for ® computes on
a given natural number input, so ® may not always give a fully defined real
output. So ® may be partial. One can computably list all oracle machines,
and so index the infinite list of all such ®, but one cannot computably sift out
the partial ®’s from the list.

Anyway, put R together with this list, and we get the Turing Universe. That
is, we obtain a structure involving information in the form of real numbers,
algorithmically related by all possible Turing reductions. Depending on one’s
viewpoint, this is either a rather reduced scientific universe (if you are a poet,
a philosopher, or a string-theorist), or (if one is vainly looking for the richness
of algorithmic content contained on our list in the physical context, being
familiar with the richness of emergent structure in the Turing universe) a much
expanded one. But we will defer difficult comparisons between the information
content of the Turing universe and that of the physical universe until later.
For the moment we will follow Emil Post in his search for the informational
underpinnings of computational structure in a safer mathematical context.

Post’s first step was to gather together binary reals which are computationally
indistinguishable from each other, in the sense that they are mutually Turing
computable from each other. Mathematically, this delivered a more standard
mathematical structure to investigate — the familiar upper semi-lattice of
the degrees of unsolvability, or Turing degrees. There is no simple scientific
counterpart of the mathematical model, or any straightforward justification
for what Post did with the Turing universe for perfectly good mathematical
reasons — if one wants to get a material avatar of the Turing landscape one
needs both a closer and a more comprehensive view of the physical context.

5 Definability in Science

Schematically, any causal context framed in terms of everyday computable
mathematics can be modelled in terms of Turing reductions. Then emergence
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can be formalised as definability over the appropriate substructure of the Tur-
ing universe; or more generally, as invariance under automorphisms of the
Turing universe. Simple and fundamental as the notion of definability is, and
basic as it is to everyday thought and discourse, as a concept it is not well
understood outside of logic. This is seen most strikingly in the physicists’
apparent lack of awareness of the concept in interpreting the collapse of the
wave function. Quantum decoherence and the many-worlds hypothesis com-
prise a far more outlandish interpretive option than does speculating that
measurements, in enriching an environment, merely lead to an assertion of
definability. It appears a sign of desperation to protect consistent histories by
inventing new universes, when the mathematics of our observable universes
already contains a straightforward explanation. We have argued (see for in-
stance [13]) that many scientific puzzles can be explained in terms of failures
of definability in different contexts, and that the key task is to identify useful
theoretical models within which to investigate the nature of definability more
fully. One of the most relevant of these models has to be that of Turing, based
as it is on a careful analysis of the characteristics of algorithmic computation.

This brings us to a well-known and challenging research programme, initiated
by Hartley Rogers in his 1967 paper [36], in which he drew attention to the
fundamental problem of characterising the Turing invariant relations. Again,
the intuition is that these are key to pinning down how basic laws and entities
emerge as mathematical constraints on causal structure. It is important to
notice how the richness of Turing structure discovered so far becomes the raw
material for a multitude of non-trivially definable relations, matching in its
complexity what we attempt to model.

Unfortunately, the current state of Rogers’ programme is not good. For a
number of years research in this area was dominated by a proposal originating
with the Berkeley mathematician Leo Harrington, which can be (very) roughly
stated:

Bi-interpretability Conjecture: The Turing definable relations are exactly
those with information content describable in second-order arithmetic.

Most importantly, bi-interpretability is not consistent with the existence of
non-trivial Turing automorphisms. Despite decades of work by a number of
leaders in the field, the exact status of the conjecture is still a matter of
controversy.

For those of us who have grown up with Thomas Kuhn’s 1962 book [29] on the
structure of scientific revolutions, such difficulties and disagreements are not
seen as primarily professional failures, or triggers to collective shame (although
they may be that too), but rather signs that something scientifically impor-
tant is at stake. A far more public controversy currently shapes developments
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around important issues affecting theoretical physics — see, for example the
recent books of Lee Smolin [40] and Peter Woit [47].

This turns out to be very relevant to our theme of the importance of funda-
mental notions, such as that of mathematical definability, to the formation of
basic scientific theories. In this context, the specific focus on string theory of
the above-mentioned books of Smolin and Woit is important, given that string
theory was initially intended to remedy a number of inadequacies in current
scientific thinking, without really getting to grips with fundamental issues.
Our argument is that string theory does very validly point towards a substitu-
tion of abstract mathematics for inaccessible observational data. And that it
has produced some very beautiful and useful mathematics, and widened our
conceptual horizons in relation to models of the universe. But — that it has
failed to enlist notions of global definability to pin down important elements
of the real world.

As Peter Woit [47, p.1] describes, according to purely pragmatic criteria par-
ticle physics has produced a standard model which is remarkably successful,
and has great predictive power:

By 1973, physicists had in place what was to become a fantastically suc-
cessful theory of fundamental particles and their interactions, a theory that
was soon to acquire the name of the standard model. Since that time, the
overwhelming triumph of the standard model has been matched by a sim-
ilarly overwhelming failure to find any way to make further progress on
fundamental questions.

The reasons why people are dissatisfied echo misgivings going back to Einstein
himself [20, p.63]:

... I would like to state a theorem which at present can not be based upon
anything more than upon a faith in the simplicity, i.e. intelligibility, of nature

. nature is so constituted that it is possible logically to lay down such
strongly determined laws that within these laws only rationally completely
determined constants occur (not constants, therefore, whose numerical value
could be changed without destroying the theory) ...

If one really does have a satisfying description of how the universe is, it should
not contain arbitrary elements with no plausible explanation. In particular, a
theory containing arbitrary constants, which one adjusts to fit the intended
interpretation of the theory, is not complete. And as Woit observes:

One way of thinking about what is unsatisfactory about the standard model
is that it leaves seventeen non-trivial numbers still to be explained, ...

At one time, it had been hoped that string theory would supply a sufficiently
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fundamental framework to provide a much more coherent and comprehensive
description, in which such arbitrary ingredients were properly pinned down.
But despite its mathematical attractions, there are growing misgivings about
its claimed status as “the only game in town” as a unifying explanatory theory.
Here is how one time string theorist Daniel Friedan [21] combatively puts it:

The longstanding crisis of string theory is its complete failure to explain or
predict any large distance physics. ... String theory is incapable of deter-
mining the dimension, geometry, particle spectrum and coupling constants
of macroscopic spacetime. ... The reliability of string theory cannot be eval-
uated, much less established. String theory has no credibility as a candidate
theory of physics.

Smolin starts his book [40]:

From the beginning of physics, there have been those who imagined they
would be the last generation to face the unknown. Physics has always seemed
to its practitioners to be almost complete. This complacency is shattered
only during revolutions, when honest people are forced to admit that they
don’t know the basics.

He goes on to list what he calls the “five great [unsolved] problems in theo-
retical physics”. Gathering these together, and slightly editing, they are [40,
pp.5-16]:

1. Combine general relativity and quantum theory into a single theory that
can claim to be the complete theory of nature.

2. Resolve the problems in the foundations of quantum mechanics.

3. The unification of particles and forces problem: Determine whether or not
the various particles and forces can be unified in a theory that explains
them all as manifestations of a single, fundamental entity.

4. Explain how the values of the free constants in the standard model of
physics are chosen in nature.

5. Explain dark matter and dark energy. Or, if they do not exist, determine
how and why gravity is modified on large scales.

That each of these questions can be framed in terms of definability is not
so surprising, since that is exactly how, essentially, they are approached by
researchers. The question is the extent to which progress is impeded by a lack
of consciousness of this fact, and an imperfect grip of what is fundamental.
Quoting Einstein again (from a letter to Robert Thornton, dated 7 December
1944, Einstein Archive 61-754), this time on the relevance of a philosophical
approach to physics:

So many people today — and even professional scientists — seem to me like
someone has seen thousands of trees but has never seen a forest. A knowl-
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edge of the historical and philosophical background gives that kind of in-
dependence from prejudices of his generation from which most scientists
are suffering. This independence created by philosophical insight is — in my
opinion — the mark of distinction between a mere artisan or specialist and
a real seeker after truth.

Smolin’s comment [40, p.263] is in the same direction, though more specifically
directed at the string theorists:

The style of the string theory community ... is a continuation of the culture
of elementary-particle theory. This has always been a more brash, aggres-
sive, and competitive atmosphere, in which theorists vie to respond quickly
to new developments ... and are distrustful of philosophical issues. This
style supplanted the more reflective, philosophical style that characterized
Einstein and the inventors of quantum theory, and it triumphed as the cen-
ter of science moved to America and the intellectual focus moved from the
exploration of fundamental new theories to their application.

So what is it that is fundamental that is being missed? For Smolin [40, p.241],
it is causality:

It is not only the case that the spacetime geometry determines what the
causal relations are. This can be turned around: Causal relations can deter-
mine determine the spacetime geometry ... Its easy to talk about space or
spacetime emerging from something more fundamental, but those who have
tried to develop the idea have found it difficult to realize in practice. ... We
now believe they failed because they ignored the role that causality plays
in spacetime. These days, many of us working on quantum gravity believe
that causality itself is fundamental — and is thus meaningful even at a level
where the notion of space has disappeared.

Citing Penrose as an early champion of the role of causality, he also mentions
Rafael Sorkin, Fay Dowker, and Fotini Markopoulou, known in this context for
their interesting work on causal sets (see [4]), which abstract from causality
relevant aspects of its underlying ordering relation. Essentially, causal sets
are partial orderings which are locally finite, providing a model of spacetime
with built-in discreteness. Despite the apparent simplicity of the mathematical
model, it has had striking success in approximating the known characteristics
of spacetime. An early prediction, in tune with observation, concerned the
value of Einstein’s cosmological constant.

Of course, this preoccupation with causality might suggest to a logician a need
to also look at its computational content. Smolin’s comment that “Causal re-
lations can determine the spacetime geometry” touches on one of the biggest
disappointments with string theory, which turns out to be a ‘background de-
pendant’ theory with a vengeance — one has literally thousands of candidate
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Calabi-Yau spaces for shaping the extra dimensions of superstring theory. In
current superstring models, Calabi-Yau manifolds are those qualifying as pos-
sible space formations for the six hidden spatial dimensions, their undetected
status explained by the assumption of their being smaller than currently ob-
servable lengths.

Ideally, a truly fundamental mathematical model should be background inde-
pendent, bringing with it a spacetime geometry arising from within.

6 The Emergence-Definability Symbiosis

There are obvious parallels between the Turing universe and the material
world. Each of which in isolation, to those working with specific complexities,
may seem superficial and unduly schematic. But the lessons of the history
of mathematics and its applications is that the simplest of abstractions can
yield unexpectedly far-reaching and deep insights into the nature of the real
world. The main achievement of the Turing model, and its definable content,
is to illuminate and structure the role of computability theoretic expressions
of emergence.

At the most basic level, science describes the world in terms of real numbers.
This is not always immediately apparent, any more that the computer on
ones desk is obviously an avatar of a universal Turing machine. Nevertheless,
scientific theories consist, in their essentials, of postulated relations upon reals.
These reals are abstractions, and do not come necessarily with any recognisable
metric. They are used because they are the most advanced presentational
device we can practically work with. There is no faith that reality itself consists
of information presented in terms of reals. In fact, those of us who believe that
mathematics is indivisible, no less in its relevance to the material world, have
a due humility about the capacity for our science to capture more than a
surface description of reality.

Some scientists would take us in the other direction, and claim that the uni-
verse is actually finite, or at least countably discrete. We have argued elsewhere
(see for example [14]) that to most of us a universe without algorithmic content
is inconceivable. And that once one has swallowed that bitter pill, infinitary
objects are not just a mathematical convenience (or inconvenience, depending
on one’s viewpoint), but become part of the mathematical mold on which the
world depends for its shape. As it is, we well know how essential algorithmic
content is to our understanding of the world. The universe comes with recipes
for doing things. It is these recipes which generate the rich information content
we observe, and it is reals which are the most capacious receptacles we can
humanly carry our information in, and practically unpack.
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Globally, there are still many questions concerning the extent to which one
can extend the scientific perspective to a comprehensive presentation of the
universe in terms of reals — the latter being just what we need to do in order
to model the immanent emergence of constants and natural laws from an
entire universe. Of course, there are many examples of presentations entailed
by scientific models of particular aspects of the real world. But given the
fragmentation of science, is fairly clear that less natural presentations may well
have an explanatory role, despite their lack of a role in practical computation.

The natural laws we observe are largely based on algorithmic relations be-
tween reals. For instance, Newtonian laws of motion will computably predict,
under reasonable assumptions, the state of two particles moving under gravity
over different moments in time. And the character of the computation involved
can be represented as a Turing functional over the reals representing different
time-related two-particle states. One can point to physical transitions which
are not obviously algorithmic, but these will usually be composite processes,
in which the underlying physical principles are understood, but the mathe-
matics of their workings outstrip available analytical techniques. Over forty
years ago, Georg Kreisel [27] distinguished between classical systems and co-
operative phenomena not known to have Turing computable behaviour, and
proposed [28, p.143, Note 2] a collision problem related to the 3-body problem,
which might result in “an analog computation of a non-recursive function (by
repeating collision experiments sufficiently often)”. However, there is a qual-
itatively different apparent breakdown in computability of natural laws at
the quantum level — the measurement problem challenges us to explain how
certain quantum mechanical probabilities are converted into a well-defined
outcome following a measurement. In the absence of a plausible explanation,
one is denied a computable prediction. The physical significance of the Turing
model depends upon its capacity for explaining what is happening here. If the
phenomenon is not composite, it does need to be related in a clear way to a
Turing universe designed to model computable causal structure. We will need
to talk more about definability and invariance.

For the moment, let us think in terms of what an analysis of the automor-
phisms of any sufficiently comprehensive, sufficiently fundamental, mathemat-
ical model of the material universe might deliver.

Let us first look at the relationship between automorphisms and many-worlds.
When one says “I tossed a coin and it came down heads, maybe that means
there is a parallel universe where I tossed the coin and it came down tails”,
one is actually predicating a large degree of correspondence between the two
parallel universes. The assumption that you exist in the two universes puts a
huge degree of constraint on the possible differences — but nevertheless, some
relatively minor aspect of our universe has been rearranged in the parallel one.
There are then different ways of relating this to the mathematical concept of
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an automorphism. One could say that the two parallel worlds are actually
isomorphic, but that the structure was not able to define the outcome of the
coin toss. So it and its consequences appear differently in the two worlds. Or
one could say that what has happened is that the worlds are not isomorphic,
that actually we were able to change quite a lot, without the parallel universe
looking very different, and that it was these fundamental but hidden differ-
ences which forces the worlds to be separate and not superimposed, quantum
fashion. The second view is more consistent with the view of quantum ambi-
guity displaying a failure of definability. The suggestion here being that the
observed existence of a particle (or cat!) in two different states at the same
time merely exhibits an automorphism of our universe under which the clas-
sical level is rigid (just as the Turing universe displays rigidity above 0”) but
under which the sparseness of defining structure at the more basic quantum
level enables the automorphism to re-represent our universe, with everything
at our level intact, but with the particle in simultaneously different states
down at the quantum level. And since our classical world has no need to de-
cohere these different possibilities into parallel universes, we live in a world
with the automorphic versions superimposed. But when we make an observa-
tion, we establish a link between the undefined state of the particle and the
classical level of reality, which destroys the relevance of the automorphism.
To believe that we now get parallel universes in which the alternative states
are preserved, one now needs to decide how much else one is going to change
about our universe to enable the state of the particle destroyed as a possiblity
to survive in the parallel universe — and what weird and wonderful things
one must accommodate in order to make that feasible. It is hard at this point
to discard the benefits brought by a little mathematical sophistication. Quan-
tum ambiguity as a failure of definability is a far more palatable alternative
than the invention of new worlds of which we have no evidence or scientific
understanding.

Another key conceptual element in the drawing together of a global picture of
our universe with a basic mathematical model is the correspondence between
emergent phenomena and definable relations. This gives us a framework within
which to explain the particular forms of the physical constants and natural
laws familiar to us from the standard model science currently provides. It
goes some way towards substantiating Penrose’s [33, ppiO6—107] ‘strong de-
terminism’, according to which “all the complication, variety and apparent
randomness that we see all about us, as well as the precise physical laws, are
all exact and unambiguous consequences of one single coherent mathematical
structure” — and repairs the serious failure of the standard model pointed to
by researchers such as Smolin and Woit. It also provides a hierarchical model
of the fragmentation of the scientific enterprise. This means that despite the
causal connections between say particle physics and the study of living organ-
isms, the corresponding disciplines are based on quite different basic entities
and natural laws, and there is no feasible and informative reduction of one
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to another. The entities in one field may emerge through phase transitions
characterised in terms of definable relations in the other, along with their dis-
tinct causal structures. In this context, it may be that the answer to Smolin’s
first ‘great unsolved problem in theoretical physics’ consists of an explanation
of why there is no single theory (of the kind that makes useful predictions)
combining general relativity and quantum theory.

For further discussion of such issues, see [6], [9], [10], [11], [13] and [14].
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1

The authors have degrees in engineering. Engineers build things. So, the
goal of this paper is to sketch a series of steps at whose conclusion we would
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Abstract

We claim that the theoretical hypercomputation problem has already
been solved, and that what remains is an engineering problem. We
review our construction of the Halting Function (the function that
settles the Halting Problem) and then sketch possible blueprints for
an actual hypercomputer.

Prologue

have an actual, working hypercomputer.

Will it work? We leave that question unanswered. But, as we insist, we
are cautiously optimistic that its answer may turn out to be a

¢

(yes‘”
We take our cue from the following remark by Scarpellini [15] :
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acknowledge support from the Brazilian Academy of Philosophy.

106



In this connection one may ask whether it is possible to con-
struct an analog—computer which is in a position to generate
functions f(x) for which the predicate [ f(x)cos(nx)dz > 0 is
not decidable while the machine itself decides by direct mea-
surement whether [ f(z)cos(nz)dx is greater than zero or not.
Such a machine is naturally only of theoretical interest, since
faultless measuring is assumed, which requires the (absolute)
validity of classical electrodynamics and probably such technical
possibilities as the existence of innitely thin perfectly conduct-
ing wires. All the same, the (theoretical) construction of such a
machine would illustrate the possibility of non-recursive natural
processes.

(Scarpellini’s paper discusses among other results the decidability of such
predicates.)

The hypercomputation problem

The hypercomputation problem splits into two questions:

1. The theoretical hypercomputation problem. Can we conceive a hyper-
computer, given ideal operating conditions?

2. The practical hypercomputation problem. Given a positive answer to
the preceding question, can we build a concrete, working, hypercom-
puter?

We argue here that the answer to the first question is a definite “yes,”
if we accept that ideal analog machines fit into the requirements (“ideal
operating conditions” — just take a look at Scarpellini’s papers [15, 16]).
The second question boils down according to our viewpoint to an engineering
problem; we may answer it with a “maybe,” or “we have to see.” Or, if we
follow the classical injunction: build a prototype!

Then we will see how it performs; which engineering problems must be
overcome in order to have a decently working hypercomputer.

Structure of the paper

The paper is divided into two major sections. The first major section ex-
plicitly constructs the Halting Function, that is, the function that settles
Turing’s Halting Problem. Of course that cannot be done within Peano
Arithmetic, or with the help of partial recursive functions. But we can do
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it if we extend the language of arithmetic in adequate ways, for there are
infinitely many explicit expressions for the Halting Function. (No extraor-
dinary tools are required.)

The second major section sketches the construction of a hypercomputer
in a series of steps. We discuss pros and cons; our conclusion is cautiously
optimistic — we believe that the gizmo can be made, and that something
like it will eventually be built in the near future.

Motivation

The ideas presented here were originally published in [3]. We were interested
in the decision problem for chaotic systems, which appeared to us as a
possible example of an undecidable question with practical implications.

A suggestion by P. Suppes [18] led us to Richardson’s transforms [13],
and out of those we obtained an explicit expression for the Halting Function
(see the references; see also [4, 6] for a survey). It came as a surprise to
us; we had long had the incorrect idea that none of the usual mathematical
languages could explicitly contain an expression for the Halting Function,
as it seemed to be something so deeply fundamental.

Then it was clear from start that we were dealing with a construction
that had something to do with super-Turing machines [17]. However a more
explicit presentation of our ideas on the matter of hypercomputation was
only published in 1996 [5].

Style of the paper

Since most results in the present paper have already been discussed else-
where, we have decided to argue in an informal, almost naive way. We have
also added some redundancy to our presentation.

Informed readers will notice that we avoid a detailed characterization of
analog computers. (We simply supposed that the functions we use in the
construction of an expression for the Halting Function are computable.) We
are aware of the main theoretical contributions to the field, from Shannon to
Pour-El. However our starting point is Scarpellini’s remark quoted above:
analog computers are usually seen as poor relatives of digital machines, as
they can only compute — in the sense of analog computation — a relatively
small family of functions. Yet Scarpellini surprised everybody by showing
that ideal analog computers can decide undecidable predicates (with respect
to some theory with a recursively enumerable set of theorems). So, they are
definitely very powerful in an unique way, even if in an idealized domain.
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2 Hypercomputation theory

(We stress that this is just an informal sketch.) If we define a hypercomputer
to be a machine that can generate, or decide, all arithmetical truths, then
very little is required to build a theory that fits the requirement, namely,
Peano Arithmetic (PA) plus Shoenfield’s version of the w-rule is enough (for
a nice presentation of Shoenfield’s rule see [10]).

PA plus Shoenfield’s rule proves all true arithmetic sentences, that is,
those that hold of the standard model. The hypercomputation theory we
sketched in [5] does so. The idea is: we start from Turing machine theory.
We then add to it an expression for the function that settles the Halting
Problem, and postulate it to be (hyper)computable. The jump [14] allows us
to decide arithmetic degrees beyond 0 [4, 5]. Given a solution for the Halting
Problem, and given the jump, we can decide any arithmetical sentence in a
finite number of steps.

We have also mentioned that a “geometrical principle” implies hyper-
computation [5]:

We can always decide whether two smooth curves in the interior
of a rectangle in the plane intersect.

That “geometrical principle” has an advantage and a disadvantage. The
advantage: it is easy to understand — actually a stricter version of it is
enough, but the general version stated above is more synthetic. The dis-
advantage: we must show how to translate that principle, which deals with
smooth, continuous geometrical objects, into the discrete objects that are
in the domain of arithmetic. The trick is done through Richardson’s trans-
forms, soon to be introduced.

So we take:

Definition 2.1 A hypercomputer is a theoretical device that settles at least
the Halting Problem. U

Follows by our constructions (see the references) that such a device can
be extended to another device that settles all arithmetical truths along the
standard model.

3 From Richardson’s transforms to the Halting
Function

The present section is based on [1]; for the proofs see [13]. Our presentation
splits into several topics:
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e Formalized arithmetic and Turing machines.
e Richardson’s maps.
e The Halting Function in formal languages that extend arithmetic.

We refer to [12] for notation and requirements from logic. We use: —,
“not,” V, “or,” A, “and,” —, “if... then...,” < “if and only if,” Jz, “there
is a z,” Vz, “for every z.” P(z) is a formula with z free; it roughly means
“r has property P.” Finally T F & means T proves &, or £ is a theorem of
T. w is the set of natural numbers, w = {0,1,2,...}.

Algorithmic functions are given by their programs coded in Gédel num-
bers e [14]. We will sometimes use Turing machines (noted by sans—serif
letters with the Goédel number as index M) or partial recursive functions,

noted {e}.
We start from a very simple theory of arithmetic, noted A1. Its language
includes variables x,y, ..., two constants, 0 and 1, the equality sign =, and

two operation signs, +, x. Basically Al has axioms for the operations +
and X, the behavior of constants 0 and 1, and the trichotomy axiom, that
is, given two natural numbers z and y, either x <y or zx =y or x > y. Al
contains no induction axiom.

The standard interpretation for Al is: the variables z,y, ... range over
the natural numbers, and 0 and 1 are seen as, respectively, zero and one.
The only requirement we impose on Al is: that theory should be strong
enough to formally include all of Turing machine theory. Recall that a
Turing machine is given by its Gddel number, which recursively codes the
machine’s program. Rigorously, for A1, we must have:

Definition 3.1 A Turing machine of Gédel number e operating on x with
output y, {e}(x) = y is representable in theory Al if there is a formula
F.(z,y) in the language of Al so that:

1. A1F {F.(z,y) A\ Fe(x,z) — [y = 2]}, and

2. For natural numbers a,b, if {e}(a) = b, then A1+ F.(a,b). U

Then we have the representation theorem for partial recursive functions in
Al:

Proposition 3.2 FEvery Turing machine is representable in Al. Moreover

there is an effective procedure that allows us to obtain F, from the Godel
number e. U
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We restrict here our interest to theories that are arithmetically sound,
that is, which have a model with standard arithmetic for its arithmetical
segment.

Richardson’s map

We now describe the Richardson transforms [6, 13]. We start from a strength-
ening of Proposition 3.2:

Proposition 3.3 If {e}(a) = b, for natural numbers a,b, then we can al-
gorithmically construct a polynomial p. over the natural numbers so that
[{e}(a) =b] < [Fz1,22,..., 2 € wpe(a,b,x1,za,...,2) =0]. O

Follows:

Proposition 3.4 a € R, where R, is a recursively enumerable set, if and
only if there are e and p so that 3xy1,xa,. .., 2, € W [pe(a, x1,x2,...,xx) = 0].
(|

Richardson’s map [6, 13] allows us to obtain in an algorithmic way, given
any such pe(a,...), areal-defined and real-valued function fe(a,...) that has
roots if and only if p.(a,...) has roots as a Diophantine equation.

Richardson’s map: multidimensional version

We can be more specific: let A be the algebra of subelementary functions
(polynomials over the reals, sines, cosines; everything closed under +, —,
products by real numbers and by the functions that generate the algebra,
to which we add function composition). Let R denote the real line.

(We do not require the exponential function in our constructions.)

We now state the first of Richardson’s main results: given that A1 C
ZFC, and if P is the set of all finite-lenght polynomials over w:

Proposition 3.5 (Richardson’s Map, I) There is an injection kp : P —
A, where P denotes the algebra of w—valued polynomials in a finite number
of variables, and A is the algebra of subelementary functions described above,
such that:

1. kp is constructive, that is, given the expression for p in Al, there is an
effective procedure so that we can obtain the corresponding expression
for F = kp(p) in ZFC.
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2. Kp 18 1-1.

3. For x = (x1,...,2,), 3x € w" p(m,x) = 0 if and only if Ix €
R"™ F(m,x) = 0 if and only if 3x € R™ F(m,x) < 1, forp € P
and F € A.

4. The injection kp is proper. U

The crucial property is given in step 3.: it allows us to translate the
existence of roots for Diophantine equations into roots of the corresponding
transformed real-defined and real-valued function, with some extras.

Next step gives us a 1-dimensional version of Richardson’s map.

Richardson’s map: one—dimensional version

Corollary 3.6 (Richardson’s Map, II) Let Ay be the algebra of subele-
mentary functions over a single real variable x. Then there is a map K :
P — Ay such that:

1. k' is constructive.
,
K is 1-1.

The inclusion k' (P) C A; is proper.

e

Ix € w" p(m,x) = 0 if and only if Ix € R L(m,x) = 0 if and only
if 3z € R G(m,x) < 1, for adequate L,G, whose expressions can be
explicitly exhibited. U

The Halting Function

The main result in Alan Turing’s remarkable 1937 paper, “On computable
numbers, with an application to the Entscheidungsproblem” [19], is a proof
of the algorithmic unsolvability of a version of the halting problem: given
an arbitrary Turing machine of Godel number e, for input x, there is no al-
gorithm that decides whether {e}(x) stops and outputs something, or enters
an infinite loop.

Remark 3.7 Let M,,(a) | mean: “Turing machine of Goédel number m
stops over input a and gives some output.” Similarly M,,(a) T means, “Tur-
ing machine of Godel number m enters an infinite loop over input a.” Then
we can define the halting function 6:
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e O(m,a) =1 if and only if M,,(a) |.
e O(m,a) =0 if and only if M,,(a) T.
6(m, a) is the halting function for M,, over input a. U

0 isn’t algorithmic, of course [14, 19], that is, there is no Turing machine
that computes it.

Remark 3.8 As we now show, we can explicitly write an expression for a
function in the language of classical analysis that settles the halting problem.
We proceed as follows:

e Given Turing machine M,,(a) = b, for natural numbers a,b, we can
algorithmically obtain a polynomial p,,({(a,b),z1,...,z)) so that:

Mm(a> =)« El.’L'l,...,$2 GW[ m(<a7b>7$17"'7xk) :0]

e Given F),, real-defined and real-valued, we have that:
dzy1,..., 22 € wpm((a,b),1,...,2) = 0] <

—dxy,...,z1 € RFm((a,b>,x1,...,xk) <1.

and
le,...,xg GW[ m(<a7b>7x1)?xk);£0] N

—Vry,...,xp € RF,({(a,b),z1,...,2) > 1.

e That is to say: M,,(a) | if and only if F,(a,...) goes below 1, and
M, (a) 1 if and only if F,(a,...) stays above 1.

This is the property we use in order to construct the halting function
O U

We now need the concept of an universal Diophantine polynomial. Martin
Davis [7] describes an algorithmic procedure out of which, given a Turing
machine with input a M,,(a), we obtain a polynomial p,,(a,z1,...) so that
it has roots if and only if M,,(a) converges (outputs some result). Now, if
U(m,a) is an universal Turing machine [14, 19], we can similarly obtain a
polynomial p({m,a), ...) which stands for p,,(a,...).
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More precisely, if [Fz1, ..., 2, pm((a,b),21,...,zk) = 0] < [My,(a) =],
then, for the universal polynomial p({m,a,b),...):

[Fz1,..., 2, p((Mm,a,b),z1,...,2,) = 0]

— Bz, .., 2 pm({a,b), 21, ... xp) = 0].

From the preceding considerations, if o is the sign function, o(+z) = +1
and ¢(0) = 0:

Proposition 3.9 (The Halting Function.) The Halting Function 0(n, q)
1s explicitly given by:
O(n,q) = J(Gn,q),

+oo 9
Gng = Ch.q(z)e™ " dz,
o0

Cmg(z) = [Fing(z) = 1] = (Fng(z) — 1),
Fn,q<‘r) = KPPngq- U

Here p,, 4 is the two-parameter universal Diophantine polynomial

p((”v‘])?xhx?a ve 7377“)

and kp is as in Proposition 3.5.
There are infinitely many alternative explicit expressions for the halting
function 6 [6].

Remark 3.10 We do not require Richardson’s transform to obtain an ex-
pression for the Halting Function. There is also an expression for the Halting
Function even within a simple extension of Al. Let p(n,x) be a 1-parameter
universal polynomial; x abbreviates x1,...,x,. Then either p2(n,x) > 1,
for all x € wP, or there are x in w? such that p?(n,x) = 0 sometimes. As
o(x) when restricted to w is primitive recursive, we may define a function
¥(n,x) =1 — op?(n,x) such that:

e Either for all x € wP, ¥(n,x) = 0;
e Or there are x € wP so that ¢¥(n,x) = 1 sometimes.
Thus the halting function can be represented as:

bn) = o 3 LX)y

oy 74(x)!

where 79(x) denotes the positive integer given out of x by the pairing func-
tion 7: if 7¢ maps g—tuples of positive integers onto single positive integers,
79t = 7(z,79(x)). Recall that the infinite sum can be given by a simple
iterative definition. U
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4 How to build a hypercomputer

There are two ways we can attack the question. The first one is based on
the previous construction of the Halting Function. The second one is based
on an alternative, well established technique.

First notice the following:

The Halting Problem is: given an arbitrary Turing machine {e}
and an arbitrary input n, can we check whether {e}(n) stops?

Now pick up some e,n and keep it fixed. As it will turn out, there is
an algorithmic procedure (sketched below) that allows us to check whether
{e}(n) stops or not. (There is a price to pay; it may be of high complexity,
but we can leave that difficulty aside for the moment). Difficulties appear
when we go from this particular instance to a construction that encompasses
all instances, that is, when we add the universal quantifier.

We will now consider two possibilities for a hypercomputer.

Our proposal for a hypercomputer

The present construction is based on the following result by Richardson
[2, 13, 15, 16]:

Remark 4.1

e Given Turing machine M,,(a) = b, for natural numbers a,b, we can
algorithmically obtain a polynomial p,,({(a,b),z1,...,z)) so that:

Mp(a) =b < Fz1,...,22 € w[pm({a,b),z1,...,x5) = 0].

e Recall that we can construct an expression for a F;,, real-defined and
real-valued, so that:

Ax1, ..., 22 € w[pm({a,b),21,...,21) = 0] <

— Jxy, ...,z € RF,((a,b),x1,...,2x) < 1.

and
Va1, ..., 2 € w[pm((a,b),z1,. .., 2x) # 0] <

—Vr1,...,xp € RF,({(a,b),z1,...,25) > 1.

e In a more figurative way: M,,(a) | (converges) if and only if F,(a,...)
dives below 1, and M,,(a) T (diverges, enters an infinite loop) if and
only if F,,(a,...) stays above 1.
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(See Remark 3.8.) So, machine e stops over input n if Richardson’s
transform F. ) of the corresponding Diophantine polynomial p({e,n),...)
dives below 0; otherwise it stays above 1. Of course we can modify the
corresponding Richardson transform in such a way that the “signaling gap”
from 0 to 1 is widened to an arbitrary k.

Now consider the following analog machine:

e First compactify F' by some simple elementary—function map, over the
semi—open interval [0, K), that is to say, map [0,00) over [0, K) and
carry F over. We will note F’ the compactified version of function F'.

e Given each pair (e,n), F (’ en) is built out of elementary functions plus

.
e So there is an ideal analog computer that computes it.

e Notice that the values (e,n) can be easily coded as parameters in our
analog machine.

e So, build it.

By the preceding considerations, it is our belief that the theoretical hy-
percomputation problem has already been settled. The realistic hypercom-
putation problem is another matter, but is a problem that belongs to the
realm of engineering.

We see three main difficulties (there may be others) in the actual con-
struction of a hypercomputer if we follow the preceding steps:

e The construction of m. How are we going to insert 7 as a parameter
in our machine? We have considered the possibility that 7 should be
derived out of a geometrical, graphical construction.

e Quershoot problems. This is another difficulty to be considered. The
compactification procedure may lead to irregular, out—of—control be-
havior when one goes to the (compactified) infinite point.

e The size of e and n. For actual computers e and n may be very large,
and coding them into an analog computer may be quite difficult.

We do not consider the usual objection that says, the world is ruled
by quantum mechanics, and is therefore discrete, so any analog, continuous
construction will end up by being impossible. We suggest reading on that
a brilliant, half-forgotten text, Havemann’s essay of the discrete and the
continuous [11].
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Turing—Fefermann hypercomputer

The main reason why the authors have always believed that someday some-
one will build a hypercomputer stems from the following fact: given one
instance, or a finite but arbitrary number of instances of the Halting Prob-
lem, we can always algorithmically decide them. Here it goes why it is
S0.

Each instance of the Halting Problem (if it fails to stop over an input)
is arithmetically equivalent to a II; sentence,

Vi, x9,...,p((m,n)xy, x9,...) # 0.
(Here {m} is the machine, and n is the input we wish to test.)

e Then we know [9, 10, 20] that there will be some theory T} in the
Turing—Fefermann hierarchy, Ty = PA, 177 = PA 4 ConsisPA, ...,
that will prove such a II; sentence, if it is true. On the other hand, we
can recursively test for its negation, 3z1,x9,...,p(...) = 0. Therefore
we can build a recursive procedure in order to decide whether {m}(n)
stops or not.

e We thus generate two listings of results.

e List A: we test p({(m,n),x1,x2,...) for each n—tuple x1, xs, ... in order
to check whether some n—tuple is such that p((m,n),...) = 0.

If it does, the procedure stops, and we learn that {m}(n) stops.

e List B: we go by dovetailing, and generate all theorems for Ty, 17, 15,
in the Turing—Fefermann hierarchy.

If Vo, ... p((m,n), z1,...) # 0 appears among the theorems in that
listing, we stop the procedure.

There is a catch: procedure B is extremely costly in computational terms
(procedure A may also be very costly). However we may use — we expect
— our analog machine to speed it up. Anyway, the point is: finite arbi-
trary instances of the Halting Problem are always algorithmically decidable.
(Franzen’s objections [10] do not apply precisely because of that: we only
have to check a finite number of instances of the Halting Problem, in actual
situations.)

Remark 4.2 An important point: we cannot formally “put together” all
such procedures that settle particular instances of the Halting Problem and
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obtain a theory with a recursively enumerable set of theorems that settles
all instances of the Halting Problem, as that theory would then violate the
Godel incompleteness theorems. In fact, it can be shown that such a theory
implies Shoenfield’s w—rule, and PA plus Shoenfield’s rule is a theory with
a nonrecursively enumerable set of theorems.

More precisely: no extension of arithmetic with a recursively enumerable
set of theorems can prove that the algorithm sketched above delivers what it
promises. [

5 Conclusion

We rest our case. To stress the point:

e We believe that the theoretical hypercomputation problem is solved.
We can — ideally — build an analog machine that settles arbitrary
instances of the Halting Problem.

e The actual construction of such a machine isn’t a mathematical prob-
lem anymore; it is an engineering problem. One has to build a proto-
type and see which problems will eventually come up.

If one settles arbitrary instances of the Halting Problem, we may now
conceive a machine that decides sentences along the arithmetical hierarchy
[4, 6]. The implications are obvious, and we will not comment on them.

The proof of the pudding is on the eating: next step is to build a proto-
type.

We thus rest our case.
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What is a universal computing machine?
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Abstract

A computer is classically formalised as a universal Turing machine or a similar de-
vice. However over the years a lot of research has focused on the computational prop-
erties of dynamical systems other than Turing machines, such cellular automata,
artificial neural networks, mirrors systems, etc.

In this paper we propose a unifying formalism derived from a generalisation of
Turing’s arguments. Then we review some of universal systems proposed in the lit-
erature and show that are particular case of this formalism. Finally, we review some
of the attempts to understand the relation between dynamical and computational
properties of a system.

Key words: Turing universality, dynamical systems

1 Introduction

We are interested in computing machines, which we informally define as ma-
chines able to solve decision problems on integers (or finite objects that can be
encoded as integers), such as, for instance, primality. We are especially inter-
ested in universal computing machines, i.e., those who have the same power
as a universal Turing machine.

Note that in this article we are only interested in solving decision problems
on integers, while computable analysis deals with computable functions and
decision problems on the reals (e.g., checking invertibility of a real-valued
matrix). See for instance [29,3,25,22] on computable analysis.
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Also, we do not consider hypercomputation and systems with super-Turing
capabilities, as can be found for instance in [27,4,9].

Note that here we do not define universality as the ability to ‘simulate any
other system’. See for instance [24] for such a notion of universality in the case
of cellular automata.

We start by a quick review of computing machines, such as Turing machines,
counter machines, cellular automata. We then observe, with Davis’s definition
of universality, that a computing machine is always a dynamical system to-
gether with an r.e.-complete halting problem. We then ask which problems can
be considered as reasonable halting problems for a given dynamical system.

We then generalise Turing’s famous argument to the case where a dynamical
system, instead of pencil and paper, is available to a human operator. This
leads to a general definition of universal computing machine. Then several
definitions of universal systems are reviewed and found to be particular cases
of this framework.

We finally review some results about the interaction between the computa-
tional and dynamical properties of a computing machine.

2 Turing machines

In the beginning of the twentieth century, the question arose, as a consequence
of the search for foundations for mathematics, of a mechanical procedure to
solve a mathematical problem, or algorithm. Several answers, later proved
mathematically equivalent, were provided in the thirties and forties, by Post,
Church, Kleene, Turing. For the original papers, see [5].

Among those answers, Turing’s is perhaps the most thoroughly argued as a
model for computation. Here we sketch Turing’s argument to construct his
machine, as it will be a basis to our definition of computing machine.

In this article, we only consider decision problems, which was not the point of
view originally taken by Turing. This is not a loss of generality as computing
an integer can reduced to a sequence of decision problems.

The algorithm is performed by a human operator, who applies a series of
instructions on the initial data. Intermediate results are written on paper.

Turing essentially argues that the mind of the operator can only be in finitely
many states, can distinguish only finitely many symbols on paper, and can
write only finitely many different symbols. Hence the operator is essentially a
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finite-state automaton (as far as the execution of the algorithm is concerned).
The sheet of paper can be similarly considered as an unlimited linear tape
divided into cells. Every cell contains a symbol out of a finite alphabet. The
operator can read or write the symbol in a cell, and translate the tape one cell
to the left or right. The initial data is written on finitely many cells on the
tape, while the rest of the tape filled with the blank symbol. The computation
ends when the operator enters the state of mind ‘The computation is finished’,
which we call the halting state. As a result, a human operator executing an
algorithm is modeled by a one-tape Turing machine as we know them. For a
decision problem, we can also assume that the halting state of mind contains
the answer to the problem, e.g., ‘The computation is finished and the answer
is Yes.” In this case there are two halting states. Note that a computation on
a Turing machine can result in three outcomes: ‘Yes’, ‘No’ or no answer at all
(i.e., the machine does not halt).

Turing confirms that his definition is sensible by showing that slightly different
models, such as two-tape Turing machines, have the same power as Turing ma-
chines. That means that for every two-tape Turing machine one can construct
in an effective way a one-tape Turing machine the solves the same problem,
and conversely. Here by ‘effective’ we mean ‘intuitively computable’.

He then finds that there exists a universal Turing machine, i.e., a Turing
machine such that every pair (Turing machine, initial data) can be converted
in an effective way into an initial data for the universal machine so as to
preserve the outcome ‘Yes’, ‘No’ or ‘Does not halt’.

He then proceeds to show that the halting problem is undecidable, more pre-
cisely r.e.-complete, as will be said later. The halting problem is the following;:
Given an initial data for a fixed universal Turing machine, does the universal
Turing machine reach a halting state? Equivalently: Given a Turing machine
and an initial data for this Turing machine, does the Turing machine reach a
halting state?

3 Other universal machines

Other kinds of machines were subsequently devised to formalise computation,
such as, for instance, counter machines (or register machines, or Minsky ma-
chines); see, e.g., [19]. A k-counter machine is made of k cells, each of which
contains a natural integer. At every step, a finite automaton can test if the con-
tent of a counter is zero, increment a counter or decrement a counter. Again,
the initial data is encoded in the content of the counters, and the computation
is considered as finished when we reach a ‘halting state’.
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It has been proved that there exists a universal counter machine U.

‘Universal’ can be defined in terms of a reduction from the problem solved
by a universal Turing machine. This means there is an effective way to en-
code any initial data for a fixed universal Turing machine into an initial data
for the universal counter machine so as to preserve the outcome of the com-
putation (‘Yes’, ‘No’, ‘Does not halt’). Note once again that we avoid here
talking about universality as ‘dynamical simulation’ of other dynamical sys-
tems, which avoids the need to introduce definitions of simulation.

Hence the halting problem for a universal counter machine (i.e., determining
if a given initial content of the counters and an initial state of the head will
reach a halting state of the head) is r.e.-complete as well.

Other similar machines were defined: Post machines, tag machines (also in-
vented by Post) for instance; see [18]. For those again, a way to use it for
computation is defined, and a universal machine is found.

All the machines above are machines with countably many states: the state of
a Turing machine, for instance, is a finite sequence of symbols plus the state
of the head for a Turing machine. All those machines are dynamical systems.
For the moment, we loosely define a dynamical system as an object evolving
in time, and completely characterised at any time by its state.

But most dynamical systems studied in mathematics and physics have an un-
countable state space, e.g., cellular automata, differential equations, piecewise
linear maps, etc. Examples of those systems have been proved universal. Their
halting problem is imitated from the Turing machine in the following way. We
choose a particular countable family of initial states, and countable family of
final states, or final sets of states. Then the halting problem is given an initial
state and a final state/set of states, whether the trajectory starting from the
initial state will reach the final state/set of states. More specific examples are
given in Section 7.

In that case, finding the relevant halting problem becomes not obvious at
all, since there are many ways to select a countable family of initial states
out of uncountably many. For instance, the cellular automaton of rule 110 is
universal for the eventually periodic states (i.e., periodic sequences of symbols
up to finitely many) but not for periodic sequences or for finite states (i.e.,
where all but finitely many symbols are equal to zero).

As observed in [10], some trivial dynamical systems can be also considered
universal with an artificial halting problem. For instance, take the full shift
on {0,1,2}" is universal with the family of initial states 1"0'a>, where t is
the halting time of a universal Turing machine on data n. If the machine
does not halt on n, then the initial state is 1"0°°. If the machine halts on
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‘Yes’, then a = 1, if it halts on ‘No’, then a = 2. Note that those states
are computable: we can compute the bit of any rank for any state. Then
the halting problem whether we reach the state 1 from the initial state
encodes the halting problem of the Turing machine. Therefore we are bound
to conclude that the full shift is a universal computing machine! But it is
only so with respect to a certain cooked up halting problem. It is also clear
that unreasonable choices of initial conditions (i.e., undecidable) will make
even simpler systems, such as the identity, even more powerful than Turing
machines and shows that choosing a relevant halting problem requires caution.

As a conclusion, to every universal computing machine, is associated a certain
r.e.-complete halting problem.

4 Davis universality

Davis [6], turning things around, proposed an astute definition of universality
for a counter machine, Turing machine or any similar kind of object. A machine
is said to be universal if and only if its halting problem is r.e.-complete. This
definition essentially coincides with the former, but it bypasses the the mention
of a universal Turing machine and the need for an effective encoding. Instead,
the coding is implicit in the r.e.-completeness of the halting problem. Indeed,
an r.e.-complete problem is one to which the halting problem of a universal
Turing machine, and any other r.e. problem, can be reduced.

Hence a particular dynamical system is said to be universal with respect to
a certain problem, called the halting problem, when this problem is r.e.-
complete. In other terms, a computing machine is composed of a dynamical
system together with a halting problem. As seen above, the choice of the natu-
ral halting problem for a dynamical system is sometimes obvious, by imitation
from known examples, and sometimes more delicate.

Davis’s definition makes the quest for universal computing machines a partic-
ular case of the quest for undecidable mathematical problems. It happens in
mathematics that a problem occurs, that one would like to solve, but turns out
to be undecidable. For instance, whether a given polynomial in several vari-
ables with integral coefficients has an integral zero is r.e.-complete (Hilbert’s
tenth problem, solved by Matyasevitch in 1970 [17]); whether a finitely pre-
sented group is the trivial group is r.e.-complete as well [26]. Those problems
have been raised for their mathematical interest, not in order to define a new
kind of computing machine. It seems difficult indeed to interpret them as the
halting problem of some dynamical system.

As a conclusion, we have to solve the double question:
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e Given a dynamical system, what is a relevant halting problem for it?
e What r.e.-complete problems can be considered as the halting problem of
some computing machine?

5 Turing’s argument revisited

In this section, we propose a recipe to address the two questions just above.
We adapt Turing’s argument to get a fine understanding of the interaction
between dynamics and computation, and select a relevant halting problem.

Like in Turing’s original argument, a human wants to solve decision prob-
lem. However, this time she has no paper or pencil, but a physical system.
She doesn’t necessarily know about the initial state of the system. During the
process of computation, she can observe and act on the system. Like Turing,
we assume that the human operator’s mind can be in finitely many differ-
ent states. Hence, we assume that the human can be modelled by a finite
automaton, with finitely many actions on the system and finitely many pos-
sible observations from the system. This finite automaton acts as a controller
on the system, in a feedback loop. Finite automaton accepting inputs (here,
observations) and producing outputs (here, actuation) are also called Mealy
automata, or transducers. See Fig. 1. We use the term ‘state’ for both the
dynamical system and the controller, which models the mind. This justified as
the controller is itself a dynamical system. By connecting the controller with
the dynamical system, we get a new closed-loop dynamical system.

Hence a computing machine is defined in the following way.

Metadefinition 1 A computing machine is defined by a dynamical system
along with a countable family of controllers. Every controller is a finite state
automaton with initial states and final states.

We define the halting problem as the following. Given a controller, the dynam-
1cal system is initialised to an arbitrary state and the controller is initialised
to one of the initial states; is there a trajectory of the closed-loop system where
the controller starts from an initial state and eventually reaches a final state?

Some remarks must be made at this point.
The name ‘halting problem’ does not imply that the dynamical system stops
after we have reached a final (or ‘halting’) state of the automaton. It just

stops to be interesting, since we have answered the instance of the problem
we wanted to solve.
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Contrarily to most examples of universal systems found in the literature, there
is no explicit reference to an ‘initial state’. This is because a particular initial
state x can be encoded in the set of actions: ‘Set the state to x’. Or it can be
encoded in the set of observations, in which case the computation starts with
the following instruction: ‘Observe the state; if it is not = then enter an infinite
loop (i.e., never reach a final state)’, which ensures that only computations
starting by = will be processed.

We therefore see that the need for specifying an initial state is not as funda-
mental as it appears.

Since the controllers are finite state automata, it means that for a given con-
troller, finitely many observations can be made on the system, and finitely
many actions can be performed on it. As there are countably many controllers,
only countably many possible observations and actions are to be considered
for the system.

We speak of metadefinition rather than definition, because we still have to
specify what is a dynamical system, what kind of observations and actuations
are allowed on them, and how to interconnect the dynamical system with
the controller. The answer to all these questions depends on our ‘model of the
world’. For instance, if we want to model physics by deterministic discrete-time
systems, we’ll consider a system of this kind. If we believe physical quantities
cannot be observed with infinite precision, then we cannot allow the controller
to observe if the system is a state . And so on. Let us review some possibilities.

6 Dynamical systems

A dynamical system is intuitively anything that evolves in time. Many classes
of dynamical systems exist, some of which we quickly describe in this section.

The most typical class is deterministic, discrete-time systems, given by an

evolution map f : X — X, where X is the state space. A state x is transformed
into f(x), then f(f(x)), and so on.

Examples include Turing machines, cellular automata, subshifts, piecewise
affine maps, piecewise polynomial maps and neural networks.

Open dynamical systems (or input/output dynamical systems) allow for ac-
tuation. For instance, z is sent to f(x, u), where u is the input (or actuation).

An observation on a dynamical system is most often a map y = g(x), where x is
the state of the system. As we want finitely many values for y, an observation
is a partition of the state space of the system into finitely many sets. In
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principle, we could also consider a nondeterministic relation between z and
y (for instance, to model an uncertain observation), but this seems to be
unexplored in the literature of computational universality.

We may also consider a nondeterministic system; for instance the state x is
sent into a ball of radius € around f(z). This is used to model perturbations
that we know are bounded by e.

Continuous-time systems are usually defined by a differential equation & =
f(z) on (a part of) R™ or & = f(z,u), where wu(t) is the input function. In
that case, the closed-loop system is a hybrid system: a mix of continuous and
discrete dynamics.

Here we do not consider quantum universal systems; see for instance [8].

7 Reachability problems

Most definitions of universality rely on a reachability problem. The reachability
problem for a discrete-time deterministic system f : X — X goes as follows:
we are given two points x and y (‘point-to-point reachability’) or a point x
and a set Y (‘point-to-set’), and the question is whether there is a ¢ such that

fix) =yor fiz) €Y.

A reachability problem is modelled according to Metadefinition 1 as follows.
The controller first stets the inital condition to x; then it lets the system
evolves according to f; when the state of the system is y or belongs to Y, the
controller jumps to its final state.

Of course, the halting problem for a universal Turing machine, counter ma-
chines and many others is a (point-to-set) reachability problem.

In cellular automata, point-to-point reachability with almost periodic configu-
rations (made of a same pattern indefinitely repeated except for finitely many
cells) is usually considered. For instance the automaton 110 and the Game of
Life are universal according to this definition. Why almost periodic configura-
tions and not a wider, or smaller, countable family of points? This is discussed
in [28].

For systems in R™, points with rational coordinates and sets defined by polyno-
mial inequalities with rational coefficients (e.g., polyhedra or euclidian balls)
are usually considered. The choice of rational numbers seems to be guided by
simplicity only.

Let us give some examples of universal systems according to this definition.
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e A piecewise-affine continuous map in dimension 2 [13]. This map is defined
by a finite set of affine maps of rational coefficients, on domains delimited
by lines with rational coefficients.

e Artificial neural networks for several kinds of saturation functions [27].

e A closed-form analytic map in dimension 1 [14].

We can define in a very similar way universal systems in continuous time.
Examples of such systems are:

e A piecewise-constant derivative system in dimension 3 [2]. The state space
is partitioned on finitely domains delimited by hyperplanes with rational
coefficients, and the vector field is constant with a rational value on every
domain.

e A ray of light between a set of mirrors [21].

e Black hole computation, which is the interaction of signals in space-time
[11].

Despite its popularity and apparent simplicity, we believe that the reachability
problems as a basis to define universality suffer from several drawbacks.

First, it is possible to reach unpleasant conclusions, such as the full shift being
universal, by choosing artificial initial conditions for the system, as already
highlighted in Section 3.

Second, the possibility offered to the controller to set up or observe a state of
the system with infinite precision seems unphysical. The least uncertainty on
the initial condition can a priori completely destroy the computation; ensur-
ing that a physical system is, e.g., in a rational state is obviously an impossible
task in practice. It has been shown that many reachability problems become
decidable when perturbation is added to the dynamics, thus killing universal-
ity; see for instance [1,16,12].

Lastly, it is difficult to prove find interesting necessary or sufficient conditions
of universality base on the dynamical properties of the system, as emphasized
below in Section 10.

In next sections, we see two other halting problems that generalise the halting
problem of Turing machine, and avoid some of the pitfalls mentioned above.

8 Digital computing machines

Suppose we have an arbitrary symbolic dynamical system. A symbolic dynam-
ical system is one whose state is a sequence of symbols from a finite alphabet.
In other terms, the state space is AN or A%, for a finite alphabet A, or a closed
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subset of it. Remember that such a set can be endowed with the product
topology. The dynamical system is given by a continuous map on the state
space.

Of course, the state space could also be AZd, for instance, which can be recoded
into AN by reading content of the cells in arbitrary order.

Symbolic dynamical systems include Turing machines, cellular automata and
subshifts. No actuation is needed, the same map is applied at every step, the
controller here is only an observer.

What is the most natural halting problem for such a dynamical systems? In
other words, what is a universal digital computing machine?

A cylinder is a set of AN of the form wAY, for any word w € A*, or a set
of the form NAwAY in AZ. Boolean combinations of cylinders are exactly the
clopen (closed open sets) of the space.

We choose clopen sets as observation sets. This is a natural choice because it
means that finitely many symbols are observed at every steps, and it means
that a finite precision measurement is required. The only initial set is the full
space; in other terms, nothing is known about the initial state of the dynamical
system. Any deterministic finite automaton can be chosen as controller. This
halting problem was proposed in [7]. We therefore say that a symbolic system is
a universal digital computing machine if this halting problem is r.e.-complete.

It was shown [7] that a universal Turing machine is also universal for this defi-
nition, with some mild modifications. It also has the advantage to lead to non
trivial conditions on the dynamical properties of the system for universality
to emerge; see Section 10.

The digital computing machines show some robustness to perturbation, be-
cause a small enough perturbation on the initial condition of a successful
trajectory (i.e., leading the controller to a final state) will keep the trajectory
successful.

9 Actuation of dynamical systems

Turing machines are interpreted very simply as closed loop systems. Given
a finite set A of symbols (including a blank symbol), we consider the set
AZ (or its restriction to finite configurations if we want a countable state
space; finite configurations are those that are entirely blank except for finitely
many symbols). On this set we have the following possible actuations: shift
to the left, shift to the right or change the symbol in position zero to another
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Fig. 1. Turing’s argument revisited: How to compute with a dynamical system.

symbol. The only possible observation is the symbol in position zero. This is
a simple open (input/output) dynamical system. If we now control it with
an arbitrary finite automaton, what we get is exactly a Turing machine. This
open dynamical system is therefore universal.

Despite this fundamental example, most set-ups proposed in the literature
make no use of the actuation we let the dynamical system evolve by itself,
without influence, except possibly at the very step to set up the initial con-
dition. A slightly more elaborate system is proposed in [23], in which we can
act on the system with three maps: fy, fi, f- The dynamical system starts at
the origin (or any point fixed once for all), then we apply a sequence of f, and
f1 to introduce a binary word encoding the data; for instance, the number
100111 is encoded by the state fi f1fifofof1(0). Then we apply f repeatedly.
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10 Dynamical properties of universal systems

What is the link between the dynamics of a system and its computational
capabilities?

Wolfram proposed a loose classification of 1-D cellular automata based on
the patterns present in the space-time diagram of the automaton; see [30].
He then conjectured that the universal automata are in the so-called ‘fourth
class’, associated to the most complex patterns.

Langton [15] advocated the idea of the ‘edge of chaos’, according to which a
universal cellular automaton is likely to be neither globally stable (all points
converging to one single configuration) nor chaotic. See also [20] for a discus-
sion. Other authors argue that a universal system may be chaotic; see [27].

However it seems difficult to prove any non-trivial result of this kind with the
point-to-point or point-to-set reachability definition of universality. Moreover
a countable set of points can be ‘hidden’ in a very small part of the state space
(nowhere dense, with zero measure for instance), so the link between this set
and the global dynamics is unclear in general.

Digital computing machines are analysed in [7], where it is shown that a
universal system according to this definition has at least one proper closed
subsystem, must have a sensitive point and can be Devaney-chaotic.

11 Conclusions

A framework has been proposed to unify many of the definitions of computing
machines found in the literature. A universal computing machine is defined
as a dynamical system together with a suitable r.e.-complete problem; this
definition is flexible with respect to the kind of dynamical systems we consider.

In particular it appears that reachability problems, despite their mathemat-
ical interest, are not the only generalisation of the Turing machine’s halting
problem, and perhaps not the most natural.

In particular, it appears to us that universality for open dynamical systems is
an almost blank field waiting to be explored.
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1. Introduction

No position is taken on the theoretical and practical feasibility of using any
potentially existing particular black hole for hyper-computing. The reader
is referred to other contributions in this issue as well as Etesi and Németi
(2002); Németi and Dévid (2006); Németi and Andréka (2006) for clear
introductions and surveys on this topic. All the work presented here in done
the context of so-called “Malament-Hogarth” space-times and not slowly
rotating Kerr black hole. The main differences are that, one, the observer
remains out of the black hole and second, nested black holes are considered.

A black hole computation works in the following way. At some location *
one observer starts a computing device which he sends on a different world-
line such that: at some point, after a finite time on his own world-line the
observer has the whole future of the device infinite world-line in its causal
past and the device can send some limited information to the observer.
The device has an infinite time for computing ahead of it and can send
a single piece of information to the observer. Not only can the observer
perceive this piece of information, but after a finite duration which he is
aware of, the observer knows for certain that if he has not received anything
then the machine never sends anything during its whole, possibly infinite,
computation. So that, for example, if the piece of information is sent only

* Throughout the article location is to be understood as a position in space and time and position as
only spatial.
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when the computation stops, at some point, the observer knows for certain
whether the computation ever stops.

From the computer scientist point of view, this allows to have some piece
of information on a whole, potentially infinite, computation. This way the
Halting problem or the consistency of many first order logic theory (e.g.
Set theory or Arithmetic theory) can be decided. This clearly falls out of
the classical recursion/computability theory since it allows to decide semi-
decidable subsets (X} in the arithmetic hierarchy).

Malament-Hogarth space-times allow to have nested black holes and so-
called arithmetical sentence deciding (SAD) space-times (Hogarth, 1994,
2004). With each infinite level of nested black-holes, the computing power
climbs up a level of the arithmetic hierarchy (and even the hyper-arithmetic
hierarchy in second order number theory (Welch, 2006)). The arithmetic hi-
erarchy is formed by recursive predicates preceded by alternating quantifiers
on natural numbers. The level in the hierarchy is defined by the first quan-
tifier and the number of alternations.

In computer science, considering and continuing a computation after its
potential infinite span exist in various form. Infinite time Turing machines
(Copeland, 2002; Hamkins and Lewis, 2000; Hamkins, 2002, 2007) consider
ordinal times (and values); the main difference is that the limit of the tape
is available, whilst with black holes only a finite and bounded piece of infor-
mation is available. Infinite computations also provide limits, for example
computable analysis (Weihrauch, 2000) (type-2 Turing machines) manipu-
lates infinite inputs and generates infinite outputs, each one representing a
real number. In analog computations, limit operators (as limits of sequences
of real numbers) are also considered (Chadzelek and Hotz, 1999; Kawamura,
2005; Mycka, 2003b,a, 2006; Mycka and Costa, 2007; Bournez and Hainry,
2007).

The setting in which the black hole effect is simulated here is not the so-
lution to any relativity equations. It is rather something that is constructed
inside a Newtonian space-time and provide the desired effect whereas black
holes involves non-Euclidean geometry (like the Schwarzschild one). Any
initially spatially bounded computation can be embedded in a shrinking
structure resulting in the same computation happening in a spatially and
temporally bounded room, even if it was not the case before. This structure
provide the black hole, outside of it, some information may be received to
gain some insight on what happen inside.

Abstract geometrical computation (AGC) deals with dimensionless signals
with rectilinear and uniform movement in a (finite dimension) Euclidean
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space. It is both a continuous and an analog model. The way it is analog is
quite unusual because there are finitely many values but continuum many
variables. Time is evolving equally everywhere. What brings forth the ac-
celerating power is that space and time are continuous so that Zeno effect
can happen and indeed, everything heavily relies on it. Throughout the ar-
ticle, only dimension 1 spaces are considered, thus space-time diagrams are
2 dimensional.

Signals are defined as instances of meta-signals which are of finite num-
ber. They move with constant speeds uniquely defined by their meta-signals.
When two or more signals meet, a collision happen and they are replaced
other signals according to collision rules. A signal machine defines the avail-
able meta-signals, their speeds and the collisions rules.

A configuration at a given time is a mapping from R to a finite set (con-
taining the meta-signals) defining signals and their positions. Signals are
supposed to be away one from another. The void positions (i.e. position with
nothing) are supposed to form an open set. The rest of the configuration
contains only singularities. They are many ways to continue a space-time
diagram after an isolated singularity, the ones used here are: let it disappear
or turn it into signals.

This model originates in discrete signals in Cellular Automata (Durand-
Lose, 2008b). This explains the choice of finitely many meta-signals and
constant speeds. There are other models of computation dealing with FEu-
clidean spaces.

Huckenbeck (1989, 1991) developed a model based on finite automata
able to draw lines and circles and to compute intersections. Not only are
the primitives different, but also it is sequential and depends on an external
operator to perform the construction whereas in signals in AGC operate on
their own.

Jacopini and Sontacchi (1990) developed an approach where a computa-
tion results in a polyhedron. They only encompass finite polyhedron (i.e.
bounded with finitely many vertices) and allow surfaces and volumes of any
dimensions while AGC has only lines.

Another model worth mentioning is the Piecewise Constant Derivative
(PCD) system (Bournez, 1999b). There is only one signal, but its speed
changes each time it enters a different polygonal region. Not only is AGC
parallel but also there is no such things as boundaries. Nevertheless, PCD
are able to hyper-compute and climb up the hyper-arithmetic hierarchy
(Bournez, 1999a) while the other two cannot.

In AGC, since signals dwell in a continuous space (R) and time (R*) and
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there is no absolute scale, it is possible to rescale a configuration. Rescaling
a configuration rescales the rest of the space-time. An automatic procedure
to freeze the computation, scale it down and unfreeze it, is provided. When
this construction is made to restart it-self forever, a singularity is reached.
Any AGC-computation starting with only finitely many signals can be em-
bedded in this structure so that the corresponding computation is cut in
countably many bounded pieces geometrically shrunk and inserted. This
brings a general scheme to transform any AGC-computation into one that
can do the same computation but in a piece of the space-time diagram
bounded in both space and time. This is the desired black hole effect. An-
other shrinking scheme is presented in Durand-Lose (2006a), but it works
only for spatially bounded AGC-computations while the one presented here
does not impose this condition. The construction is detailed since AGC is
not so well-known and it is the cornerstone of the results in the article.

Simulating a Turing machine (TM) is easy using one signal to encode each
cell of the tape and an extra signal for the location of head and the state of
the finite automaton. Any Turing machine simulation can be embedded in
the shrinking structure making it possible to decide semi-recursive problems
in finite time.

As long as speeds and initial positions are rational and there is no singu-
larity, the location of each collision is rational (as the intersection of lines
with rational coefficients). This can be computed in classical discrete com-
putability (and have been implemented to generate figures). The model is
also perfectly defined with irrational speeds and positions and can thus be
also considered as an analog model. It has recently been connected to the
Blum, Shub and Smale model of computation (which can perform algebraic
operations as well as test the sign on real numbers with exact precision)
(Durand-Lose, 2007, 2008a). In the present paper, it is only recalled how
real numbers are encoded and how a singularity is used to provide the mul-
tiplication. Our shrinking scheme can be used in this analog context to
answer analog decision problems.

The way a signal machine is transformed to have shrinking capability
can be iterated so that singularities/accumulations of any order can be
generated. This allows to decide a formula formed by a total (resp. BSS)
recursive predicate preceded by a finite alternation of quantifiers on N (i.e.
to climb the corresponding arithmetical hierarchies). For the analog case,
this remains a quantification over a countable set ** .

**This is why we do not talk about an analytic hierarchy.
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In Section 2, the model and the shrinking structure are presented. In Sec-
tion 3, the way discrete computation can be done and shrunk is presented.
In Section 4, analog computation is considered. Section5 explains how to
have nested black holes so as to climb the arithmetic hierarchies. Section 6
gathers some concluding remarks.

2. Model and Mechanics

The underlying time is R*; there is no such thing as a next configuration.
The underlying space is R. A configuration is a mapping from R to a finite
set (yet to be defined). A space-time diagram is a function from R x R to
the same finite set.

What lies on R are signals, collisions between signals or singularities (cre-
ated by accumulations). Signals are moving with constant speed depending
only on their nature. When they meet, an instantaneous collision happens
and the signals are replaced by others according to some collision rules.
A singularity happens when and where infinitely many collisions, signals
and/or singularities accumulate. Ways to continue a space-time diagram
beyond an isolated singularity are proposed at the end of this section.

2.1. Signal machines and space-time diagrams

Definition 1 A signal machine (SM) is defined by (M, S, R) where M
(meta-signals) is a finite set, S (speeds) a function from M to R, and R
(collision rules) a partial function from the subsets of M of cardinality at
least two into subsets of M (all these sets are composed of signals of distinct
speeds).

Each signal is an instance of a meta-signal. Its speed is constant and only
depends on its meta-signal (given by S). When two or more signals meet,
R indicates the signals to replace them. Meeting signals must have distinct
speeds otherwise they are parallel and never meet. Signals are not allowed
to be superposed, so that all signals emitted by a collision must also have
distinct speeds.

Definition 2 The extended value set, V', is the union of M and R plus
two special values: one for void, @, and one for singularity . An (valid)
configuration is a total function from R to V' such that all the accumulation
points of its support (the set of non void location, supp(c) = {x € R|c(z) #
@ }) have the value 3. A configuration is finite if its support is finite. It is
simple if it is finite and # is not reached. It is rational if it is simple and
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its support is included in Q. A SM is rational if all the speeds are rational
numbers and only rational configurations are used.

As long as there is no singularity, a finite configuration is only followed
by finite ones.

To be rational is robust. Signals at rational positions with rational speeds
can only meet at rational location. All collisions happen at rational dates
and at these dates the positions of signals are all rational. Since rational
numbers can be encoded and manipulated exactly with any computer, ra-
tional SM can be handled inside classical computability theory.

Two results limit the interest and extend of rational SM. First, predicting

whether a singularity ever happens is X9-complete (in the arithmetical hi-
erarchy, which means not even semi-decidable) (Durand-Lose, 2006b) and
second, a singularity can happen at an irrational position (Durand-Lose,
2008a). On the other hand, as long as Turing-computability is involved, ra-
tional SM are enough (as shown in Sect. 3). But if analog computations are
to be considered, then it is not the case anymore as in Sect. 4.
Let S,,;, and S, ., be the minimal and maximal speeds. The causal past,
or backward light-cone, arriving at position z and time ¢, I~ (x,t), is defined
by all the positions that might influence the information at (z,t) through
signals, formally:

I“(z,t)={ (2/,t) |- S

max (

t—t)y<a' <x-S,,,@t-t)} .

Definition 3 The space-time diagram issued from an initial configuration
co and lasting for T, is a function ¢ from [0,7] to configurations (i.e. a
function from R x [0, 7] to V') such that, ¥(x,t) € R x [0, 7] :
(i) Vte[0,T], ¢i(.) is valid, and ¢o(.) = co;
(ii) if ¢;(x)=p € M then 3t;,t,€[0,T] with t;<t<t; or 0=t;=t<ts or t,<t=t ;=T
s.t.:
() V€ (tity), cole + S)(E — 1) = p,
(b) (t;=0 and co(z;) = p) or (¢, (x;) = p~—pT€ER and p € pt)
where x;=x + S(p)(t; — t),
(c) (ty=T and ¢, (T) = p) or (¢, (xy) = p~—pT€R and p € p~ ) or
ci,(xy)=% where xy=x + S(u)(ty —t);
(iii) if ¢;(x)=p~—pt € R then e, O<e, V'€lt—e, t+c] N[0, T], Va'€lx —
e, x + ¢,
() (2',1) # (5.1) = co(a') € p~Up* U {0},
ep andt' <tand 2’ =z + S(p){t' —t
(b) YpueM, cy(2)=p < Vv =r (k) ) ;
pepandt <t and 2’ =x+ S(p)(t' —t)

and
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(iv) if ¢;(x) = % then Ve>0, there are infinitely many collisions in I~ (x,¢)N
R X [t—e, t) or infinitely many signals in [z — e, + €] X [t—e, 1) .

The definition naturally extends to the case T = +o00. A space-time di-
agram is rational if it is correspond to the one of a rational SM. As long
as no singularity is reached, the evolution is deterministic; the space-time
diagram only depends on ¢y and the SM.

2.1.1. Encompassing singularities.
When a singularity is reached isolated (i.e. there is nothing round it),
there are various ways to continue the space-time diagram beyond it.

Definition 4 (Schemes to handle isolated singularities) A singular-

ity at (x,t) is isolated if there is nothing but void around it in the configu-

ration (i.e. 3e,Va' € [x —e,x + €], 2’ # © = ¢(2') = @). There are various

schemes to continue a space-time diagram at an isolated singularity.

(i) Wall. It remains there forever;

(ii) Vanish. It disappears as if it where on another dimension;

(iii) Simple trace. It disappears but sends a u, signal; or

(iv) Conditional traces. It disappears but sends signals according to which
signals join in (i.e. signals that are not interrupted by any collision —not
an infinite succession of signals).

In the two last schemes, s or the singularity rules have to be added to
the definition of the SM. In such a case, one talks about an extended SM
(ESM). Next sections consider ESM and the schemes used are indicated.

The first scheme is not considered here; although it makes sense since sin-
gularities generally do not just disappear, in dimension one, it unfortunately
produces an unbreakable frontier definitively splitting the configuration in
two. The second one is considered in the section on discrete computation
while the third is considered in the section on analog computation. The
reason in the analog case is that its position is an important piece of in-
formation. The last case is also used to consider the case of a singularity
happening exactly on a higher level structure (as the one presented below)
with nested structures in Sect. 5.

The last two schemes impose a modification of the rules of space-time
diagrams. One is to allow a signal to start from a singularity to add to
b “or (e, (x;))=% A p = pus)” and to iv something amounting for signals
emitted like the rules for collisions (iii) which is not given since it depends
on the scheme and for the last scheme of the singularity rules.
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In case of non-isolated singularities, the fist two schemes remain possible
while the two last ones would make it necessary to define signals with a
dimension (which might be not an integer since the accumulation set can
be a Cantor set).

Accumulations of second (or more) order can be considered, as long as
all the singularities are isolated. In the last case, more distinction could be
made according to the level of singularity. As long as finitely many levels
are considered or distinguished, the description remains finite.

2.2. Shrinking and space and time bounding

All the constructions work in the following way: starting from a SM, new
meta-signals and rules are added in order to generate another SM that
works identically with original meta-signals but the new ones provide an
extra layer with some kind of meta instructions. For a computation to be
altered, extra signals have to be added to the initial configuration.

2.2.1. Freezing and unfreezing.

A new meta-signal, toggle, with a speed strictly greater than any present
speed, say sqg is added. If one instance of toggle is set on the left, and is
re-generated by every collision, then a succession of toggle (signals) crosses
the entire computation. It is the freezing signal. Freezing is done in the
following way: each time it meet some signal p, it replaces it by some frozen
counterpart Fu. All these new frozen meta-signals have the same speed, say
fo (which should be less that sy to ensure that they are above the freezing
line on the space-time diagram). It might happen that the freezing signal
passes exactly on a collision, say p. Then the collision is frozen too, i.e. it is
replaced by a frozen signal amounting for it, fp. The signals resulting from
the collision are generated when the collision is unfrozen.

The unfreezing scheme is the same, in reverse: signals and collisions replace
their frozen counterparts at the passing of another toggle signal.

This scheme is illustrated on Fig.1. In all the figures, time is elapsing
upwards. On the left, one computation is showed unaltered but the intended
trace of toggle is indicated with dotted lines. On the right, the computation
is frozen, the frozen signals (the F.) are left to move for some time and then
they are unfrozen by a second toggle. Signal are shifted on one side, they
could be shifted on the other side by symmetry, or shifted anywhere (as
long as it is in the future) by moving the toggling signals and changing the
inner slope.
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rest of the
computation
rest of the

computation

’A"start of the start of the

computation computation

(a) Regular evolution. (b) Frozen, translated and unfrozen.
Fig. 1. Freezing principle.

The algorithm to modify a SM is given on Fig.2 where object oriented
notations are used. Each time new identities are created, renaming is used
if necessary. There is nothing particular about it and every modification
works on the same pattern.

Input:
M signal machine
B: real number { speed of the toggle }
0: real number { speed of frozen signals }
Assert: (S, <B)AN(0<pB)
Do:
{ Create the toggle }
1: toggle «— M .add_new_meta-signal_of_speed( 3 )
{ For the meta-signals }
: for each p original meta-signal from M do
Fiu « M .add_new_meta-signal_of_speed( 6 )
M .add_rule( {toggle, u } — {toggle, Fu})
M .add_rule( {toggle, Fu} — {toggle, u })
: end for
{ For the rules }
7: for each p =p~ — p* original rule from M do
8: Fp — M.add_new_meta-signal_of_speed( 6 )
9:  M.add_rule( { toggle } U p~ — { toggle, To })
10:  M.add-rule( { toggle, p } — { toggle }Upt )
11: end for
Output: toggle: meta-signal { the freezing/unfreezing one }
Side effect: New signals and rules added to M

o eN

Fig. 2. Algorithm to add the freezing capability.

2.2.2. Scaling parallel signals and any computation.

When signals are parallel, they remain so and do not interact, their struc-
ture is quite loose. So that a group of parallel signals can be manipulated
quite easily as long as they remain parallel they remain synchronized. They
just have to be unfrozen with the same slope.
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Using a Thales based construction, or prismatic if thought of as light
beams, it is easy to scale parallel signals as depicted on Fig. 3(a). The idea is
to change the direction twice to be scaled and recover the original direction.
The speed of the signals crossing the triangle is carefully selected in order
to insure the wanted ratio.

start of the
computation

(a) Scaling parallel signals. (b) Freeze, Scale and unfreeze.

Fig. 3. Scaling.

This construction can be set inside the freezing/unfreezing construction.
This leads to the scheme of Fig.3(b). The specially added signal for the
structure are only a part of the ones in the next subsection. The algorithms
to modify SM are so plain that they are not presented anymore.

2.2.3. Iterating forever.

The idea is to iterate ad infinitum above construction. More signals have
to be added in order to restart the freeze, scale down and unfreeze process
on and on. The structure and some basic properties are presented before
the embedding of computations.

The structure is presented on Fig.4. The collision rules are not given
because they can be read directly from the figure; for example

{toggleUnfr, axis} — {boundRi, axis, toggle} .
The dashed axis signals are part of the construction, while the dotted lines
do not correspond to any signal and are only there to delimit some regions.
Signal axis is dashed because it does not delimit any region.

The toggleUnfr and toggleFree signals are used to start the freezing and
unfreezing toggle. The scale signals are used both to change the direction of
parallel signals (and achieve scaling down the embedded configuration) and
also to start boundRi. The signals boundLe and boundRi are used to bound
the potential room used by the embedded computation when active. The
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Meta-signal|Speed

boundLe| —vyg
boundRi| g
scale
toggle| 4iy
toggleUnfr

toggleFree

axis| 0

Fig. 4. iterated scaling.

initial position of axis is at one third of the distance between the four on
the left and boundRi.

The construction works because the speed parameter 1y used to compute
the various speeds is equal to the maximum absolute value of the speeds in
the original SM. The speeds given on Fig.4 are computed such that:

— at each iteration, the structure is scaled by half; and

— the length of the unfreezing toggle signal is one fourth of the preceding

freezing one.

The structure is twice as small and twice as fast each time but the initial
computation is scaled by one fourth. Relatively to the structure the com-
putation is two times faster each time. This is wanted because not only
should the structure collapse in finite time, but meanwhile the embedded
computation should have infinite time ahead of it. This is to be understood
considering the regions.

The A; regions (on Fig.4) are the ones where the embedded computation
is active. The first one is triangular while all the other ones are trapezoidal.
The other two regions are triangular. The F; regions are the ones where
the embedded computation is frozen and signals follow the direction of the
dotted line. The F} regions are the ones where the embedded computation
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is also frozen but signals follow the direction of toggleUnfr. The frontiers
between A; and F; (as well as Fj and A1) are toggle signals thus the
correct freeze (and unfreeze). The frontiers between F; and Fj are scale
signals which correspond to a change of direction of frozen signals.

On the frozen regions F;, all frozen signals have to be parallel to the
dotted line in order that the lower toggle is “mapped bijectively” onto scale.
So that their speed is —%1/0. On F; all frozen signals have to be parallel to
the scaleLo signal in order that scale is “mapped bijectively” onto the upper
toggle. So that their speed is %1/0 (toggleUnfr).

The embedded configuration is scaled by one fourth but the piece is only
one half in size of the previous one. Each time the duration, relatively to the
original computation, is halved by 2 (for the structure size) but multiplied
by 4 for the scale. Altogether, the ratio is 2. So that each time, the elapsing
time for the original computation is doubled. This ensures that the original
computation is entirely embedded, i.e. has infinite time ahead of it.

Figure 5 shows a simple space-time diagram that is growing on both side
on the left and its embedded version on the right. The active part is where
the lattice is visible, otherwise it is frozen, shift and scaled.

The location of the singularity can be computed easily as the intersection
of two lines (but also as a geometrical sum) and is rational as long as it is
stated with rational positions.

(a) Unaltered (b) Shrunk

Fig. 5. Iterated scaling example.

The shrinking structure serves as a black hole. The configuration em-
bedded inside is trapped. In the following sections, small modifications of
already modified SM show how to let some information leave.
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3. Discrete computations

Definition 5 A Turing machine (TM) is defined by (Q, ¢;, I, ~, #,0) where
() is a finite set of states, q; is the initial state, I' is a finite set of symbols,
", tape head, and #, blank, are two distinguished symbols, and § : Q x I' —
Q x T' x {«,—} is the transition function.

A TM-configuration is defined by (q,w,7) such that ¢ is a state, w is a
finite sequence of symbols —or word over I'- and ¢ is a natural number. The
automaton is in state ¢, w (completed by #’s) is written on the tape and
the head is over the ith cell of the tape. The TM is self-delimiting when
there is only one ~ on the tape which is written on the first cell, and there
is nothing but # right of the first #. If it is not the case, the TM is in an
illegal configuration.

The next configuration is defined by the transition function as follows. If
d(q,w;) = (r,a,—) then the next configuration is defined by (r,w’,i + 1)
where w’ is obtained from w by replacing the ith symbol by a. If §(q, w;) =
(r,a, <) then, if i = 0 then the TM stops otherwise the next configuration
is defined by (r,w’,i —1).

The TM computes in the following way: some input (without ~ and #)
is written on the tape preceded by ~ and followed by potentially infinitely
many #. The result of the computation, if any, is what is written on the
tape (~ and all # are discarded) when the TM stops.

The TM halts normally when the head tries to leave the tape. For example,
the machine defined on Fig.6(b), computes on Fig.6(a) with the entry ab.
The output is bbab. If the computation does not halt or enters an illegal
configuration, the output is undefined.

When a TM is used for a decision (yes/no output), the states are par-
titioned into accepting and refusing one. The answer is then given by the
state in which it halts.

3.1. Turing-machine simulation

The simulation goes as follows: there are finitely many parallel signals en-
coding the content of the tape in-between which zigzags a signal mimicking
the movement of the head and encoding the state. This is depicted with an
example on Fig. 6(d).

The simulating SM is defined by the following meta-signals:

— one symbol signals for each value in I', with null speed, to encode the cells
of the tape;

148



q1
[CIp[o[#[#]#]
q1
[CTo[al#]#[#]

4@

L

i

- a b #

qi|qi,",—

q1
q2

qf, "=

9i,3,— | 41,3,

- q1,b,— q2,a,—

qf b,

qf,a,—|qf,b,—| -

(b)

Transition table of the TM.

General case

d(q,c) = (r,d,—)

—
i‘r
g

d(q,c) = (r,d,«)

Tlalal|#|#|#
q;

qi
[Tl o] #]##]
di
[CTa[o[#[#]#]
(a) Transitions of
the TM.

11

— —
”>‘T T\T\
e cNg

Special rules
5(q, #) = (r,d, —)o(q, #) = (r,d, <)
% Vil T =
T I
oy /2/7 (-.#,ry -
: q : q
@9 T ~#
ec?T %
i

(c) Generation of Rules.

&l

| :
(d) Simulating space-time
diagram.

Fig. 6. Example of a TM computation and its simulation by a SM.

~ ¢ (of speed 1) and ‘¢ (of speed —1) head signals for each state ¢, to

encode the state and the location and movement of the head;

_)
— # (of null speed), % (of speed —3), * (of speed 3), and # (of speed 1)
which are used to denote the end of the tape and manage the enlargement

of the tape.

The initial SM-configuration for a TM-computation on the entry w
wiws . .. wy, is generated by putting one ¢;-signal at position —1, one ~-
signal at position 0, one w;-signal at position ¢ (1 < ¢ < k), and one #-signal

at position k + 1,

A SM-configuration encodes a TM configuration if it corresponds to the
same sequence of symbols (up to extra #’s at the end) closed by a # with an
extra signal encoding the state and moving to meet the signal corresponding

to the position of the head.
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The collisions rules ensure that the evolution of the SM corresponds to
the computation of the TM. When the head encounters a symbol signal, it
performs the update and move to its next position on the tape. When it
meets the right special signal, the configuration is automatically enlarge.

The generated collision rules are given on Fig.6(c). When a rule is not
defined, the signal just cross unaffected. From top to bottom, they corre-
spond to the following cases. For each TM-transition, two collision rules are
generated, they correspond to the cases where the head would come from
the left or from the right. The special rules are made in order to ensure a
correct enlargement of the configuration in the case a head signal meet #,
the signal marking the last cell. In such a case, two things have to be done:
normally do the TM-transition (as if it were a # signal) and enlarge the con-
figuration. The latter means generate one # one position on the right if the
head goes left (left side rules). If the head goes right (right side rules), then
it should be taken care that the head meets something on the right (lower
row rules). This is illustrated in the middle of Fig.6(d). In each first case, a
% is sent on the left. It bounces on the symbol signal on the left (bottom
rule of Fig.6(c)) and is replaced by ?, cross whatever signal present to get
where would be the head if it would have gone right. If indeed the head
went right, it is met and the TM-transition is done and the configuration
enlargement starts again. If it is not the case (left rules of Fig.6(c)), then

- . i — — . — —

# is sent in order to meet # and place the new #. Signals # and # are
three time faster in order to ensure that the meeting happens exactly where
the next symbol signal should have been.

At the end of the TM-computation simulation, the signal encoding the
state goes out on the left. The process is robust, the positions does not
have to be exact as long as the order of the signals is preserved. It can be
implemented with a rational SM.

3.2. Infinite Turing computation in bounded time

The construction described in Sect.2 rightfully apply to the above con-
struction. It is considered that the singularity vanishes leaving no signal
(scheme ii of Def.4). The infinite acceleration is granted. But the infor-
mation leaving the black hole is missing. The ESM has to undergo some
modifications. The first one is to generate the escaping signal, the second
to retrieve it.

The result of a deciding TM is given by the new state whenever it performs
a transition on ~ and sends the head on the left. These transitions are
clearly identified in the transition table of the TM. So there are also clearly
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identified in the rules of the simulating ESM.

Once the shrinking mechanics have been added, the rules can be changed
so that to generate new signals amounting for accept and refuse. These
signals are unaffected by other signals including the structure ones. Their
speed is —1 so that they exit on the left.

The last thing is to add two signals orizonLe and orizonRi of speed (éyo
and _1—1561/0) on the left and right of the shrinking structure. Their speeds
ensure that they remain at constant distance from the structure. The way
these signals are intended to work is displayed on Fig. 7

Accepts Doeq not halt

/computation /computation /computation

Fig. 7. Encapsulating the shrinking structure to retrieve any leaving signal.

The desired effect is achieved. Recursively enumerable problems (3) can
be decided and computation can carry on after the answer is known.

4. Analog computations

In this section, analog computations in the understanding of the Blum,
Shub and Smale model (Blum et al., 1989, 1998) (BSS for short) are consid-
ered. After briefly presenting the BSS model on R and its linear restriction,
results on its simulation in AGC are recalled before the shrinking construc-
tion is applied.

4.1. BSS Model

BSS machines (BM) operate like TM on unbounded arrays/tapes. Each
cell of the array hold a real number and all the computations are made
with exact precision. The BM has a head allowing to access a finite portion
of the tape called a window. It has finitely many states and to each one
corresponds an instruction among the following:

(i) compute a polynomial function of the window and place the result in

it;
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(ii) test for the sign of a given cell in the window and branch accordingly;
(iii) shift the window one cell on the left or on the right; and
(iv) halt.

The window is shifted by one cell so that consecutive windows overlaps.
This is used to carry information around, since the BM has no real value
storage on its own.

A BSS machine is linear if instruction i is replaced by “compute a linear
function [...]”. Thus multiplication is allowed only if it is by a constant.

Like for TM, the input (resp. output) is the content of the array when
the BM is started (resp. halts). Comparing to TM, trying to leave the array
on the left is an error but halting states are provided. If BM are used for
decision, then there are distinct halting states for acceptance and refusal.

The simulation is not presented since details are not relevant to the fol-
lowing. Only the encoding of real values and two main results are given.

A real number is encoded as the distance between two signals. But as it
has already been guessed by the reader, time and distance are very relative
concepts. The distance between two scale signals is thus used as a scale. The
same scale is used for all the real numbers so that each one can be encoded
by a just pair base and value (or just nul for 0 since superposition of signals
is not allowed). This is illustrated for various values on Fig. 8.

e L N

scale scale value base nul(0) base value

Fig. 8. Encoding: scale and values —, 0 and v/2.

Theorem 6 ((Durand-Lose, 2007)) AGC with finitely many signals and
no singularity is equivalent to the linear BSS model.

Simulations have been established in both directions. In the constructions
for SM simulation, the encoding pairs are manipulated so that they are
clearly identified and everything is scaled down whenever they might mess

up.

Theorem 7 ((Durand-Lose, 2008a)) With the Simple trace scheme (iii
of Def.}) for singularities, AGC is able to carry out any multiplication
achieving the simulation of the whole BSS.

In this case AGC is strictly more powerful than classical BSS since square
root can be computed.
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4.2. Infinite analog computations

The meaning of the shrinking structure on a BM simulation is considered
before entering into technical issues.

4.2.1. Interpretation.

Assuming that everything works well as expected, the ESM can be made
so that if the computation stops then some information leaves the singular-
ity. But what kind of information? Usually it is considered that only finitely
many values can be used* ** | not countably many, not continuum many!
Mechanisms as in Subsect. 3.2 can be used to send a few bits, but it is not
clear how to send four signals (to encode a real number) ensuring that they
are all at the same scale (i.e. are emitted from the same active region).

With the same construction as previously, using a universal BM, the BSS
halting problem, can be decided.

Instance HALTRgg
— =

- X, Y : vectors of real numbers

Question
— —

Does the BM represented by X stop on entry Y ?

Let us consider another example. BSS machines can simulate any TM
and any recursive function. There is a BM with one entry that tries all
the rational numbers sequentially and stops if it is equal to the entry. Since
halting can be decided, the characteristic function of Q is computable (which
is not usually the case).

The general form of decision problems that can be solved is of the form
dn € N,¢(n,)—(>) where ¢ is decision BM that stops for all entries. This
definition is the same as the one for classical recursion except that total
recursive predicate is replaced by total BSS predicate. The quantification is
on N (that can encode Q or many other countable sets) but not on R. This
does not correspond to the first and second level of an analytical hierarchy
but an arithmetical one. It corresponds to BCSS-X; in Ziegler (2007). Please
note that this is only a lower bound on the computing capability.

If one wants the analog output if the computation stops and just the infor-
mation that is does not stop otherwise, it uses a singularity to know whether
the computation stops and if it is the case, then it starts the computation
normally to get the result in finite time.

**r example think about the so-called blue-shift effect and how it might be countered (Németi and
Dévid, 2006, Sub. 5.3.1).
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If one would like to have the limit of say first cell of the array if any,
not only does the shrinking might turn the scale and the distance between
encoding signals to zero but moreover, if the BM-computation uses bigger
and bigger real numbers, its accumulated re-scaling also turns them to zero.
So that one would have to find how to generate the value in a way that does
not lead to zero divided by zero and neither prevents the shrinking.

This has been achieved to get internal multiplication out of linear BSS:
three of the four real numbers encoding signals are constant outside of the
singularity and the singularity happens at the correct position for the last
signal. A general scheme still have to be found.

4.2.2. Technical issues.

In each active region, the configuration only undergoes a regular scaling.
Up to scaling, the active regions perfectly assemble. The computation is
exact and the real values are preserved even though the encoding can be
split between various active regions (retrieving the value is not obvious).

The difference from the discrete case is that singularities are already used
for multiplication. These are handled with the simple trace scheme (iii of
Def. 4).

With the structure, both type of singularity should be distinguished par-
ticularly because the singularity for multiplication could happen exactly on
toggle so that with the simple trace scheme, the structure would be dam-
aged. In this case, one extra frozen meta-signal must exist to encode the
singularity as well as a toggle for the structure. The case iv —which is more
general- is used. Since the speed of toggle is greater than the any of the
other signal present for the multiplication, it gets straight into the singular-
ity without getting involved in any collision and thus distinguishes between
the singularities.

If there are infinitely many multiplications, then the singularity is of sec-
ond order. This is not a problem for the structure nor the definition of
space-time diagrams. Rule iv of Def.3 only asks for infinitely many colli-
sions or signals which is also ensured by the accumulating multiplications.

5. Nested singularities

Previous Section ends with a second order singularity. It is possible to
built higher order singularities.

Section 2.2 explains how to shrink any space-time diagram that has no
singularity. It is quite easy to set signals to automatically start a singularity
(in the spirit of what is done in Durand-Lose (2006b)) and according to the
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result to start another. There can be finitely or countably many isolated
singularities (there is a rational location in each open).

The interesting part is when singularities are nested inside another one.
In Sect.4.2.2, it is explained how, with the conditional traces scheme (iv
of Def.4), to handle sub-singularities. The second order structure works
because it is built on top of the previous one (after renaming the meta-
signals to avoid any conflict). So that the outer one can handle the inner
ones while the latter proceed on their own.

It is thus natural to reiterate the construction. This can be done safely
a finite number of times (more would yield an infinite number of signals).
Inside any structure, it is only possible to start a lesser level structure so
that the first one is the topmost and that the number of nested levels inside
is bounded by construction of the ESM.

For discrete computations, in the setting presented in Subsect. 3.2, singu-
larities are only used to decide and leave no trace (ii of Def.4). But since a
singularity could happen on a toggle of a higher level structure, for the same
reason as before, the conditional traces scheme has to be used. For analog
computations, this scheme is already used. It is thus the natural scheme to
use in both cases.

In the discrete case, like for the SAD computers of Hogarth (1994, 2004),
each order brings the capability to decide an extra level of the arithmetical
hierarchy by deciding an extra alternating quantifier (on N). As shown, first
order decides YV. If nth order singularity allow to decided X9, then it can
be used as oracles inside the top level of a n + 1th order singularity.

In the analog case, each level of singularity identically allows to decide an
extra alternation of quantifiers (on N) and to climb the BSS arithmetical
hierarchy. This is not a quantification on R, this is not an algebraic hierarchy.

6. Conclusion

Abstract geometrical computation provides a setting where Black hole-like
computation can be implemented: a finite portion is infinitely accelerated
while a computation can continue outside and get a finite insight on what
happens inside. For SAD computers, the (nested) black holes have to be
found while in AGC the computation construct them (signals are the “fab-
ric” of space and time) but the maximum level of nesting is limited by the
construction of the ESM.

In our constructions, there are two levels of space-time: one absolute of the
SM and one due to the embedding inside a shrinking structure; singularities
are created by the fabric of signals. The following have been proved.

155



Theorem 8 With proper handling of accumulation, for any level of the
arithmetic hierarchy, a rational ESM can be built to decide it and for any
level of the BSS arithmetic hierarchy, an ESM can be built to decide it.

These are just decisions, but they can be used as sub-computations in any
computation.

In the discrete case, the ESM and space-time-diagrams remain rational
(irrational coordinate can only be generated as singularity location, but, by
construction, the singularities built happen only at rational position).

A general construction that would allow all orders with the same ESM
is still lacking. One important achievement would be to provide a system
for transfinite order singularity together with the possibility to nest inside
recursive computations. Considering spaces with more dimensions, could
help getting hyper-arithmetic (Bournez, 1999a,b). But our scheme is only
in one dimension, signals with dimension 1 or more could be used to shrunk
in such spaces.

Comparing to infinite time Turing machine (Hamkins and Lewis, 2000;
Hamkins, 2002, 2007), the content of the tape is lost since it all accumulates
in one point. So a way to preserve the resulting tape and a limit mechanism
still have to be found to relate to infinite time Turing machines and recur-
sive analysis (Weihrauch, 2000). The same problem arise with the analog
counterpart; providing limits would link to the hierarchy of Chadzelek and
Hotz (1999).
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Abstract

There are many ways in which a nonlinear chemical medium can
be used for information processing. Here we are concerned with an ex-
citable medium and the straightforward method of information coding;:
a single excitation pulse represents a bit of information and a group
of excitations forms a message. On the basis of such assumptions in-
formation can be coded or in the number of pulses or in the times
between subsequent excitations.

The properties of excitable medium provide us with a pleasant
environment for information processing. Pulses of excitation appear
as the result of external stimuli and they propagate in a homogeneous
medium with a constant velocity and a stationary shape. This is
achieved by dissipating medium energy.

Our attention is focused on a quite specific type of nonhomoge-
neous medium that has an intentionally introduced geometrical struc-
ture of regions characterized by different excitability levels. In infor-
mation processing applications the geometry plays equally important

*Paper still under refereeing due to late submission.

159



role as the dynamics of the medium and allows one to construct de-
vices that perform complex signal processing operations even for a rel-
atively simple kinetics of reactions involved. The ideas of information
processing with structured excitable medium are tested in numerical
simulations based on simple reaction-diffusion models and in experi-
ments with Bielousov-Zhabotinsky reaction. Considering a chemical
signal diode as an example we demonstrate a kind of balance between
the geometry and the chemical kinetics. A diode action can be ob-
served for a wide class of reactions if a complex geometry of excitable
and non-excitable areas is fixed. On the other hand, the geometrical
construction of the diode can be much simplified, but at the cost of
restricted class of reaction parameters allowed.

We present chemical realizations of simple information processing
devices like logical gates, signal comparers or memory cells and we
show that by combining these devices as building blocks the medium
can perform complex signal processing operations like for example
counting of arriving excitations. We also discuss a few ideas for pro-
gramming a structured information processing medium with excita-
tion pulses.

Keywords: excitability, information processing, Oregonator, BZ-
reaaction

1 Introduction

The history of human civilization can be divided into a number of periods
when a given type of material like stone, bronze or iron played a dominant
role in technology. During such periods a large proportion of tools, weapons
or other goods were manufactured using the dominating material. Nowadays,
thanks to the progress in material science and engineering, the materials used
are optimized for the final product application. The authors think that the
domination similar to that mentioned above can be observed today in the
field of information processing. The silicon technology and the conventional
von Neumann computer architecture [1], based on the clock controlling the
sequence of executed instructions and the data flow, has undisputable leader-
ship in the field. However, the situation can change in the future, because we
discover more and more examples of unconventional information processing
devices, frequently inspired by biology [2]. These examples play an impor-
tant, inspiring role suggesting new solutions, realizations or algorithms [3]
going beyond the conventional computer science. It may be expected that
the new, unconventional strategies of information processing will be very im-
portant for the future applications especially in the fields of sensing, visual
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recognition and orientation in space, high density data storage or artificial
intelligence. These applications match well with the common expectations
on the development of nanorobotics, where the proper miniaturizations of
tracks responsible for sensing the environment and communication are the
crucial factors for potential applications.

Among many branches of unconventional computation one can recognize
the field called reaction-diffusion computing [4]. The name comes after the
mathematical description of time evolution of the computing medium. In
the most standard case we consider information processing with a spatially
distributed chemical reactor. Its state at a given point is defined by local
concentrations of reagents involved. The interactions between reactions pro-
ceeding in different places occur via diffusion of molecules, so the evolution
equations include both reaction and diffusive terms. The practical applicabil-
ity of a uniform medium resting in its stable state for information processing
seems to be null. In order to do something useful we should consider a
nonequilibrium medium with the right balance between the characteristic
time scales for chemical reactions and spatial relaxation. It has been found
that the medium with Bielousov-Zhabotynsky (BZ) reaction [5] is one of in-
teresting candidates for the investigation, because its state is characterized
by color and so it can be easily observed and recorded. The first successful
applications of reaction-diffusion computing were image processing with an
oscillatory chemical reaction [6] and methods of finding the shortest path in
a maze using propagating spikes [7]. In both cases a membrane filled with
reagents of Bielousov-Zhabotynsky reaction was used a computing medium.

Uniform medium was used for image processing operations and the im-
age was introduced as the space dependent phase of chemical oscillations,
fixed by the initial illumination level generated by the projected image. II-
lumination level transforms directly into the state of reagents or, from the
mathematical point of view, into the chemical oscillator phase. The effects of
image processing can be observed because the phase of BZ- reaction is related
to the color of the solution. The fact that in BZ reaction rapid changes of
color are separated by long periods when colors slowly evolve are especially
useful for image processing. Chemical systems can perform such operations
as contour smoothing, contrast enhancement or detail removing as illustrated
in Fig. 1. Of course the medium processes an image in a highly parallel way,
transforming all points of the image at the same real time [8].

Excitability is a wide spread type of nonequilibrium behavior [5, 9] ob-
served in numerous chemical systems including BZ reaction [10], CO oxida-
tion on Pt [11], or combustion of gases [12]. The excitable systems share
common properties. They have a stable stationary state (the rest state)
they remain in when they are not perturbed. The rest state is stable so
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its small perturbation uniformly decays in time. However, if a perturbation
is sufficiently large then system response is strongly nonlinear and it is ac-
companied by large changes in variables that characterize the system. The
response corresponds to an excitation peak. After an excitation the system is
refractory, which means that it takes a certain recovery time before another
excitation can take place. If an excitable medium is spatially distributed
then an excitation can propagate in space in a form of a pulse. Unlike me-
chanical waves that dissipate the initial energy and finally decay, traveling
pulses use the energy of medium to propagate and finally dissipate it. In a
typical homogeneous excitable medium an excitation pulse converges to this
stationary shape after some time and the shape is independent of the initial
condition. The interests in applications of excitable medium for information
processing is motivated by similarities with signaling in neural systems based
on excitable biochemical reactions [13]. In particular, spatially distributed
excitable medium if not perturbed resides in its rest state and shows no activ-
ity. When activated, pulses of excitation appear, move and interact. Stronger
excitations bring more pulses or generate signals with higher frequencies.

In the following we focus our attention on a quite specific type of nonho-
mogeneous excitable medium that has an intentionally introduced geomet-
rical structure of regions characterized by different excitability levels. Here
yet again one can see analogy with the structure of nerve system composed
of cells linked by nerve channels. Historically, one of the first applications
of structured chemical medium for information processing was the solution
of the problem of finding the shortest path in a labyrinth [7]. The idea is
illustrated in Fig. 2. The labyrinth is build of excitable channels (dark)
separated by non-excitable medium (light - illuminated) that does not al-
low for interactions between pulses propagating in different channels. Using
an excitable system it is easy to verify if the distance between two selected
points (A and B) in a labyrinth is shorter than an assumed value d. In order
to do it one can excite the medium at the point A and observe if excitation
appears at the point B before time ¢45. The excitation spreads out through
the labyrinth, separates at the junctions and pulses enter all possible paths.
During the time evolution pulses of excitation can collide and annihilate,
but the one that propagates along the shortest path has always unexcited
medium in front. The speed s of a pulse propagating through medium in the
stationary state can be regarded as constant if the labyrinth is large enough
and if the influence of corners can be neglected when compared with the time
of propagation in the straight channels. If the length of the shortest path
linking two points A,B in a labyrinth is shorter than d then the time between
the pulse initialization at A and its arrival at B should be shorter than d/s.
The algorithm described above is called the ”prairie fire” algorithm and it
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A B C D

Figure 1: Image transformations during the time evolution of oscillating
medium with Ru-catalyzed BZ reaction. (A) - initially projected image, (B-
D) three snapshots showing image processing during a typical time evolution
[14].

is automatically executed by an excitable medium. It finds the length of
the shortest path in a highly parallel manner scanning all possible routes at
the same time. It is quite remarkable that the time required for verification
if there is a path shorter than d does not depend on the the complexity of
labyrinth structure, but only on the distance between the considered points.

In the following we present a few examples illustrating that in information
processing applications the medium geometry plays equally important role as
its dynamics. As the result one can construct devices that perform complex
signal processing operations even for a relatively simple kinetics of reactions
involved. We discuss chemical realizations of simple information processing
systems like signal diodes, logical gates or memory cells and we show that by
combining these devices as building blocks the medium can perform complex
signal processing operations like for example counting of excitations arriving
to a selected point.

2 The principles of information processing
with structured excitable medium

In this section we discuss a number of properties of excitable chemical sys-

tems that seem to be useful for processing information coded in excitation
pulses. The most straightforward method of information coding is related to
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Figure 2: Pulses of excitation propagating in a labyrinth observed in an
experiment with Ru-catalyzed BZ-reaction. The excitable areas are dark,
the non-excitable light. The source of a train of pulses (a tip of a silver wire)
is placed at the point A

the presence of pulses: a single excitation pulse represents a bit of informa-
tion and a group of excitations forms a message. Information coded in the
presence of pulses can be processed via interaction of pulses with the medium
of via pulse-to-pulse interaction. Our discussion is mainly based on results
of numerical simulations of medium time evolution. Numerical simulations
of excitable chemical systems play an important role, because the models are
relatively simple and easy to compute, but still accurate enough to give a
correct qualitative agreement with experimental results. In the case of Ru-
catalyzed BZ reaction simulations can be done with different variants of the
Oregonator model [15, 16, 17, 18]. For example, for three variable model,
used to obtain most of the results quoted below, the evolution equations are:

812—1: =u(l —u) —w(u—q) + D,Vu
@—u—v
ot
ow

62@ = gz5+fv—w(u+q)+DwV2w

Here u, v and w denote dimensionless concentrations of the following

reagents: HBrOo, Ru(4,4’—dm—bpy)§+ and Br~, respectively. In the con-
sidered system of equations u is an activator and v is an inhibitor. In the
equations given above the units of space and time are dimensionless and they
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have been chosen to scale the reaction rates to a simple, rate constant free
form. The diffusion of ruthenium catalytic complex is neglected because it
is much smaller than those of the other reagents. Reaction dynamics is de-
scribed by a set of parameters: ¢, f, q, €1, €2 and ¢. Among them ¢ represents
the rate of bromide production caused by illumination and it is proportional
to the applied light intensity. I[llumination is an inhibiting factor of photo-
sensitive BZ reactions so, by adjusting the proper ¢ as a function of space
variables, we can easily define regions with the required excitability level, like
for example excitable stripes surrounded by non-excitable neighborhood.

Let us consider a medium composed of excitable areas, where pulse propa-
gation is stable at the cost of medium energy dissipation and non-excitable re-
gions where, due to different reaction regime, activations are rapidly dumped.
We assume unperturbed diffusion of mobile reagents between areas of both
types, so a pulse propagating in the excitable region can penetrate into a
non-excitable part and disappears after some distance. The properties of
excitable medium offer a number of generic properties that seem to be useful
for information processing.

One of them is angle dependent penetration of non-excitable barriers. Let
us consider two pieces of the active medium separated by a non-excitable
stripe. It can be easily shown that the maximum width of non-excitable
stripe for which a pulse propagating on one side of a stripe generates an
excitation on the other side depends on the angle between the wave vector of
the pulse and the normal to the stripe. As it is expected a pulse with wave
vector perpendicular to the stripe can excite a medium separated by a wider
stripe than a pulse that propagates along the stripe [19]. Thus the width of
a gap separating excitable regions can be adjusted such that it is transparent
to perpendicular pulses, but not to those that propagate along the gap. This
property is frequently used in chemical realizations of information process-
ing devices. For example, such gaps appear in a junction of two excitable
channels that automatically excludes interactions of pulses arriving from one
input channel on the second one. If we just join to input channels I1 and
I2 into one output O (see Fig. 3A) then a pulse arriving form one of input
channels would separate at the junction and resulting excitations enter both
the output channel and the other input channel perturbing arriving signals.
However, if we consider input channels separated by non-excitable gaps as
illustrated in Fig. 3B then the propagation of pulses from the inputs to the
output is not perturbed, but there is no interference between inputs because
a signal arriving from one input channel always propagate parallel to the gap
separating it from the other input channel.

A typical excitable dynamics is characterized by a refractory period - an
interval of time after excitation when the system evolves towards the stable

165



Figure 3: The junction of two input channels I1, 12 into a single output
O (a logical OR gate). The black regions are excitable, the white space is
non-excitable. (A) - simple junction, (B) - a junction in which interactions
between inputs are excluded.

state and its repeated excitation is difficult due to a large concentration of
inhibitor. For propagating pulses it means that the region behind a pulse is
in the refractory regime characterized by a large amplitude of inhibitor and
it cannot be re-excited. One of the consequences of a long refractory period
is annihilation of colliding counterpropagating pulses. Another interesting
example of behavior resulting from refractory region behind a pulse can be
observed in a cross-shaped structure build of excitable channels, separated
by gaps penetrable for perpendicular pulses [20, 21| shown in Fig. 4. The
answer of cross-shaped junction to a pair pulses arriving from two perpendic-
ular directions has been studied as a function of the time difference between
pulses. Of course if the time difference is large pulses propagate indepen-
dently along one line. If the time difference is small then the cross-junction
acts like the AND gate and the output excitation appears in one of the cor-
ner areas. However, for a certain time difference the first arriving pulse is
able to redirect the second and force it to follow. The effect is related with
uncompleted relaxation of the central area of the junction at the moment
when the second pulse arrives. Pulse redirection seems to be an interesting
effect from the point of programming with excitation pulses, but in practice
it requites a high precision in selecting the right time difference.
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Figure 4: The distribution of excitable and non-excitable regions in a cross-
shaped junction. Here the excitable regions are gray and the non-excitable
black. Consecutive figures illustrate an interesting type of time evolution
caused by interaction of pulses. Two central figures are enlarged in order to
show how uncompleted relaxation influences the shape of the second arriving
pulse [20].
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Another interesting and useful property of structured excitable medium
is related to its answer to combined excitations. The perturbations intro-
duced by multiple excitations combine and generate a stronger perturbation
than this resulting from a single spike. For example we can consider two
parallel channels separated by a gap nonpenetrable for a single propagating
excitation. It can be shown [22] that the width of such gap can be selected
to allow for cross excitation of one channel by two counterpropagating spikes
in the other one. This feature of structured excitable medium allows for
easy realization of the AND gate. This result can be generalized to multiple
excitations. It can be shown that for properly adjusted strengths of input
signals one can get excitation of the output channel only when the required
number of excitations arrive from inputs at the same time [23]. The geometry
of such chemical artificial neuron is inspired by a the structure of biological
neuron [24]. Topologically in both structures we find a number of narrow
input channels (dendrites) that transmit excitations to the larger cell body
connected with output channels. One of the studied realizations is illustrated
on Fig. 5. Here the output channel is perpendicular to figure plane. Another
geometry of an artificial chemical neuron with input and output channels on
the same plane has been discussed in [23]. In the artificial chemical neuron,
like in real neurons, dendrites (input channels 1-4) transmit weak signals
which are added together through the processes of spatial and temporal in-
tegration inside the cell body. If the aggregate excitation is larger than the
threshold value the cell body gets excited. The results illustrated on Fig 5B
come from numerical simulations based on the Oregonator model where the
illumination of the surrounding non-excitable region was considered as the
control parameter. It can be seen that by applying the proper illumination
level the structure shown in Fig. 5 can work as a four input McCulloch-Pitts
neuron with any required integral threshold.

The amplitude of a pulse propagating in an excitable channel (and thus
the strength of excitation) depends on channel width. In the case of wide
channels this amplitude is defined by the dynamics of chemical processes
only and it is close to that for plane pulses. In narrow channels the diffusion
of activator towards non-excitable neighborhood plays the dominant role. If
the channel is very narrow then the amplitude of activator may drop below
the critical value and the propagating pulse dies. In the studied neuron the
amplitudes of spikes in input channels have been adjusted by channel width
and by the illumination of surrounding non-excitable medium.

Non-excitable barriers in structured medium can play more complex role
in information processing then that described above. The problem of barrier
crossing by a periodic train of pulses can be seen as an excitation via a pe-
riodic perturbation of the medium [25]. The answer of the medium is quite
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Figure 5: Artificial chemical neuron constructed with structured excitable
medium. (A) - the geometry of excitable (dark) and non-excitable areas
(gray); (B) - the response of the neuron to different types of combined exci-
tations as the function of illumination of non-excitable regions. The numbers
given on the left list the excited channels. The illuminations for which the
neuron body gets excited are marked by a thick line.

characteristic. The firing number as a function of perturbation strength has a
devil-staircase-like form. In the case of barrier crossing the strength of excita-
tion behind a barrier generated by an arriving pulse depends on the character
of non-excitable medium, on barrier width and on the frequency of the in-
coming signal ( usually, due to uncompleted relaxation of the medium the
amplitude of spikes decreases with frequency ). A typical, complex frequency
transformation after barrier crossing is illustrated in Fig. 6. Experimental
and numerical studies on firing number of a transmitted signal have been
published [26, 27, 28, 29]. It is interesting that the shape of regions charac-
terized by the same firing number in the space of two parameters: barrier
width and signal frequency is not generic and depends on type of excitable
medium. For example in the case of FitzHugh - Nagumo dynamics trains of
pulses with small periods can cross wider barriers than trains characterized
by low frequency, for the Rovinsky - Zhabotinsky model the dependence is
reversed.

High sensitivity of transmitted signal frequency with respect to the pa-
rameters of input perturbation can be used to construct a sensor estimating
the distance separating the source of periodic excitations from the observer.
The idea is illustrated in Fig. 7 [30]. The sensor is build with a number of
similar excitable signal channels (in Fig.7A they are numbered 1-4) that are
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Figure 6: A typical dependence of firing number as a function of frequency
of arriving pulses. The ratio between frequency of output signal (f,) after
crossing a non-excitable gap separating excitable channel and the input one
(fp)- Results obtained for the FitzHugh - Nagumo model.

wide enough to ensure a stable propagation of pulses. These sensor chan-
nels are separated one from another by parallel non-excitable gaps that do
not allow for the interference between pulses propagating in the neighboring
channels. They are also separated from the active medium M by a non ex-
citable sensor gap G. The width of this gap is crucial for sensor sensitivity.
If the gap is too wide then no excitation of the medium M can generate a
pulse in the sensor channels. If the gap is narrow then any excitation in front
of a sensor channel can pass G and create a pulse in the channel so signals
in every sensor channel are identical. The width of the gap should be se-
lected such that the firing number (defined as the ratio between the number
of pulses that crossed the gap G to the number of pulses of excitation that
were created in the medium M) depends on the wave vector characterizing
a pulse at the gap in front of channel. If the source of periodic excitations S
is close to the array of sensor channels then the wave vectors characterizing
excitations in front of various channels are different. Thus, different frequen-
cies of excitations in various channels are expected. On the other hand, if
the source of excitations is far away from the gap G then the wave vectors in
front of different channels should be almost identical and so the frequencies of
excitations in sensor channels would not differ. Therefore, the system shown
in Fig. 7A can sense the distance separating it from the source of excitations.
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Figure 7: Schematic illustration of a device sensing the distance separating
it from a source of periodic excitations S. (A) - the geometry of excitable
(dark) and non-excitable (light) regions. (B) - the signals in sensor channels
for the source close to the sensor. (C) - the firing numbers as function of
distance separating sensor and the source [30].

If this distance is small the firing numbers in neighboring sensor channels are
different and these differences decrease when the source of excitations moves
away. The results of simulations (Figs. 7B,C) and experiments [30] confirm
it.

The sensitivity to temporal changes in medium properties is another fea-
ture of an excitable system that can have important potential applications
in information processing. It has been recently observed [31] that survival
of a propagating excitation pulse in a medium with decreasing excitability
level depends on the rate of changes. For example let us assume that the
illumination of the system described by Oregonator model increases linearly
in time from ¢, to ¢o. Moreover, for both values ¢; and ¢, stable pulses of
excitation can propagate in the system. It has been shown [31] that there is
a range of values of (¢1, ¢2) for which pulse propagation is sensitive to the
rate of illumination changes. If illumination slowly increases in time from ¢,
to ¢9 than a pulse initiated in the system characterized by ¢, is continuously
propagating with a gradual adjustment of its shape to time dependent illu-
mination. However, when the changes are rapid then excitation disappears.
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3  The chemical signal diode

A chemical signal diode is a device that forces unidirectional pulse propaga-
tion. The recent studies on the diode nicely illustrate an interplay between
the geometrical complexity of the medium and chemical dynamics. The
same function can be achieved for relatively wide class of chemical dynam-
ics parameters and a complex geometry or for much simpler geometry, but
within a narrow margin for system dynamics where the diode operates. The
classical construction of a chemical signal diode is shown in Fig. 8A [32].
The black areas are excitable and the white parts are non-excitable. The
asymmetry required for unidirectional signal transmission is introduced by a
non-symmetrical junction formed by a rectangular excitable channel on one
side (Y) and a triangular excitable channel on the other (X). The distance
between the top of the triangle and the side of the rectangle is selected such
that a pulse of excitation propagating in the rectangular channel and ter-
minating at its left end gives sufficiently strong perturbation to excite the
triangle tip and thus the excitation is transmitted from Y to X. For the same
distance the excitation of rectangular channel by a pulse moving towards the
top of X channel is too small to excite the channel Y because the amplitude
of the pulse moving in the triangular part decreases as the result of diffu-
sion to the neighboring non-excitable areas. Therefore, the propagation of a
pulse moving right is terminated. The construction of such chemical diode
is generic (it can be adopted for any excitable chemical system), but the ex-
citability of the medium is described by a non-trivial function of two spatial
variables.

An alternative construction of a chemical signal diode has been suggested
in [33]. Using numerical simulations based on the Oregonator model it has
been shown that the parameters of illumination described by a triangular
function (cf. Fig. 8B) can be adjusted such that a pulse of excitation is
transmitted in one direction only. If the catalyst is immobilized then excita-
tion pulses that enter illuminated area from the highly illuminated end (right
end in Fig. 8B) are not transmitted, so the triangular illumination profile
makes a signal diode. Quite recently [34] this result has been simplified and it
has been shown that an illumination profile, composed of two regions charac-
terized by different, but uniform illumination levels ( Fig. 8C) can also work
as a signal diode. Finally it has been also shown that if the excitable input
channels are not symmetrical then a single, non-excitable barrier ( Fig. 8D)
with precisely adjusted parameters also works as a diode. Various designs
illustrated on Fig. 8 have different features. The diode shown in Fig. 8A is
very robust and in order to reverse the direction of signal transmission one
should change the positions of channels. The other designs allow for easier
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Figure 8: Different chemical realizations of a signal diode with BZ- reaction
inhibited by light: (A) - the classical design based on nonsymmetrical junc-
tion [32], (B) - a triangular profile of illumination [33], (C) - the illumination
profile in a diode composed of two non-excitable barriers [34], (D) - the il-
lumination profile in a single barrier diode with nonsymmetrical excitable
inputs.

control. Fig. 9 shows the functional diagram of the device illustrated in
Fig. 8D as the function of illumination of the left input channel and illu-
mination of the gap. The illumination of the right output channel is fixed
(@right = 0.007) and the width of the gap is constant (3.75). The open circles
indicate transmission in both directions and the closed ones show the pairs of
( Grest, Pgap) for which the gap is stops all arriving pulses. The triangles mark
unidirectional transmission in the direction indicated by the triangle tip. It is
interesting that both possible directions of diode transmission are present on
the functional diagram and quite small changes in illuminations (for example
from ( @uepe = 0.0098, @gqp = 0.04494) to ( Grepr = 0.01, Pyqp = 0.04490) can
change the transmission direction.
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Figure 9: The functional diagram of the device illustrated in Fig. 8D as
the function of illumination of the left input channel and the illumination
of the gap. Open and closed circles mark bi-directional transmission and
nonpenetrable gaps. Triangles show the conditions where the gap works as
a signal diode with transmission direction indicated by the tip.

4 Chemical memory and its applications

The devices discussed in the previous section can be classified as instant ma-
chines [8] capable of performing just the task they have been designed for.
A memory where information coded in excitation pulses can be written-in,
kept, read-out and, if necessary, erased significantly increases information
processing potential of structured excitable medium. Moreover, due to the
fact that the state of memory can be changed by a spike, the memory al-
lows for programming with excitation pulses. One possible realization of a
chemical memory is based on observation that a pulse of excitation can can
rotate on a ring-shaped excitable area as long as the reactants are supplied
and the products removed [35, 36, 37]. Therefore, a ring with a number of
spikes rotating on it can be regarded as a loaded memory cell. Such mem-
ory can be erased by counterpropagating pulses. The idea of memory with
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loading pulses rotating in one direction and erasing pulses in another has
been discussed in [38]. Our later studies [39] were oriented on increase of
reliability of ring shaped memory. A large ring can be used to memorize
a large amount of information because it has many states corresponding to
different numbers of rotating pulses. However, in such case loading the mem-
ory with subsequent pulses may fail because the input can be blocked by the
refractory tail left by one of already rotating pulses. Therefore, a memory
capable of storing just a single bit seems to be more reliable. Such memory
has two states: loaded when there is a rotating pulse the ring and erased
when the ring is in the rest state. An example of ring memory is shown in
Fig. 10. The red areas define the memory ring composed of two L-shaped
excitable areas and Z-shaped erasing channel in the mid of the ring. The
blue regions are non-excitable. The excitable areas are separated by gaps
selected such that a pulse of excitation propagating perpendicularly to the
gap excites the active area on the other site of the gap, but the gap is im-
penetrable for pulses propagating parallel to the gap. Such choice breaks the
symmetry and only excitations rotating counterclockwise are stable. The ro-
tating pulse does not affect the erasing channel because it always propagates
parallel to it. The erasing excitation is generated in the center of Z-shaped
area and it splits into two erasing pulses (Fig. 10B). These pulses can cross
the gaps separating the erasing channel from the memory ring and create a
pair of pulses rotating clockwise (Figs. 10 C/D). A spike that propagates
clockwise on the memory ring is not stable because it is not able to cross
any of the gaps and dies. Therefore, if the memory has not been loaded then
an erasing excitation does not load it. On the other hand, if the memory is
loaded then pulses rotating clockwise resulting from excitation of the erasing
channel annihilate with the loading pulse and the memory is erased (Fig.
10D). The idea of using two places where erasing pulses can enter memory
ring is used to ensure that at least one of those places is fully relaxed and so
one of erasing pulses can always enter the ring. We have confirmed reliable
work of the ring memory in a number of computer experiments with random
positions of rotating and erasing pulses. A few experiments gave qualitative
agreement with simulations: the loaded memory ring preserved information
for few minutes and it was erased after excitation of the erasing channel.
Using the structured excitable medium and simple circiuits described
above one can construct devices, that perform more complex signal pro-
cessing operations. As an example we present a simple chemical realization
of excitation counter. The system returns their number in any chosen posi-
tional representation [22]. Such counter can be assembled from single digit
counters. The construction of a single digit counter depends on the represen-
tation used. Here, as an example, we consider the positional representation
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Figure 10: Four snapshots illustrating simulations of memory erasing by an
excitation coming from erasing channel. The memory ring is formed by two
L-shaped excitable channels, the Z-shaped erasing channel is inside the ring.
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with the base 3. The geometry of a single digit counter is schematically
shown in Fig. 11. Its main elements are two memory cells M; and My and
two coincidence detectors C; and Cy. At the beginning let us assume that
none of the memory cells is loaded. When the first pulse arrives through the
input channel I, it splits at all junctions and excitations enter segments By,
B; and Bs. The pulse that has propagated through By loads the memory cell
M;. The pulses that have propagated through B; and B, die at the bottom
diodes of segments C; and Cy respectively. Thus, the first input pulse loads
the memory M; and does not change the state of Mys. When M; is loaded
then pulses of excitation are periodically sent to segments By and C; via the
bottom channel. Now let us consider what happen when the second pulse
arrives. It does not pass through By because it annihilates with the pulses
arriving from the memory M;. The excitations generated by the second pulse
can enter By and B,. The excitation that propagated through B, dies at the
bottom diode of the segment Cy. The pulse that has propagated through
B; enters C;, annihilates with a pulse from memory M; and activates the
coincidence detector. The output pulse from the coincidence detector loads
the memory Ms. Therefore, after the second input pulse both memories M;
and M, are loaded. If the third pulse arrives the segments By and B; are
blocked by spikes sent from the memory rings. The generated excitation can
enter channel B, and its collision with a pulse coming from the memory cell
Ms activates the output channel of C,. The output signal is directed to the
counter of responsible for the digit at next position (I1) and it is also used
to erase all memory cells. Thus after the third pulse both memory cells M1
and M2 are erased. The counter shown in Fig. 11 returns a digit in a rep-
resentation with the base 3 : here 0 is represented by the (M, M) = (0,0),
1 by (1,0) , 2 by (1,1) and the next pulse changes the state of memory cell
into (M, My) = (0,0). Of course, using n — 1 memory cells in a single digit
counters we can represent digits of the system with base n. A cascade of sin-
gle digit counters gives a positional representation of the number of arriving
pulses.

Discussion

We have presented a number of examples that should convince the reader
that structured excitable medium can be successfully used for processing in-
formation coded in excitation pulses. All the considered systems transform
information in an unconventional (non-von Neumann) way, i.e. without an
external clock or synchronizing signal that controls the sequence of oper-
ations. On the other hand, in many cases the right timing of performed
operations is hidden in the geometrical distribution and sizes of excitable
regions. The described devices can be used as building blocks for more com-
plex systems that process signals formed of excitation pulses. Some of them
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Figure 11: The counter of excitation pulses that arrive at the input 10. Figure
shows the geometry of excitable channels (black) in a single digit counter for
the positional representation with the base 3.

like the memory cell or pulse counter can be controlled with spikes. There-
fore, there is a room for programming and learning. However, for the further
development of information processing with structured excitable medium we
have to solve two basic problems.

First is the problem of creating a structure that performs required func-
tions. It seems that the answer to this problem is suggested by a biologi-
cal analog of structured signal processing medium - a brain. The structure
should appear as a thermodynamically stable phase under carefully selected
nonequilibrium conditions. We know that much simpler but yet interest-
ing structures come as metastable phases in multicomponent systems. For
example, the diamond structure in oil-water-surfactant system, that sponta-
neously appears at certain thermodynamic conditions has a form of centers
linked with the four nearest neighbors. If the reactants corresponding for
excitability are soluble in water, but not in oil then the water rich phase
forms the structure of excitable channels and processing elements just as the
result of thermodynamic conditions. Within a certain range of parameters,
such structure is thermodynamically stable. This means that the network has
auto-repair ability and robustness against unexpected destruction. Moreover,
the structure is three dimensional, what allows for higher density of process-
ing elements than that obtained with classical two-dimensional techniques
like for example lithography.

The second is the problem of continuous operation. The energy needed
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for pulse propagation is comes from the energy of reactants in the medium.
The reagents should be continuously delivered in order to ensure unperturbed
operation. In the case of very simple systems reagents can be delivered by
hydrodynamic flows caused by pressure gradients. We doubt if such simple
transport is sufficient for complex operations. And yet again the living or-
ganisms have solved this problem by creating a parallel structure that keeps
the signal processing components at steady nonequilibrium conditions.
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Abstract

In this paper we study from a computational perspective some properties of the
solutions of polynomial ordinary differential equations.
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1 Introduction

Differential equations are a powerful tool to model a diversity of phenomena
in fields ranging from basic natural sciences like physics, chemistry or biology
to social sciences or economics. Among these, initial value problems (IVPs)
of the form o' = f(t,x), with z(ty) = x¢, where f is a vector field and ¢ is
the independent variable, play a predominant role. In this paper we consider
the large class of polynomial IVPs (PIVPs for short) in which f is a vector of
polynomials. Many well known models, like the Lorenz equations in meteorol-
ogy, the Lotka-Volterra equations for predator-prey systems, or Van der Pol’s
equation in electronics [1] fall into this category. In Section 2 we show that in
fact all the elementary functions of Analysis are solutions of PIVPs. This is a
stronger version of the well established fact that all elementary functions are
differentially algebraic [2]. It is also worth noticing that the solutions of PIVPs
are precisely the set of functions definable with Shannon’s General Purpose
Analog Computer (GPAC) [3] as proved in [4].

While the qualitative behavior of linear systems (i. e. where f is linear) and
planar systems (where f : R® — R?) is completely understood [5], it is not
known for all but a few cases how to predict the behavior of the solutions
of general PIVPs from the expression of f, which is the reason why many
fundamental questions about PIVPs (e.g. Hilbert’s 16th problem) are still
open.

Since most nonlinear differential equations cannot be solved exactly, one has
to resort to numerical methods to obtain approximate solutions. This leads to
a range of questions about computational properties of PIVPs. In particular,
one can ask if PIVPs have computable approximations, if the domain of the
solution is computable, or even if deciding whether the maximal interval of
existence is bounded is computable. Such questions have been answered for
analytic IVPs (where f is analytic) in [6]. In Section 2 we point out that the
results in [6] imply that the domain of existence of PIVP functions (i.e. so-
lutions of PIVPs) is in general recursively enumerable and that the solution
is computable on its domain. This last result sets an upper bound on the
computability of PIVP functions since it ensures that as long as f is polyno-
mial and computable they can be arbitrarily approximated wherever they are
defined.

To obtain computational lower bounds for PIVPs, one can show that any
computable function can be approximated by some PIVP function. In [7] it
was proved that under a simple (and unbounded) encoding in N3, the evolution
of Turing machines can be simulated with PIVPs. In this paper, we extend
that result and show that any computable discrete dynamical system on N
which admits a robust extension (to be defined) can be simulated with a PIVP.
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The iteration of maps with IVPs is not new and can be found, for instance, in
8], [9]. However, those constructions are in some sense not satisfactory since
they involve functions with some degree of discreteness (e.g. functions which
are not analytic or even have discontinuous derivatives) which can be used to
build “exact clocks” that simulate the discrete steps of the iteration.

In Sections 3 and 4 we state and prove the main result of the paper. We show
that given a map w on N™ one can construct a PIVP with coefficients in Q||
that simulates the iteration of w as long as w is extendable to a “robust” map €2
on R™, in a sense to be defined in Section 3, and €2 is composition of polynomial
and PIVP functions with parameters in Q[r] . The simulation is robust, which
is a necessity for our construction, but is also a natural requirement for a
continuous-time physical system described by an IVP. The constructions in
Section 4 will also provide the necessary tools to address the issues discussed
in the remainder of the paper.

Finally, in Section 5, we review and extend some undecidability results on
PIVPs. Our results in [7] imply that reachability for PIVPs is undecidable,
i.e., given a PIVP and some open set in phase space, there is no algorithm to
decide if the solution of the PIVP crosses the open set. This contrasts with the
decidability of the reachability for linear differential equations [10]. In [11] we
showed that the boundedness of the domain of existence for PVIPs is undecid-
able as long as f is polynomial of sufficiently high degree and computable. At
first sight, this result might seem trivial, since one can easily construct simple
PIVPs which, upon varying one parameter, exhibit a critical value where the
solution is bounded on the left of this parameter value and unbounded on the
right. For instance, the PIVP 2’ = a(2? —1)t, x(0) = 3 has a maximal interval
which is bounded for @ > 0 and unbounded if o < 0. Since we cannot compare
exactly two arbitrary computable reals [12] the boundedness problem for the
PIVP above is undecidable. However, in Section 5 we show that if we con-
sider that all input parameters are “comparable”, the boundedness problem
remains undecidable. We also prove the claim in [11] that those undecidability
results hold for PIVPs where the degree of the polynomial is less or equal to
56.

2 The GPAC, Polynomial Differential Equations, and Computable
Analysis

In this section we introduce some useful definitions and results that will later
be used in this paper.

Definition 1 Let I C R be a non-empty open interval and let ty € 1. We say
that g : I — R 1s a PIVP function on I if it is a component of the solution of
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the initial-value problem
a' = p(t7x)? $(t0) = Zo (1)

where p is a vector of polynomials and ty € I. We say that g is a PIVP
function with parameters in S C R if the coefficients of p in (1), to, and the
components of xg belong to S.

Similarly we say that a function g : I € R — R is a vector PIVP function if
each component of g is a PIVP function.

Example 2 The following are examples of PIVP functions with parameters
in Z: the exponential function €®, the trigonometric functions cos, sin [7], the
inverse function x — 1/x (solution of y' = —y*; on (0, +00) it can be obtained
by setting the initial condition y(1) = 1).

The PIVP functions are also closed under the following operations (as far as
we know, these properties have only been reported in the literature for the
broader case of differentially algebraic functions):

(1) Field operations +, —, x, /. For instance, if f,g: I — R, where I C R is
an open interval, are PIVP functions, then so is f + ¢ in I. In fact, if f, g
are the first components of the solutions of the (vector) PIVPs

o =pltx) Y =q(t,y)
z(to) = o y(to) = Yo
respectively then, since f'(t) + ¢'(t) = pi(t,z) + q1(t, z), where pi(t,x)

and ¢ (t,x) are the first components of p(t,z) and q(¢,x) respectively,
f + g is the last component of the solution of the PIVP

' = p(t, ) x(tg) = o
Y =q(t,y) y(to) = Yo
2 =pi(t,x) +q(t,y) 2(to) = o1 + Yo

where 21 and yo,; are the first components of vectors xy and yy, respec-
tively. Similar proofs apply for the operations —, x, /. It should be noted
that the quotient f/g is a PIVP function in intervals which do not contain
zeros of g, and that the PIVP which generates f/g is well-defined in such
intervals. For instance tan(= 22) is a PIVP function on (—/2,7/2).

(2) Composition. If f: I — R, g:J — R, where I, J C R are open intervals
and f(I) C J, are PIVP functions, then so is g o f on I. To see this,
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suppose that f, g are the first components of the solutions of the PIVPs

7= p(t, ‘T) and y/ = Q(tv y) (2)

z(to) = o y(t1) = yo

respectively, where ¢ty € I and t; € J (no connection is assumed between
these values). Then, since (g o f)'(t) = ¢ (f(t)).f'(t), we construct a
system that computes f’(t) (just copy the left system of (2) and note
that f'(t) = p1(t,z)), and another that computes ¢’(f(¢)) (now pick the
right system of (2); the first component will give ¢'(t), so we have to
substitute the variable ¢ by f(t) = x; so that this component yields
g'(f(t))), obtaining the following PIVP, where go f is the component z;:

' = p(t, )
21 = q1(z1, 2)p1(t, x) x(tg) = o
: z(to) = f (o).

Zn = qu(@1,2)p1 (¢, )

(3) Differentiation. If f : I — R, where I C R is an open interval, is a PIVP
function, then so is f’ : I — R. To see this, suppose that f is the first
component of the solution of the PIVP

' =p(t, )
x(tg) = wo.

d
T dt

8 19) 0 n
p1(t x pl Z xl ;_ P1 +Z pz t x
=1 i:l

which implies that f’ is the last component of the solution of the PIVP
' = p(t, ) x(ty) = o
J =, ity o) z(to) = [f'(to)-

(4) Compositional inverses. If f : I — R, where I C R is an open interval,
is a bijective PIVP function, then so is f~!. This case will be shown in
the end of this section. In particular, this result implies that log, arcsin,
arccos, and arctan are also PIVP functions.

From the preceding examples, we conclude that the following corollary, where
closed-form stands for the class of elementary functions in Analysis which,
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informally, correspond to the functions obtained from the rational functions,
sin, cos, exp through finitely many compositions and inversions.

Corollary 3 All closed-form functions are PIVP functions.

When proving that some function is PIVP, we will find it most convenient
to make use of ODEs not only defined with polynomials, but also with other
PIVP functions. For this purpose, we have to resort to the next theorem,
which can be viewed as a strengthening of the elimination theorem of Rubel
and Singer for differentially algebraic functions [13] to the case of PIVPs. Its
proof is given in [7] for S = R but applies to any subfield of R (a different
proof is given implicitly in [14]).

Theorem 4 Let S be a subfield of R. Consider the IVP

= f(t,z), x(to) = xo (3)

where f : D C R™ — R", D is the domain of f, and each component of
f 1s a composition of polynomials with coefficients in S and PIVP functions
with parameters in S and (ty, o) € D N S"T'. Then there exists m > n, a
polynomial p : R™tY — R™ with coefficients in S and yo € S™ such that the
solution of (3) is given by the first n components of y = (Y1, ..., Ym), where y
is the solution of the PIVP

Yy =p(t,y), ylto) = Yo

Let us now prove that the inverse function f~! of a bijective PIVP function
f I — R, where I C R is an open interval, is also a PIVP function. We
know that (f~1)(z) = 1/f'(f*(z)). Then, between two consecutive (inverse
images of) zeros a,b of f’, with a < b, f~* will be the solution of the IVP

.
Yy Y

where d € I and f(d) € (a,b). Since f is a PIVP function, so is f’. Moreover
x +— 1/x is also a PIVP function, and since PIVP functions are closed under

composition, so is  +— 1/f'(z). Then Equation (4) and Theorem 4 ensure
that f~': (a,b) — R is a PIVP function.

(f(d)) = d, (4)

The following result, extracted from [4], [14] shows that the General Purpose
Analog Computer (GPAC), a model introduced by Shannon in 1941 [3], and
later refined in [15, pp. 13-14], [4, p. 647], [14], is equivalent to PIVP functions.
This result applies formally to the refined version of the GPAC presented in
[4, p. 647], [14].

Proposition 5 A function is generated by a GPAC iff it is a PIVP function.
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Therefore, all results stated in this paper for PIVP functions are also valid for
the GPAC generable functions.

We now recall basic notions from computable analysis. See [16] for an up-to-
date monograph on computable analysis from the computability point of view,
[12] for a presentation from a complexity point of view, or [17] for a general
introduction to the subject.

Definition 6 A sequence {r,} of rational numbers is called a p-name of a
real number x if there exist three functions a,b,c from N to N, such that for

alln e N, r, = c(brf;il(—l)“(”) and

1
n— T < —. D
o=l < o (5)

In the conditions of the above definition, we say that the p-name {r,} is given
as an oracle to an oracle Turing machine, if the oracle to be used is (a, b, ¢). The
notion of the p-name can be extended to R': a sequence {(71,, Ton; - - - Tin) }nen
of rational vectors is called a p-name of x = (21, x9,...,1;) € R if {rjn}nen is
a p-name of z;, 1 < j <.

Definition 7 A real number x is called computable if a, b, and ¢ in (5) are
computable (recursive) functions.

Definition 8 A function f : D C R™ — R* is computable if there is an
oracle Turing machine such that for any input n € N (accuracy) and any p-
name of v € E given as an oracle, the machine will output a rational vector
r satisfying ||r — f(x)||, < 27", where |[(y1, ..., y)|l = maxi<i< |y;| for all
(Y1, u) €RL

In particular, every rational number must be computable and it is not diffi-
cult to show that polynomials having computable coefficients are computable
functions. The following is a corollary of Theorem 3.1 of [18].

Theorem 9 Let f : R — R™ be a vector PIVP function with computable
parameters defined on an interval (o, 3). Then f is computable in (a, 3).

3 Robust Simulations of Discrete Dynamical Systems

One of the purposes of the present paper is to show that a large class of discrete
systems can be simulated with vector PIVP functions. Let D be a discrete
dynamical system (both space and time are discrete). We can associate each
discrete part of the state space to an integer, so that the evolution of the
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system is modeled by the iteration of a map w : N™ — N™. In general, if f is a
function, we denote its kth iterate by f*, ie. fl0(z) = x and fIF1 = fo fI¥
for all £ € N. We now present some definitions.

Definition 10 The map Q : R™ — R™ is a (real) robust extension of the
map w : N™ — N if there ezist din, dev, Oour € (0,1/2) such that for all
29 € R™, ng € N* Q:R™ — R™one has

(1) Qn) =w(n) and
(2) ||no — zoll, < 0in and HQ —QHOO < ¢y implies Hw(no) — ﬁ(wo)Hoo < Oout-

The following lemma follows easily from this definition by induction (we can
“contract” 0y, to 0z, using the function o presented in Lemma 19). For sim-
plicity, we will usually refer to robust extensions of a map as the property
described by this lemma instead of Definition 10.

Lemma 11 If Q) : R™ — R™ is a robust extension of the map w : N™ — N™,

then there exist 8in, Ocvs Oour € (0,1/2) such that for all xy € R™, ny € N™,

Q:R™ — R™one has

(1) Qn)=w(n) and

(2) ||no — zoll, < 0in and HQ —QH < by implies
Oout for all k € N.

[e.9]

In the continuous-time setting dynamical systems are described by ODEs in-
stead of iteration of maps. Moreover, since time is continuous, we also allow
robustness in the time instant where we read the output. Again, we could con-
sider robustness for one time unit steps, and then generalize to give iterates
for all £ € N as we did for robust extension. Here, for simplicity, we omit this
two step procedure and present instead the following definition.

Definition 12 Let ¢ : R — R be the unique solution of the initial value
problem

¥ = f(t,z), x(0)=noe.
We say that ¢ is a robust suspension of the map w : N™ — N if there exist
dins Ocvs Oout, Otime € (0,1/2), such that for all xog € R™, ng € N k € N, and

f:R™1 — R™ one has that

Ino = zolly, < Gin and |F = f]| < e
implies that the solution ¢ of the initial-value problem
= f(t,x), z(0) =z

satisfies
[ (n0) = 3(1)|| _ < out



for all t € RS such that [t — k| < Stime-

These two definitions say that whenever we have a robust extension /suspension
of a map, we can perturb the system by some amount, and still obtain a result
close to the desired iterate wl!(ng).

We shall use Q[r], the standard algebraic ring extension of Q by adjoining the
transcendent 7, and which is the smallest ring containing Q U {7}:

Q[n] :=A{anm" + ... + a1 + ag € Rlay, . ..,a, € Q}.

The following are the main results of this section, to be proved in Section
4. The next theorem shows that if the map is a composition of polynomials
and PIVP functions (with parameters in Q[r]), then one can constructively
obtain a robust suspension of the map which is itself a PIVP function (with
parameter in Q[r]).

Theorem 13 If the map w : N™ — N™ admits a robust extension ) : R™ —
R™ whose components are compositions of polynomials and PIVP functions
with parameters in Q[r], then w admits a robust suspension ¢ which is a vector
PIVP function with parameters in Q[r].

The next proposition follows from the proof of Theorem 12 from [7]. There
the transition of a Turing machine is coded as a map over the integers in the
following manner: we code the state as an integer and, using a representation
of numbers in some adequate base, we code the right part of the tape as a
second integer, and the left part as a third integer. We denote that encoding
by n (see [7, p. 332] for more details).

Proposition 14 Under the encoding n, the transition function w : N3 — N3
of a Turing machine admits a robust extension  : R — R3 . Moreover §)
can be chosen to be a composition of polynomials with coefficients in Q[r| and
PIVP functions with parameters in Q[r] (in particular sin, cos and arctan ).

Actually in [7] we required algebraic numbers as coefficients for the polynomi-
als. But non-rational coefficients are only needed to perform a trigonometric
interpolation, and may be well approximated by rationals for the purpose at
hand. This approximation will introduce some extra error to the computation
of the map, but this is a minor hinderance since the map is robust. From
Theorem 13 and Proposition 14, we obtain the following result.

Corollary 15 With the above encoding, the transition function w of a given

Turing machine admits a robust suspension ¢. Moreover ¢ is a vector PIVP
function with parameters in Q[rw].
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4 Proof of Theorem 13

This proof is based on Branicky’s construction [8], and many steps are similar
to those presented in [7]. So, before presenting the proof of Theorem 13, we
will briefly sketch this technique, that constructively shows how a map from
integers to integers can be iterated with smooth ODEs. By a smooth ODE we
mean an ODE

Y = f(t,y) (6)
where f is of class C*, for some 1 < k < oo (but not necessarily analytic).
Instead of using the original approach of Branicky, we will use the one by
Campagnolo, Costa, and Moore in [9], [19], [20].

Suppose that w : Z™ — Z™ is a map. For better readability, we break down
the procedure into two constructions.

Construction 16 Consider a point b € R (the target), some v > 0 (the
targeting error ), and time instants ty (departure time) and t; (arrival time),
with t; > to. Then obtain an IVP (the targeting equation) defined with an
ODE (6), where f : R? — R, such that the solution y satisfies

ly(t1) — b <~ (7)
independent of the initial condition y(ty) € R.
As pointed out in [7, p. 345] this can be done by an ODE
y = cb—y)e(t), (8)

where ¢ : R — R{ is some function satisfying fttol ¢(t)dt > 0 and ¢ > 0 is any
constant which is bigger than a constant ¢y depending on v and ¢. Note that
the only requirement for the construction to hold is that c is large enough. We
refer the reader to [7, p. 345] for details.

Construction 17 Iterate the map w : Z™ — Z™ with a smooth ODE (6).

Let Q : R™ — R™ be an arbitrary smooth extension of w to R (not necessarily
robust). The iteration of w may be performed [21, Proposition 3.4.2] by the
initial-value problem

21 = c1(Qr(22)) — 21)0;(sin 27t) 21(0) = =z

2y = ca(r(21) — 22)%0;(— sin 27t) 22(0)

(9)

Lo,
where 21 (), 22(t) € R™, 0;(z) =0 if x < 0 and 0;(z) = 27 if £ > 0, and r(x) is

a function that is a solution of an ODE and that satisfies r(z) = ¢ whenever
x €[t —1/4,i+ 1/4] for all i € Z (see the proof of Proposition 3.4.2 in [21]
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for the explicit definition of r(x)). Note that ¢; and ¢, depend on j and that
all coefficients in (9) are in Q[x] [21]. In the remainder of this section we will
show how to replace the non-analytic terms in (9) by PIVP functions with
parameters in Q[r]. As a result, by Theorem 4, it follows that the iteration
can be performed with vector PIVP functions with parameters in Q[n].

However, if our purpose is to prove Theorem 13, we have some problems with
the previous constructions:

(1) We have used the nonanalytic functions 6;(z) and r(x) which are ob-
viously not PIVP functions. We will remove these functions using the
fact that w admits a robust extension. Therefore we have to study what
happens when perturbations are allowed in (9) to prove Theorem 13.

(2) We would like to “read” the value of the iterated function not in time
intervals of the form [k, k + 1/2] for k € N as before, but rather in time
intervals of the form [k — 1/4, k + 1/4] so that we can use §ym. = 1/4 for
Theorem 13. This may be easily achieved by using a translation that adds
1/4 units of time. Because this construction is simple, in what follows,
we will continue to stick to time intervals of the form [k, k+1/2] in order
to not overcomplicate our constructions.

In order to solve the previous problems, we need to recall the following two
functions, ¢ and [y, which were introduced and studied in [7].

Lemma 18 Let I, : R? — R be given by ly(x,y) =  arctan(4y(z — 1/2)) + 3.
Suppose also that a € {0,1}. Then, for any @,y € R satisfying |a —a| < 1/4
and y > 0,

1
a—ly(a,y) < —.
o — bx(a@, y)| ,

Lemma 19 Let o(z) = x — 0.2sin(27x) and € € [0,1/2). Then there is some
contracting factor \. € (0,1) such that for alln € Z, Vo € [—¢,¢], |o(n+0) —
n| < A0

Studying the perturbed targeting equation. (cf. Construction 16) Be-
cause the iterating procedure relies on the basic ODE (8), we have to study
the following perturbed version of (8)

2 =c(b(t) — 2)%¢(t) + E(t), (10)

where ‘E(t) — b‘ < p and |E(t)] < §. This was done in [7], where it is shown
that

12(1/2) — b| <p—|—7+g. (11)
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Removing the 6;’s from (9). We must remove the 6;’s in two places: in the
function r and in the terms 6;(%sin27t). Since in (9) we are using a robust
extension €2 : R™ — R™ of w : N™ — N™_ we no longer need the corrections
performed by r. There may be a problem when 2 is a robust extension of w
with 0, > 1/4, but this can easily be overcome by applying the function o [
times to each component of  until one has that 0¥ o Q is a robust extension
of w with 67, < 1/4, and use ol o) instead of Q. So, without loss of generality,
we assume that 9, < 1/4 for Q.

On the other hand we cannot use this technique to treat the terms ; (= sin 27t).
We need to substitute ¢(t) = 6;(sin2nt) with an analytic (PIVP) function
( : R — R with the following ideal behavior:

(1) ¢ is periodic with period 1;
(17) ((t) =0 for t € [1/2,1];
(iid) C(t) > 0 for t € [0,1/2] and J3/*C(t)dt > 0.

Of course, conditions (i7) and (i7i) are incompatible for analytic functions.
Instead, we approximate ( using a function (., where ¢ > 0. This function
must satisfy the following conditions:

(12)" |C(t)] < € fort € [1/2,1];

(131)" C(t) > 0 fort € [0,1/2] and ol C(t)dt > I > 0, where [ is independent
of e.

In [7] an example of a PIVP function satisfying both (i) and (ii7)’ is con-
structed (function Wy(¢,y) in p. 346 of that paper). Similarly, 6,(— sin 27t) will
be replaced by the PIVP function (.(—t). This function is defined by means
of a PIVP where all coefficients are in Q[x].

Performing Construction 17 with vector PIVP functions. We are now
ready to perform a simulation of an integer map with a system similar to (9),
but using only PIVP (and hence analytic) functions. Choose d;,, de,, and a
targeting error v > 0 such that

2 + 0 /2 < i < 1/4. (12)

We take 0yime = 1/4. We want to determine d,,; and present a system of ODEs
that satisfies the conditions of Theorem 13. Consider the system of ODEs

5 =a(Qoa™(z) — 21)° ¢, (1),

(13)
2y = e (21) — 2)% (o, (—1)
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with initial conditions z1(0) = 29(0) = Ty, where ¢y, c2, m, n,e1, and ey are still
to be defined, and o is the error-contracting function defined in Lemma 19.

We would like (13) to satisfy the following property: on [0, 1/2],

|25(t)] < 7. (14)

This can be achieved by taking e; = v/K, where K is a bound for cy(ol"(z;) —
%)% in the interval [0,1]. Since |z> < 2% + 1 for all z € R, we can take
€9 = m%—% Now notice that 25(0) has an error bounded by d;,,. This

fact, together with (14) and the fact that 25 might be subject to perturbations
of amplitude not exceeding d., imply that

20(t) — 20| < Gin + (60 +7)/2 = e < 1/2 fort€[0,1/2].  (15)

Therefore, for m satisfying o™ (0,,) < 7, we have ‘O'[m}(ZQ(t)) — IO‘ < ~ for
all t € [0,1/2]. Hence, from the study of the perturbed targeting equation
(10), where ¢(t) = (., (t) and ¢; is obtained accordingly, we have (take p =~
and consider (12))

567)
|21(1/2) — w(zo)| < 27y + 5 < din. (16)
For the interval [1/2,1] the roles of z; and zy are interchanged. Similarly to

the reasoning done for z, on [0, 1/2], take ¢, = 7+ 2 so that on
[0,1/2]

5
c1 (QOO'[m] (22)—21)

[21(1)] <.
From this inequality, (16), and the fact that 2z} might be subject to perturba-
tions of amplitude not exceeding ¢.,, we conclude that

|21(t) — w(zo)| < 0in + (Oer +7)/2 = Opur < 1/2  for t € [1/2,1].

Therefore, for n = m, we have ‘a[”](zl(t)) - w(xo)‘ < v forall t € [1/2,1].
Hence, from the study of the perturbed targeting equation (10), where ¢(t) =
(e, (t) and ¢y is obtained accordingly, we have

561}
|29(1) —w(zo)| < 2y + 5 < Oip.-

Now we can repeat the procedure for intervals [1,2], [2, 3], etc. to conclude
that for all j € N and for all t € [j,j + 1/2],

[21(t) — W ()] < Bou.
Moreover, z; is defined as the solution of an ODE written in terms of PIVP

functions, and all coefficients of this ODE are in Q[r]. Then, by Theorem 4,
21 is a vector PIVP function with parameters in Q[x].
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5 Application — Undecidability for PIVPs with Comparable Pa-
rameters

It is well known from the basic existence-uniqueness theory of ODEs [22], [23]
that if f is analytic, then the IVP

r = f(t,I), ‘T(t()) = Zo (17)

has a unique solution x(¢) defined on a maximal interval of existence I =
(a, f) C R that is analytic on I [24]. The interval is maximal in the sense
that either & = —oo or x(t) is unbounded as t — o with similar conditions
applying to 3 (see Proposition 20 for details). Actually, f only needs to be
continuous and locally Lipschitz in the second argument for this maximal
interval to exist.

A question of interest is the following: is it possible to design an automated
method that, on input (f,to,zo), gives as output the maximal interval of
existence for the solution of (17)? In computability theory, e.g. [25], [26], it is
well known that some problems cannot be answered by the use of an algorithm
(more precisely, by the use of a Turing machine). Such problems are labelled
undecidable and many examples are known. The most prominent undecidable
problem is the Halting Problem: given a universal Turing machine and some
input to it, decide whether the machine eventually halts or not. To address
this kind of questions for IVPs, we use the computable analysis approach [17],
[12], [16], which we presented in the end of Section 2. Using that approach, it
was shown in [18] that given an analytic IVP (17), defined with computable
data, its corresponding maximal interval may be non-computable.

Non-computability results related to initial-value problems of differential equa-
tions are not new. For example, Pour-El and Richards [27] showed that if we
relax the condition of analyticity in the IVP (17) defined with computable
data, it can have non-computable solutions. In [28], [29] it is shown that there
is a three-dimensional wave equation, defined with computable data, such that
the unique solution is nowhere computable. However, in these examples, non-
computability is not “genuine” in the sense that the problems under study
are ill-posed: either the solution is not unique or it is unstable [30]. In other
words, ill-posedness was at the origin of non-computability in those examples.
In contrast, an analytic IVP (17) is classically well-posed and, consequently,
the non-computability results do not seem to reflect computational and well-
posedness deficiencies inherited by the problems.

Motivated by the non-computability result obtained in [18], this latter paper
also addresses the following problem: while it is not possible to compute the
maximal interval of (17) is it possible to compute some partial information
about it? In particular, is it possible to decide if this maximal interval is
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bounded or not?

This question has interest on its own for the following reason. In many prob-
lems, we implicitly assume that ¢ is defined for “all time”. For example, if one
wants to compute sinks or limit cycles associated with ODEs, this only makes
sense if the solution of the ODE is defined for all times ¢ > ty. This is also im-
plicitly assumed in problems like reachability [31], [32], [33], [34], [35], etc. For
this reason, those problems only make sense when associated with ODEs for
which the maximal interval is unbounded. So, it would be interesting to know
which are the “maximal” classes of functions f for which the boundedness
problem is decidable.

In [18], it was shown that for the general class of analytic IVPs, the bound-
edness problem of the maximal interval is undecidable. Here we will deepen
this result: we will show that the boundedness problem is still undecidable for
PIVPs of degree greater or equal than 56 with parameters in Q[r]. Our result
is slightly different in form from the case of the general class of analytic IVPs.
Indeed, the coefficients of the polynomials are coded as finite sequences of in-
tegers and not as p-name satisfying (5), though from these finite sequences of
integers one can easily compute p-names for the coefficients of the polynomials.

The boundedness problem is decidable for linear differential equations thus
implying that the boundary between decidability /undecidability lies in the
class of polynomials of degree n, for some 2 < n < 56.

This result is shown using methods which differ from those employed in [18].
This result was already stated in [11], but we now present its proof.

The following result introduces the notion of maximal interval for ODEs and
follows as an immediate consequence of the fundamental existence-uniqueness
theory for the initial-value problem (17), where the analyticity condition is
dropped for f [22], [23], [36].

Proposition 20 Let E be an open subset of R" and assume that f : E —
R™ is continuous on E and locally Lipschitz in the second argument (i.e. in
the last n components). Then for each (ty,xo) € E, the problem (17) has a
unique solution x(t) defined on a mazimal interval (o, 3), on which it is C*.
The maximal interval is open and has the property that, if f < 400 (resp.
a > —o0), either (t,z(t)) approaches the boundary of E or x(t) is unbounded
ast — B~ (resp. t — a™).

Note that, as a particular case, when £ = R"" and 8 < oo, x(t) is unbounded
as t — (3. This will be the case under study in this section.

We now introduce a definition that allows us to compare real numbers of
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some given set, to avoid the trivial undecidability of the boundedness problem
sketched in Section 1.

Definition 21 We say that a set D C R s effectively comparable if D has a
naming system vy, if all elements of D are v-computable, and if given v-names
of v,y € D, then x =y and x < y are decidable

In the previous definition, “naming system” is either a (finite) notation or
a (infinite) representation of the elements of D according to Weihrauch |16,
p. 33 and p. 52]. Next we show that Q[r] is effectively comparable. Indeed,
given ay, ..., a, € Q (which can easily be coded as a finite sequence using a
finite alphabet A), we can take the notation f: A* — Q[n]

m

flag,...,an) = Zaﬂri.

Moreover, if «, 5 € Qlx],

m n
o= Zaﬂr’ and (= Zbﬂrz,
i=0 =0

where ag,...,am, by, ...,b, € Q. We can decide if « = [ since a =  iff
a; = b; for all 7 and a; and b; are rationals. We can also compute arbitrarly
close approximations of a and (3. Therefore, if o # (3, we can compare these
values: we just need to start computing increasing approximations of a and
(G until we decide whether o < (8 or a > 3. The following result is similar to
Theorem 12 in [11], but here we restrict the parameters of the PIVP to an
effectively comparable set. This prevents the trivial undecidability discussed
in Section 1.

Theorem 22 Let D be an effectively comparable set such that Q[x] C D.
The following problem is undecidable: “Given p : R"™1 — R™ with polynomial
components with coefficients in D (these coefficients are given by their names,
as described in Definition 21), and (to,x0) € Q x Q", decide whether the
mazximal interval of the IVP (1) is bounded or not”.

Actually, if we are given the description of a universal Turing machine, we can
constructively define a set of polynomial ODEs simulating it that encodes the
Halting Problem. If we use the small universal Turing machine presented in
[37], having 4 states and 6 symbols, we obtain the following theorem.

Theorem 23 Let D be an effectively comparable set such that Q[x] C D.
There is a vector p : R*" — R" with n > 1, defined by polynomials with
coefficients in D (these coefficients are given by their names, as described in
Definition 21), where each component has degree less than or equal to 56, such
that the following problem is undecidable: “Given (tg,xo) € Q x Q", decide
whether the maximal interval of the IVP (1) is bounded or not”.
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Proof. The idea to prove this theorem is to simulate with a set of polynomial
ODEs Rogozhin’s small universal Turing machine [37]. We can obtain a set of
PIVPs simulating this Turing machine as described by Theorem 13, Proposi-
tion 14, and Corollary 15. Then we expand this PIVP system as a polynomial
ODE using the techniques introduced in the proof of Theorem 4. Since the
entire procedure is constructive and bottom-up, it is possible to determine the
degrees of the polynomials appearing in the IVP. This will be done later in
the proof.

The important point is that we can obtain a PIVP (1), with solution z, that
satisfies for every k € N

zy(t) <m — % if M has not halted at step k and ¢t < k (18)

24(t) > m — 2 if M has already halted at step k and t > k

where the states of the Turing machine are encoded by numbers in {1,...,m}
and m = 4 is the Halting state. Consider the IVP

2y =x,—(m—1/2 2y =x,—(m—1/2

= 2= (m—1/2) = me12)
n= 2= ((m = 1/2) = 24) 7

where z1(0) = 22(0) = —1. Since x, appears as a component, we assume that

this IVP is coupled with the PIVP defined by Proposition 14 and Theorem 4.
It is easy to see that while M hasn’t halted, x, — (m —1/2) < —3/16. Thus #
keeps decreasing and the IVP is defined in (0, +00), i.e. the maximal interval
is unbounded, if M never halts.

On the other hand, if M eventually halts, z; starts increasing at a rate of at
least 3/16 and will do that forever. So, at some time it will have to assume
the value 0. When this happens, a singularity appears for z; and the maximal
interval is therefore (right-)bounded. For negative values of ¢ just replace ¢ by
(—t) in the PIVP (1) and assume ¢ to be positive. It can be shown that the
behavior of the system will be similar, and we reach the same conclusions for
the left bound of the maximal interval. So M halts iff the maximal interval of
the PIVP (19) is bounded, i.e. boundedness is undecidable.

It remains to determine the degree of the polynomials appearing in the defini-
tion of (1) and (19). We will now sketch how this is done. In what follows we
assume that x and y are variables in an IVP, whose derivatives can be written
as a polynomial (possibly involving other variables of the IVP) of degrees k
and n, respectively (for short, we will simply say that x and y have degree
k and n). Then our task is to know what is the degree of the PIVP giving
functions like sin x, etc.

199



(1) The case of sin and cos. We have

(sinz) = 2’ cosx Y, = 2'ys

/

(cosz) = —a'sinx Yy = —x'yy

where y; and gy, substitute sin x and cos z, respectively. So, if x has degree
k, sinx and cosx can be replaced by variables having degree k + 1.
(2) The case of arctan. One has

/

(arctan z) = £ Y, = 2'ys
1Y 12+'w 2

I T /! /
(1+x2> T T (1+422)2 Y2 = —2 Y3

where y; replaces arctan x. So, arctan x can be replaced by a variable of
degree k + 1, but also introduces another variable of degree k + 3.

(3) There are other functions that we didn’t describe in detail previously,
and that are used in our simulation (the reader is referred to [7]). But
they are built from polynomials and the functions arctan and sin. So a
straightforward application of the proof of Theorem 4 and the cases 1
and 2 above are enough to understand what happens with the degree of
variables which derivative is described in terms of these functions.

Carrying out all the steps mentioned above, one can see that 56 is the highest
degree for a variable that appears in the polynomial expansion of the ODE
simulating Rogozhin’s small universal Turing machine. m

Let us remark that, while the boundedness problem of the maximal interval
for unrestricted PIVPs is in general undecidable, this is not the case for some
subclasses of polynomials. For instance, the boundedness problem is decidable
for the class of linear differential equations (the maximal interval is always R
— see e.g. [36, p. 79]) or for the class of one-dimensional autonomous differ-
ential equations where f is a polynomial of any degree (the ODE is separable,
yielding an integral of a rational function that can be algorithmically solved).
It would be interesting to investigate maximal classes where the boundedness
problem is decidable.

6 Conclusion

In this paper we provide further results that establish a bridge between the
theory of ODEs and computation (see [38] for an up-to-date review). We
focus on polynomial initial value problems with computable and comparable
parameters.
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With respect to computation, our main result is that the boundness of the
maximal interval of definition is undecidable even for PIVPs with comparable
parameters and degree up to 56. We can view this result as a ODE analog to
the undecidability of the Halting problem for Turing machines.

With respect to polynomial ODEs, we show that they can simulate a large
class of dynamical systems — including Turing machines — in the presence of
noise.

Based on the previous results we argue that polynomial ODEs, which are a
well known model of physical phenomena, are also a powerful, yet realistic,
model of continuous time computation.
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A New Problem for Rule Following

Mark Hogarth
Girton College, Cambridge
1. Introduction

This is part of an extended argument of mine about the Church-Turing thesis (CTT).
In Hogarth 1994 1 argued that the thesis is a thoroughly empirical claim. In Hogarth
2004, 2008 I rejected that view, arguing instead that the thesis is really a pseudo-
proposition like ‘Australia is below England’, or , better, like ‘Euclidean geometry is
the true geometry’. I say ‘better’ because my attitude towards this issue is shaped by
an analogy with the concept of geometry. The key idea is that there is no
fundamentally privileged computing device (e.g. Turing machine), in just the way that
there is no privileged geometry (e.g. Euclidean). From a mathematical viewpoint
there are lots of computers, lots of inequivalent ways to execute an algorithm (or
procedure or rule). In my previous work I took it that the idea of losing CTT would
have important consequences but consequences primarily for computability theory.
Here I suggest the consequences extend further and may indeed touch on the nature of
pure mathematics itself. Simple counting provides a case study. I also make some
remarks about how the analogy with geometry might provide an answer to the
stubborn problem of why pure mathematics is applicable to the natural sciences.

2. The liquefaction of computability

This line of enquiry began with the discovery of some non-Turing computers within
the theory of general relativity (Hogarth 1992,1994, 2004, 2008; Earman and Norton
1993; Etesi and Nemeti 2001; Nemeti and David 2006). But what I have to say here,
and indeed what is important, is not about those computers per se but rather about
what their existence reveals about the concept of computability (written
Computability). In that sense these non-Turing computers are like the first non-
Euclidean geometries: what matters, conceptually speaking, is not the real-world
accuracy of the models but their existence.

Let us remind ourselves how the concept of geometry came to change. Writing in
1897, when the status of non-Euclidean geometries was still controversial, Bertrand
Russell began his book, An Essay on the Foundations of Geometry, as follows:

‘When a long established system is attacked, it usually happens
that the attack begins at a single point, where the weakness of the
doctrine is particularly evident. But criticism once invited, is apt
to extend much further than the most daring, at first, would have
wished.’

“First cut the liquefaction, what comes last,
But Fichte’s clever cut at God himself?””

‘So it has been with Geometry.’

The liquefaction of Euclidean geometry began at the end of the 18" century, when
Gauss questioned one of the axioms of the Euclidean system, the so-called Axiom of
Parallels or Euclid’s Postulate 5 (‘Axioms XI” in some older manuscripts). Gauss
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experimented with systems lacking that axiom, but he never published his results for
he feared an “uproar of the Boeotians’'. The first publications to present a non-
Euclidean system were due Lobachevsky in 1829 and Bolyai in 1832; others
followed.

There are two strands of argument in Russell’s book. First, that these new geometries
represent real possibilities for the geometry of our world and deciding between them
is an empirical matter. Secondly, that any possible geometry must possess constant
curvature. This idea Russell held for essentially Kantian reasons. With the arrival in
1915 of Einstein’s general theory of relativity this second strand became untenable, a
point Russell himself was quick to acknowledge (Torretti, Chapter 7). Space (and
spacetime) could possess variable curvature.

The process of liquefaction therefore advanced further than Russell had anticipated in
1897. After Einstein the term ‘geometry’ became broad and vague. ‘Broad’ because it
encompassed a myriad of systems suggested by the sciences; ‘vague’ because the
lessons of the past were not to attempt to isolate some ‘essential’ features of geometry
(like constant curvature); not, in short, to try to cauterize the concept of geometry. We
are now not even tempted to ask what makes a system a ‘geometry’. The term, like
the term ‘game’, gets applied because of family resemblances with accepted
archetypes. We rightly tend to leave it at that.

One way to phrase the conceptual shift taking us from Euclidean geometry to post-
Einstein geometry, is to say that the concept of geometry (written Geometry) became
two-sided, with physical geometry on one side and pure geometry on the other.
Physical geometry is concerned with modeling the geometry of the physical world;
it’s part of physics. Pure geometry is concerned with the mathematical structure of
each of the many geometrical models now in the offing; it’s part of pure mathematics.

What I argued in Hogarth 2004, 2008 is that Computability now also looks two-sided,
exactly because it has come to look so like Geometry.”

In Table 1 I summarize the main points of contact of the two concepts.

The ‘SADs’ referred to above are relativistic computers that can perform some non-
Turing computable tasks. In the Appendix I give a representation of the two simplest,
the SAD; and SAD», alongside representations of a finite Turing machine (#'7M) and
an ordinary Turing machine (OTM). The reader is encouraged to consult the
references for further details, but the key point here is that ‘running’ the same
algorithm first on the Turing machine and then on the SAD; will, in general, produce
two different results. Hardware matters.

! Meaning “fools’. The ancient Athenians took a dim view of their neighbours in
Boeotia.

? This is arguably more than just a metaphor / simile. Computers employ space and
time = spacetime = spacetime geometry. Thus if Geometry is two-sided, then it is not
unreasonable to expect Computability to be two-sided too.
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Geometry

Computability

Euclidean

Turing

The various representations of Euclidean
geometry by e.g. Euclid, Playfair, Wallis,
Saccheri, Riemann.

The various representations of Turing
computability by e.g. Church, Kleene,
Turing, and Post

‘Euclidean geometry is the true
geometry’—call this Euclid’s thesis; it
has a dual role: as a statement of the
‘truth’ of Euclidean geometry, and as an
heuristic to complete ‘proofs’

Church-Turing thesis; it has dual role: as
a statement of the ‘truth’ of Turing
computability, and as an heuristic to
complete ‘proofs’.

Geometries of Lobachevsky, Bolyai,
Riemann, Einstein, etc.

Quantum computers, relativistic
computers (S4Ds), Davies’s machine

Geometry is two-sided: pure and physical

Computability is two-sided: pure and
physical

From pure view point, there is no e.g.
Euclidean v. Lobachevsky

From a pure view point, there is no e.g.
Turing machine v. SAD,

Subjective terms e.g. ‘intuitive’, ‘natural’
fall out of use.

Subjective/vague terms e.g. ‘intuitive’,
‘natural’, ‘mechanical’ fall out of use.

Without Euclid’s thesis, rigorous proofs
can be advanced.

Without CTT, rigorous proofs can be
advanced.

Table 1

3. Counting

The idea that dispensing with CTT will have implications for only a sliver of
mathematics, namely computability theory, is quickly dispelled when one is reminded
that pure mathematics is shot through with algorithms (or rules or procedures — I take

these to be synonyms).

Take as simple an example as ordinary counting, of the kind a child performs. The
procedure (it’s like the Frege successor function) is this:

Begin with n=1
Let n=n+1
Reveal n

Repeat the second step

Suppose this algorithm is executed on some machine, and an observer consults it from

time to time to see what is happening.

One is inclined to say the observer will see something like:

1,2,17,18,101,1201
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(Note: the observer observers only from time to time, so some numbers will be
missing. And of course the observer does not see the ‘numbers’ as such; rather she
must interpret the machine’s output: perhaps 17 dots on a screen is taken to be ‘17°.)

But this entirely depends upon which machine is executing the algorithm. A FTM
(Appendix) will just stop at 101 (say), so our observer will see:

1,2,17,18,101
An OTM (Appendix) will never stop but our mortal observer must, at (say) 1739:
1,2,17,18,101,1739
With a S4D; our observer sees:
1,2,17,18,101,1201, 1739, w

This is like the OTM case, except now at some point the observer can witness the first
ordinal w (again as naturally interpreted from the machine’s output; see Appendix).

SAD» goes a step further. Now our observer sees:
1,2,17,18,101,1201, 2015, w, wt1, 20, o’

One tends to think that an algorithm determines the ‘output’. Here we see the output
depends, non-trivially, upon the machine too. The output is irreducibly a function of
two variables: the algorithm and the machine. An algorithm is by itself indeterminate,
and those parts of pure mathematics involving algorithms or procedures or rules really
are nothing but squiggles until coupled to a machine. The formalists then were right to
take the squiggles in mathematics textbooks to be merely squiggles, but they were
wrong in thinking the squiggles are pure mathematics.

This idea undermines a deeply held intuition. We find ourselves saying: but surely the
algorithm above just is 1,2,3,...7

All one can say is that executing the algorithm on an OTM yields 1,2.3,...

The analogy with geometry may help here. Counting is like building a ladder with
numbered rungs. The ladder is built in space (no space, no ladder), and the structure
of the space, together with the building instructions (add another rung), determines
the shape of the final ladder.

The fixation with 1,2,3,... is akin to the fixation with the long Euclidean ladder (in
Euclidean space). But — and this is the point — there are other possible ladder
structures.

This observation, that algorithm by itself lacks of determinacy, might seem redolent
of Wittgenstein’s skeptism about rule following:

‘... we get [a] pupil to continue a series (say + 2) beyond 1000 — and he
writes 1000, 1004, 1008, 1012 (Wittgenstein 1953).

Wittgenstein is drawing attention to how we use the ‘+’ sign, and consequently what
we mean by that sign. The pupil’s answer, thinks Wittgenstein, does nothing to
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conflict with past uses (e.g. 10+2=12) — and so there is nothing ‘wrong’ with the
answer.

But Wittgenstein’s problem is of course another problem. For even if the
implementation of ‘+’ is unproblematic, transparent, the argument above shows that
this mark by itself does no work.

4. How is pure mathematics applicable to the natural sciences?

A stubborn problem in the philosophy of mathematics is this: why is pure
mathematics applicable to the natural sciences? Related to this is Benacerraf’s
problem: how can we come to know the ‘inert’ objects of pure mathematics?

On the view that CTT holds, or indeed that computation is a transparent process, this
is a hard problem. Counting (say) clearly is applicable to the real world and yet is
comprised of an algorithm (a pure object) and is driven by a Turing machine (a pure
object). How can these two pure objects come together to represent part of the
physical world? Put like that, it’s a hard problem.

But when Computability is viewed as two-sided, like Geometry, this problem
becomes tractable. Counting (say 1,2,3,...) can be treated as a pure system. But that
system (algorithm + OTM) has, on the other side, a physics, the physics of Turing
machines.

This is only a very partial answer to the problem, but it shows where the answer lies
(in the physics of machines) — and that was really the problem.

Appendix

Figure 1 below shows representations of four computing devices. The vertical
dimension is time, the horizontal space. A filled dot represents an event; an unfilled
dot represents spacetime at ‘infinity’. The unattached filled dot is a typical event on a
computer user’s worldline (though the worldline itself is not shown). A line is a
worldline of a computer. In (1) the computer stops computing after a finite number of
operations. This is the finite Turing machine or F7M. In (i1) the computer never stops
computing (but the user can access only a finite number of computational steps). This
is the ordinary Turing machine or OTM. In (ii1) the computer is underpinned by a so-
called Malament-Hogarth spacetime, which permits the user access to an infinite
number of steps. This is called a SAD; computer (because it can decide arbitrary
sentences in arithmetic with one quantifier). In (iv) is a S4D, that is a ‘string’ of
SAD] S.

The numbers to the left of each computer are the numbers observed from time to time
by a computer user. Of course the ‘numbers’ must be interpreted from the signal data.
This holds for 1, 2, etc but also, in (iii), for w, which is the interpretation of the
absence of a signal. Further details can be found in Hogarth (2004).
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Figure 1. Four different computers, as represented in spacetime.
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Abstract. Looking at very recent developments in spacetime theory, we
can wonder whether these results exhibit features of hypercomputation
that traditionally seemed impossible or absurd. Namely, we describe a
physical device in relativistic spacetime which can compute a non-Turing
computable task, e.g. which can decide the halting problem of Turing ma-
chines or decide whether ZF set theory is consistent (more precisely, can
decide the theorems of ZF). Starting from this, we will discuss the impact
of recent breakthrough results of relativity theory, black hole physics and
cosmology to well established foundational issues of computability the-
ory as well as to logic. We find that the unexpected, revolutionary results
in the mentioned branches of science force us to reconsider the status of
the physical Church Thesis and to consider it as being seriously chal-
lenged. We will outline the consequences of all this for the foundation of
mathematics (e.g. to Hilbert’s programme).

Observational, empirical evidence will be quoted to show that the state-
ments above do not require any assumption of some physical universe
outside of our own one: in our specific physical universe there seem to ex-
ist regions of spacetime supporting potential non-Turing computations.
Additionally, new “engineering” ideas will be outlined for solving the
so-called blue-shift problem of GR-computing. Connections with related
talks at the Physics and Computation meeting, e.g. those of Jerome
Durand-Lose, Mark Hogarth and Martin Ziegler, will be indicated.

1 Introduction

We discuss here the impact of very recent developments in spacetime theory
and cosmology on well established foundational issues (and interpretations) of
logic and computability theory. The connections between computability theory,
logic and spacetime theory (general relativity theory, GR) cut both ways: logic
provides a tangible foundation for GR, cf. [1], while GR and its new developments
might profoundly influence our interpretation of basic results of computability
theory, as we will see in this paper. The new computability paradigms in turn
offer feedback to the foundation of mathematics and logic.

Because of the interdisciplinary character of this paper, the first two sections
are somewhat introductory, explaining the basic ideas for the nonspecialist. We
will start speeding up beginning with section 3.
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Two major new paradigms of computing arising from new physics are quan-
tum computing and general relativistic computing. Quantum computing chal-
lenges complexity barriers in computability, while general relativistic computing
challenges the physical Church-Turing Thesis itself. In this paper we concentrate
on relativistic computers and on the physical Church-Turing Thesis (PhCT).

The PhCT is the conjecture that whatever physical computing device (in the
broader sense) or physical thought-experiment will be designed by any future
civilization, it will always be simulateable by a Turing machine. The PhCT was
formulated and generally accepted in the 1930’s. At that time a general con-
sensus was reached declaring PhCT valid, and indeed in the succeeding decades
the PhCT was an extremely useful and valuable maxim in elaborating the foun-
dations of theoretical computer science, logic, foundation of mathematics and
related areas.! But since PhCT is partly a physical conjecture, we emphasize
that this consensus of the 1930’s was based on the physical world-view of the
1930’s. Moreover, many thinkers considered PhCT as being based on mathemat-
ics + common sense. But “common sense of today” means “physics of 100 years
ago”. Therefore we claim that the consensus accepting PhCT in the 1930’s was
based on the world-view deriving from Newtonian mechanics. Einstein’s equa-
tions became known to a narrow circle of specialists around 1920, but about that
time the consequences of these equations were not even guessed at. The world-
view of modern black hole physics was very far from being generally known until
much later, until after 1980.

Our main point is that in the last few decades there has been a major
paradigm shift in our physical world-view. This started in 1970 by Hawking’s and
Penrose’s singularity theorem firmly establishing black hole physics and putting
general relativity into a new perspective. After that, discoveries and new results
have been accelerating. In the last 10 years astronomers have obtained firmer
and firmer evidence for the existence of ever larger, more and more exotic black
holes [38],[35] not to mention evidence supporting the assumption that the uni-
verse is not finite after all [40]. Nowadays the whole field is in a state of constant
revolution. If the background foundation on which PhCT was based has changed
so fundamentally, then it is desirable to re-examine the status and scope of appli-
cability of PhCT in view of the change of our general world-picture. A relevant
perspective is e.g. in Cooper [9]. Cf. also [19], [15], [30], [36].

Assumption of an absolute time scale is a characteristic feature of the Newto-
nian world-view. Indeed, this absolute time has its mark on the Turing machine
as a model for computer. As a contrast, in general relativity there is no abso-
lute time. Kurt Godel was particularly interested in the exotic behavior of time
in general relativity. Godel [16] was the first to prove that there are models of
GR to which one cannot add a partial order satisfying some natural properties
of a “global time”. In particular, in GR various observers at various points of

1 As a contrast, one of the founding fathers of PhCT, Laszlé Kalmar, always hoped
for a refutation of PhCT and to his students he emphasized that PhCT is meant
to be a challenge to future generations, it is aimed at “teasing” researchers to put
efforts into attacking PhCT. [21]
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spacetime in different states of motion might experience time radically differ-
ently. Therefore we might be able to speed up the time of one observer, say
C (Cecil, for “computer”), relatively to the other observer, say P (Peter, for
“programmer”). Thus P may observe C' computing very fast. The difference
between general relativity and special relativity is (roughly) that in general rel-
ativity this speed-up effect can reach, in some sense, infinity assuming certain
conditions are satisfied. Of course, it is not easy to ensure that this speed-up
effect happens in such a way that we could utilize it for implementing some
non-Turing-computable functions.

In sections 2 and 3 we briefly recall from [30],[29] an intuitive idea of how
this infinite speed-up can be achieved and how one can implement a computer
based on this idea. More concrete technical details can be found in [15],[30] and
to some extent in the remaining parts of this paper. For brevity, we call such
thought-experiments relativistic computers. We will see that it is consistent with
Einstein’s equations, i.e. with general relativity, that by certain kinds of relativis-
tic experiments, future generations might find the answers to non-computable
questions like the halting problem of Turing machines or the consistency of Zer-
melo Fraenkel set theory (the foundation of mathematics, abbreviated as ZFC
set theory from now on). Moreover, the spacetime structure we assume to exist
in these experiments is based in [15],[30] on huge slowly rotating black holes the
existence of which is made more and more likely (practically certain) by recent
astronomical observations [38],[35].

We are careful to avoid basing the beyond-Turing power of our computer
on “side-effects” of the idealizations in our mathematical model of the physical
world. For example, we avoid relying on infinitely small objects (e.g. pointlike test
particles, or pointlike bodies), infinitely elastic balls, infinitely (or arbitrarily)
precise measurements, or anything like these. In other words, we make efforts to
avoid taking advantage of the idealizations which were made when GR was set
up. Actually, this kind of self-constraint is essential for the present endeavor as
can be illustrated by [41, pp.446-447].

In sections 4-6 we discuss some essential questions of principle as well as
some technical questions in connection with realizability of a relativistic com-
puter, such as e.g. the so-called blue-shift problem, assuming infinity of time and
space. Many of these questions come close to the limits of our present scientific
knowledge, provoking new research directions or adding new motivations to al-
ready existing ones. We show that, at least, the idea of relativistic computers is
not in conflict with presently accepted scientific principles. E.g. we recall that
the presently accepted standard cosmological model predicts availability of infi-
nite time and space. We also show that the principles of quantum mechanics are
not violated, no continuity of time or space is presupposed by a relativistic com-
puter. Discussing physical realizability and realism of our design for a computer
is one of the main issues in [30, §5].

A virtue of the present research direction is that it establishes connections
between central questions of computability theory and logic, foundation of math-
ematics, foundation of physics, relativity theory, cosmology, philosophy, particle
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physics, observational astronomy, computer science and Artificial Intelligence
[44]. E.g. it gives new kinds of motivation to investigating central questions of
these fields like “is the universe finite or infinite (both in space and time) and
in what sense”, “exactly how do huge Kerr black holes evaporate” (quantum
gravity), “how much matter is needed for coding one bit of information (is there
such a lower bound at all)”, questions concerning the statuses of the various
cosmic censor hypotheses, questions concerning the geometry of rotating black
holes [5], to mention only a few. The interdisciplinary character of this direction
was reflected already in the 1987 course given by the present authors [28] during
which the idea of relativistic hypercomputers emerged and which was devoted
to connections between the above mentioned areas.

Section 6 is also about the impact of general relativistic computing on the
foundation of mathematics.

Section 7 is devoted to the impact of the “new computability paradigm” on
spacetime theory. There, we discuss a different kind of motivation for studying
relativistic computers. Namely, such a study may have applications to theoretical
physics as follows. To GR, there is an infinite hierarchy of hypotheses called
causality constraints which can be added to GR as outlined in the monograph
[11, §6.3, pp.164-167]. Among these occur the various versions of the cosmic
censor hypothesis (CCH) of which the basic reference book of relativity theory
[42, p.303] writes “whether the cosmic censor conjecture is correct remains the
key unresolved issue in the theory of gravitational collapse”. On p.305 [42] writes
“... there is virtually no evidence for or against the validity of this second version
of CCH”. These causality hypotheses play a role in GR analogous with the role
formulas like GCH independent of ZF set theory play in set theory (or logic).
These causality hypotheses are independent of GR (they are not implied by
GR), and their status is the subject of intensive study as op. cit. illustrates
this. Now, the study of relativistic computers could, in principle, reveal how the
physical Church Thesis PhCT is situated in this hierarchy, in a sense which we
will discuss in section 7. If we could find out which one of these constraints imply
PhCT (or are implied by PhCT), that could be illuminating in why certain issues
are difficult to settle about these constraints, cf. e.g. Etesi [14] and [42, p.303].

Tangible data underlying the above interconnections and also more history,
references are available in [30]. The textbook Earman [11, p.119, section 4.9]
regards the same interdisciplinary perspective as described above to be one of
the main virtues of the present research direction. It is the unifying power of
logic which makes it viable to do serious work on such a diverse collection of
topics. One of the main aims of the research direction represented by [1]-[3],
[23]-[25] is to make relativity theory accessible for anyone familiar with logic.

2 Intuitive idea for non-Turing GR computing

In this section we briefly recall from [30,29] the ideas of how relativistic com-
puters work, without going into technical details. The technical details are elab-
orated, among others, in [15], [19], [30]. To make our narrative more tangible,
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we use the example of huge slowly rotating black holes for our construction of
relativistic computers. These are called “slow-Kerr” black holes in the physics
literature. There are many more kinds of spacetimes suitable for carrying out
essentially the same construction for a relativistic computer. We chose rotating
black holes because they provide a tangible example for illustrating the kind
of reasoning underlying general relativistic approaches to breaking the “Tur-
ing barrier”. Mounting astronomical evidence for their existence makes them
an even more attractive choice for our didactic purposes. In passing we note
that some intuitively easy to read fine-structure investigations of slowly rotating
Kerr-Newman black holes are found in the recent [5].

We start out from the so-called Gravitational Time Dilation effect (GTD).
The GTD is a theorem of relativity theory, it says that gravity makes time run
slow. Clocks that are deep within gravitational fields run slower than ones that
are farther out. Roughly, GTD can be interpreted by the following thought-
experiment. Choose a high enough tower on the Earth, put precise enough (say,
atomic) clocks at the bottom of the tower and the top of the tower, then wait
enough time, and compare the readings of the two clocks. The clock on the
top will run faster (show more elapsed time) than the one in the basement. So,
gravity causes the clock on the top ticking faster. Therefore computers there also
compute faster. If the programmer in the basement would like to use this GTD
effect to speed up his computer, he can just send his computer to the top of
the tower and he gets some speed-up effect. We want to increase this speed-up
effect to the infinity. Therefore, instead of the Earth, we use a huge black hole.
A black hole is a region of spacetime with so big “gravitational pull” that even
light cannot escape from this region. There are several types of black holes, an
excellent source is Taylor and Wheeler [39]. For our demonstration of the main
ideas here, we will use a huge, slowly rotating black hole. These black holes have
two event horizons, these are bubble-like surfaces one inside the other, from
which even light cannot escape. See Figures 1-2.

As we approach the outer event horizon from far away outside the black hole,
the gravitational “pull” of the black hole approaches infinity as we get closer
and closer to the event horizon. This is rather different from the Newtonian
case, where the gravitational pull also increases but remains finite everywhere.
For a while from now on “event horizon” means “outer event horizon”. Imagine
observers suspended over the event horizon. Here, suspended means that the
distance between the observer and the event horizon does not change. Equiv-
alently, instead of suspended observers, we could speak about observers whose
spaceship is hovering over the event horizon, using their rockets for maintaining
altitude. Assume one suspended observer C' is higher up and another one, P, is
suspended lower down. So, C' sees P below her while P sees C' above him. Now
the gravitational time dilation (GTD) will cause the clocks of C run faster than
the clocks of P. They both agree on this if they are watching each other e.g. via
photons. Let us keep the height of C' fixed. Now, if we gently lower P towards
the event horizon, this ratio between the speeds of their clocks increases and, as
P approaches the event horizon, this ratio approaches infinity. This means that
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for any integer n, if we want C’s clocks to run n times as fast as P’s clocks, then
this can be achieved by lowering P to the right position. If we could suspend the
lower observer P on the event horizon itself then from the point of view of C,
P’s clocks would freeze, therefore from the point of view of P, C’s clocks (and
computers!) would run infinitely fast, hence we would have the desired infinite
speed-up upon which we could then start our plan for breaking the Turing bar-
rier. The problem with this plan is that it is impossible to suspend an observer
on the event horizon. As a consolation for this, we can suspend observers ar-
bitrarily close to the event horizon. To achieve an “infinite speed-up” we could
do the following. We could lower and lower again P towards the event horizon
such that P’s clocks slow down (more and more, beyond limit) in such a way
that there is a certain finite time-bound, say b, such that, roughly, throughout
the whole history of the universe P’s clocks show a time smaller than b. More
precisely, by this we mean that whenever C' decides to send a photon to P, then
P will receive this photon before time b according to P’s clocks. This is possible.
See Figure 2.

There is a remaining problem to solve. As P gets closer and closer to the event
horizon, the gravitational pull or gravitational acceleration tends to infinity. If
P falls into the black hole without using rockets to slow his fall, then he does
not have to withstand the gravitational pull of the black hole. (He would only
feel the so-called tidal forces which can be made negligibly small by choosing a
large enough black hole.) However, his falling through the event horizon would
be so fast that some photons sent after him by C would not reach him outside
the event horizon. Thus P has to approach the event horizon relatively slowly
in order that he be able to receive all possible photons sent to him by C. In
theory he could use rockets for this purpose, i.e. to slow his fall (assuming he
has unlimited access to fuel somehow). Because P approaches the event horizon
slowly, he has to withstand this enormous gravity (or equivalently acceleration).
The problem is that this increasing gravitational force (or acceleration) will kill
P before his clock shows time b, i.e. before the planned task is completed. At
the outer event horizon of our black hole we cannot compromise between these
two requirements by choosing a well-balanced route for P: no matter how he will
choose his route, either P will be crashed by the gravitational pull (acceleration),
or some photons sent by C would not reach him. (This is the reason why we
can not base our relativistic computer on the simplest kind of black holes, called
Schwarzschild ones, which have only one event horizon and that behaves as we
described above.) To solve this problem, we would like to achieve slowing down
the “fall” of P not by brute force (e.g. rockets), but by an effect coming from
the structure of spacetime itself. In our slowly rotating black hole, besides the
gravitational pull of the black hole (needed to achieve the time dilation effect)
there is a counteractive repelling effect coming from the rotation of the black
hole. This repelling effect (or cushioning effect) is analogous to “centrifugal force”
in Newtonian mechanics and will cause P to slow down in the required rate. So
the idea is that instead of the rockets of P, we would like to use for slowing
the fall of P this second effect coming from the rotation of the black hole. The
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inner event horizon marks the point where the repelling force overcomes the
gravitational force. Inside the inner horizon, it is possible again to “suspend”
an observer, say P, i.e. it becomes possible for P to stay at a constant distance
from the center of the black hole (or equivalently from the event horizons). It is
shown in [15] that the path of the in-falling observer P can be planned in such
a way that the event when P reaches the inner event horizon corresponds to the
time-bound b (on the wristwatch of P) mentioned above before which P receives
all the possible messages sent out by C'. In fact, the path of P can be chosen (to
be a geodesic, i.e.) so that P does not have to use rockets at all, all the “slowing
down” is done by the spacetime itself.

e %
Outer event horizon / b
Inner even V=T TN Ring singularity
horizon
¢
\
g AW B

Axis of rotation

Fig. 1. A slowly rotating (Kerr) black hole has two event horizons and a ring-shape
singularity (the latter can be approximated/visualized as a ring of extremely dense and
thin “wire”). The ring singularity is inside the inner event horizon in the “equatorial”
plane of axes z,y. Time coordinate is suppressed. Figure 2 is a spacetime diagram
with x,y suppressed. Rotation of ring is indicated by an arrow. Orbit of in-falling
programmer P is indicated, it enters outer event horizon at point e, and meets inner
event horizon at point b.

By this we achieved the infinite speed-up we were aiming for. This infinite
speed-up is represented in Figure 2 where P measures a finite proper time be-
tween its separation from the computer C' (this separation point is not repre-
sented in the figure) and its touching the inner horizon at proper time b (which
point also is not represented in Figure 2). It can be seen in the figure that when-
ever C' decides to send a photon towards P, that photon will reach P before P
meets the inner horizon.
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Fig. 2. The “tz-slice” of spacetime of slowly rotating black hole in coordinates where
z is the axis of rotation of black hole. The pattern of light cones between the two event
horizons 7~ and 7 illustrates that P can decelerate so much in this region that he will
receive outside of r~ all messages sent by C. rT is the outer event horizon, r~ is the
inner event horizon, z = 0 is the “center” of the black hole as in Figure 1. The tilting
of the light cones indicates that not even light can escape through these horizons. The
time measured by P is finite (measured between the beginning of the experiment and
the event when P meets the inner event horizon at b) while the time measured by C
is infinite.

3 Implementation for a relativistic computer

We now use the above to describe a computer that can compute tasks which
are beyond the Turing limit. To break the Turing limit, let us choose the task,
for an example, to decide whether ZFC set theory is consistent. I.e. we want to
learn whether from the axioms of set theory one can derive the formula FALSE.
(This formula FALSE can be taken to be x # x.) The programmer P and his
computer C are together (on Earth), not moving relative to each other, and P
uses a finite time-period for transferring input data to the computer C' as well
as for programming C'. After this, P boards a huge spaceship, taking all his
mathematical friends with him (like a Noah’s Ark), and chooses an appropriate
route towards a huge slowly rotating black hole, entering the inner event horizon
when his wrist-watch shows time b. While he is on his journey towards the black
hole, the computer that remained on the Earth checks one by one the theorems
of set theory, and as soon as the computer finds a contradiction in set theory,
i.e. a proof of the formula FALSE from the axioms of set theory, the computer
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sends a signal to the programmer indicating that set theory is inconsistent. If it
does not find a proof for FALSE, the computer sends no signal.

The programmer falls into the inner event horizon of the black hole and after
he has crossed the inner event horizon, he can evaluate the situation. If a light
signal has arrived from the direction of the computer, of an agreed color and
agreed pattern, this means that the computer found an inconsistency in ZFC
set theory, therefore the programmer will know that set theory is inconsistent. If
the light signal has not arrived, and the programmer is already inside the inner
event horizon, then he will know that the computer did not find an inconsistency
in set theory, did not send the signal, therefore the programmer can conclude
that set theory is consistent. So he can build the rest of his mathematics on the
secure knowledge of the consistency of set theory. We will return to the issue of
whether the programmer has enough space and time and resources for using the
just gained information at the end of section 5.

The above outlined train of thought can be used to show that any recursively
enumerable set can be decided by a relativistic computer [15]. Actually, more
than that can be done by relativistic computers. Welch [43] shows that the ar-
rangement described in section 3 using Kerr black holes can compute exactly A,
problems in the arithmetical hierarchy (under some mild extra assumptions).
Computability limits connected with such relativistic computers are also ad-
dressed in [19], [20], [36], [44].

Relativistic computers are not tied to rotating black holes, there are other
general relativistic phenomena on which they can be based. An example is anti-
de-Sitter spacetime which attracts more and more attention in explaining recent
discoveries in cosmology (the present acceleration of the expansion of the uni-
verse, cf. [30]). Roughly, in anti-de-Sitter spacetime, time ticks faster and faster
at farther away places in such a way that P can achieve infinite speed-up by
sending away the computer C' and waiting for a signal from her. This scenario is
described and is utilized for computing non-Turing computable functions in [19].
This example shows that using black holes (or even singularities) is not inherent
in relativistic computers.

Spacetimes suitable for an implementation of relativistic computation like
described in this section are called Malament-Hogarth spacetimes in the physics
literature. A relativistic spacetime is called Malament-Hogarth (MH) if there is
an event (called MH-event) in it which contains in its causal past a worldline
of infinite proper length. The spacetime of ordinary Schwarzschild black hole is
not MH, the spacetime of rotating Kerr black hole is MH and any event within
the inner event horizon is MH, in anti-de-Sitter spacetime every event is an MH-
event, the spacetime of an electrically charged BH (called Reissner-Nordstrom
spacetime) is MH and there are many other examples for MH.

We note that using MH spacetimes does not entail faith in some exotically
“benevolent” global property of the whole of our universe. Instead, most of the
MH spacetimes, like rotating BH’s, can be built by a future, advanced civiliza-
tion inside our usual “standard” universe of high precision cosmology. Namely,
such MH spacetimes do not necessarily refer to the whole universe, but instead,
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to some “local” structure like a rotating ring of gravitationally collapsed matter
in a “spatially finite part” of a more or less usual universe involving no par-
ticular global “witchcraft”, so-to-speak. We are writing this because the word
“spacetime” in the expression “MH spacetime” might be misleading in that it
might suggest to the reader that it is an exotic unlikely property of the whole
of God’s creation, namely, the whole universe. However, in most MH spacetimes
this is not the case, they are (in some sense) finite structures that can be built,
in theory, by suitably advanced civilizations in a standard kind of universe like
the one which is predicted by the present-day standard version of cosmology. In
other words, nothing fancy is required from the whole universe, the “fancy part”
is a structure which can, in theory, be manufactured in an ordinary infinite uni-
verse. Therefore in the present context it would be more fortunate to talk about
MH regions of spacetime than about MH spacetimes.

4 Two sides of the coin and the blue-shift problem

A relativistic computer as we described in section 3 is a team consisting of a
Computer (C, for Cecil) and a Programmer (P, for Peter).

How does the computer C experience the task of this computing? C will see
(via photons) that the programmer P approaches the black hole (BH), and as he
approaches it, his wristwatch ticks slower and slower, never reaching wristwatch
time b. C' will see the Programmer approaching the BH in all her infinite time.
For C, the Programmer shines on the sky for eternity. The only effect of C’s time
passing is that this image gets dimmer and dimmer, but it will never disappear.
Under this sky, C' computes away her task consisting of potentially infinitely
many steps, i.e. checking the theorems of ZFC one by one, in an infinite amount
of time.

How does the Programmer experience the task of this computing? He is
traveling towards the black hole, and he only has to check whether he received a
special signal from the Computer or not. For this task, which consists of finitely
many steps, he has a finite amount of time.

What would he see would he watch his team-member, the Computer? He
would see the Computer computing faster and faster, speeding up so that when
his (P’s) wristwatch time reaches b, C' would just flare up and disappear. Well,
this flare-up would burn P, because it carries the energy of photons emitted
during the whole infinite life of C', thus the total amount of this energy is infinite.
In fact, we have to design a shield (or mirror) so that only intended signals from
C can reach P. This means that we have to ensure that P does not see C'! P’s
task is to watch whether there is one special kind of signal coming through this
shield. All in all, P’s task is to do finitely many steps in a finite amount of time.

A task in the literature is called supertask if it involves one to carry out
infinitely many steps in a finite amount of time [12]. Therefore, by the above,
we think that the relativistic computer need not implement a supertask.

The above led us to the so-called blue-shift problem [11]. This is the following.
The frequency of light-signals (photons) sent by C' to P gets increased (i.e. blue-
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shifted) by the time they reach P because of the infinite speed-up we worked so
hard to achieve! Thus, if we do nothing about this, the one signal that C' sends,
can kill P. Further, P may not be able to recognize the blue-shifted signal. There
are many solutions for this problem, two such solutions can be found in sections
5.3.1 and 5.4.1 of [30]. For example, C' can arrange sending the signal to P such
that C' asks her sister C’ to embark on a spaceship S which speeds up in the
direction opposite to the direction of the Kerr hole, and send the signal from
this spaceship. If S moves fast enough, then any signal sent from S to P will be
red-shifted because of the speed of S. Then C' chooses the speed of S to be such
that the red-shift caused by this speed exactly cancels out the blue-shift caused
by the gravitational effects at the event when P receives the signal.

Some new ideas on the blue-shift problem using mirrors. Programmer P sends
out a second spaceship P’ inhabited by robot P’ running ahead of P in the same
direction, i.e. towards the inner horizon of the black hole. So, P’ travels faster
than P and P’ is between P and the inner horizon (in the relevant time period, of
course). When computer C sends out the message (that e.g. an inconsistency was
found in ZFC), the message is “beamed” to P’ and not to P. Careful engineering
is needed to ensure that the photons coming from C' (or from anywhere the
outside area) avoid P. See the Penrose diagram in Figure 3.

Bold solution: P’ uses a huge mirror, by which P’ reflects the message “back”
to P. Since P’ is moving extremely fast, we can say that P’ is “running away”
from the incoming photons. Therefore by the Doppler Effect, the frequency of
the reflected photons (message) will be arbitrarily smaller (depending on the
relative velocity? of P’ and P) and so the energy of the message received by P
from P’ will be suitably small to ensure (i) recognizability and (ii) not burning
P to death. For this, the pilots of P and P’ should adjust their relative velocities
appropriately. This seems to be possible as indicated in Figure 3. For the case
something would go wrong with the above “bold plan”, we include below a
cautious plan.

Cautious plan: Instead of carrying a huge mirror, P’ carries a large banner
that can be spared. Now, the light signal (message) from C is directed to the
banner carried by P’. So by the blue-shift effect, the message burns (destroys)
the banner of P’. Even simpler solution is obtained by burning the whole of P’.
Now, P is watching P’ for the message. If P’ disappears, then P concludes that
P’ was burned by the message, hence there was a message, hence P concludes
that ZFC is inconsistent. If ZFC s consistent then C' does not send a message
to P’, hence P’ does not get burned, hence P “sees” that P’ is still there, hence
after both P and P’ crossed the inner event horizon, P concludes that ZFC is
consistent. Although this will happen only some time after P crosses the inner
horizon, but that is consistent with our plan. The above plan of burning P’
by the message might contain possibilities for error, e.g. P’ might disappear
because of some completely irrelevant accident (without C’s sending a message).
While this is so, the likelihood of such an accident can be minimized by the
usual techniques of careful engineering, e.g. using redundancy (several copies of

2 measurable e.g. by radar
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P’ moving in different directions all of which are targeted by C if C' finds the
inconsistency etc).

} At

y At

Fig. 3. Attacking the blue-shift problem by “mirrors” and by an “escaping” second
spaceship P’. The “decoded” message is received by P only after he crossed the inner
event horizon but not later than P’’s crossing the inner event horizon is observed by
P.

5 Some questions naturally arising

The following questions come up in connection with realizability of the plan
described in section 3.

— can the programmer check whether the distant object he chose for a slowly
rotating black hole is indeed one (whether it has the spacetime structure
needed for his purposes)?
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can he check when he passed the event horizon?

— can he survive passing the event horizon?

— can he receive and recognize the signal sent by the computer?

— how long can he live inside the black hole?

— is there a way for the programmer to know that absence of signal from the
computer is not caused by some catastrophe in the life of the computer?

— is it possible for a civilization to exist for an infinite amount of time?

— can the programmer repeat the computation or is this a once-for-a-lifetime

computation for him?

Here we just assert that the answers to all these questions are in the affirma-
tive, or at least do not contradict present scientific knowledge. These questions
are discussed in detail in [30]. Below we address three of these questions.

On the question of traverseability of the event horizon: We chose the black
hole to be large. If the black hole is huge®, the programmer will feel nothing
when he passes either event horizon of the black hole—one can check that in
case of a huge black hole the so-called tidal forces on the event horizons of the
black hole are negligibly small [32], [15].

On the question of how long the programmer can live after crossing the event
horizon: The question is whether the programmer can use this new information,
namely that set theory is consistent, or whatever he wanted to compute, for his
purposes. A pessimist could say that OK they are inside a black hole, so—mnow
we are using common sense, we are not using relativity theory—common sense
says that the black hole is a small unfriendly area and the programmer will
sooner or later fall into the middle of the black hole where there is a singularity
and the singularity will kill the programmer and his friends. The reason why we
chose our black hole to be a huge slowly rotating one, say of mass 10'%m, is the
following. If the programmer falls into a black hole which is as big as this and
it rotates slowly, then the programmer will have quite a lot of time inside the
black hole because the center of the black hole is relatively far from the event
horizon. But this is not the key point. If it rotates, the “matter content”, the so-
called singularity, which is the source of the gravitational field of the black hole
so-to-speak, is not a point but a ring (see Fig.1). So if the programmer chooses
his route in falling into the black hole in a clever way, say, relatively close to the
north pole instead of the equatorial plane, then the programmer can comfortably
pass through the middle of the ring, never get close to the singularity and happily
live on forever (see Fig.s 1,2). We mean, the rules of relativity will not prevent
him from happily living forever. He may have descendants, he can found society,
he can use and pass on the so obtained mathematical knowledge.

On the question of whether the computation can be repeated: Let us look
at the extension of slow Kerr spacetime in [31, §3.3, pp.116-140]. Especially,
consider the maximal slow Kerr spacetime (MSK) on Fig. 3.16, p.139. By con-
sidering this MSK, we can convince ourselves that our GR-computation is re-
peatable and with appropriate care it can be made deterministic. Some further

3 this is a technical expression in observational astronomy
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meditation on this repeatability of GR-computing can lead to new perspectives
on the Platonism - formalism debates and views in the philosophical schools of
the foundations of mathematics. E.g. one of the ages old arguments fades away,
namely the argument saying that we cannot have access to any instances of
actual infinity.

6 Can we learn something about infinity? Impact on the
foundation of mathematics.

The relativistic computer as we implemented it in section 3 assumes that an in-
finite amount of time is available for C' for computing. This seems to be essential
for breaking the Turing barrier (by our construction). We are in a good position
here, because of the following. As a result of very recent revolution in cosmology,
there is a so-called standard model of cosmology. This standard model is based
on matching members of a family of GR spacetimes against a huge number of
observational data obtained by three different astronomical projects. This huge
number of measurements (made and processed by using computers) all point
amazingly to one specific GR spacetime. This spacetime is called the standard
cosmological model, and in accordance with the so far highly successful scientific
practice of the last 2500 years, we regard this standard model of the latest form
of high-precision cosmology as the model best suited to explain observations
and experience collected so far. According to this standard model, our universe
is infinite both in regard of time and space, moreover there is an infinite amount
of matter-energy available in it. We will see soon that the latter infinity is not
needed for our construction. For more on this see D4vid [10], [30] and the ref-
erences therein. Our point here is not about believing that our universe indeed
has infinite time or not. The point is that assuming availability of an infinite
amount of time for computing is not in contradiction with our present-day sci-
entific knowledge.

We would like to say some words on the question of how much matter/energy
is needed for storing, say, 10 bits of information. Although this question is not
essential for the realizability of the relativistic computer (because of availability
of infinite energy in the standard model of cosmology), we still find this question
interesting for purely intellectual/philosophical reasons.

Is information content strongly tied to matter/energy content? Is there a
lower bound to mass which is needed to store 10 bits of information? This is
a question which has nagged one of the authors ever since he wrote his MsC
thesis [27] where a separate section was devoted to this issue. The question is:
“If T want to write more, do I need more paper to write on?” Right now it
seems to us that the answer is in the negative. Matter and information might
be two independent (orthogonal) “dimensions” of reality. The reason for this is
the following. One might decide to code data by photons. Then the amount of
matter/energy used is the energy total of these photons. But the energy of a
photon is inversely proportional with its wavelength. So, one might double the
wavelength of all photons and then one halved the energy needed to carry the
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same information one coded originally. If this is still too much energy expense,
then one can double the wavelength again. Since there is no upper bound to
the wavelengths of photons, there is no lower bound for the energy needed for
storing 10 bits of data.

So, it seems to us that energy and information are not as strongly linked
entities as energy and mass are (via £ = mc?). In the above argument when we
said that there was no upper bound to the wavelength of possible photons, we
used that according to the standard cosmological model the Universe is infinite
in space. We note that Einstein when inventing photons did not say that there
is a smallest nonzero value for energy. He said this only for light of a fixed color,
i.e. fixed wavelength.

We would like to emphasize that we did not use that space is continuous. We
seem to have used that time is continuous, but we can avoid that assumption by
refining the implementation of relativistic computer. Constructions for this are
in [30]. Thus, no contradictions with the principles of quantum mechanics seems
to be involved in the idea of relativistic computer.

In the above, we argued that in principle, one can even build a relativistic
computer sometime in the future. However, a fascinating aspect of relativis-
tic computers for us is that they bring up mind-boggling questions about the
nature of infinity. These questions would be worth thinking over even if our
present-day science would predict a finite universe. We seem to understand and
be familiar with the use of potential infinity in science. However, the above
thought-experiment seems to use the notion of actual infinity. Is infinity a men-
tal construction only or does it exist in a more tangible way, too? Can we learn
something about actual infinity by making physical experiments? This leads to
questions inherent in foundational issues in mathematics and physics. For more
about this and about connection with Hilbert’s Programme for mathematics we
refer to [4].

7 Relativistic Computers and Causality Hypotheses in
Physics

Let us consider the hierarchy of causality hypotheses CO,...,C6 summarized
in the monograph Earman [11, §6.3, pp.164-166]. None of these follow from GR
(cf. e.g. [42, p.303]), they function as extra possible hypotheses for narrowing the
scope of the theory. The strongest of these is the strong cosmic censor hypothesis
C6 saying that spacetime is globally hyperbolic. A spacetime is called globally
hyperbolic if it contains a spacelike hypersurface that intersects every causal curve
without endpoint exactly once. This implies that the “temporal” structure of
spacetime is basically the same as that of the Newtonian world in that it admits
a “global time” associating a real number t(p) to every point p of spacetime.
In other words, C6 implies that spacetime admits a “global foliation”, i.e. it is
a disjoint union of global time-slices or “global now”-s. This is a quite extreme
assumption and its role is more of a logical status, i.e. one investigates questions
of what follows if C6 is assumed rather than assuming that it holds for the
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actual universe. Recall that Wald [42, p.305 lines 7-8] wrote about the cosmic
censor hypothesis that “there is virtually no evidence for or against the validity
of this”, as we quoted around the end of section 1. Cf. also [11, pp.97,99] for
further doubts on C6.

In section 1 we said that the assumption of absolute time has its marks on
the Turing Machine as a model for computer, and now we see that C'6 provides
a kind of global time. Indeed, the construction of a GR-computer in this paper
relies heavily on failure of C'6, because Hogarth proved that no MH-spacetime is
globally hyperbolic [11, Lemma 4.1, p.107]. This motivates the following ques-
tion.

Question 1. Does (a carefully formulated variant of) PhCT follow from GR+C6?

On this question: PhCT has not been formalized precisely yet, this is part
of why this question is asking for a formulation of PhCT which would follow
from GR+C6. In this question we are asking if there are some natural and
convincing extra conditions on physically realistic computability which would
yield PhCT from GR4C6. The need for such extra realisticity assumptions is
demonstrated by e.g. Tipler [41, pp.446-447]. Actually, we started collecting
such conditions for physical realisticity in the middle of sec. 1 (in the paragraph
beginning with “We are careful to avoid ...”). One might conjecture that, under
suitable assumptions on physical realisticity and with a suitable formulation of
PhCT, a kind of positive answer to Question 1 might be plausible?.

Question 1 is about the connection between PhCT and the cosmic censor
hypothesis C6. Next we concern ourselves with the connection between PhCT
and the Malament-Hogarth property of a spacetime. We note that C'6 implies
that the spacetime is not Malament-Hogarth (NoMH for short), [11, Lemma
4.1, p.107] but NoMH does not imply C6 [11, p.110, first 2 sentences of sec.4.5].
Hence NoMH is a strictly weaker causality hypothesis than C'6. We note that
[14] explores the connection between C'6 and MH. Again, we have no reason for
believing in NoMH.

Question 2. Under what natural (extra) conditions is NoMH equivalent with
what version of PhCT?

On this question: In theory, the MH property implies failure of PhCT (i.e.
PhCT = NoMH), because in any MH-spacetime one can, at least in theory,
construct a GR-computer like in this paper, cf. [11, §4], [19]. However, there is
a reason why in the works [15], [30], [29] we chose to implement our relativis-
tic computer via a huge rotating black hole. Namely, huge-ness of the rotating
BH was used to ensure that the tidal forces at the event horizons do not kill

4 Very tentatively: Recently, emerging new kinds of computing devices like the Internet
seem to pose a challenge against the conjecture in Question 1, cf. [44]. However, even
the Internet (or even the Human Mind) will probably not prove ZFC consistent
(assuming C6). So, perhaps we should separate PhCT into two theses, one about
“hard” problems like proving the consistency of ZFC, and the other about problems
in general which are not Turing computable.
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the programmer. It is possible to construct a toy-example of a MH spacetime
in which our kind of relativistic computer is not realistic physically. By physi-
cal realisticity we mean requirements that we do not use infinitely small com-
puters (objects), infinitely precise measurements, or the like in designing our
non-Turing computer, cf. [30] for more detail. We note that if we do not insist
on physical realisticity, then already in Newtonian Mechanics PhCT would fail
as demonstrated e.g. in Tipler [41, pp.446-447]. This motivates the question of
what natural assumptions would ensure PhCT = NoMH or equivalently MH =
NotPhCT in a physically realistic way. This is one direction of Question 2 above.

The other direction of Question 2 seems to be the harder one: Under what
natural conditions (if any) does NotPhCT imply MH. I.e. under what conditions
is

(%) NotPhCT = MH

true? One way of rephrasing (%) is to conjecture that if there is a physically
realistic non-Turing computer then there must be one which is built up in the
style of the present paper utilizing MH property of spacetime. (By non-Turing
computer we mean a physical computer that can compute beyond the Turing
barrier.) This seems to be a daring conjecture. But let us remember that the
question was: under what conditions is statement (x) true. In particular, if the
physical non-Turing computer “designed” in the book Pour-El and Richards
[34] turns out to be physically realizable, then our conjecture (that under some
reasonable conditions (x) might become true) might get refuted.

We note that the tentative conjecture implicit in Question 2 was arrived at
jointly with Gabor Etesi.

8 Logic based conceptual analysis of GR and “reverse
mathematics” for GR

So far we have been applying general relativity (GR) to logic and to the foun-
dation of mathematics (FOM). In the other direction, logic and FOM are being
applied to a conceptual analysis and logical/mathematical foundation of relativ-
ity (including GR). In more detail: FOM has an important branch called reverse
mathematics. In the latter we ask the question(s) of which axioms of set the-
ory are responsible (needed) for which important theorems of mathematics. In
a series of papers, e-books, and book chapters, a team containing the present
authors has been working on a programme which could be called “exporting the
success story of FOM to a foundation of relativity” (set theorist Harvey Fried-
man coined this slogan), cf. e.g. [1]-[3], [23]-[25]. Roughly speaking, this group
builds up relativity in first-order logic (like FOM is built up as a theory in the
sense of mathematical logic), then analyzes the so obtained logical theory from
various perspectives and (like in reverse mathematics) attempts to answer the
so-called why-type questions asking why a certain prediction of general relativ-
ity is being predicted, i.e. which axioms of the theory are responsible for that
particular prediction.



Relativistic computers 227

Section 7 above can be regarded as a small sample from the above quoted
logical/conceptual analysis of GR and its extensions. A particular example of
this feedback from logic and FOM to GR is the paper [5].

By the above sketched feedback from logic and FOM to GR, the “circle”
GR +— Logic — FOM — GR promised in the introduction is completed.

9 History of relativistic computation

The idea of general relativistic computing as described in section 2 was found at
different parts of the globe, independently. It was discovered by Németi in 1987
(28], Pitowsky in 1990 [33], Malament in 1989 [26], and Hogarth in 1992 [18]
independently. Németi’s idea used large slowly rotating black holes (slow Kerr
spacetimes) but the careful study of feasibility and transversability of these was
done later in Etesi-Németi [15]. All this led to a fruitful cooperation between
the parties mentioned above, e.g. between Cambridge (Hogarth et al), Budapest
(Németi et al), Pittsburgh (Earman et al). The first thorough and systematic
study of relativistic computation was probably Hogarth [19]. Related work on
relativistic computing include [43], [36], [11, §4], [12], [13], [17], [29].
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According to the Church-Turing Thesis, effective formal behaviours can be simulated by
Turing machines; this has naturally led to speculation that physical systems can also be
simulated computationally. But is this wider claim true, or do behaviours exist which are
strictly hypercomputational? Several idealised computational models are known which
suggest the feasibility of physical hypercomputation — some based on cosmology; some
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instead from first principles, and show that quantum theory can be reformulated in a
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1. Introduction

According to the Church-Turing Thesis (CTT), all effective computational behaviours
can be simulated by Turing machines [1]. Although CTT was proposed in the context of
formal mathematical systems, it is widely accepted that it can be applied more generally;
in particular, given that physical devices are routinely used for computational purposes,
it is now widely assumed that all (finitely-resourced, finitely-specified) physical machine
behaviours can be simulated by Turing machines. However, this extended claim (known
in the literature as Thesis M [2, 3]) is not a logical consequence of CTT, since it is not
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clear that every physical machine can meaningfully be said to ‘compute something’ in the
same sense as Turing machines. Proponents of digital physics [4, 5, 6] stretch CTT still
further, interpreting it to mean that all physical behaviours (whether machine-generated
or not) are Turing-simulable.

The main aim of this paper is to investigate Thesis M and its extensions in more
detail. Is it actually true that all physical behaviours are necessarily computable, or
are there behaviours which go beyond the Turing limit? We will show that quantum
theory can be reformulated in a way that partially resolves this question, by explaining
why physical behaviours can indeed always be regarded as ‘computing something’ in
the strict state-machine sense. While our approach does not rule out the possibility of
hypercomputation completely, it limits the form such hypercomputation must take.

As we recall in section 2, this question has been debated indirectly over many decades
[7]; but it has become prominent recently with the rise of quantum computation and dig-
ital physics. As is well known, Shor’s algorithm [8] can factorise integers faster than any
Turing program, and this already suggests that quantum theory has super-Turing poten-
tial. However, we need to distinguish carefully what we mean by ‘hypercomputation’ in
this context. Where a computational model — for example, Deutsch’s Universal Quan-
tum Computer (UQC) [9] — computes the same class of functions as the Turing machine,
albeit potentially faster, we call it a super-Turing model. If it is capable of computing
functions which no Turing machine can compute, we call it hypercomputational. In par-
ticular, then, while the UQC is an apparently super-Turing model, it is well known that
it is not hypercomputational, whence its implementation would not resolve the question
whether hypercomputation is physically feasible.

1.1. Layout of the paper

We begin in section 2 by considering briefly what is already known concerning the re-
lationship between physics and (hyper)computation. After summarising the information-
theoretic approach familiar from It from Bit, we review three known hypercomputational
systems: non-collision singularities in the Newtonian n-body problem; the Swansea Scat-
ter Machine Experiment (also Newtonian); and Hogarth’s cosmologically inspired family
of SAD computers. We then focus on quantum theory, where it is unclear whether any
hypercomputational model has yet been established. The question then arises whether
a new approach might be able to resolve the issue. We will show that this is indeed
the case, though only to a limited extent, by deriving a first-principles reformulation of
Feynman’s path-integral model; we review the standard formulation briefly in section 3,
and present our new formulation in section 4.

In our version of Feynman’s model, there is no such thing as a continuous trajectory.
Instead, whenever a particle moves from one spacetime event to another, it does so by
performing a finite sequence of ‘hops’, where each hop takes the particle directly from
one location to another, with no intervening motion. Although this seems somewhat
iconoclastic, we argue that ‘finitary’ motion of this kind is the only form of motion
actually supported by observational evidence.

In section 5 we consider the computational significance of the model, insofar as it
addresses the question whether hypercomputation is physically feasible. From a mathe-
matical point of view it makes little difference whether we allow ‘hops’ to move a particle
backwards as well as forwards in time, and we consider both models. In each case, the
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motion of a particle from one location to another generates a finite state machine (tech-
nically, an extended form of FSM called an X-machine [10]), where the machine’s states
are spacetime locations, and its transition labels reflect the (classical) action associated
with each hop. In unidirectional time, the regular language generated by such a machine
comprises just a single word, but if we allow time to be bidirectional, the availability of
loops ensures that infinite regular languages can be generated. In both cases, when the
motion is interpreted as an X-machine, the function computed by the motion can be
interpreted as an amplitude, and if we sum the amplitudes of all machines with a given
initial and final state, we obtain the standard quantum mechanical amplitude for the
particle to move from the initial to the final location.
Section 6 concludes our argument, and includes suggestions for further research.

2. Motivation

In this section we review various arguments both for and against the physical feasibil-
ity of hypercomputation, and its converse, digital physics; for a more complete discussion
of hypercomputational models, readers are invited to consult our earlier surveys of the
field [7, 11]. The question, whether hypercomputational behaviours are physically feasi-
ble, obviously depends on ones conception of physics itself. Hypercomputational systems
have been identified with respect to both relativistic and Newtonian physics. Where
quantum theory is concerned, however, the situation is less clear cut.

2.1. Digital physics

Proponents of digital physics argue that the Universe as a whole is essentially com-
putational, in the sense that its entire history can be viewed as the output of a digital
computation [12]. The underlying idea appears to have been proposed first by Zuse,
who suggested as early as 1967 that the Universe might be computed by a deterministic
cellular automaton inhabited by ‘digital particles’ [13, 14].

Wheeler’s subsequent It from Bit conception [15] reflected his conviction that in-
formation is just as physical as mass and energy, and indeed the relationship between
information and gravitation has remained central to theories of quantum gravity ever
since Bekenstein realised that black holes must possess intrinsic entropy [16, 17]. Hawk-
ing’s observation that black holes can evaporate [18] naturally raises the question, what
happens to quantum correlations that previously existed between particles on either side
of the event horizon? Quantum theory appears to be inconsistent with causality in such
a situation [19].1

The It from Bit doctrine focusses on the relationship between observation and infor-
mation. Just as observations provide information, so information can affect observations,
as was graphically illustrated (at first theoretically and eventually experimentally) by
Wheeler’s famous ‘delayed-choice experiment’, a modified version of the dual-slit exper-
iment. As is well known, if one slit in a barrier is covered over, photons passing through

I There is as yet no empirical evidence that Hawking radiation, the mechanism by which evaporation
takes place, exists in Nature. However, the final stages of a primordial micro black hole’s evaporation
should theoretically result in a burst of gamma-rays; one of the goals of the GLAST satellite, launched
by NASA on 11th June 2008, is to search for such flashes.
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the apparatus behave like particles, but when both slits are opened the ‘particles’ demon-
strate interference effects. Wheeler asked what would happen if the decision to cover or
uncover a slit were made after the photon had passed through the barrier, but before
the outcome were detected. In practice, the photon’s behaviour reflects the decision the
experimenter will eventually make, even though this decision occurs after the encounter
with the barrier has taken place. This suggests that the outcome of an experiment in-
volves an interaction between the apparatus and the observer; the results you get are in
some sense changed by the questions you decide to ask; or as Wheeler put it, “Every ‘it’
— every particle, every field of force, even the spacetime continuum itself — derives its
function, its meaning, its very existence entirely — even if in some contexts indirectly —
from the apparatus-elicited answers to yes-or-no questions, binary choices, bits” [20].

Schmidhuber has investigated a model of physics in which all possible realities are
the outcomes of computations [12, 21]. By considering algorithmic complexity, we can
examine the probability that a randomly selected universe would conform to any given
set of behaviours; specific physical situations can be examined and predictions made,
some of which might, in principle, be subject to experimental verification. It is impor-
tant to note, however, that the type of physics this model generates is not generally
consistent with conventional wisdom. For example, because digital physics assumes that
universes are inherent deterministic, Schmidhuber’s model rejects the notion that beta
decay is truly random. Similarly, his model suggests that experiments carried out on
widely-separated, but initially entangled, particles, should display non-local algorithmic
regularities, a prediction which, he notes, ‘runs against current mainstream trends in
physics’.

A related concept is Tegmark’s Mathematical Universe Hypothesis [6]. Tegmark notes
that, if a complete Theory of Everything (TOE) exists, then the Universe must neces-
sarily be a mathematical structure. In essence, this is because a complete TOE should
make sense to any observer, human or otherwise, whence it ought to be a formal theory
devoid of ‘human baggage’; consequently the TOE (and hence the Universe it specifies)
is a purely mathematical structure. While this argument can obviously be challenged
— it is entirely possible that pure mathematics is itself a form of human baggage and
that the concept ‘mathematical structure’ has no meaning to creatures whose brains
have evolved differently to our own — Tegmark shows that it entails a surprisingly wide
range of consequences, but interestingly, these do not include computability. Rather,
Tegmark introduces an additional Computable Universe Hypothesis, according to which
the relations describing the Universal structure can be implemented as halting computa-
tions. This is similar to Schmidhuber’s model, except that it is the relationships between
objects that are deemed computable, rather than their evolution through time.

2.2. Examples of physical hypercomputation

A key feature of the digital physics models described above (as well as others, e.g.
Zizzi’s loop quantum gravity model [22]) is that the models take the assumption of an
information- or computation-based universe as their starting point, and then ask what
consequences follow. This is inevitable, since the authors are ultimately interested in
identifying experiments which might provide evidence in support of (or which falsify)
their models. Clearly, however, if experiments are to distinguish between digital physics
and ‘conventional wisdom’, it must first be necessary that digital physics and the standard
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model are not equivalent. It follows, therefore, that digital physics cannot tell us about
the feasibility or otherwise of hypercomputation in ‘standard’ quantum theory.

Unfortunately, this is precisely the question we wish to answer. Rather than invent
a mew model of physics that is computational by fiat, we wish to determine whether
the standard model is computational. Our approach, which we outline in some detail in
sections 3 and 4, is to reformulate the existing model in such a way that its computational
nature becomes intuitively obvious. Before doing so, however, we should explain why
this task is worth undertaking — as Zuse put it, “Is Nature digital, analog or hybrid?
And is there essentially any justification for asking such a question?” [14]

2.2.1. Newtonian models

It is not often appreciated that standard Newtonian physics is already complex enough
to support both super-Turing and hypercomputational behaviours, but as Xia has shown,
the Newtonian n-body problem exhibits ‘non-collision singularities’, solutions in which
massive objects can be propelled to infinity in finite time [23]. This is particularly
problematic for those models of digital physics which claim the Universe is generated
by essentially local interactions, like those connecting processes in a cellular automaton,
because the laws of physics are typically considered to be time-reversible. Consequently,
if a particle can be propelled to infinity in finite time, it should also be possible for a
particle to arrive from infinity in finite time. Clearly, however, there is no earliest time
at which such an emerging particle first arrives in the Universe (the set of times at which
the emerging particle exists does not contain its greatest lower bound). Consequently, if
all objects in the Universe have finite extent and finite history, the particle’s ‘emergence
at infinity’ must involve some non-local form of interaction between infinitely many of
these objects. On the other hand, Xia’s model depends implicitly on an idealised version
of Newtonian physics, in which gravitationally bound objects can approach arbitrarily
closely (some such idealisation is unavoidable, as the system needs to supply unbounded
kinetic energy to the escaping object as it accelerates away to infinity). While this means
that Xia’s result doesn’t actually undermine the case for digital physics, it reminds us
that the situation is considerably more complicated than might at first appear.

A recent series of investigations, reported in Beggs et al. [24], concerns a collision-
based computational system called the Scatter Machine Ezperiment (SME), in which a
projectile is fired from a cannon at an inelastic wedge in such a way that it bounces into a
detector either to one side (up) of the apparatus or the other (down); if the projectile hits
the vertex, various scenarios can be posited. The wedge is fixed in position with its vertex
at some height x whose binary expansion we wish to compute. The cannon can also be
moved up and down, but whereas x can take any real value, we only allow the cannon
to be placed at heights « which can be expressed in the form v = m/2" for suitable m
and n. By repeatedly firing and then re-aligning the cannon, they attempt to compute
the binary expansion of x, one digit at a time. The class of sets which are decidable
in polynomial time, when a certain protocol is used to run the SME, is exactly P/poly
(the complexity class of languages recognized by a polynomial-time Turing machine with
a polynomial-bounded advice function). Since P/poly is known to contain recursively
undecidable languages [25], it follows that the scatter machine experiment — despite its
evident simplicity — is behaving in a hypercomputational way.

234



2.2.2. Relativistic models

The SAD,, hierarchy is a family of computational models which exploit the properties
of certain singularities in Malament-Hogarth spacetimes [26]. These are singularities with
computationally useful properties; in particular, if a test particle falls into the singularity,
it experiences infinite proper time during its journey; but an outside observer sees the
entire descent occurring in finite time. By exploiting such a singularity, we can easily
solve the Halting Problem. For suppose we want to know whether some program P halts.
We set it running on a computer, and then send that computer into the singularity. From
our vantage point, the entire process lasts just a finite length of time, say T seconds.
From the computer’s point of view the descent takes forever, so if P is going to halt, it
will have enough time to do so. We therefore program the computer’s operating system
so that, if P halts, a rocket is launched back out of the singularity (this is possible for
this kind of singularity) so as to arrive at some previously determined place and time
(sufficiently later than T' seconds from now). We then travel to the rendezvous point. If
a rocket arrives at the scheduled time, we know that P must have halted. If no rocket
arrives, we know that the operating system never had cause to launch it, and we conclude
that P ran forever.

Hogarth refers to this hypercomputational system as an SAD; computer; it uses a
standard Turing machine to run the underlying program P, but gains hypercomput-
ational power from the geometrical properties of the spacetime in which that Turing
machine finds itself. If we now repeat the construction, but this time using an SAD;
computer in an attempt to decide some question, the resulting (SAD; + singularity)
system is called an SADy; machine, and so on. Finally, by dovetailing a sequence of
machines, one from from each level of the hierarchy, and sending the whole lot into
a singularity, we obtain an AD machine. The SAD, machines decide precisely those
first order statements which occupy the n*® of the Arithmetic Hierarchy, while the AD
machine can decide the whole of arithmetic [27].

2.2.3. Quantum theoretical models

Quantum mechanics is, perhaps, mankind’s most impressive scientific achievement
to date; it enables us to predict various physical outcomes with remarkable accuracy
across a wide range of both everyday and exotic situations. In addition, as It from
Bit demonstrates, there are clear parallels between quantum theory and information
theory; since computation is largely seen as the study of information processing, it is not
surprising that the field has proven fertile ground for researchers in both digital physics
and hypercomputation theory.

One possible hypercomputational model in quantum theory is Kieu’s adiabatic quan-
tum algorithm for deciding Hilbert’s Tenth problem, concerning the solution of Diophan-
tine equations. Since this problem is known to be recursively undecidable [28], Kieu’s
algorithm — essentially a method for searching infinite sets in finite time — must be hyper-
computational. Although Kieu’s claims are controversial and his algorithm have been
disputed by various authors, he has sought to address these criticisms in a forthcoming
paper [29]. For the time being, therefore, the jury is out.
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3. The Standard Path-Integral Formulation

As we explained in section 2.2, we aim to reformulate the standard version of quantum
theory from first principles in such a way that its computational aspects become essen-
tially self-evident. We begin by recapitulating Feynman’s (non-relativistic) path-integral
formulation presented in [30, §83—4]. Given initial and final locations qr = (zy,t;) and
gr = (xp,tr) (where tp > tr), the goal of the standard formulation is to determine
the amplitude ¢(gr,qr) that a particle P follows a trajectory g — gp lying entirely
within some prescribed non-empty open space-time region R. As Feynman shows, this
amplitude can then be used to generate a Schrodinger wave-equation description of the
system, whence this formulation is equivalent to other standard (non-relativistic) models
of quantum theory. In Section 4, we will develop a generalised finitary formulation of the
same amplitude, and show that it is equivalent to the standard path-integral formulation
presented below.

For the sake of illustration, we shall assume that space is 1-dimensional, so that spatial
locations can be specified by a single coordinate  — the extension to higher dimensions
is straightforward. Furthermore, we shall assume in this paper that the region R is a
simple rectangle of the form R = X x T, where X and T = (tmin, tmax) are non-empty
open intervals in R; this does not limit our results, because open rectangles form a base
for the standard topology on R2, and all of our formulae are derived via integration.?

Suppose, then, that a particle P is located initially at g; = («,ts), and subsequently
at qp = (zp,tr), and that its trajectory from gr to g is some continuous path lying
entirely within the region R = X x T. Choose some positive integer v, and split the
duration 0t = tp — t; into v + 1 equal segments: for n = 0,...,v 4+ 1, we define ¢, =
t;+ 70t/ (v+1), so that tg = t; and t,41 = tp. We write xg, ..., z,11 for the corresponding
spatial locations, and define ¢, = (z,,, t,). While each of the values x,, can vary from path
to path, the values t,, are fixed. To distinguish this situation from the situation below
(where t,, is allowed to vary), we shall typically write ¢ = (z,¢7) for those locations
gn whose associated t,-value is fixed (the points ¢; and gp are assumed to be fixed

throughout). We will also sometimes write [¢7] or [¢l,...,q}] for the arbitrary path
qr = qg — qI — =gl — qZ_H = qr. Apart from the fixed values xg = z; and

Ty,4+1 = x, each of the x,, is constrained only by the requirement that z,, € X, whence
the path [¢'] has v degrees of freedom.

In classical physics, the action associated with a path p is given by S = pr dt,
where the function L = L(x(t),4(t)), the Lagrangian, is a function of position z and
velocity @, only. However, to form this integral we need to specify the motion of the

particle in each subinterval (£}, ¢! . |), so we assume that P follows some path g}, — g, |

that is classically permissible. Each segment ¢ — qjl 41 of the path has associated

classical action S (q;rL i1 q!), and probability amplitude <qjI 11 q};> defined for all ¢ and

(subsequent) ¢’ by (¢’ |q) = exp{iS(¢’,q)/h}. The action S is determined by the clas-
sical Principle of Least Action. This says that the classical path is one which min-

imises this action, so that S(¢’,¢) = min ftt Ldt. The total action associated with the

2Integrating over a union of disjoint rectangles is the same as summing the component integrals:
given any integrable function f(xz,t) defined on a disjoint union R = |, Ra, we have fR f=>. fR f-
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path is S[qJ{, o] = Yo S LH,qJL) and the associated amplitude is the product

(ar | a}) (a}

composite amplitude

qu 1> < ; ‘ a ‘q1>. Summing over all such paths now yields the

qi_1> dy_1 ... <q§ ‘ q1> dxy <q1 ‘ q1> (1)

where A, is a normalisation factor. All that remains is to take the limit as v — oo,
subject to the assumption that the resulting path x = x(t) is continuous. This gives us
the required amplitude ¢(zp,x;) that the particle travels from g; to g by a trajectory

that lies entirely® within R:
ql71> dry ... <Q§ ’ q1> dry <q1 ‘ qz> :

bulqr,ar) = Ai / {ar | q}) dz, <Q,T,

. 1
¢(qr,qr) = lim T / (qr | q}) dz, <qu,

4. A Finitary Formulation

In section 3 we showed how the amplitude ¢(gr, qr), that the particle P travels from
qr to gqr along some path lying entirely within the non-empty open spacetime region
R =X xT,is given by ¢ = lim,_,, ¢,,. If we now write

A, = ¢n - ¢n71 ) (2)
it follows from the identity ¢, = (¢, — dp—1) + -+ + (1 — ¢o) + ¢ that

o= i (04378, < 3o,
n=1 n=1

This replacing of a limit with a sum is a key feature of our model, since it allows us to
describe a system in terms of a set of mutually distinct finite sets of observations. We can
think of this sum in terms of correction factors. For, suppose you were asked to estimate
the amplitude ¢(gr, ¢r) that some object or particle P will be observed at g, given that
it had already been observed at ¢r and was constrained to move within the region R.
With no other information to hand, your best bet would be to assume that P follows
some action-minimising classical path, and so the estimate you give is the associated
amplitude (gr |qr). Some time later, you realise that one or more observations may
have been made on the particle while it was moving from ¢; to ¢, and that this would
have perturbed the amplitude. To take account of these possibilities, you add a series of
correction factors to your original estimate; first you add A; in case 1 observation had
taken place, instead of the 0 observations you had originally assumed. Then you add A,
in case there were actually 2 observations, and so on. Each A, takes into account the
extra information acquired by performing n observations instead of n — 1, and since the
overall estimate needs to take all of the corrections into account, we have ¢ = ¢gg+>_ A,,.

The simple truth, however, is that continuous motion cannot be observed, because
making an observation takes time. The best we can ever do is to make a series of distinct

3Strictly, only the internal points of the trajectory are required to lie in R. Either (or both) of the
endpoints q; and gr can lie outside R, provided they are on its boundary.
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measurements showing us where an object was at finitely many closely-spaced instants
t1,ta,...,t, during the relocation from g; to gr. The classical spirit within us then tells
us to extrapolate these discrete points into a continuous curve (namely, that path which
‘best’ joins the points). It is as if we draw the individual locations on celluloid, and then
play a mental film projector to give ourselves the comfortable impression of continuous
movement. But this mental film projector — represented in the standard formulation
by the construction of lim ¢,, — is no part of physical observation; it represents instead
an assumption about the way the world ‘ought to be’. All we can truthfully say is that
the object was at such and such a location x, when we observed it at time ¢,, and
was subsequently at location x,1 at time ¢,41. Regardless of underlying reality (about
which we can say virtually nothing), the observed universe is inherently discrete. We can
ask ourselves how the motion appears if no observations are made; the composite answer,
taking into account all potential observers, is given by some amplitude 1. If we ask how
it appears if precisely v observations are made during the relocation from q; to qr, we get
another amplitude v,,. Since these possibilities are all mutually exclusive, and account
for every possible finitely observed relocation from ¢; to qp, the overall amplitude that
the relocation happens is the sum of these amplitudes, namely some function ¥ = > 1,,.

Although they both involve infinite sums, these two descriptions are very different,
because v, tells us the amplitude for a path with a specific number of hops, while A,
describes what happens when we change the number of hops. Nonetheless, prompted by
the formal structural similarity of the equations ¢ = ¢g + > ¢, and P = g + > 1y, we
shall equate the two sets of terms, and attempt to find solutions. By requiring vy = ¢¢
and v, = A, this will ensure that the description we generate — no matter how unnatural
it might appear at first sight — satisfies ¢ = v, whence it describes exactly the same
version of physics as the standard formulation.

The surprising feature in what follows is that the description we generate is not
unnatural. Quite the opposite. To see why, we need to remember that amplitudes are
normally given in the form ¢, = exp {i(S1 + -+ + S,))/k}. In very rough terms, we can
think of the various S values as being essentially equal, so that ¢,, ~ exp {inS/h}. When
we compute A,,, we are asking how ¢, changes when n changes; in other words, we can
think of A,, in fairly loose terms as a measure of d¢x/dn. Again arguing loosely, we can
calculate d9n/dn = iSén/h, and now it becomes clear why equating the two sets of terms
works, for in essence, A,, is approximately proportional to ¢,. Since v, is structurally
similar to ¢,, in the sense that both measure the amplitude associate with a sequence
of jumps, it is not surprising to find a similar relationship holding between A,, and 1),,.
Since the equations we form will eventually include integrals with normalisation factors,
these factors will effectively absorb any remaining constants of proportionality.

4.1. Paths, Actions and Amplitudes

The standard formulation assumes that each trajectory x(t) is a consistently future-
pointing spacetime path; this is implicit in the continuity of the representation x = x(¢),
which assigns one location to each t in the interval [¢;,¢r]. Since our formulation rejects
this assumption, we need to provide a different definition for paths.

We shall assume the abstract existence of a clock, represented by the integer variable
7, used to indicat